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Abstract 
The advent of the internet and social media has spurred an explosion in the 

number and variety of claims to authoritative knowledge in scientific and political 

spheres, following a period of unprecedented consolidation of this authority in the 

institutions of academic science and mainstream political journalism respectively during 

the twentieth century. This trend has been characterized by stark partisanship, primarily 

in the sense that conservative movements have sought to increase their influence, guided 

by the perception that these institutions are dominated by liberal interests. The result has 

been an information eco-system that is a chaotic, balkanized, and anathema to broadly 

shared understandings of what constitutes legitimate knowledge. These processes have 

been well-researched and theorized but major gaps have yet to be addressed including a) 

how well political partisans are navigating a more diverse and conflicted eco-system, b) 

what the nefarious social-psychological effects are of this kind of conflict in knowledge 

authorities, and c) what predicts vulnerability to these effects. In the following studies, I 

leverage a range of methods including analysis of representative surveys, experiments, 

and analysis of observational social media data to explore these questions.  

Chapter 2 examines these processes in the context of conservative understandings 

of science, building on studies that have documented steep declines in trust in scientists 

among conservatives, and attempts to reconcile this finding with stable attitudes toward 

scientific research itself. Findings from analysis of the General Social Survey suggest that 

stable conservatives, or those that do not switch to and from a conservative identity at 
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some point, are most skeptical of scientists and most positive toward scientific research 

as a benefit to society. This suggests conservative identity is orienting for conservatives, 

allowing them to maintain participation in the scientific field while criticizing an 

institution they perceive as biased. Chapter 3 examines another area where partisan 

asymmetries have been observed in the context of knowledge and trust: political 

disinformation. Previous studies have established that exposure to and sharing of political 

disinformation (often called “fakes news”) on social media occurs almost exclusively 

among political conservatives as opposed to liberals. But no study to date has examined 

how a more diverse and conflicted news environment might be contributing to partisan 

asymmetries in susceptibility to disinformation. I conduct an experiment to test the effect 

of exposure to conflicting information on susceptibility to political disinformation. 

Results suggest that being exposed to conflicting information makes self-identifying 

“strong liberals” more susceptible to disinformation, but this effect is not observed 

among any other group. Finally, in Chapter 3, I examine this relationship in the “real 

world” using the American National Election Study and observational data from Twitter. 

Findings from these analyses suggest that a) ideologically heterogenous media diets are 

associated with belief in partisan conspiracy theories among strong partisans and heavy 

news consumers and b) that those engaging with disinformation on social media consume 

more political media generally and have more ideologically heterogenous diets. Taken 

together, these studies highlight the potentially negative large-scale effects that a diverse 

and polarized knowledge environment can have on individuals’ understandings of 
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scientific and political issues and complicate the emerging common wisdom that 

exposure to different perspectives alone can help alleviate political polarization and 

susceptibility to disinformation.  
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1. Introduction 
 This dissertation is about political polarization in the United States, although the 

phrase itself appears only sparsely in the following pages. That is because this 

dissertation explores political knowledge – a dimension of polarization characterized 

less by symmetrically polarizing changes in behavior and views, than by one side’s 

recent and dramatic change in the structures and habits of knowledge production and 

consumption. While liberals have remained largely faithful to the established 

institutions of academic science and journalism, conservative elites have been building 

up their own ideologically oriented (and orienting as I demonstrate in Chapter 2) 

institutions to counter what they have seen as a liberal takeover of the U.S.’s most 

trusted and cherished institutions of knowledge. Thus, this vector of increasing 

separation between political liberals and conservatives in the United States is not a story 

of polarization per se but one of top down cultural differentiation – a political 

reformation of knowledge itself.  

 The goal of this dissertation is to present three pieces of empirical research that 

explore the implications of these shifts for how political partisans navigate an 

increasingly chaotic and contentious media environment. More specifically, these papers 

focus mostly on political conservatives, as they are the audience that has been most 

affected by these changes and whose subsequent shifts in understandings with regard to 

science and politics have been the focus of important research while remaining poorly 
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understood. However, important and valuable insights into how political liberals are, or 

could be, affected by similar processes are discovered in the following pages and help 

shed light on the unique experience of conservatives. Together, these papers contribute 

toward a fuller understanding of the processes and pitfalls of navigating the 

increasingly complex eco-system of political knowledge in the United States.  

 Chapter 2, “Conservative Identity Protects Belief in Science and Undermines 

Trust in Scientists”, focuses on the case of scientific knowledge specifically and how 

political identity interacts with perceptions of science. In this paper, my co-author, 

Cyrus Schleifer, and I combine theory on conservative identity and performativity with 

recent research on conservative declines in trust in scientists to propose a new theory 

about the role of conservative identity in reconciling negative attitudes toward scientists 

and positive attitudes toward scientific research more generally. To test this, we use the 

General Social Survey Panels data to demonstrate that stable conservative identity is 

associated with both more negative attitudes toward scientists and more positive 

attitudes toward scientific research. We also present some evidence that these 

relationships are stronger for conservatives with better access to conservative 

knowledge authorities.  

 Chapter 3, “Exposure to Conflicting Accounts in News Media Makes Liberals 

More Susceptible to Partisan Conspiracy Narratives”, examines ideologically polarized 

knowledge environments in the context of political news and, more specifically, with 
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regard to its possible association with susceptibility to political disinformation. I conduct 

an experiment meant to directly test the association between exposure to conflicting 

accounts in news and susceptibility to partisan conspiracy narratives. Results indicate 

that this association is present only among strong liberal partisans. This raises questions 

about how these associations are playing out on in the real world social media and other 

contexts and about what is responsible for non-effects among conservatives for whom 

baseline susceptibility to partisan conspiracy narratives is greater than for liberals. 

 Chapter 4, “Susceptibility to Disinformation is Associated with Ideologically 

Heterogenous Media Diets”, builds on Chapter 3 by directly examining the associations 

demonstrated in the experimental setting in two “real world” contexts. First, I use the 

American National Election Study, and more specifically its media consumption 

measures, to examine associations between ideologically heterogenous media diets and 

belief in partisan conspiracy narratives for conservatives and liberals – specifically that 

Barack Obama is a secret Muslim and that the U.S. government knew about 9/11 before 

it happened. Second, I collected a large dataset of tweets from conservative audiences on 

Twitter to examine relationships between general media consumption patterns and 

engagement with political disinformation on social media. Results generally support 

findings from chapter 2. People with ideologically diverse media diets, and who also are 

strong partisans or heavy news conumers, are more likely to believe these theories. 

Finally, results from the Twitter analysis show that people who engage with political 
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disinformation also consume more news in general and more kinds of news, including 

news from a variety of ideological perspectives.  

 Together, these studies demonstrate the ways in which political partisans, 

especially conservatives, are navigating a media environment more fractured and 

contentious than at any other point in recent memory. More pointedly, they complicate 

the common wisdom that a diverse media diet is a necessarily balanced and healthy one. 

Rather, exposure to diverse media sources can have the effect of being disorienting and 

even overwhelming. This kind of perspective pushes back against well-established 

narratives about the dangers of epistemic monopoly – narratives, of course, that still 

have much to offer in a variety of contexts – and instead, warns that in seeking 

ideological balance in news, one might find only dissonance and confusion.  
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2. Conservative Identity Protects Belief in Science and 
Undermines Trust in Scientists 
2.1 Introduction 

The sociology of science has long recognized that extra-scientific social dynamics 

and agendas have profound influences on scientific production (Crane 1972; Latour and 

Woolgar 1979) and that the boundaries of what is considered legitimate science are 

continually redrawn, contested, and subsequently defended by invested parties (Gieryn 

1983, 1999). These are critical sociological insights as science is, perhaps, the most 

powerful epistemological currency in the world with those claiming its support enjoying 

significant advantage in a range of debates spanning culture, morality, and politics 

(Brown 2009; Epstein 1998). This is particularly clear in the United States, where the 

general population has been divided along political, religious, and cultural lines by 

disagreement on scientific issues of collective concern such as climate change (Farrell 

2016b, 2016a; Fisher, Waggle, and Leifeld 2013; McCright and Dunlap 2010), safety of 

vaccines (Blume 2006; Nyhan et al. 2014; Omer et al. 2009; Salmon et al. 2005), and 

scientific education (Binder 2002; Roos 2017), to name some examples.  But no cultural 

divide on scientific issues touches on as many subjects or has been as institutionalized as 

the one between liberal and conservative partisans (Farrell 2016a, 2016c; Fuller 2014; 

Gauchat 2012; Gross, Medvetz, and Russell 2011; Medvetz 2012).  Improving 

understanding of this scientific-political divide, and its implications for individual 

understandings of science, remains an important line of inquiry for both social scientists 

and the general public. 
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Recent research in this area has established some crucial baseline understandings 

of the scientific divide between liberals and conservatives. Perhaps the most important 

has been that political polarization on scientific issues is characterized by a sharp decline 

in trust in the scientific community among political conservatives (Gauchat 2012) as well 

as an enduring suspicion among conservatives of the relationship between science and 

government (Evans and Feng 2013; Gauchat 2015; Moore 2008). The flipside of these 

findings is that these negative attitudes do no extend to science itself as a method or 

epistemology. Indeed, it is not well understood why other scientific attitudes have 

remained highly and nearly universally positive among both liberals and conservatives. 

For instance, about 91 percent of liberal, conservative, and moderate Americans agree 

that science and technology provide more opportunities for the next generation.1 

Moreover, this pattern has remained extraordinarily stable over the past 10 years (around 

90 percent of all groups in 2006 to about 91 percent in 2016). A similar trend emerges 

when looking at Americans who believe the harms of science outweigh the benefits. Only 

around 8 percent of Americans agree with this notion and this attitude has remained 

relatively stable. These trends suggest that distrust of scientists is not related to the 

scientific identity in a straightforward manner and that “scientist” as a desirable career is 

even being passed on to conservatives’ children (Jodl et al. 2001). Understanding this 

                                                   

1 These descriptive patterns come for the cross-sectional General Social Survey 
from 2006-2016. We fully describe these data below.   
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mis-match between attitudes towards scientists and attitudes toward science itself, as well 

as the role of conservative identity in the subjective organization of these attitudes, is the 

main goal of this study. Furthermore, improving understanding of this scientific-political 

divide will shed light on the role of science in broader cultural debates within the ever-

shifting cultural landscape in the United States. 

It is clear that although political conservatives in the United States show high 

levels of distrust in the scientific community (Gauchat 2012), they are far from 

abandoning science as a valid epistemology and a field in which crucial cultural contests 

might be won. This insight has been most fully appreciated in the context of conservative 

Protestants where a growing body of research has demonstrated that scientifically literate 

and sophisticated conservatives have been able to effectively partition their knowledge 

(Roos 2014, 2017) and attitudes (O’Brien and Noy 2015) in ways that maintain a broad 

recognition of the legitimacy of scientific endeavor while rejecting the science, and more 

importantly the scientists, that contradict their worldviews. Other studies offer evidence 

that negative attitudes toward scientists among the religious is commonly characterized 

by the perception of their impinging on areas outside their purview, like morality, rather 

than any fundamental qualms with scientific epistemology (Evans 2018), or that religion 

has become culturally taboo among scientists (Ecklund 2012; Ecklund and Scheitle 

2017).  These studies demonstrate how faith in science is, or can be, maintained among 

conservative religious practitioners in the face of growing distrust in the scientific 

community. Yet, none ask how conservative identity more broadly (an important 

distinction from religious identities when discussing attitudes related to political concerns 
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such as climate change) interacts with this balancing act or empirically examine the 

relationship between conservative identity and these scientific attitudes. 

Drawing on research on conservative social movements, political partisanship, 

and trust in scientific institutions, we address this gap by developing hypotheses on the 

effect of conservative identity on public understandings of science. We argue that a stable 

conservative identity should be associated with both distrust of scientists and belief in 

science as a benefit to society as both are indicators of familiarity with, and investment 

in, scientific cultural contests. Furthermore, we posit that these relationships are enabled 

by the historical development of conservative scientific institutions that provide 

conservatives with the cognitive and rhetorical tools to maintain engagement in the 

scientific field (Gross 2013; Gross et al. 2011; Medvetz 2012). Support for these 

arguments would provide much needed context for both scholars of conservative public 

understandings of science (hereafter PUS) and the general public as they indicate the 

continued cultural differentiation of scientific authority rather than abandonment of the 

scientific field among those critical of the scientific community. They would also 

constitute evidence that maintaining belief in science as a benefit to a society is at least 

partially predicated on having stable cultural associations that are orienting and enabling 

of scientific participation in political contexts. 

To test this view, we use two different approaches. First, we use cross-sectional 

data from the General Social Survey (GSS) to explore the relationship between political 

identity and two measures of PUS: one that characterizes science as a general benefit to 

society and another that characterizes it as a community of scientists. Expanding upon 
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this, we use the General Social Survey Panel (GSSP) data to further test whether change 

in political identity is differentially associated with change in these scientific attitudes. 

We find evidence that those with more stable conservative identities are more likely to 

reject mainstream scientists than those who switch their conservative identity at some 

point. Stable conservatives, however, are also more likely than those that switch political 

identities to believe science is a benefit to society. Moreover, we find suggestive 

evidence that among stable conservatives themselves, these relationships are stronger 

among those who get their scientific information from the Internet as opposed to other 

mediums like television. Together, these results suggest that negative attitudes toward the 

scientific community go hand in hand with a belief in science itself among conservatives.  

We build our argument in four steps. First, we outline the perspective of contested 

and political scientific production and review research on declines in trust in science 

among conservatives. Second, we contrast these studies with literature on conservative 

social movements and more specifically the modern rise of conservative scientific 

institutions. Third, we reconcile these literatures by leveraging Perrin, Roos, and 

Gauchat’s (2014) theory of conservative identity and performativity to distinguish the 

role of conservative identity in enabling participation in the scientific field. Finally, we 

conduct an empirical test by examining the effect of partisan identity change on scientific 

attitudes.  

2.2 Decline of trust in Mainstream Science 

Concerned with the general cultural fragmentation of scientific attitudes and 

knowledge in the twentieth century, Moore (2008) points toward the issue of 
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government-scientific cooperation, observing that the post-WWII union between 

mainstream scientific institutions and the military, as well as regulatory bodies, led to 

backlash from many elite scientists and the general public. Moore argues that this 

resulted in a widespread crisis for institutional scientific authority across party lines 

among those critical of science’s supportive role in specific political agendas. The 

resulting cultural differentiation of scientific understandings has been studied by social 

scientists (see for example Fuller, Stenmark, and Zackarisson 2014), but the most 

dramatic trends, and therefore the most attention, has been focused on political 

conservatives. 

In his examination of long-term declines in trust in scientists in the United States, 

Gauchat (2012) finds evidence that this decline is most dramatic among more educated 

conservatives, particularly regarding the perceived role of scientific activity in the 

implementation of government regulations. This suggests an important relationship 

between political sophistication and animosity toward scientific institutions. More 

recently, Gauchat (2015) builds on this finding to demonstrate that the social-

psychological mechanisms underlying this conservative decline are multiplex, being 

driven by both cognitive and emotional tendencies housed under the conservative 

identity. Gross (2013) extends these trends of distrust among conservatives to academia 

in general and argues that the liberalization of the academy (due mainly to self-selection 

of liberals into these careers) helped provide the impetus for the establishment of 

alternative conservative sources of scientific and academic authority. The latter trend 

contrasts sharply with the notion that conservatives are abandoning science itself as a 
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valid epistemology and indeed a literature is emerging on the contemporary rise of this 

kind of culturally oriented knowledge production.  

2.3 Conservative Scientific Institutions 

New research has been documenting and exploring the implications of the 

ascendance of conservative institutions designed to counter the cultural authority of 

mainstream science. Medvetz (2012) shows how the rise of think tanks in the United 

States in the latter half of the twentieth century allowed politically partisan organizations 

– often straddling the boundaries of science, politics and media – to communicate 

research and findings amenable to their causes directly to their audiences. On the issue of 

climate change, Farrell (2016a, 2016b) demonstrates the central role of special interests 

and conservative think tanks in creating a robust ecosystem of anti-climate change 

science that enjoys a wide lay audience of conservatives. A broad historical literature has 

also witnessed the rise of conservative institutions dedicated to providing a counterpoint 

to what they see as liberally biased science and education (Blumenthal 1986; Martin 

2013). These studies show a conservative unwillingness to cede the scientific field or to 

completely fill this vacuum by adopting another authoritative epistemology (i.e. religion) 

in its place. Rather, significant resources and time have been dedicated toward building a 

scientific movement (Frickel and Gross 2005) meant to counteract the mainstream 

science community using the same language, methods, and credentials to establish 

expertise. 

While not on the subject of scientific production itself, it is also important to note 

that the trend of politically partisan knowledge production has been more fully 
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appreciated in the context of political news media. Similar to the scientific trends 

described above, the liberal leanings of the majority of  professional journalists has 

alienated conservative audiences and has led to conservative elites’ establishment of 

alternative sources of information (Baum and Groeling 2008; Berry and Sobieraj 2013). 

More recently, some research has been concerned with the purported rise of “echo 

chambers” online, among both liberals and conservative where the increased agency of 

individuals to pick their news sources, the proliferation of more partisan news sources, 

and the tendency of advanced algorithms to channel people to evermore personally 

catered content have all conspired to reinforce existing beliefs and biases among partisans 

(Bakshy, Messing, and Adamic 2015; Bennett and Iyengar 2008; Faris et al. 2017; Stroud 

2010; Sunstein 2001, 2002). These studies document the flourishing of culturally specific 

knowledge online and the increasing ability of conservative elites to bypass traditional 

gatekeepers in media (D’Alessio and Allen 2000; Shoemaker, Vos, and Reese 2009) and 

science (Farrell 2016b, 2016a; Medvetz 2012) to deliver their message to conservatives 

audiences who can access this knowledge easily and on a regular basis. Though rarely 

concerned with scientific issues specifically, it stands to reason that not only should some 

portion of these partisan messages be scientific in nature, but that we should expect 

similar effects from the decrease in conservative trust towards the scientific community 

detailed above. 

2.4 Conservative Scientific Repertoire 

To understand the role of conservative identity in orienting scientific 

understandings among conservatives in such a culturally differentiated field, we build off 
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recent theory on the cognitive aspects of the conservative identity and specifically on 

Perrin et al.’s (2014) theory of a performative model of conservatism as a collective 

identity. This theory recognizes conservatism neither as a singular ideology that ties 

beliefs together (see Martin 2002) nor as a coalition of disparate groups (Miller and 

Schofield 2003, 2008). Rather, Perrin et al. argue that identification with conservatism, 

“endows individuals with access to additional repertoires which, in turn, may change 

their political positions…”, where they “…learn conservative modes of thought by 

common participation in conservative identity....” and which “…provides members with 

political knowledge and cultural maps for deploying and culturally locating and 

warranting conservative ideas” (Perrin et al. 2014:289). We argue that one such repertoire 

is the conservative scientific repertoire, an accessible cultural schema that is able to 

reconcile various and sometimes conflicting conservative values including traditionalism, 

authoritarianism, anti-intellectualism, and religious fundamentalism with scientific 

norms, language, and action that enables a coherent presentation of scientific arguments 

across the political spectrum.  

Structurally, conservative knowledge institutions – which embrace scientific 

methodological norms while rejecting (some) mainstream scientific institutions – play an 

important role in the creation, dissemination, and activation of the content of a 

conservative scientific repertoire. By placing Gauchat (2015) and Perrin et al. (2014) in 

conversation we can begin to understand how conservatives can have such vastly 

different and, perhaps, incoherent attitudes towards science as a source of knowledge and 

science as a social practice. We argue that by adopting an orientation that sees culturally 
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distinct scientific institutions as variably legitimate or illegitimate while valuing science 

itself as an important societal cornerstone, conservatives are able to preserve their faith in 

science in general while, at the same time, showing less trust in mainstream scientific 

communities and institutions. In the context of the aforementioned rise in conservative 

scientific institutions and an increasingly pluralistic scientific landscape, this view sees 

these alternative sources of scientific authority as providing conservatives with the 

conceptual and rhetorical tools (Swidler 1986, 2001) to participate in scientific debates 

that have bearing on political outcomes they view as important. This is how specific 

scientific communities might be distrusted and challenged while science itself, a field 

where crucial cultural and political victories might be won, maintains its status as a 

widely shared cultural value. This leads to our first set of hypotheses: 

!": There will be an increasingly negative relationship between conservative identity 

and trust in the scientific community over time.  

 

!$: There will be no change in relationship between conservative identity and 

agreement that science is a general benefit to society.   

2.5 Political Identity Switching  

In addition to predictions about general trends, this perspective also sets up 

expectations about how conservative identity will affect understandings of science at the 

individual level. Research on differences between partisan ideologues and the politically 

ambivalent has shown that ideologues are better able than their politically moderate or 

ambivalent counterparts to efficiently interpret situations according to ideologically 
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informed schemas (Goren 2003; Martin and Desmond 2010), more likely to consume 

partisan media (Prior 2013a), and are generally more sophisticated and knowledgeable 

about political issues (Cohen 2003; Kahan 2012; Sherman and Cohen 2006). Keele and 

Wolak (2006) examine the distinction between these two groups in the context of 

political switching specifically and find that switching arises in cases of low information 

(the political sophistication argument) but also when individual values do not align with 

partisan elites. These findings distinguish the ideologically stable from unstable by 

political knowledge and familiarity with elite characterizations of partisan divides, both 

of which align with a performative theory of conservative identity and familiarity with 

conservative institutions and arguments.   

This well-established relationship between strong or stable political identities and 

familiarity with partisan arguments has two important implications for conservatives and 

PUS. First, this literature would indicate that those with stable conservative identities 

should be more familiar with political criticisms of the scientific community. This leads 

to our third hypothesis: 

!%: Those who have stable conservative identities will show less trust in the 
mainstream scientific community compared to those who report unstable 
conservative identities. 

  
Second, stable conservatives are also more likely to be familiar with the scientific 

arguments generated from conservatively partisan think tanks and other similar 

institutions described above, providing them with the scientific competency to participate 

in the scientific field. This leads to our fourth hypothesis that:  
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!&: Those who have stable conservative identities will be more likely to agree that 
science benefits society compared to those who report unstable conservative 
identities. 

 
Together, these hypotheses outline the scientifically orienting role of conservative 

identity that we described above: an orientation that is protective of the belief of the 

benefits of science in general while allowing a sharp distrust of the mainstream scientific 

community.  

2.6 Methods 

Data: This study uses two types of General Social Survey (GSS) data to test this 

perspective.  The GSS is a nationally representative face-to-face survey of the non-

institutionalized, adult population in the United States and has been widely used to study 

PUS (e.g. Gauchat 2012; Roos 2014). The GSS has collected a cross-sectional sample of 

the American population from 1972-2016 and, since 1973, has collected information 

about respondents’ confidence toward the scientific community. Since 2006, the GSS 

cross-section has captured additional data concerning a broader range of scientific 

understandings among respondents. We use this information to uncover whether the 

relationship between political identity and PUS have shifted over time among the 

American population.  After accounting for missing data, our analytical sample from the 

cross-sectional GSS includes 35,266 individuals from 1973-2016 and 5,204 individuals 

from 2006-2016. 

Starting in 2006, the GSS collected a series of 3-wave panels and as of 2014 they 

have completed three full 3-wave panels. For example, of the 4,510 respondents surveyed 

in 2006, the GSS randomly selected 2,000 to re-interview in 2008 and 2010. Overall, 64 
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percent of the respondents empaneled in 2006 were captured in all 3-waves (N=1,276).  

In 2008, the GSS empaneled 2,023 new respondents and among these individuals, 64 

percent (N=1,295) completed all 3-waves. Finally, the GSS interviewed an additional 

2,044 new respondents for their 2010 panel and 64 percent (N=1,304) of those empaneled 

in 2010 completed all 3-waves. To maximize our statistical power, we combine these 

panels into a single overlapping panel dataset.  

While the GSS has regularly asked respondents about their trust in the scientific 

community, the GSS questions concerning attitudes towards science in general were only 

asked of a randomly selected subsample (around 40 percent) of either the GSS cross-

section or panel for each survey year. This poses a problem for the completed panels 

because only a small number of respondents do not have missing data on at least one of 

these science questions. This feature of the data prevents us from using more traditional 

approaches to longitudinal analyses (i.e. Fixed-effect models, Growth Curve Models, 

etc.). To overcome this issue, we transform these 3-wave panels into a series of 2-wave 

panels to capture the effect of discrete change in political identity on attitudes towards 

science.2 For example, from the 2006 panel, we create two smaller 2-wave panels (2006-

                                                   

2 We use the language discrete change in juxtaposition to the general change that is the 
focus of more traditional forms of longitudinal modeling. For example, in a fixed-effect 
model the change that is modeled is deviation for the individual mean ( ). While 
this approach has several advantages (for an overview, see Allison 2009) it does not 
formally distinguish between those who become more liberal or those who become more 
conservative. By limiting our panels to 2 consecutive waves, we can separately model 
those who are stably liberal, those who become liberal, and those who leave the liberals 
all compared to those who were never liberal. Given the limitations of our data 
concerning when respondents were asked these attitudes towards science questions, this 



 

 18  

08 and 2008-10 mini panels) and stack them so we can analyze these data 

simultaneously. In this way, we use all three waves of the panel data, while treating the 

data as a series of 2-wave panels to better capture discrete change between waves:3 

[()*+	1 ()*+	2 ()*+	3] → 	 2
()*+	1 ()*+	2
()*+	2 ()*+	3

3  
 

We follow similar procedures for the 2008 panel (which becomes the 2008-10 and 

2010-12 mini panels) and the 2010 panel (which becomes the 2010-12 and 2012-14 mini 

panels). We then combine these six 2-wave panels into a single dataset for our analyses.  

Because of this transformation, some individuals may occur twice in our analytical 

dataset and to account for this possibility our final models use panel robust standard 

errors. 

Dependent Variables: We focus on confidence in the scientific community and 

attitudes toward the general benefits of science for society as our basic PUS outcomes in 

our models. The GSS captures information about respondents’ confidence in several 

different social institutions, including scientific institutions. The GSS asks “As far as the 

people running [the scientific community] are concerned, would you say you have ‘a 

great deal of confidence’ (1), ‘only some confidence’ (2), or ‘hardly any confidence at 

all’ (3) in them?” Following Gauchat (2012), we recode this outcome so that those 

responding with a “great deal of confidence” are coded 1 and those with less confidence 

                                                   

approach allows us to capture this discrete change while still utilizing these national data 
to track cultural change and PUS.  
 
3 See Perry and Schleifer (2018) for an additional description of this transformation. 
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coded 0.4 This provides us with an indicator variable of individuals with a great deal 

confidence in the scientific community.5  

 To model attitudes towards science’s overall benefits to society, we use the 

GSS’s scale on the benefits of science. The GSS presents respondents with the following 

statement: “People have frequently noted that scientific research has produced benefits 

and harmful results. Would you say that, on balance, the benefits of scientific research 

have outweighed the harmful results, or have the harmful results of scientific research 

been greater than its benefits?” The potential answers to this question are “the benefits 

are greater” (1), “the benefits are about equal” (2), and “harm is greater” (3). For those 

respondents who believe the benefits are greater, the GSS asks the follow up questions: 

“Would you say that the balance has been strongly in favor of the benefits (2), or only 

slightly (1)?” For respondent who believe the harms are greater, the GSS asks: “Would 

you say that the balance has been strongly in favor of the harmful results (2), or only 

slightly (1)?” With all this information, we have a five-point scale that runs from strongly 

                                                   

 
4 Unless otherwise noted, our coding for the cross-section and panel portions of the GSS 
are the same. 
 
5 The GSS collects a similar confidence measure on Finance, Business, Clergy, 
Education, President, labor(union), Press, Medical, TV, Supreme Court, Congress, and 
the Army. To examine whether our results are a function of conservatives having less 
trust in institutions in general, we ran models with an institutional trust scale (0 no trust -  
12 full trust) and a Never trust indicator that indicated the respondent did not trust any 
institution. Neither measure of general institutional trust affected our cross-sectional 
models at all and in panel models the changes were small and primarily driven by the loss 
of 500 additional cases. 
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in favor that science is harmful to society to strongly in favor that science benefits 

society. We recode this information such that those who are strongly in favor that science 

benefits society are coded 1 and everyone else is coded 0.6 For our panel models, the 

outcome will come from wave 2 of our mini-panels. 

Key Independent Variables: The GSS collects information about respondent’s 

political identity and this information has been used to capture political switching in US 

society (Hout and Fischer 2014). In these panels, around 22 percent of individuals change 

political identity across survey waves. The GSS presents respondents with the following 

scale “extremely liberal” (1), “liberal” (2), “slightly liberal” (3), “moderate” (4), “slightly 

conservative” (5), “conservative” (6), and “extremely conservative” (7) and asks them: 

“Where would you place yourself on this scale?” We recode the first three responses 

categories into an indicator for political liberals and the last three into an indicator for 

political conservatives, with political moderates as the comparison group.7  

                                                   

 
6 We also ran models where those who are slightly in favor and those strongly in favor 
that science benefits society are coded 1 and everyone else 0. Our results were 
qualitatively unchanged under these conditions. We also ran multinomial logistic models 
on the full scale focusing on those who are always conservative in their ideology and the 
who are unstable in their conservative ideology. The results suggest the main difference 
between these two groups occur between the slightly and strongly in favor of science 
categories. For these empirical as well as our theoretical focus here, we chose to present 
models for those who are strongly in favor that science benefits society.  
 
7 We also ran a series of models where individuals who were only slightly liberal or 
slightly conservative were coded as political moderates (comparison group). This did not 
meaningfully change our results.  
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Our main interest for these political identity indicators is not current dogma, but 

whether the respondents changed their affiliation indicating a less stable identity. To 

capture this, we create a series of change indicators for each of our political identity 

categories. For example, we create a binary variable for those who were always 

conservative (4567+8*)9:*+;" = 1	&	4567+8*)9:*+>;$ = 1), those who became 

conservative between waves (4567+8*)9:*+;" = 0	&	4567+8*)9:*+;$ = 1), and for 

those who left the conservative category between our 2 panel waves (4567+8*)9:*+;" =

1	&	4567+8*)9:*+;$ = 0). Here the comparison group is those who were never 

conservative (4567+8*)9:*+;" = 0	&	4567+8*)9:*+;$ = 0). We follow the same 

procedures for the political liberals and these six change indicators form our core 

measures of political stability for our panel models.  

Control Variables: While our panel outcome measures are from wave 2 of our 

mini-panels, we control for several factors from wave 1 that have been shown to affect 

PUS to better isolate our political change indicators. There are larger literatures on the 

effects of religion on attitudes towards science (Baker 2012; Evans and Evans 2008; 

O’Brien and Noy 2015; Roos 2014) and individual politics (Brooks and Manza 2004; 

Hout and Fischer 2002, 2014; Manza and Brooks 1997; Regnerus, Sikkink, and Smith 

1999; Wald and Calhoun-  Brown 2014). To control for religious affiliation, we use a 

modified version of the RELTRAD classification scheme (Steensland et al. 2000) that 

decomposes black protestants into mainline and evangelical protestants to avoid 

collinearity issues with our race controls (Uecker and Ellison 2012; Wilcox and 

Wolfinger 2007) and places Jewish individuals into the other religious traditions category 
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due to the small number of Jewish respondents (Schleifer and Chaves 2017). With these 

adjustments, we have four indicators for Mainline Protestants, Catholics, non-religiously 

affiliated, and other religious traditions, with the evangelical Protestants as the 

comparison group. We also control for frequency of religious service attendance. The 

GSS asks respondents: ‘‘How often do you attend religious services?” with the response 

categories: “‘never’ (0), ‘less than once a year’ (1), ‘once a year’ (2), ‘several times a 

year’ (3), ‘once a month’ (4), ‘two or three times a month’ (5), ‘nearly every week’ (6), 

‘once a week’ (7), and ‘more than once a week’ (8).” We recode this measure into an 

indicator for those who attend once a week or more (coded 1) compared to everyone else 

(coded 0).   

Drawing from the aforementioned literatures on PUS that indicates greater 

knowledge is associated with more partisan views on science (Bauer, Allum, and Miller 

2007; Kahan et al. 2012; Sturgis and Allum 2004), we include indicators for those who 

have completed either a Bachelor’s or an Advanced degree (coded 1), with those with 

less than a Bachelor’s degree as the comparison group.8 We control for socio-economic 

differences by including a variable for the natural log of equivalized family income.9 To 

                                                   

 
8 We also ran models where Bachelor’s and Advanced college degree were 
separate indicators and found no qualitative difference in our results. 
 
9 Equalivalized	Family	Income = ln	 QHousehold	Income U(Household	Size)⁄ Z. 
Including an income indicator greatly increases the amount of missing data in 
our analyses. Given the analytical approach pursued here, standard approaches 
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control for family differences, we include binary dummies for whether the respondent is 

currently married as well as whether they have ever had a child. Race is captured by two 

binary indicators for black and other race individuals, with white individuals as the 

comparison group. To control for gender, we include a dichotomous indicator for female 

respondents and to account for age differences in PUS, we include a continuous measure 

of age that runs from 18 to 98 year or more. 

Finally, to examine the mechanism that may explain the association between 

stable conservative identity and PUS more closely, we explore where stable conservatives 

get their information about science. The GSS asks: “We are interested in how people get 

information about science and technology. Where do you get most of your information 

about science and technology?” Possible response categories include: newspapers, 

magazines, the Internet, books or other printed materials, TV, radio, government 

agencies, family, friends, colleagues, or some other source. Each of these categories is 

mutually exclusive, and because we are primarily interested in those who get scientific 

information from the Internet – building off the aforementioned research that suggests the 

Internet and social media has been integral in the balkanization of partisan knowledge 

                                                   

to handling missing data are not easily available for these sorts of models. To 
overcome this issue, following Perry and Schleifer (2018) and Gauchat (2012), we 
impute missing income data but we do not adjust the standard errors to account 
for this multiple imputation strategy. While this approach allows us to include a 
control for household income without a loss of statistical power. However, 
reservation is warranted in interpreting the significance of these income 
coefficients.  
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ecosystems – we create a binary indicator for those who report getting most of their 

scientific information from the internet compared to those who do not. This question was 

asked of a subsample of the GSSP from 2006-2014 and therefore not included in our 

main models due to a loss of statistical power. We are able, however, to use a descriptive 

analysis to explore how this possible mechanism may be influencing our findings.  

Analytical Strategy: We pursue two different analytical strategies to account for 

the two types of data structure used in our analyses. To model the cross-sectional GSS 

(!"&	!$), we use a logistic regression with a series of interactions to capture trends over 

time:  

>6 [
\

(1 − \)
^ 	= 	_` + bc(defghgij)+	_$(\+)8)+	bk(glhmnoihgelj) + bp(ielhnefj) 

 
where is the indicator for confidence in science or being strongly in favor that science 

benefits society.  qefghgij is a vector that contains our political ideology indicators with 

the corresponding regression coefficients captured in the  bc vector. Y+)8 is a variable 

for the year of survey and the _$ coefficient captures trends in our outcomes over time. 

To see if the relationship between politics and PUS has changed over time, some of our 

models include glhmnoihgelj between our political indicators and our year variable.10 

These trends are captured in the bkvector of coefficients. Finally, the Controls with the 

                                                   

 
10 Our specification here imposes a linear effect of time on our outcome. To relax this 
assumption, we ran additional models that include a series of dummy indicators for each 
survey year to determine whether this linear assumption is reasonable. Results indicate 
that there was no meaningful difference in our substantive result across these two 
specifications. Here, we present our trends as the linear effect of time for parsimony.  
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br vector of coefficients shows the effects of our control variables on our PUS measures. 

_` is the model intercept for our models.11  

The second strategy we pursue makes use of the panel component of the GSS data 

(!%&	!&). Here we run a logistic regression on our time 2 outcome with a series of 

discrete change indicators and time 1 control variables. These models take the form:  

>6 [
\;$

(1 − \;$)
^ 	= 	_` + bc(qefghgiof	jsghitglu) + bp(velhnefjhc) 

 
where \;$ is the time 2 information on one of our PUS outcomes. qefghgiof	wsghitglu 

is a vector that contains our political identity change indicators – both discrete and any 

change measures –  and the accompanying regression coefficient in the bc vector. The 

vector velhnefjhc with the bp coefficients shows the effects on our outcomes for each 

of our time 1 control variables. Outside of our imputed income variable (see footnote 9), 

all models use a listwise deletion of missing data. 

Table 1 presents the descriptive statistics for our analytical sample. Around 43 

percent of respondent report a great deal of confidence in the scientific community while 

75 percent agree that science benefits society, from the cross-sectional data. For this 

sample, around 28 percent of respondents identify with political liberals and 34 percent 

with political conservatives. However, in our panel data we find that political identity 

changes for many respondents. Across our 2-wave mini-panels, we see that 9 percent of 

                                                   

 
11 For the cross-sectional models, note that none of our regression components are 
indexed by time. 



 

 26  

individuals become political liberals and 10 percent leave the liberal category. Among 

conservatives, around 11 percent become conservative while 11 percent leave the 

conservative category in our 2-wave panel. 

Table 1: Descriptive Statistics from the General Social Survey Cross-sectional 
and Combined 2-Wave Panel Data 

 

2.7 Results 

While the descriptive statistics from our data suggest that there are meaningful 

differences in attitudes toward the scientific community and science as a general social 

Table 1: Descriptive Statistics from the General Social Survey Cross-sectional and Combined 2-
Wave Panel Data 

 Cross-Sectional  Panel 

 !"#$ (&') !)$ !#* !"#$ (&') 
Science Attitude Outcomes     

Time 2 
Outcomes 

Confidence in the Scientific Community 0.43 0.50 0 1 0.40 0.49 
Strongly in Favor of Science Benefiting Society1 0.50 0.50 0 1 0.52 0.50 

Political Ideology 
    Change 

Variables 
Liberal 0.28 0.45 0 1   

Always Liberal     0.19 0.39 
Become Liberal     0.09 0.29 

Leave Liberal     0.10 0.30 
Conservative 0.34 0.47 0 1   

Always Conservative     0.23 0.42 
Become Conservative     0.11 0.31 
Leave Conservative     0.11 0.31 

Control Variables 
    Time 1 

Controls 
Mainline Protestant 0.22 0.41 0 1 0.16 0.36 
Other Religious Tradition 0.07 0.26 0 1 0.07 0.25 
Catholic 0.25 0.43 0 1 0.24 0.42 
Non-Religiously Affiliated 0.12 0.32 0 1 0.18 0.38 

Weekly Church Attendance 0.27 0.44 0 1 0.26 0.44 
Bachelors or Advanced College Degree 0.23 0.42 0 1 0.31 0.46 
Female 0.54 0.50 0 1 0.56 0.50 
Black 0.13 0.34 0 1 0.14 0.35 
Other Race 0.05 0.21 0 1 0.08 0.27 
R is married 0.54 0.50 0 1 0.48 0.50 

Parent 0.72 0.45 0 1 0.73 0.45 
Age 45.18 17.1 18 89 47.93 16.57 
Equalized Family Income 2 10.30 0.92 5 12 10.39 1.00 

Observations 35,266 5,203 
1 This variable was only collected from 2006-2016. The N for this outcome is 5,088 in the cross-sectional GSS and 2,761 

in the combined GSS panels. 
2 +,-#.)/#.)0"1	3#4).5	6$784" = ln	 <=8->"ℎ8.1	6$784" @(=8->"ℎ8.1	&)0")⁄ B 
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benefit, Table 2 explores how these attitudes have changed over time (!"&	!$). Model 1 

on ‘confidence in scientific community’ captures the general pattern across our 

covariates. The coefficient for  

Table 2: Cross-sectional Logistic Models on Attitudes towards Science with 
Time Trends 

 

liberals shows that relative to political moderates, liberals report a higher degree of 

confidence in the scientific community.  When averaged over this time-series, around 47 

percent of liberals are predicted to have a great deal of confidence in the scientific 

community, while only around 42 percent of conservative are predicted to show this level 

 
 Confidence in the Scientific 

Community1 
Strongly in Favor of Science 

Benefiting Society2 
Main Effects ! (#$) ! (#$) ! (#$) ! (#$) 
1.Liberals3 0.228*** (.03) 0.189*** (.05) 0.276*** (.08) 0.138 (.12) 
2.Conservatives3 0.058* (.03) 0.288*** (.05) 0.160* (.07) 0.095 (.11) 
Survey Year -0.006*** (.00) -0.002 (.00) 0.004 (.01) -0.010 (.01) 

Interactions         
Liberals*Year   0.002 (.00)   0.034 (.02) 
Conservatives*Year   -0.011*** (.00)   0.015 (.02) 

Control Variables         
Mainline Protestant3 0.328*** (.03) 0.325*** (.03) 0.145 (.09) 0.148 (.09) 
Other Religious Tradition3 0.325*** (.05) 0.317*** (.05) 0.351** (.13) 0.357** (.13) 
Catholic3 0.343*** (.03) 0.341*** (.03) -0.070 (.08) -0.070 (.08) 
Non-Religiously Affiliated3 0.363*** (.04) 0.347*** (.04) 0.283** (.09) 0.279** (.09) 
Weekly Church Attendance -0.189*** (.03) -0.186*** (.03) -0.172* (.08) -0.170* (.08) 
BA or Advanced College 
Degree 

0.528*** (.03) 0.528*** (.03) 0.788*** (.07) 0.789*** (.07) 

Female -0.262*** (.02) -0.263*** (.02) -0.154* (.06) -0.155* (.06) 
Black3 -0.546*** (.04) -0.549*** (.04) -0.628*** (.09) -0.630*** (.09) 
Other Race3 -0.077 (.05) -0.086 (.05) -0.561*** (.11) -0.562*** (.11) 
Currently Married -0.074** (.03) -0.072** (.03) -0.039 (.07) -0.042 (.07) 
Parent -0.092** (.03) -0.091** (.03) 0.003 (.08) 0.005 (.08) 
Age -0.005*** (.00) -0.005*** (.00) 0.007*** (.00) 0.007*** (.00) 
Equalized Family Income 4 0.107*** (.01) 0.107*** (.01) 0.315*** (.04) 0.314*** (.04) 
N 35266 35266 5024 5024 
AIC 46,303 46,262 6,407 6,409 
BIC 46,447 46,423 6,518 6,533 
&'(()) 1v2 33.494(1) ***   2.024(1)    
Standard errors in parentheses; † p < 0.10, * p < 0.05, ** p < 0.01, *** p < 0.001; All coefficients shown in log-odds. 
Source: General Social Survey Cross-sectional Data 
1 The variable ‘Trust in Science’ was collected from 1973-2016 and 2 The variable “Science Benefits Society” was collected from 
2006-2016. 
3 The comparison groups are ‘Political Moderates”, “Evangelical Protestants”, and “whites”, respectively. 
4 $*+,-./,-.01(	3,4.-5	678941 = ln	 =>9+?1ℎ9-(	678941 A(>9+?1ℎ9-(	#.01)⁄ C 
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of confidence.12 Moreover, the significant coefficient for year suggests that overall, all 

Americans have become less confident in these scientific institutions over time. In 1973 

the probability that any given American had a great deal of confidence in the scientific 

community was around 46 percent and by 2016 this number had changed to around 41 

percent, net of other factors. 

 

Figure 1: Trends in Attitudes Towards Science 

For the second model on confidence in the scientific community from Table 2, we 

decompose trends over time by political ideology. We can see that political moderates  

                                                   

 
12 The predicted probabilities reported in this paper are average adjusted 
predictions where each individual varies freely on all of the control conditions. 
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Table 3: Lagged Logistic Regressions on Science Attitude by Change in 
Political Ideology 

 

(here the main effect of year) and political liberals show little to no change in their 

confidence in scientific institutions over time. Political conservatives, however, show a 

large and meaningful decrease in their confidence in the scientific community over time. 

To makes this pattern clearer, we plot the predicted probabilities for each of our political 

identity groups over time in Figure 1. Here we can see in 1973 that political conservatives 

showed a higher predicted probability in their confidence in science compared to both 

political liberals and political moderates. At this time, around 49 percent of conservatives 

 

 Confidence in the Scientific 
Community 

Strongly in Favor of Science 
Benefiting Society 

Δ	#$%&'	()*+,#-./ 0 (23) 0 (23) 0 (23) 0 (23) 
1. Always Liberal 0.41*** (.09)   0.38** (.12)   
2. Become Liberal 0.18† (.11)   -0.06 (.14)   

3. Leave Liberal 0.12 (.10)   0.22 (.14)   

Δ	#$%&'	5%&.+,6#7)6+.8         

1. Always Conservative   -0.26** (.09)   0.28* (.11) 
2. Become Conservative   -0.06 (.10)   -0.19 (.13) 
3. Leave Conservative   0.14 (.15)   -0.17 (.13) 

Time 1 Control Variables         

Mainline Protestant3 0.46*** (.10) 0.47*** (.10) 0.06 (.12) 0.09 (.12) 
Other Religious Tradition3 0.56*** (.14) 0.60*** (.13) 0.26 (.19) 0.38* (.18) 
Catholic3 0.29** (.09) 0.28** (.09) -0.04 (.11) 0.00 (.11) 
Non-Religiously Affiliated3 0.62*** (.10) 0.69*** (.10) 0.12 (.13) 0.23† (.13) 
Weekly Relig. Attendance -0.29*** (.08) -0.28*** (.08) -0.14 (.10) -0.22* (.10) 
BA or Adv. College Degree 0.55*** (.08) 0.62*** (.08) 0.72*** (.10) 0.77*** (.10) 

Female -0.25*** (.07) -0.24*** (.07) -0.19* (.09) -0.15† (.09) 
Black3 -0.59*** (.11) -0.61*** (.11) -0.70*** (.13) -0.64*** (.13) 
Other Race3 -0.17 (.12) -0.18 (.12) -0.21 (.16) -0.16 (.16) 
Married 0.01 (.07) 0.00 (.07) 0.06 (.09) 0.01 (.09) 
Parent -0.16† (.08) -0.18* (.08) -0.07 (.11) -0.10 (.11) 

Age -0.00 (.00) -0.00 (.00) 0.01* (.00) 0.01* (.00) 
Equalized Family Income 4 0.03 (.04) 0.04 (.04) 0.36*** (.05) 0.35*** (.05) 
N 5,203 2980 

98(:;) 1v2 3.37(1) † 4.26(1) * 7.42(1) ** 10.03(1) *** 

98(:;) 1v3 5.72(1) * 12.24(1) *** 0.99(1) 9.17(1) *** 

98(:;) 2v3 0.24(1) 1.97(1) 2.31(1)  0.01(1) 
Standard errors in parentheses; † p < 0.10, * p < 0.05, ** p < 0.01, *** p < 0.001; All coefficients shown in log-odds. 
Source: General Social Survey Combined 2-wave Panel Data. 
1 Comparison Group is those who are “Never Liberal”. 
2 Comparison Group is those who are “Never Conservative”. 
3 The comparison groups are “Evangelical Protestants”, “less than a Bachelor’s Degree”, and “whites”, respectively. 
4 3<=#-)6#-)>+:	?#$)-@	A&B%$+ = ln	 FG%=.+ℎ%-:	A&B%$+ I(G%=.+ℎ%-:	2)>+)⁄ K 
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showed a great deal of confidence in the scientific community. While at this point 

conservatives and liberals (46 percent predicted to be confident in scientific institutions) 

were not statistical distinguishable, by 2016 the confidence in the scientific community 

among conservatives had decreased 10 percentage points to 37 percent.  

This large and dramatic trend can be juxtaposed to the fairly stable attitudes 

toward science as a benefit to society. While the time frame for these outcomes is shorter, 

for the science benefits society outcome we see a positive, if insignificant, trend for 

conservatives. This cross-sectional snapshot provides support for both Hypothesis 1 and 

Hypothesis 2, that attitudes towards scientists among conservatives are becoming more 

negative while attitudes towards science as a general benefit are remaining largely stable. 

Moreover, the slight upward trend in the “science as a benefit” category among 

conservatives, though insignificant, might be indicative of the successful efforts of 

conservative scientific institutions to communicate findings and counterarguments to 

conservative audiences. 

While our cross-sectional analyses hint at a meaningful difference in the ways that 

political identity patterns individual confidence in the scientific community and general 

attitudes toward science as an epistemology or general benefit, our panel models formally 

test whether stability of political identity plays a role is shaping PUS. Table 3 presents the 

results from a series of lagged logistic regression models. From the confidence in the 

scientific community panel models, we can see that relative to those who are never 

politically liberal, stable liberals show a significant coefficient. The predicted 

probabilities from this model predict that 38 percent of “never liberals” are expected to 
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show a great deal of confidence in the scientific community while stable liberals show a 

predicted probability of around 47 percent.  

While the significant coefficients in the table are in comparison to those who are 

never liberal, we ran a series of additional tests of coefficient equality to determine 

whether the coefficients we capture here show any differences from one another.13 Here 

we find a marginal difference between stable liberals and those who become liberal (a 42 

percent predicted probability of agreement for this latter group).  Moreover, when 

comparing those who leave the liberal category to stable liberals, we find a significant 

difference between these groups with stable liberals showing a significantly higher log 

odds of confidence in scientists compared to those who leave the liberal identity.  

Among conservatives, we see a similar pattern in terms of confidence in the 

scientific community. Relative to those who are never conservative (41 percent predicted 

probability), stable conservatives show a significantly lower probability of possessing 

confidence in the scientific community (36 percent predicted probability). The highest 

probability across those who are ever conservative is among “conservative leavers” (44 

percent predicted probability) and while these individuals are not distinguishable from 

                                                   

 
13 Here, we tested for both coefficient equality and predicted probability equality 
(using the delta-method standard errors for this test). Both approaches 
produced the same pattern of results and in Table 3 we present the  tests of 
coefficient equality.  
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the never conservative group (x = 0.15), they are significantly different from the stable 

conservatives.  

These results support previous research on conservative declines in confidence in 

the scientific community and provide evidence that these declines are most pronounced 

among those with stable conservative identities (!%). We argue that this is because those 

who maintain their conservative identity over time are most likely to be familiar with 

elite conservative characterizations of scientists; characterizations that in recent years 

have consistently attempted to undermine the authority of mainstream scientists, 

especially on issues such as the dangers of man-made climate change. The flipside of this 

prediction is that those with stable conservative identities should also be more familiar 

with elite perspectives on scientific issues that are scientifically orienting and that enable 

participation in the scientific field. 

The additional models from Table 3 focus on those who are strongly in favor of 

science benefiting society. Among our liberal indicators, the stable liberals show 

significantly higher log-odds of agreement on this outcome. The predicted probabilities 

from these models show that around 50 percent of the never liberal are expected to agree 

compared to 58 percent of the stable liberals, 48 percent of the become liberal, and 55 

percent of the leave liberal categories. For the conservative model, the predicted 

probabilities show that around 52 percent of the never conservatives are expected to 

agree compared to 58 percent of the stable conservatives, 47 percent of the become 

conservative, and 48 percent of the leave conservative categories. Of particular  
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Figure 2: Descriptive Trends in Attitudes Towards Science among Stable and 
Unstable Conservatives by Science Media Outlet 

importance for our purposes is the significantly higher odds of stable conservatives who 

are strongly in favor of science benefiting society compared to their switching 

counterparts (!&), demonstrating that a stable conservative identity is associated with 

higher confidence in science itself despite its strong association with distrust in scientific 

community. The confirmation of both hypotheses provides support for our theory about 
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the relationship between scientific identity and PUS and is what we would expect from 

successful conservative social movement efforts aimed at challenging existing knowledge 

authorities that threaten political interests while maintaining a foothold in a valuable 

epistemological space.  

Finally, having established differences between stable and unstable conservatives 

on our main measures of PUS, we examine how these processes may vary by medium of 

scientific information consumption. Drawing from the above theoretical arguments, we 

would expect that stable conservatives getting their scientific information from the 

internet have greater access to sources of conservative politics and science and will 

therefore harbor more negative feelings toward the scientific community and more 

positive attitudes toward science in general. Figure 2 shows these descriptive trends in 

our dependent variables from 2006 to 2014 among stable and unstable conservatives 

using fractional polynomial best fit with 95% confidence intervals. Results for confidence 

in the scientific community are mixed among stable conservatives, with internet and non-

internet consumers alike varying between 30-40 percent expressing a great deal of 

confidence in the scientific community.  Among the unstable conservatives, those who 

get their scientific information on the internet remain fairly stable in their confidence in 

the scientific community, while those who use other mediums for their science news 

show stark declines across this period. One interpretation of these results may be that 

other mediums, like television, are more conducive to undermining confidence in the 

scientific community with negative coverage on issues like climate change while the 

internet is more conducive to positive conservative scientific messaging from sources like 
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think tanks, blogs, and social media pages. Whatever the precise mechanism, we find that 

not only are stable conservatives more likely than their unstable counterparts to believe 

that science is a benefit, but even among stable conservatives themselves, those with 

greater access to conservative sources of scientific information are more likely to have 

positive views of science in general. Put another way, the group most likely to believe 

science is a benefit is stable conservatives that consume scientific information through 

the internet, while the group most likely to report negative attitudes about scientists are 

stable conservatives in general. 

2.8 Discussion & Conclusion 

Confidence in the scientific community has declined dramatically among political 

conservatives in recent years but attitudes toward science as a benefit to society have 

remained largely stable. Meanwhile, conservative social movements have been successful 

in establishing their own culturally oriented scientific institutions and the dawn of the 

internet and social media has made it easier than ever for conservative audiences to 

access culturally specific knowledge. The preceding analysis aimed to show how these 

developments intersect by demonstrating that stable conservative partisans are more 

likely than their switching counterparts to distrust the scientific community and to believe 

that science is a benefit to society. These findings support arguments that conservative 

efforts to communicate alternative scientific knowledge have been successful insofar as 

stable conservatives maintain trust in science while rejecting the authority of mainstream 

scientists. The implications of these developments for sociological research and public 

policy are numerous. 
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First, this study replicates the findings of Gauchat (2012) and, in doing so, helps 

confirm one of the most important and dramatic trends in PUS in the last fifty years. 

Second, we build on previous work, specifically research on Evangelicals (O’Brien and 

Noy 2015; Roos 2017, 2017), that shows how rejections of mainstream scientific 

knowledge signal specific cultural understandings as opposed to deficits in scientific 

knowledge itself. This kind of “contextualist” model of PUS is not new (Sturgis and 

Allum 2004) but, to our knowledge, this study is the first to demonstrate the important 

relationship between political identity and contextualist understandings insofar as the 

former seems crucial for orienting individuals toward (and away from) the scientific 

sources that will cohere or challenge their existing worldviews. More specifically, this is 

an important application of Perrin et al.’s (2014) theory of conservative identity and both 

extends and supports their work by examining it in the context of identity stability and by 

demonstrating the role of conservative identity in organizing scientific attitudes 

respectively. We have also argued that the pattern of attitudes elaborated above are 

indicative of successful social movement efforts to establish alternative and culturally 

oriented institutions of knowledge. In this respect, we join other scholars in identifying 

the construction of politically partisan knowledge institutions as an important social 

movement outcome has been under-studied among social movement scholars (Frickel 

and Gross 2005; Gross et al. 2011) and especially by those interested in framing 

processes (Benford and Snow 2000; Snow et al. 1986). 

Yet, while we do illustrate a robust relationship between stable conservative 

identity and these measures of PUS, there are noteworthy limitations to this empirical 
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analysis. Most importantly, these data were not ideal for examining the mechanism of 

engagement with conservative science explicitly and in greater detail. Therefore, scholars 

might build on this study by establishing a more concrete connection between 

engagement with conservative science and PUS. Computational researchers, for example, 

might be able to more accurately measure exposure and consumption of conservative 

scientific information online and on social media. While this type of work is well 

underway in the context of political news media (Barberá et al. 2015; Conover, 

Ratkiewicz, and Francisco 2011; Etling, Roberts, and Faris 2014; Faris et al. 2017; 

Guess, Nyhan, and Reifler 2018a), very little explores the impact of conservative 

scientific institutions. Think Tanks like the Heritage Foundation and Discovery Institute 

offer conservative and Evangelical scientific resources to their audiences respectively 

while partisan content creators like “Prager University” provide conservative information 

to subscribers with the veneer of an academic approach. Disentangling the role of these 

kinds of “scientific” sources from their more explicitly partisan counterparts like Fox 

News or Breitbart News can help elaborate how different cultural publics are interpreting 

the scientific field: whether it is a process that occurs at a specific cultural location like in 

universities or whether it is a style or method of thought and discourse, among many 

other possibilities (Gauchat 2008).  

These findings also call for qualitative examinations of the conservative scientific 

repertoire. Differences and similarities in how stable liberals and conservatives, both 

groups that report high levels of belief in science as a benefit to society, talk about and 

understand scientific issues is not well understood. Just as Swidler (2001) examined how 
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people brought the universally valued concept of love to bear on their particular 

circumstances, so could future researchers examine how political partisans selectively 

deploy “science” and its related concepts. Important work in this vein has already been 

accomplished by scholars of religion and science (see for example Ecklund 2012; 

Ecklund and Scheitle 2017; Evans 2018) and these studies have set the stage for research 

on a broader population of political partisans.  

More broadly, the findings here are suggestive not of a public at odds about the 

value of science, but one where multiple culturally oriented sources of scientific authority 

are struggling for relevance and territory within a highly and nearly universally valued 

epistemological space. In this respect, it is difficult to avoid comparisons to the Protestant 

Reformation. Fuller (2014) made this connection, coining the term “Protscience” as a 

useful label for the modern cultural differentiation of scientific understanding – and 

indeed the impulse of specific cultural enclaves to reject the hegemony of a highly 

institutionalized professional order to dictate legitimate knowledge does seem quite 

familiar. In this sense, calling conservatives “anti-science” makes about as much sense as 

calling Protestants atheists, which was indeed common (Buckley 1987), though of course 

arguments can be made about the actual empirical precision of contemporary science in 

relation to the pronouncements of the pre-Reformation Catholic church.  And just as 

Catholic and Protestant publics have alternatively fought for and against religious 

freedom in varying national and historical contexts depending on their relative political 

power, so too may conservative identifiers find themselves once again allies of the 

scientific community depending on future circumstances. In such a case, the theory and 
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results here suggest that liberals’ belief in science as a general benefit will rely on a stable 

liberal identity that orients them to the liberal scientific institutions that provide the 

cultural means with which to remain engaged. 

Finally, these results carry important implications for science communication 

policy experts and strategists, who can interpret these findings as suggestive of future 

approaches to science communication. For instance, those conservatives most skeptical of 

man-made climate change and the scientists promoting it are also most likely to believe 

that science is a general benefit to society. Therefore, for those interested in instituting 

policy that will stem man-made climate change, a general strategy of promoting the idea 

of science as a valid epistemology is misguided. Rather, these kinds of science outreach 

efforts might be more effective if geared toward humanizing the scientific community 

and correcting misperceptions of scientists themselves. Perhaps by improving public 

agreement about where legitimate and trustworthy science is being accomplished, future 

debates at the intersections of science and politics can begin to focus more on what 

problems to prioritize instead of what the problems are. 
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3. Exposure to Conflicting Accounts in News Media 
Makes Liberals More Susceptible to Partisan Conspiracy 
Narratives 
3.1 Introduction 

The role of technology in the democratization of epistemic authority – the 

legitimate power to define and describe reality (Gieryn 1999) – has been of interest to 

scholars since the invention of the printing press helped spark the Protestant Reformation, 

giving any literate person the opportunity to read and interpret the Bible on their own 

terms (Eisenstein 1969). But the profound cultural and political changes that can be 

directly linked to the printing press extend beyond the Reformation and even the process 

of epistemic democratization itself. Eisenstein (1969), for instance, argues that the 

printing press, once responsible for making knowledge and epistemic authority available 

to many, eventually over a longer period, aided in the establishment of new, robust, and 

hierarchical institutions of epistemic authority in the form of universities and scientific 

communities that last to this day. The primary mechanism Eisenstein proposes for this 

process is that the advent of easily reproducible texts allowed for the establishment of 

widely shared norms and standards of expertise around specific bodies of knowledge and 

subsequently to strong institutions that carried these norms through generations.   

Today, the Internet and social media have made certain information arguably as 

ephemeral and detached from identifiable sources of reliable authority as before the 

printing press. The sheer volume of information transmitted to the general population 

often confounds efforts to systematically examine and validate information. Established 
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sources of expertise, in media and academia for instance, are unable to exercise the 

gatekeeping functions that have been their purview for decades, if not centuries. The 

contemporary implications of these revelations are of course numerous but among the 

most recognized and studied has been the ascendance of what has been variously called 

“fake news” or “disinformation” in the realm of online political news media. Patently 

false news stories that are sensational, highly partisan, and knowingly fabricated in order 

to generate website traffic experienced unprecedented popularity, and subsequent 

academic attention, during the 2016 United States presidential election (Allcott and 

Gentzkow 2017; Guess et al. 2018a; Lazer et al. 2017). To date, research on 

disinformation has examined diffusion of rumors on social media (Friggeri et al. 2014; 

Shin et al. 2016), socio-demographic and media consumption related predictors of 

disinformation consumption (Allcott and Gentzkow 2017; Guess et al. 2018a), and the 

effectiveness of fact-checking interventions (Nyhan and Reifler 2010; Thorson 2016), 

among other topics. But among the most clear and established findings from this work 

has been that political disinformation campaigns have been successful nearly exclusively 

among older political conservatives (Grinberg et al. 2019; Guess et al. 2018a; Lazer et al. 

2017).   

Explanations for this ideological asymmetry in the spread of disinformation are 

numerous but empirical examinations remain relatively non-existent. Anecdotal accounts 

found in journalistic investigations suggest fake news stories targeting liberals were 

simply not successful and so abandoned early on during the 2016 presidential campaigns 

(see for example Higgins 2016; Sydell 2016). Work on conspiracy theory ideation among 
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political scientists suggests that sensational or outlandish stories that have conspiratorial 

qualities are more likely to be successful among those experiencing feelings of 

powerlessness (Uscinski, Klofstad, and Atkinson 2016; Uscinski and Parent 2014). This 

theory predicts that conservatives might be more susceptible to disinformation in the time 

period following Barack Obama’s presidency, having lived under a Democratic president 

for 8 years, despite having strong control of congress for much of that time. Still, very 

little is understood about partisan asymmetries in susceptibility to political disinformation 

in an ever more polarized and chaotic political media environment.  

In this paper, I propose and test a new theory in line with the work of Eisenstein 

and other scholars in the sociology of knowledge and epistemic authority, that exposure 

to ideologically heterogenous and partisan sources of epistemic authority – a 

phenomenon characterized by exposure to conflicting accounts of news events – 

undermines shared understandings of legitimacy in news and therefore leaves individuals 

vulnerable to highly partisan and dubious claims. This theory explains individual-level 

susceptibility to disinformation as the direct result of an increasingly diverse and 

conflicted information ecosystem that undermines widely shared heuristics of evaluation 

and ultimately trust in established institutions of epistemic authority.  

Below, I elaborate my theory in three steps. First, I provide an overview of 

current findings in the general area of contemporary political news consumption and 

polarization. Second, I present my argument that a theory of epistemic conflict helps 

account for seemingly disparate findings in these areas and provides new pathways for 

examining political news ecosystems. Third, I share results of an experiment designed to 
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test the effect of the perception of conflicting accounts in news media on susceptibility to 

disinformation. Finally, I discuss implications of my findings for researchers and public 

stakeholders interested in the consumption of disinformation on social media and other 

online platforms.  

3.2 Conflicting Information in Political News  

The political differentiation of news organizations throughout the twentieth and 

twenty-first century, and the accompanying declines in trust in the media, has been 

documented and studied by historians and social scientists from a variety of disciplines 

(see for example Baum and Groeling 2008; Ladd 2012; Prior 2013). Driven by the 

dominance of only a handful of news organizations throughout the twentieth century, and 

the demand for more culturally niche news sources in a new technological environment 

where gatekeepers wield less power than ever before (Shoemaker et al. 2009) while 

partisan movements wield more (Costanza-Chock 2012; Tufekci 2013), producers of 

political news have found themselves in a news-space ripe for the founding of a variety 

of new media sources that catered to increaslingly specific cultural tastes.  

This shift was brought on just as much by technological shifts as legal ones. Berry 

and Sobieraj (2013), for instance, examine how the repeal of the Fairness Doctrine in 

1987 – a federal regulatory measure upheld by the Federal Communications Commission 

that required holders of broadcast licenses to maintain impartiality in political news 

coveage – allowed the rise of extreme right-wing radio in the late 1980’s and 1990’s. 

This paved the way for an unprecendelty partisan and combative style of mainstream 

political news on television and the internet (Baum and Groeling 2008). In terms of the 
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latter, new social media technologies seemed uniquely suited to exacerabte these trends 

by offering audiences more, and more easily accessible, choice of political content than 

ever before.  

3.3 Social Media & Echo chambers 

Indeed, worries over people becoming increasingly balkanized into ideological 

“echo-chambers” or “filter bubbles” – a term meant to acknowledge the role of 

recommender algorithms in further segregating audiences – have become ubiquitous 

among academics, journalists, and others (Pariser 2011a; Sunstein 2017). Some research 

has served to validate these concerns (Iyengar and Hahn 2009; Lazer et al. 2009; Stroud 

2010) but more recent studies have tempered some of the more dire predictions by 

finding more ideologically cross-cutting news exposure among political partisans than 

might have been expected (Barberá et al. 2015; Eady et al. 2019) and lower levels of 

exposure to fake news than was feared by many (Allcott and Gentzkow 2017).  

But although the degree of ideological balkanization in news consumption and 

disinformation exposure and dissemination may not be as drastic an emergency as many 

feared, evidence has emerged that the problem is by no means non-existent. For instance, 

“backfire effects” are likely in cases where peoples’ pre-held biases are challenged 

(Nyhan and Reifler 2010) and stark ideological asymmetries have been discovered in this 

area. In a large-scale field experiment on Twitter, Republicans exposed to a “liberal” 

twitter bot, became substantially more conservative on issue-specific attitude measures 

than Democrats exposed to a “conservative” bot (Bail et al. 2018). This research suggests 

a couple points that are relevant for the present study. First, it emphasizes an important 
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insight that counters an often-tacit assumption in discussion about political polarization – 

that ideologically cross-cutting exposure to political news is universally healthy for 

political discourse. Second, it demonstrates important partisan asymmetries in these 

dynamics, with Republicans and political conservatives being more likely to be further 

polarized by the introduction of ideological diversity in their news diets.   

3.4 Political Disinformation 

Another area where stark partisan asymmetries have been observed is in 

exposure to, and sharing, of political disinformation on social media. Several studies 

have observed that political disinformation, widely defined as news stories espousing 

patently false and highly partisan information, were much more widely shared among 

conservatives than among liberals in the months leading up to the 2016 presidential 

election and that those responsible for the vast majority of shares were an extremely 

small minority of conservatives that also reflected media diets that were much further 

right than most (Allcott and Gentzkow 2017; Faris et al. 2017; Grinberg et al. 2019; Guess, 

Nyhan, and Reifler 2018b). 

This is an important finding regarding overall media diets and engagement with 

political disinformation but none examine directly how or whether increasing exposure 

to conflicting news media exacerbated receptiveness, or susceptibility, to disinformation 

or the ways in which this relationship can account for the partisan asymmetry observed. 

In other words, extremeness of media diets is not the opposite of diversity in media 

diets. In fact, Grinberg et al (2019) do observe that those sharing disinformation were 
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consuming and sharing more information in general. Additionally, existing 

observational studies that have been conducted are not well suited for examining 

exposure to diverse sources of media – a phenomenon that includes both active and 

passive consumption of political news content (Tewksbury, Weaver, and Maddex 2001; 

Yadamsuren and Erdelez 2010). Finally, engagement and sharing are important 

behavioral outcomes that we can measure with observational data but they are not the 

same thing as susceptibility. One can be extremely susceptible to partisan 

disinformation, for example, but be very unlikely to click on, much less share, this kind 

of information on social media.  

3.5 Belief Structures 

But how do the historical trends in technology and political news above – namely 

the political differentiation of news sources and audiences resulting in evermore discrete 

and conflicting political epistemic communities – affect susceptibility to political 

disinformation? Furthermore, how can these relationships help explain observed partisan 

asymmetry in engagement with political disinformation? The organization of political 

beliefs among discrete political communities has been a topic of much academic attention 

since Converse (1964) first proposed the concept of belief constraint – the idea that 

beliefs are constrained by one another in non-random ways, either by external authorities 

or by logical implications. But Martin (2002) took this idea a step further, formalizing the 

idea of constraint into two unique measures – consensus and tightness – the sum of which 

composed the overall constraint of beliefs in a given community. Martin also 
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hypothesized how specific qualities of the authority structure (presence and clarity) in a 

given community would affect these two measures of constraint.  

For my purposes here, Martin’s hypothesized relationship between clarity of 

authority and tightness of beliefs in a given community is most relevant. Clarity is the 

degree to which members of a community can agree on the authority structure of their 

community. Tightness is the degree to which holding one belief is correlated with holding 

other beliefs within the community. Martin argued that that the greater the clarity of an 

authority structure in a given community, the tighter the beliefs in that community should 

be. To use an example from Martin himself, the more Catholics agree on the authority of 

the pope and other officials to make pronouncements about the nature of the universe and 

morality, the more holding pro-life views will be predictive of something ostensibly 

unrelated like the age of the universe.  

Martin tested this proposition using Zablocki’s (1980) dataset of communes in the 

United States . These data were ideal for Martin given the discrete nature of these closed 

communities and the strong authority structures that dominated many of them. Indeed, 

Martin did find that the more members of these communes could agree on what the 

power hierarchy was for their community (clarity), the better holding specific beliefs 

predicted holding other beliefs (tightness). But how does this relationship translate to less 

well-defined communities like self-identifying conservatives in the United States? And 

how should we think of knowledge and authority in the context of national politics in the 

United States? 
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3.6 Conflicting News and Susceptibility to Disinformation 

Martin’s theory has profound implications in the context of the historical shifts 

outlined above in conservative knowledge authorities in both science and political media. 

Although not as self-contained as something like a closed religious commune, self-

identifying conservatives have obviously experienced fantastic changes in the number 

and kind of knowledge authorities they rely on – not only in terms of uniquely 

conservative authorities themselves but also in terms of adjusting allegiances from 

mainstream institutions like academic science and traditional political media to 

conservative sources or some kind of mix of mainstream sources and sources that cater to 

a conservative outlook. Meanwhile, liberals have remained largely loyal to academic 

scientific authority and traditional media (Berry and Sobieraj 2013; Ladd 2012; Stroud 

2011). Both conservatives and liberals, however, have been obviously exposed to a 

greater number of competing knowledge authorities in general in recent years and the 

effect this has had on susceptibility to political disinformation has remained largely 

unexplored.  

Martin’s theory of power, authority, and constraint of belief raises fascinating 

questions about how going from a country where most Americans trusted and got their 

news from one person like Walter Cronkhite, to one where there is such competition and 

open conflict between political news sources, has affected the organization of political 

beliefs among individuals and collective openness to news kinds of information. If 

political authority structures have indeed become less clear, and beliefs less tied to one 
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another by the implication of being reinforced by a common authority, it stands to 

reason that this should lead to greater openness to new beliefs that were less likely 

under more centralized and consolidated knowledge authorities – especially partisan 

beliefs of the kind usually peddled in political disinformation campaigns that appeal to 

pre-existing biases and prejudices. This leads to two hypotheses about how exposure to 

disagreement in political media might make people more susceptible to political 

disinformation: 

!": Exposure to conflicting accounts in news media increases susceptibility to 

political disinformation.  

 

 !$: The effect of exposure to conflicting accounts in news media on susceptibility to 

disinformation will be most pronounced for strong partisans.   

3.7 Methods 

3.7.1 Sample 

To test these hypotheses, I conducted an online experiment using Qualtrics survey 

software and Amazon Mechanical Turk (hereafter, MTurk) to recruit participants (see 

Paolacci and Chandler 2014 and Shank 2016 for reviews on the use of MTurk for 

academic research). Previous research has shown that data from MTurk samples are of 

comparable quality to nationally representative samples and can reliably reproduce 

findings from representative studies (Weinberg, Freese, and McElhattan 2014).   
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Table 4: Descriptive Table of Experiment Sample (N=1214) 

 Mean SD Min Max 

Age 38.86 12.16 18.00 80.00 

White 0.79 0.41 0.00 1.00 

Female 0.49 0.50 0.00 1.00 

Income 6.11 3.03 1.00 12.00 

Bachelors 0.55 0.50 0.00 1.00 

Hispanic 0.09 0.28 0.00 1.00 

Republican 0.51 0.50 0.00 1.00 

Democrat 0.49 0.50 0.00 1.00 

Conservative 0.24 0.43 0.00 1.00 

Liberal 0.27 0.44 0.00 1.00 
Strong 

Republican 0.15 0.36 0.00 1.00 

Strong 
Democrat 0.18 0.38 0.00 1.00 

 

Furthermore, I used the service Turk Prime to allow quota sampling for region and party 

identification. In total, I achieved a sample of 1,214 participants. Table 4 contains 

descriptive statistics for this sample.   

3.7.2 Experimental Design 

Once participants opted into the study on MTurk, they were invited to take an 

online survey where they were asked to answer a short series of demographic questions 

as well as a few questions about their political identity. Of primary importance for the 

experimental design was a question that asked about political party identity. Participants 

were asked, “Generally speaking, do you think of yourself as an a) Republican, b) 
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Democrat, c) Independent, d) Other, or e) No preference.” Those answering anything 

other than Democrat and Republican were filtered into a forced choice question where 

they had to answer to which party they lean.  This allowed me to record a measure of 

political party identity for all participants and to block randomize on political party for 

even filtering of self-identifying Republicans and Democrats into the treatment and 

control conditions, ensuring results are not biased by imbalance on this measure.  

Once participants are randomly filtered into treatment and control conditions, they 

all read three short news stories on the subject of a Salmonella outbreak: one from Fox 

News, one from CNN, and one from a made-up news source I named Metro News 

Examiner (hereafter MNE). In the treatment condition, participants are exposed to 

conflicting accounts in news media in the form of Fox News and CNN disagreeing on the 

source of the outbreak – whether it came from the chicken distributor or a chicken 

restaurant. In the control condition, Fox News and CNN agree that the source of the 

outbreak is either a chicken restaurant or the chicken distributor. Both conditions were 

counter-balanced on news sources blaming restaurant and distributor on the off-chance 

any partisanship is primed by imbalance there.  

All participants in control and treatment are then exposed to the same MNE story. 

This third story is a partisan conspiracy narrative that reports the Salmonella outbreak 

was caused by political activists trying to make people sick to suppress voter turnout. 

Importantly, for this story, self-identifying Republican participants read a story about 

Democrat activists and self-identifying Democrats read a story about Republican 

activists, mimicking the partisan nature of contemporary disinformation on social media 
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(Allcott and Gentzkow 2017; Grinberg et al. 2019; Guess et al. 2018a). All three stories 

are followed by a question asking, “Please tell us how believable you find the story you 

just read,” with possible answers ranging from “1 - Extremely unbelievable” to “7 - 

extremely believable”. The primary dependent variable is this 7-point believability scale 

attached to the third story – the partisan conspiracy narrative – from the made-up news 

source MNE, constituting the measure of susceptibility to political disinformation (see 

Appendix A for desktop versions of all news stories as they appeared to participants).   

3.7.3 Not Dismissing Political Disinformation 

 How to treat this believability scale in the subsequent analysis involved 

balancing several considerations that took into account theory, data limitations, and the 

distribution of the outcome itself. First, and most importantly, the operationalization of 

the dependent variable must faithfully reflect the outcome the above theory predicts – 

namely, susceptibility or openness to disinformation. A reduction in tightness of beliefs 

does not suggest positive belief in new propositions as much as openness to 

propositions that would have otherwise been perceived as “off limits” by virtue of some 

knowledge authority. Therefore, the outcome of interest is not belief in disinformation as 

much as not dismissing disinformation. Furthermore, research on disinformation is clear 

that a very small minority of strong partisans are responsible for the active spread of 

disinformation. This suggests that belief in disinformation is actually quite low in the 

general population while its more nefarious function may be the extent to which its 

propositions are being entertained. Finally, Figure 3 shows the full distribution of 



 

 53  

believability in the partisan conspiracy narrative among both Democrats and 

Republicans. There is a steep drop off between those firmly disbelieving the story, or 

reporting “not believable” to some degree and those answering only “slightly 

unbelievable” or are more confident in the story for both groups. With all these  

 

Figure 3: Distribution of Disinformation Belief by Party ID (N=1214) 

considerations in mind, I dichotomize my outcome between those firmly dismissing the 

story (answering “1 - Extremely unbelievable” or “2 – Moderately unbelievable”) and 

those who only slightly disbelieve it or are more confident, labelling the latter group as 

“not dismissing disinformation.” 

3.7.4 Analysis 

Independent variables: Analysis of results proceeded in two stages. First, I ran a 

series of simple t-tests on the seven-point believability scale between treatment and 
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control groups to gauge relative susceptibility to disinformation between respondents of 

different political identities. Second, I ran logistic regression models to measure odds of 

not dismissing disinformation based on political identity and condition, while controlling 

for basic demographic variables. Descriptive statistics for political identity and 

demographics are shown in Table 4. For political identity, I use measures for political 

ideology and party. For political ideology, the survey question asks, “Here is a seven-

point scale on which the political views that people might hold are arranged from 

extremely liberal to extremely conservative. Where would you place yourself on this 

scale?” Possible answers are “extremely liberal” (1), “liberal” (2), “slightly liberal” (3), 

“moderate” (4), “slightly conservative” (5), “conservative” (6), and “extremely 

conservative”. The strong party identity question is asked after the respondent identifies 

as either Democrat and Republican (this question is not asked of “leaners” who are 

filtered into the forced choice question), and asks, “Would you call yourself a strong 

[Democrat/Republican] or not a strong [Democrat/Republican]?” Possible answers are 

“strong” (1) and “not very strong” (2).    

Controls: I also controlled for demographics in my logistic regression models 

including age, race, ethnicity, gender, income, and education. To capture age in models, I 

use self-reported birthdate and standardized due to heteroskedasticity when modeling the 

outcome. I operationalize race as identifying as white with the comparison group being 

non-white respondents. The survey also asks, “Are you Spanish, Hispanic, or Latino or 

none of these?” I use a dummy variable for those answering “yes” (1) for Hispanic and 0 

for everyone else. For gender, I use a dummy variable for identifying as female (1) and 0  
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Figure 4: Susceptibility to Disinformation with 95% Confidence Intervals, Full 
Sample (N=1214) 

for everyone else. For income, the survey asks, “Thinking back over the past year, what 

was your family’s annual income?” Possible answers range from 1 (less than $10,000) to 

12 ($150,000 or more). The mean of the scale, as reported in Table 4 is 6 ($60,000-

$69,000). Education is captured using a dummy variable for those that earned a 

bachelor’s or more advanced degree (1) or did not receive a bachelors’ (0). 

3.8 Results 

 First, to establish baseline partisan differences in susceptibility to disinformation, 

I examine the probability of not dismissing disinformation in the control condition 
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between different operationalizations of partisanship including political ideology, party 

ID, and a measure that combines both. Figure 4 is a simple bar chart showing the 

probability of Republicans and Democrats not dismissing disinformation between 

control and treatment conditions. It is clear that at baseline (control) Republicans are 

significantly more likely than Democrats to not dismiss disinformation, supporting 

previous research that shows stark partisan asymmetries in engagement with 

disinformation. However, this figure also shows that that this difference between 

Republicans and Democrats becomes non-significant in the treatment condition, mainly 

by virtue of Democrats becoming more likely to not dismiss disinformation in treatment. 

Republicans reflect no noticeable change in treatment. To examine possible treatment 

effects more closely, I run logistic regression models that show the effect of treatment on 

susceptibility to disinformation for partisans while controlling for several covariates. 

Figure 5 plots the treatment effect for the full sample for both Democrats and 

Republicans controlling for the aforementioned variables (for full models, see appendix 

B). I plot the inverse logit of the treatment coefficient for both Democrats and 

Republicans, so the x-axis is modeling probability of not dismissing the story with 50% 

or chance being the dotted line in the plots and any coefficients significantly greater than 

50% representing a significant treatment effect. It is clear neither Democrats nor 

Republicans show a significantly greater likelihood of not dismissing disinformation  
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Figure 5: Inverse Logit Coefficient Plot with 95% Confidence Intervals 
Predicting Probability of Not Dismissing Disinformation by Treatment and Party ID 

when exposed to conflicting accounts in news media. Although there seems to be a 

mildly greater treatment effect for Democrats than for Republicans in this full sample, it 

is not significantly greater nor significantly greater than zero. Therefore, I find no 

evidence to support H1 that exposure to conflicting accounts in news media make 
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Figure 6: Inverse Logit Coefficient Plot with 95% Confidence Intervals 
Predicting Probability of Not Dismissing Disinformation by Treatment and Strong 

Ideology 

people in general more susceptible to political disinformation. This finding cautions 

against broad applications of Martin’s theory of knowledge authorities. Although 

Martin uncovered interesting relationships between clarity of authority and belief 

tightness among the communes in his dataset, it seems this does not extend to the type 

of manipulation of epistemic conflict I try here among a general population. But what 

happens when I restrict my analysis to only strong partisans? 
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To see if strong partisans respond to treatment more strongly than others (H2), I 

focus on self-identifying partisans that consider themselves either strong 

Democrats/Republicans, solidly Conservative/Liberal, or both. Figure 6 shows logistic  

 

Figure 7: Inverse Logit Coefficient Plot with 95% Confidence Intervals 
Predicting Probability of Not Dismissing Disinformation by Treatment and Strong 

Party ID 

regression models for strong conservatives and strong liberals. Strong liberals reflect a 

positive and significant treatment coefficient that corresponds with being 12% more 

likely to not dismiss disinformation than those in the control condition. Strong 

conservatives do not seem to be affected by treatment. 
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Figure 8: Inverse Logit Coefficient Plot with 95% Confidence Intervals 
Predicting Probability of Not Dismissing Disinformation by Treatment and Strong 

Partisanship 

Figure 7 models the treatment effect for those reporting a strong party affiliation. 

Results here correspond with those reporting strong ideology but seem slightly stronger. 

Strong Democrats in treatment are about 19% more likely to not dismiss disinformation 

than those in control and this effect is significant. There is not a similar effect for Strong 

Republicans.  

Finally, Figure 8 shows treatment effects for those with both strong ideology and 

strong party ID. Results are in line with the previous two plots. Those on the strong left 
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exposed to treatment are approximately 18% more likely to not dismiss disinformation 

than those in control and no treatment effect is observed for those on the strong right. 

 Taken together, I find evidence that at baseline, those on the political right are 

more susceptible to political disinformation than those on the political left, echoing 

research that has examined this in terms of exposure, sharing, and other observational 

data from social media contexts. As for the main hypotheses, and the positive effect of 

exposure to conflict in news media on susceptibility to political disinformation, I did not 

find evidence of this in a general population (H1). However, I did find strong evidence 

that the effect of exposure to conflict in news media on susceptibility to disinformation is 

stronger for strong partisans (H2), but with the important qualification that this is only 

true for those on the political left. Furthermore, these results seem robust across 

operationalization of strong partisanship including party ID, ideology, and 

incorporating both into a binary measure.   

3.9 Discussion and Conclusion 

Recent research on political disinformation or “fake news” has arrived at many 

important insights into the extent of the problem, the audiences that are most likely to be 

exposed to it and spread it, and the role of partisanship in these dynamics. However, 

there has been much less attention dedicated to the role of susceptibility to 

disinformation and what kind of media consumption patterns lead to greater or lesser 

openness to the kinds of partisan conspiracy narratives often propagated in political 
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disinformation campaigns. This study leveraged sociological research on knowledge 

authorities and beliefs to predict that exposure to conflict in news media should lead to 

increased susceptibility to political disinformation. Experimental results revealed that 

this is true but only for those on the strong left of the political spectrum. This finding has 

several implications for research in the sociology of knowledge, politics, and other fields 

but also raises many more questions about the current political media landscape and the 

relationship between knowledge authority structures and beliefs more generally.  

Martin (2002) theorized that specific qualities of the structure of knowledge 

authority in closed ideological communities would have a direct effect on the 

organization of beliefs within those communities and demonstrated that the clearer the 

authority structure was to the members of the community, the tighter the beliefs would 

be among its members. The present study tests this relationship but extends the scope 

conditions in two important ways. First, it operationalizes clarity of authority as 

agreement in political media under the assumption that exposure to disagreement in 

media constitutes ambiguity of authority in this space. Second, it extends the idea of 

community beyond face-to-face intentional communes and into the imagined 

communities implied by political identities. Although results are mixed, they do suggest 

that these extensions are valid insofar as they demonstrate Martin’s theory in the context 

of liberal audiences and are robust across different operationalizations of liberal 

partisanship. However, much more work needs to be done to demonstrate the 
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alignment of these results with Martin’s theory. This includes operationalizing clarity 

using observational data on media consumption, self-reported media consumption, and 

different measures of exposure to conflict in news media. In terms of the latter, this 

might include exposure to ideologically-aligned media reporting critically on other 

media sources’ practices or more in-depth explorations of how active and passive 

consumption (sometimes called incidental exposure) (Tewksbury et al. 2001; 

Yadamsuren and Erdelez 2010) affect perceptions of clarity of authority.  

These results also join other recent studies (see for example Bail et al. 2018) in 

questioning the benefits of increased exposure to counter-attitudinal information in 

terms of addressing increasing political polarization. While Bail et al. (2018) 

demonstrated strong backfire effects among Republicans after exposure to counter-

attitudinal information, the present study shows that Democrats become more 

susceptible to political disinformation when exposed to conflicting accounts of news 

events from sources widely perceived to be partisan. It is not a stretch to assume that 

regular consumption of Fox News and CNN will result in exposure to conflicting news 

accounts – especially in the form of opinions and analysis – and so may result in 

increased susceptibility to partisan conspiracy narratives based on the present findings. 

Future research, then, should explore in what contexts, and in what manner, increased 

diversity of news consumption is beneficial and contributes to decreased political 

animosity as well as more accurate knowledge about political issues and events.  
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Finally, these results raise fascinating questions about how the relationship 

between exposure to disagreement in media and susceptibility to disinformation is 

playing out in the real world. If conservatives are more susceptible than liberals to 

disinformation at baseline, why is it that only liberals responded to this treatment? 

There may be a few explanations for this. First, we are already living in a very different 

time than in 2016 when a lot of descriptive research was being done on political 

disinformation. The left has been out of power at every level of the federal government 

for two years, liberal social movement activity is up, and according to theory in political 

science on conspiracy theories and powerlessness mentioned above (Uscinski et al. 2016; 

Uscinski and Parent 2014), all this might indicate a renewed willingness for strong 

liberal partisans to consider conspiracy theories and to be more open to liberal 

disinformation. Second, conservatives may be more likely to be exposed to conflicting 

accounts in media on a day-to-day basis and so are generally more likely to accept 

partisan disinformation but are not as affected by a treatment that is just replicating this 

phenomenon. Strong liberal democrats, however, may not be as likely to experience this 

exposure in the real world and so are affected by a treatment that exposes them to 

conflicting accounts in news media. This kind of story can be tested with observational 

data and measures that are able to capture the kind of exposure to conflicting accounts 

that are covered here.  
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Empirical social science came of age in the middle of the twentieth century when 

political media and science in the United States were dominated by well-established and 

well-regarded journalistic and academic institutions respectively. Indeed, normative 

concerns about these institutions were characterized by anxieties about this dominance 

and the potentially deleterious effects of mass persuasion and non-reflective epistemic 

deference (see for exmaple Latour and Woolgar 1979; Lazarsfeld and Merton 1957). But 

we now live in an age where the cultural and political differentiation of these 

institutions are threatening any semblance of shared understandings of political – and 

even existential in the case of climate change – problems and where the diversity and 

multiplicity of knowledge authorities could itself be undermining healthy and 

productive democratic discourse. The preceding study aimed to illustrate one 

unanticipated effect of this kind of diversity, operationalized as conflicting accounts, in 

the form of the threat of growing susceptibility to highly partisan conspiracy narratives. 

Building on research on attitudes toward political others, issue-specific attitudes, and 

other kinds of political polarization, this study extends these processes from what 

people feel, and think they know, to what they are open to knowing.  
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4. Susceptibility to Disinformation is Associated with 
Ideologically Heterogeneous Media Diets 
4.1 Introduction 

 The influence of media diets in making people more susceptible to political 

disinformation or more likely to be exposed and share such content, has been touched 

on by various studies (Allcott and Gentzkow 2017; Grinberg et al. 2019; Lazer et al. 2017) 

but has yet to receive its own focused scholarly attention. The studies above, for 

instance, examine implications of the differentiation of scientific and political knowledge 

authorities – specifically the management of positive scientific attitudes among 

conservatives and susceptibility to disinformation – but neither directly tests how 

diverse media diets affect political outcomes we care about including propensity to 

engage with political disinformation. This is more crucial than ever at a time when news 

consumers are reporting an unprecedented level of political news fatigue while 

consuming more news on social media than ever before (Gottfried and Barthel 2018; 

Gottfried and Shearer 2016; Shearer and Matsa 2018).  

Furthermore, partisan asymmetries in news diet diversity and disinformation 

engagement remain poorly understood. In terms of the former, studies have outlined 

general patterns in new consumption among partisans, but detailed analyses of 

ideological diversity have remained rare (although see Eady et al. 2019). In terms of the 

latter, it has been well established that engagement with political disinformation has 
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been almost exclusively a phenomenon of the far-right (Allcott and Gentzkow 2017; 

Grinberg et al. 2019; Guess et al. 2018a). But exactly why this is the case has remained a 

point of conjecture. This study attempts to address these gaps by using two kinds of 

data. First, I use self-reported media consumption measures from the American National 

Election Study to examine whether ideological diversity of media diets predicts belief in 

partisan conspiracy ideas – specifically believing Barack Obama is secretly a Muslim and 

that the U.S. government knew about 9/11 before it happened – allowing me to test 

whether diversity in news media has a direct relationship with believing disinformation 

as opposed to disinformation engagement being an indirect consequence of greater 

overall social media activity. Second, I collect data from a large sample of engagers with 

conservative political content on Twitter and use these observational data to examine 

how ideological diversity of consumption of political news affects propensity to engage 

with political disinformation among conservative audiences, specifically. 

4.2 Diversity in Media Diets 

Studies addressing the topic of ideological diversity in media diets, especially 

with regard to partisan asymmetries, have been primarily concerned with “selective 

exposure” in new consumption, or the extent to which political partisans tend to opt into 

only the news that appeals to their political sensibilities. However, very little evidence 

has emerged that selective exposure is subject to the same asymmetries we might find in 

the emergence of extreme partisan media (Berry and Sobieraj 2013; Ladd 2012) or 
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political disinformation engagement (Allcott and Gentzkow 2017; Grinberg et al. 2019; 

Guess et al. 2018a) and even less is known about the effect of non-intentional exposure 

to counter-attitudinal information. However, recent work has begun to acknowledge 

that conservatives are, on average, more exposed to cross-cutting media than liberals 

primarily by virtue of the reach of “mainstream” media which is often perceived as 

liberal and coded as such in research studies (Eady et al. 2019).  

Early work on this topic was mainly concerned with exposure to counter-

attitudinal views in fact-to-face social networks. For instance Mutz (2002) found little 

evidence of partisan asymmetry in selective exposure but did find that exposure to face-

to-face counter-attitudinal views, or what she called “cross-cutting networks” led to 

retreat from political conversation and participation – essentially political ambivalence 

(although see Huckfeldt, Johnson, and Sprague 2004). Mutz (2001) also asked study 

participants whether they were exposed to counter-attitudinal information in media and 

found that Republicans reported much higher rates of this than did Democrats with 

regard to television and newspapers although political partisans on both sides reported 

similar levels of politically congruent social networks.  

Recent research on media diversity has been largely agnostic about the role of 

exposure to counter-attitudinal information across mediums, opting instead to rely on 

observational social media data to measure media exposure. However, this research is 

similar to previous studies on cross-cutting networks in that it has discovered 
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potentially negative effects of exposure to broad political viewpoints, not the least of 

which is becoming even more entrenched in previous political as part of a “backfire 

effect” (Bail et al. 2018; Nyhan and Reifler 2010). Together, this research constitutes 

considerable evidence that aspiring to an idyllic Habermasian (1981) public square, 

where public debate and discourse can give rise to shared understandings and solutions 

to social problems, is not only fraught but under certain circumstances, can itself harm 

productive discourse. 

4.3 Disinformation and Media Diversity 

Recent studies on political disinformation have not ignored the role of broader 

political media ecosystems but analyses have been focused on relative extremeness of 

partisan news diets as opposed to diversity itself. Grinberg et al. (2019), for example look 

at the position of disinformation sources in the broader environment of political news 

but the primary individual-level measure of news consumption is selective exposure to 

belief-congruent content. Similarly Guess (2016) and Guess, Nyhan, and Reifler (2018b) 

use a measure of media consumption that is the average of ideology scores of media 

sources consumed for any given individual but which does not capture ideological 

diversity of content for these individuals. An individual’s average ideology score might 

be able to tell us how their overall consumption pans out in terms of their exposure to 

different news sources, but it does not tell us how different those news sources are.  
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These studies have discovered compelling evidence that exposure to, and 

subsequent dissemination of disinformation, is strongly correlated with having an 

extremely partisan news diet. However, extremity and diversity are not mutually 

exclusive and the nefarious effects of exposure to diverse viewpoints outlined above 

have not been systematically examined as possibly contributing to increased 

susceptibility to disinformation. Instead, anxieties about echo-chambers and increasing 

partisanship have over-shadowed considerations that exposure to counter-attitudinal 

information – usually considered an important part of arriving at accurate perceptions 

of political events – is itself undermining widely shared understandings of truthfulness 

in news.  

4.4 Clarity and Media Diversity 

As research in these areas continues, fears about the growing prevalence of 

strong echo-chambers, where political partisans are totally excluded from opposing 

views, are being tempered (Dubois and Blank 2018) and there is even emerging evidence 

of partisan asymmetry in exposure to ideologically cross-cutting media, with 

conservatives being more likely to be exposed to liberal media than liberals to 

conservative sources (Eady et al. 2019), mainly by virtue of being exposed to 

“mainstream” sources like CNN and the large networks. Taking this recent evidence 

into account renders Martin’s theory of clarity of knowledge authority evermore 
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relevant as a way of thinking through the implications of a political media eco-system 

that is not only diverse but unevenly so for audiences of different political affiliations.  

In chapter 3, I outlined the implications of Martin’s theory for analyzing media 

diets and susceptibility to disinformation, arguing that the more diverse or conflicted a 

media environment is, or the less clear knowledge authority is, the more susceptible one 

will be to new beliefs that appeal to partisan biases. However, I tested this argument in 

an experimental setting, operationalizing conflict quite literally as two news sources 

disagreeing over empirical facts. In the following analyses, I leverage measures of 

individual-level news consumption and partisanship scores (or ideology scores) 

assigned to specific media sources. Specifically, I measure exposure to ideological 

diversity in political media by calculating variance of ideology scores in individuals’ 

news diets and assess its relationship with various outcomes associated with belief or 

engagement with political disinformation. I do this in two “real world” contexts – 1) 

using a nationally representative survey and 2) using data on engagement with political 

media sources on Twitter. 

4.5 Methods 

4.5.1 American National Election Study Analysis 

Data: This study uses the American National Election Study (ANES) 2016 Time 

Series Study although the present analysis uses the ANES media consumption variables 

which were not part of the time-series design. The ANES 2016 Time Series is a 

continuation of the series of nationally representative election studies conducted by the 
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ANES since 1948 to support analysis of public opinion and voting behavior in U.S. 

presidential elections. The 2016 study features a dual-mode design with both traditional 

face-to-face interviewing (n=1,181) and surveys conducted on the Internet (n=3,090), and 

a total sample size of 4,271. Data collection for the ANES 2016 Time Series Study began 

in early September and continued into January 2017. Pre-election interviews were 

conducted with study respondents during the two months prior to the 2016 elections and 

were followed by post-election re-interviewing beginning November 9, 2016. Face-to-

face interviewing was complemented with data collection on the Internet. Data collection 

was conducted in the two modes independently, using separate samples but substantially 

identical questionnaires. Web-administered cases constituted a representative sample 

separate from the face-to-face.14 

Key Dependent Variables: The key dependent variables in this analysis are two 

measures of belief in conspiracy theories. Both of these measures were recorded in the 

“post” portion of the survey design. For a measure of belief in conservative conspiracies, 

I use a question asking about belief that Barack Obama is a Muslim. Specifically, this 

question asks, “Is Barack Obama a Muslim, or is he not a Muslim?” with possible 

answers being “Muslim”, “Not a Muslim”, and “Don’t Know.” This question was then 

followed up with the question, “How sure are you about that?” with possible answers 

distributed on a five-point scale being, “Extremely sure”, “very sure”, “moderately sure”, 

                                                   

14 ANES. 2017. User’s Guide and Codebook for the ANES 2016 Time Series Study. Ann 
Arbor, MI and Palo Alto, CA: the University of Michigan and Stanford University. 
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“a little sure”, or “not at all sure”. These two variables together constitute an 11-point 

scale (1-11), from “1 - Extremely sure” Barack Obama is not a Muslim to “11 - 

Extremely sure” Barack Obama is a Muslim, and “6 - Don’t know” constituting the mid-

point of the scale. In the analysis, I treat this outcome as a binary indicator, following 

findings from chapter 3, and choose a cut-off that best represents openness to this belief. 

Therefore, I separate those that are only “a little sure” Barack Obama is not Muslim or 

are more confident that he is a Muslim (1) and those that answer being moderately to 

extremely sure that he is not Muslim (0).  

For a measure of liberal conspiracy belief, I use a question asking whether 

participants believe the U.S. government knew about the 9/11 terrorist attacks before they 

happened. Although, this conspiracy theory belief is not typically thought of as partisan, 

evidence suggests that being solidly Democrat is a strong predictor of holding this belief, 

which makes sense since this conspiracy theory implicates the Republican administration 

of George W. Bush (Stempel, Hargrove, and Stempel 2007). This question is stated in the 

form of a four-point scale, asking, “Did senior federal government officials [definitely 

know about the terrorist attacks on September 11, 2001 before they happened, probably 

know about the terrorist attacks on September 11, 2001 before they happened, probably 

not know about the terrorist attacks on September 11, 2001 before they happened, or 

definitely not know about the terrorist attacks on September 11, 2001 before they 

happened]?” Because there is not follow up question asking respondents about their 

confidence in their answer, as with the other outcome variable, I dichotomize this 

variable evenly, separating those that believe that the U.S. government “definitely” or 
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“probably” knew (1) and those that believe the U.S. government “definitely” or 

“probably” did not know (0).  

Key Independent Variable: I use existing partisanship scores to operationalize 

media sources’ ideology and therefore audience members’ overall media diversity scores. 

These scores are audience-based measures of ideology for each news source and run from 

a -1 to 1 scale with -1 being very liberal and 1 being very conservative. These scores 

were calculated as part of the same project from which the present study acquired the 

original random sample of political tweets (Faris et al. 2017) that I describe below. 

Therefore, the scores are based on the 2016 presidential election and social media 

audience members’ sharing patterns with regard to the two major presidential candidates. 

More concretely, a media source that was included only in tweets of accounts that 

retweeted Hillary Clinton received a score of -1.0, and if found only in tweets of those 

who retweeted Trump, the media source was given a score of 1.0. For a media source that 

was included in tweets from equal numbers of accounts in both groups, the score is 0. 

Appendix C includes a table of all media sources included in these data and their 

associated partisanship scores.  

Having settled on a measure of partisanship for different media sources, the task 

then becomes establishing a measure of diversity in ideology across media sources for 

any individual. To do this I draw from self-reported media consumption measures. The 

ANES asks, “Which of the following [television/radio/newspapers] (programs) do you 

[watch/listen to/read] regularly? Please check any that you [watch/listen to/read] at least 

once a month.” Possible answers include a variety of newspapers as well as radio and 
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television programs. Respondents can either select the named media source (coded 1) or 

not (0). I use these data by turning all respondents into vectors of partisanship scores,  

Table 5: Descriptive Statistics for ANES 2016 Sample (N=2,617) 

 Mean SD Min Max 

Obama Muslim 0.45 0.50 0.00 1.00 

Government 
Knew 9/11 0.35 0.48 0.00 1.00 

Ideology 
Variance 0.02 0.03 0.00 0.27 

News 
Consumption 5.89 1.66 0.00 7.00 

Strong 
Republican 0.18 0.38 0.00 1.00 

Strong 
Democrat 0.23 0.42 0.00 1.00 

Ideology Max 0.37 0.45 0.00 0.99 

Ideology Min -0.47 0.23 -0.74 0.00 

Religious 
Attendance 0.31 0.46 0.00 1.00 

Married or 
Cohabitating 0.61 0.49 0.00 1.00 

Age 6.63 3.41 0.00 12.00 

White 0.83 0.37 0.00 1.00 

Hispanic 0.09 0.28 0.00 1.00 

Female 0.53 0.50 0.00 1.00 

Bachelor’s 
Degree 0.44 0.50 0.00 1.00 

replacing all positive responses (1’s) into that source’s associated partisanship score and 

then calculating the variance in partisanship for each person. There has been much debate 
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over whether these self-reported measures are valid. For instance, they do not measure 

online exposure to political media content and self-reports are often unreliable  (see for 

example Goldman, Mutz, and Dilliplane 2013; Prior 2013b). However, for my purposes, 

the critiques levelled at these measures would render my analysis a conservative test of 

the theory elaborated above.  

Control variables:  In regression models, I control for several variables that have 

been shown to be associated with belief in conspiracy theories and engagement with 

political disinformation as well as standard demographics. In terms of variables shown to  

be associated with disinformation, I control for self-reported political party and news 

consumption. I operationalize political party differently for my two outcomes but for both 

I use the same question. The ANES asks, “Generally speaking, do you usually think of 

yourself as [a Democrat, a Republican/ a Republican, a Democrat], an independent, or 

what? Possible answers are, “No Preference”, “Democrat”, “Republican”, “Independent”, 

and “Other“. A follow-up question then asks, “Would you call yourself a strong 

[Democrat / Republican] or a not very strong [Democrat / Republican]?” Possible 

answers are “Strong” and “Not very strong”. Following findings from chapter 3, I then 

assign dummy variables to indicate self-identifying Strong Republicans and Strong 

Democrats respectively in order to be able to test how strong party identity interacts with 

ideological variance in media diet in terms of predicting belief in partisan conspiracy 

theories. I also control for maximum ideology score and minimum ideology score for the 

Obama Muslim and 9/11 outcomes respectively to account for the effect of extremely 

conservative or extremely liberal media diets. And following other research on 
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conspiracy theory belief that indicate social isolation is related to conspiracy theory 

ideation (Hofstadter 1964; Stempel et al. 2007), I include two measures of social 

integration including a dummy variable for reporting being married or cohabitating and a 

dummy variable for reporting attending religious services every week or almost every 

week. For other demographic variables, I control for gender using a binary indicator for 

female (coded 1) with those identifying as male as the comparison group. I control  

for age using a continuous indicator (0-12 where each category between 0-11 represents a 

four-year black between the ages of 18 and 74 and 12 represents being 75 or older). For 

education, I include an indicator for those who have completed at least a bachelor’s 

degree (coded 1), with those with less than a bachelor’s degree as the comparison group. 

Race and ethnicity are captured by two binary indicators (coded 1) for white individuals 

and those of Hispanic descent, with non-white and non-Hispanic individuals as the 

comparison groups respectively.  

Analysis: I model both of my outcomes – openness to the belief Barack Obama is 

a Muslim and believing that the U.S. government knew about the 9/11 terrorist attacks – 

as binary variables. Therefore, for these outcomes I use standard logistic regression to 

measure how variance in ideology consumption, and the other independent variables, 

affect probability of believing these theories.  

4.5.2 Twitter Analysis 

Data: To examine the relationship between ideological variance of political media 

and propensity to engage with political disinformation among conservative audiences on 

social media, I collected a large sample of tweets. Acquiring a useable sample of tweets 
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from conservative audiences was a multi-stage process. First, I acquired a random sample 

of political tweets from Harvard’s Berkman Klein center who used this sample in their 

own analysis (Faris et al. 2017). The original sample was 4.5 million tweets collected by 

survey firm Crimson Hexagon and which mentioned any candidate who was in first or 

second place at any point during the 2016 primary or general election (Jeb Bush, Ben 

Carson, Hillary Clinton, Ted Cruz, Carly Fiorina, John Kasich, Marco Rubio, Bernie 

Sanders, Donald Trump, and Scott Walker). I was able to use the tweet id’s of these 

tweets to scrape the tweets themselves and due to accounts and tweets being deleted 

overtime, was able to salvage a random sample of 3,209,517 political tweets.  

But to measure diversity in news consumption at the individual level, I needed 

much more individual-level consumption data than is provided by a random cross-

section sample. Additionally, I am interested in this relationship among conservative 

audiences. Therefore, I focused on those engaging with conservative media by cross-

referencing the random sample of political tweets with a list of media outlet twitter ID’s 

to isolate tweets directly engaging with conservative media outlets in some way. This 

rendered 139,697 usable tweets from 88,370 users. I then used the twitter user id’s of 

those 88,370 users to scrape each of their latest 3,200 tweets, twitter’s limit, resulting in a 

random sample of 282,784,000 tweets from conservative engagers on Twitter, giving me 

the rich individual level media engagement data necessary to examine media 

consumption patterns.  
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For data processing reasons, I focus on a random sample of these tweets (n= 

529,578) and subset these data to only those tweets that represent engaging with one of 

the sources assigned a partisanship score. This results in a total of 24,536 tweets from 162 

individuals on Twitter. This small number of tweets and people is unsurprising given 

that we know the vast majority of twitter activity is non-political and that a small 

minority of people are driving consumption of political news and especially political 

disinformation (Allcott et al. 2018; Gentzkow, Shapiro, and Taddy 2016; Grinberg et al. 

2019). As with the ANES data, I am then able to turn individuals into vectors of 

partisanship scores (the same ones used in the ANES analysis and included in Appendix 

C) and calculate summary measures of their ideological consumption in order to 

establish relationships with sharing political disinformation.  

Fake News: Finally, I follow Lazer et al. (2017) in coding sources as political 

disinformation at the media source level and defining it as “misinformation that has the 

trappings of traditional news media, with the presumed associated editorial processes” 

(pg. 4).  More specifically, I use the same dataset and coding scheme as Grinberg et al. 

(2019), who separated disinformation sources into three separate categories: black 

(n=171), red (n=64), and orange (n=65). Sources coded black published almost 

exclusively fabricated content, sources coded red actively spread falsehoods and do not 

follow any editorial norms, and sources coded orange were more ambiguous in terms of 

whether false content was purposeful or arose from systemic processes (Grinberg et al. 
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2019:1). In the analyses below, I code all black, red, and orange sources as 

disinformation. To see full list of all sources including those that were coded as 

disinformation, see appendix B. For the full table of Grinberg et al’s (2019) coding 

scheme, see appendix D.  

4.6 Results 

4.6.1 ANES Results 

Results from the regression analysis evaluating belief that Barack Obama is 

secretly Muslim are shared in Figure 9, where the inverse logit coefficients for all 

independent variables are plotted. This plot shows the probability of openness to 

believing Barack Obama is secretly Muslim dependent on any one unit increase in the 

independent variables and is ordered, top to bottom, by probability. Here, the .5 

probability on the x-axis represents chance or no effect with coefficients and their 

associated 95% and 99% confidence intervals falling either below or above representing 

significant effects.  

Having a bachelor’s degree is most negatively associated with the outcome and 

is associated with being about 20% less likely to believe Barack Obama is Muslim 

(p<.001). A one standard deviation increase in ideology variance is associated with being 

about 12% less likely to believe this, in contrast to predictions derived from the previous 

analysis (p<.001). Frequency of news consumption is also negatively associated with the 

outcome (p=.02). Being married, being Hispanic, and age have no significant association 
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with the outcome. However, being female, regular religious attendance, being white, 

consuming highly conservative news, and being a strong republican are all positively 

and significantly predictive of believing Barack Obama is Muslim, with the latter being 

associated with a 30% greater likelihood of believing this.  The two interactions with 

ideology variance of news diet – overall amount of news consumption and being a 

strong Republican – have associations of similar positive magnitude and are statistically 

significant (p=.002 and p=.01 respectively). This is interesting since the independent  

 

Figure 9: Inverse Logits of Coefficients (with 95% and 99% CI’s) from Logistic 
Regression Model Predicting Belief that Barack Obama is Secretly Muslim  

Strong Republican

Ideology Max

White

Religious Attendance

Ideology Variance X Strong Republican

Ideology Variance X News Consumption

Female

Hispanic

Age

Married

News Consumption

Ideology Variance

Bachelors

0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9
Probability



 

 82  

effects of Ideology Variance and News Consumption are negative, suggesting that by 

themselves, consuming diverse news or consuming a large amount of news are 

protective in terms of believing partisan conspiracy theories, but that together, they can 

have adverse effects. And of course, the positive interaction of ideology variance and 

strong party identity is reminiscent of experimental findings from chapter 3.  

 

 

Figure 10: Inverse Logits of Coefficients (with 95% and 99% CI’s) from Logistic 
Regression Model Predicting U.S. Government Knew about 9/11 

Results from the regression analysis evaluating belief that the U.S. government 

knew about 9/11 are shared in Figure 10. Similar to the previous outcome, having a 
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bachelor’s degree is most negatively associated with believing this conspiracy theory but 

the effect is less dramatic and is only associated with being about 15% less likely to 

believe (p<.001). Supporting previous research, the social integration variables of being 

married or living with a partner or attending religious services are negatively associated 

with the outcome and being non-white or Hispanic are strongly associated with the 

outcome. The independent effect of news consumption is negative and significant 

(p=.02), associated with being about 3% less likely to believe this conspiracy theory and 

the negative age coefficient suggests this belief is more popular among younger people 

(p=.005). Several predictors in this model are not associated with belief in the outcomes, 

including gender, consuming very liberal news, or having a highly variable media. The 

effect of the interaction terms, however, are interesting for a few reasons. First, as in the 

models predicting believing Barack Obama is a Muslim, having a ideologically variable 

news diet and consuming more news is associated with not believing this conspiracy 

theory (though not significant in terms of the former) unless these things occur together, 

when they begin to predict the opposite although in this model the interaction does not 

reach significance. Additionally, the interaction term representing having a highly 

variable media diet and being a strong Democrat is positive and though non-significant, 

demonstrates similar patterns with the previous outcome. This is suggestive support for 

findings from Chapter 3 that find that strong liberals exposed to conflict in news media 

become more susceptible to partisan conspiracy narratives.  
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4.6.2 Twitter Results 

 Figure 11 shows simple descriptive density plots of the ideological makeup of 

twitter users’ political media diet and compares several ideological summary statistics 

between disinformation sharers and non-sharers. Included measurements taken for each 

individual in the sample are ideology maximum (most conservative source), ideology 

minimum (most liberal sources), number of total sources consumed, ideology variance, 

ideology mean, and ideology sum. Ideology maximum represents the most conservative 

source consumed by an individual. Ideology minimum represent the most liberal sources 

consumed by an individual. Ideology variance, as discussed above, is meant to represent 

the general ideological diversity of a person’s media diet. Ideology mean represents 

average ideological consumption. Finally, ideology sum is a useful measure for 

evaluating how total ideology pans out additively. In other words, a high sum represents 

someone with very active conservative engagement and very little liberal engagement 

whereas low sum represents either low activity or balanced engagement.  

Looking at results across all of these measures, there are clear differences 

between disinformation sharers and non-sharers. First, Figure 11A shows that 

disinformation sharers are much more likely than non-sharers to have engaged with a 

very conservative news source. This is not surprising since the vast majority of 

disinformation is conservative in nature and several disinformation sources in these data 

are themselves coded as extremely conservative. However, Figure 11B shows 

disinformation sharers are also more likely than non-sharers to have engaged with very  
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Figure 11: Ideology Distributions for Conservative Engagers on Twitter (N=162) 
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liberal sources. The difference between sharers and non-sharers is not as extreme as with 

maximum scores but this is notable considering that disinformation sources are 

overwhelmingly conservative in their content. Not only are disinformation sharers more 

likely to engage with very conservative and very liberal content, Figure 11C shows they 

engage with more sources overall than non-sharers, while Figure 11E (ideology mean) 

and Figure 11F (ideology sum) indicate that most of this engagement is with conservative 

evaluating partisan conspiracy theories that have unique partisan appeal with these 

audiences. Second, these results also suggest that ideological diversity of news 

consumption and habitual news consumption, by themselves, are negatively associated 

with believing these conspiracy theories but that when combined, or combined with 

strong partisanship, these beneficial effects are largely negated. The descriptive analysis 

of Twitter data seems to support this conclusion, showing that those sharing 

disinformation also engage with more, and more different kinds, of news sources. 

 Together, these analyses examining associations between ideology variance in 

news consumption and susceptibility to political disinformation complement existing 

research on echo-chambers and backfire effects by demonstrating how exposure to 

counter-attitudinal views among partisans may have the effect of exacerbating partisan 

views. Specifically, while other studies show how political partisans can become even 

more entrenched in their views when exposed to counter-attitudinal content (Bail et al. 

2018; Nyhan and Reifler 2010), this study shows how general exposure to diverse media 
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over time among partisans is associated with believing partisan conspiracy narratives. 

Furthermore, those spreading disinformation online are not in political echo-chambers 

but are more likely to be engaging with a wide variety of media. This adds to a growing 

body of evidence that heterogenous political media diets alone are not enough to combat 

worsening political polarization and that this can in fact have harmful effects.  

This study, however, is not able to identify the mechanism of these effects but 

existing research points toward a few possibilities. Drawing from the aforementioned 

literature on backfire effects, one explanation might be something similar to what we see 

in those studies but more durable and over a longer period of time – more of a slow 

burn than a backfire. One can imagine that a convinced partisan, firm in her political 

beliefs, being regularly exposed to counter-attitudinal media might be consistently 

incensed and motivated to confirm prior beliefs and even consider new, highly partisan, 

and even dubious beliefs. Whether such an effect is mainly intellectual or emotional is 

an open question but could be addressed by future research on backfire effects and 

associated mechanisms.  

 Of course, the theory motivating this study, as well as chapter 3, is Martin’s 

theory of clarity of knowledge authority and belief. This explanation interprets openness 

to partisan conspiracy theory as the result of a less constrained belief-space by virtue of 

the absence of a strong centralized authority. While this theory was originally tested in 

the context of discrete and rather self-contained communes, the results here offer mixed 
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support for the application of this theory in the broader social context of U.S. political 

news media. For instance, in the ANES analyses, the independent effect of ideology 

variance was strongly negative, indicating that ideological diversity of media diet alone 

does not lead to greater openness to political beliefs. However, consuming a lot of news 

with a lot of variance does seem to have this effect. This is evidence that ideological 

variance of media diet, without taking into account partisanship, is playing a role in 

susceptibility to these kinds of partisan beliefs, offering support for the application of 

Martin’s theory in the context of political media. That said, indicators of partisanship 

remain the strongest independent predictors of belief in these conspiracies and demand 

attention in any future studies that seek to examine the effect of ideological diversity of 

media consumption on political beliefs. 

5. Conclusion 
The three preceding studies examined how the explosion of partisan knowledge 

authorities in the late-twentieth and early twenty-first centuries has affected patterns of 

belief and trust in the United States. Specifically, these studies assessed the fields of 

science and political media – two areas dominated by strong centralized knowledge 

institutions and that have fairly recently faced robust challenges to that authority in the 

form of conservative social movements dedicated to offering alternative sources of 

knowledge and expertise to conservative audiences. In the scientific field, this has 
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resulted in stark declines in trust in scientists among conservatives, although belief in 

science itself has remained strong and constant. In Chapter 2, I showed how 

conservative identity maintains this balance and argue that this is made possible by the 

availability of alternative conservative knowledge authorities that both offer ostensibly 

scientific information and undermine trust in mainstream academic science. 

Then, turning to the topic of political media in Chapters 3 and 4, I argued that the 

growing availability of a variety of partisan knowledge authorities, in the form of 

political media sources, could itself be undermining shared understandings of truth in 

politics and could be opening the door to highly partisan and false beliefs. In chapter 3, I 

examined this possibility using the case of political disinformation and showed how 

exposure to conflict in political news can make partisans more susceptible to partisan 

conspiracy narratives. In chapter 4, I tested the effect of exposure to conflict and 

diversity in news on susceptibility to political disinformation in the real world using a 

national representative survey and a large sample of tweets from Twitter. I found that 

ideological variance in media diet does seem to make people more susceptible to 

disinformation but that this effect is dependent on being a strong political partisan, 

consuming a large amount of news, or both. 

These findings challenge the popular narrative that the most effective remedy for 

worsening political polarization would be for political partisans to exit their echo-

chambers and give the other side a fuller more engaged listen – that if only our 
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politicians, pundits, and most vocal citizens would broaden their views more, they 

would find that the other side is reasonable and fair and that there remains much to 

agree on. According to this common wisdom, the more ideas the better and in the 

marketplace of ideas, the cream, as it were, should always rise to the top. This of course 

is not necessarily untrue and, indeed, seeking out diversity of ideas is a worthwhile, 

healthy, and beneficial endeavor. However, this kind of understanding suffers from two 

crucial blind sports: a) the social-psychological pitfalls – documented here and in other 

studies – of being exposed to large amounts of conflicting information and b) the 

important role strong journalistic and scientific norms have played in providing citizens 

with coherent and valid information.  

The former concern has been covered at length in the preceding studies but 

ultimately serve to emphasize the latter point about institutional norms and information 

quality more generally. Insofar as the research presented here has demonstrated that 

exposure to more, or more different kinds, of political or scientific information does not 

mean being better informed, these studies offer evidence of the importance of 

responsible and principled scientific research and political reporting. It seems less likely 

than ever that accurate and broadly shared understandings of scientific and political 

issues will naturally emerge out of the partisan cacophony we encounter every day on 

our televisions, computers, and smart phones. Rather, policy-makers, scientists, 

journalists and other stakeholders should consider focusing their attention on 
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remedying declines in trust in the scientific and journalistic institutions that are 

conducting responsible, honest, and transparent work. Of course, this is a monumental 

task and identifying such institutions, and continuing to hold them accountable, is a 

challenge in itself. But broader agreement about what legitimate knowledge authorities 

are may ultimately translate into broader agreement about the right solutions to the 

most pressing scientific and political issues of our time.  
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Appendix A: Images of Fabricated News Stories 
Presented to Experiment Participants 
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Appendix B: Coefficient Plots of Full Models from 
Chapter 3 Experiment  

 

Figure 12: Full Coefficient Plot Including Controls for Full Experimental 
Sample (N=1,214) 
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Figure 13: Full Coefficient Plot Including Controls for Strong Ideology (N=614) 
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Figure 14: Full Coefficient Plot Including Controls for Strong Party Identifiers 
(N=401) 
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Figure 15: Full Coefficient Plot Including Controls for Strong Party and Strong 
Ideology (N=342) 

 

 

 

 

 

 

 

Age

Female

Income

Bachelors

Treatment

0.
0

0.
2

0.
4

0.
6

0.
8

Value

Model
Strong Left, N=179
Strong Right, N=163



 

100 

Appendix C: All Media and Disinformation Sources 
Included in Twitter Analysis Including Disinformation 
Coding and Partisan Scores 

Name URL Fake Partisan Score 

Breitbart http://www.breitbart.com 0 0.957 
The Hill http://thehill.com/rss/syndicator/19109 0 0.033 

CNN http://www.cnn.com/ 0 -0.294 
Washington Post http://washingtonpost.com 0 -0.452 
New York Times http://nytimes.com 0 -0.471 

Politico http://politico.com 0 -0.212 
Huffington Post http://www.huffingtonpost.com/# 0 -0.737 

FOX News http://www.foxnews.com/ 0 0.883 
Daily Caller http://dailycaller.com 0 0.902 

Washington Examiner http://www.washingtonexaminer.com/politics 0 0.848 
PoliticusUSA http://www.politicususa.com 0 -0.888 

MSNBC http://www.msnbc.msn.com/ 0 -0.626 
Daily Kos http://www.dailykos.com 0 -0.897 

GatewayPundit http://www.thegatewaypundit.com 0 0.976 
Bloomberg http://businessweek.com 0 -0.162 

Salon http://www.salon.com/ 0 -0.790 
Right Scoop http://www.therightscoop.com 0 0.829 
The Blaze http://www.theblaze.com 0 0.736 
USAToday http://usatoday.com/ 0 -0.115 
Guardian http://www.guardian.co.uk/ 0 -0.559 
Mediaite http://www.mediaite.com 0 -0.161 

ABC News http://abcnews.go.com/ 0 -0.159 
UK Yahoo Answers http://uk.answers.yahoo.com/ 0 -0.072 

twimg.com http://twimg.com/ 0 -0.493 
Reuters http://www.reuters.com 0 0.029 

Raw Story http://rawstory.com 0 -0.865 
NBC News http://www.nbcnews.com 0 -0.430 

Real Clear Politics http://realclearpolitics.com/ 0 0.289 
Talking Points Memo http://www.talkingpointsmemo.com 0 -0.782 

Wall Street Journal http://online.wsj.com/ 0 0.133 
Think Progress http://thinkprogress.org 0 -0.891 

Washington Times http://www.washingtontimes.com/ 0 0.791 
Daily Mail http://www.dailymail.co.uk/home/index.html 0 0.741 

Mother Jones http://www.motherjones.com/ 0 -0.834 
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Buzzfeed http://www.buzzfeed.com 0 -0.513 
The Daily Beast http://www.thedailybeast.com/ 0 -0.679 

NewsMax http://www.newsmax.com 0 0.895 
Redstate http://www.redstate.com 0 0.533 

Business Insider http://www.businessinsider.com 0 0.010 
Investors http://www.investors.com 0 0.935 

Vox http://www.vox.com 0 -0.813 
Hot Air http://hotair.com 0 0.814 

Free Beacon http://freebeacon.com 0 0.896 
tweetedtimes.com http://tweetedtimes.com/#spider 0 -0.062 

cbs news http://www.cbsnews.com/ 0 -0.242 
Crooks and Liars http://www.crooksandliars.com 0 -0.897 

Slate http://www.slate.com?from=rss 0 -0.693 
Time http://time.com 0 -0.421 

americanthinker.com http://americanthinker.com/ 0 0.946 
townhall.com http://townhall.com 0 0.902 
Media Matters http://mediamatters.org 0 -0.887 

Alternet http://blogs.alternet.org/ 0 -0.748 
NY Post http://www.nypost.com/ 0 0.806 

National Review http://www.nationalreview.com/ 0 0.589 
Russia Today http://www.rt.com 0 0.414 

InfoWars http://www.infowars.com 0 0.941 
conservativetribune.co

m http://conservativetribune.com/ 0 0.953 
LA Times http://www.latimes.com/ 0 -0.324 

Western Journalism 
Center http://www.westernjournalism.com 0 0.946 

Conservative 
Treehouse http://theconservativetreehouse.com 0 0.944 

donaldjtrump.com https://donaldjtrump.com/ 0 0.929 
Daily News http://www.nydailynews.com/ 0 -0.587 

images.google.com http://images.google.com/ 0 -0.632 
BizPacReview http://www.bizpacreview.com/#spider 0 0.982 

NPR http://www.npr.org/ 0 -0.663 
Twitchy http://twitchy.com 0 0.939 
Politifact http://www.politifact.com 0 -0.812 

bbc http://www.bbc.co.uk/?ok 0 -0.235 
dailynewsbin.com http://dailynewsbin.com/ 0 -0.913 

The Atlantic http://www.theatlantic.com/ 0 -0.567 
topics.abcnews.go.com http://topics.abcnews.go.com/ 0 -0.504 

WorldNetDaily http://www.worldnetdaily.com/#spider 0 0.931 
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IBTimes http://www.ibtimes.com/ 0 -0.006 
IJR http://ijr.com/ 0 0.799 

addictinginfo.org http://www.addictinginfo.org 0 -0.899 
NewsBusters http://newsbusters.org 0 0.877 

New York Magazine http://nymag.com/ 0 -0.664 
Weekly Standard http://www.weeklystandard.com 0 0.596 

conservativereview.co
m http://conservativereview.com/ 0 0.730 

Forbes http://www.forbes.com/ 0 0.099 
The Boston Globe http://www.boston.com/bostonglobe/ 0 -0.508 

CNBC http://www.cnbc.com/ 0 0.191 
The Week http://theweek.com 0 -0.446 

teaparty.org http://www.teaparty.org/#spider 0 0.925 
tedcruz.org http://www.tedcruz.org/#spider 0 0.711 
The Beat http://www.thenation.com/blogs/thebeat 0 -0.777 

natl.re http://natl.re/ 0 0.552 
berniesanders.com https://berniesanders.com/ 0 -0.630 

Amazon http://Amazon.com 0 -0.045 
occupydemocrats.com http://occupydemocrats.com/ 0 -0.911 

The Intercept https://theintercept.com/ 0 0.190 
PJMedia http://pjmedia.com 0 0.833 

thehilltalk.com http://thehilltalk.com/ 0 0.716 
AP http://ap.org 0 -0.389 

thepoliticalinsider.com http://thepoliticalinsider.com/ 0 0.945 
newsninja2012.com http://newsninja2012.com/#spider 0 0.969 

rsbn.tv http://rsbn.tv/ 0 0.972 
Rolling Stone http://www.rollingstone.com 0 -0.765 

FiveThirtyEight http://www.fivethirtyeight.com/ 0 -0.702 
US News & World 

Report http://www.usnews.com/ 0 -0.119 
weaselzippers.us http://weaselzippers.us 0 1.000 

Inquisitr http://www.inquisitr.com 0 0.148 
Gawker http://gawker.com 0 -0.532 

allenbwest.com http://allenbwest.com/ 0 0.973 
Observer http://www.observer.com/politics 0 0.480 

sanders.senate.gov http://www.sanders.senate.gov 0 -0.676 
FoxNewsInsider http://foxnewsinsider.com 0 0.882 

Des Moines Register 
http://www.desmoinesregister.com/apps/pbcs.d

ll/frontpage 0 -0.155 
trofire.com http://trofire.com/ 0 -0.811 

thefederalist.com http://thefederalist.com/ 0 0.548 
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nationaljournal.com http://nationaljournal.com/ 0 0.017 
truthfeed.com http://truthfeed.com/ 0 0.970 
Wonkette Blog http://www.wonkette.com 0 -0.880 
New Republic http://www.newrepublic.com#spider 0 -0.632 

Newsweek http://newsweek.com/ 0 -0.692 
New Yorker http://www.newyorker.com/ 0 -0.778 
usuncut.com http://usuncut.com/ 0 -0.429 

Medium https://medium.com/#spider 0 -0.641 
Common Dreams http://www.commondreams.org/ 0 -0.739 
hillaryclinton.com http://www.hillaryclinton.com/#spider 0 -0.969 

readfulapp.com https://readfulapp.com/ 0 0.671 
rushlimbaugh.com http://www.rushlimbaugh.com 0 0.875 
Taegan Goddard's 

Political Wire http://politicalwire.com 0 -0.650 
bb4sp.com http://bb4sp.com/ 0 0.943 

nationalmemo.com http://www.nationalmemo.com 0 -0.903 
Zero Hedge http://www.zerohedge.com 0 0.809 

host.madison.com http://host.madison.com#spider 0 -0.792 
Daily Telegraph http://www.telegraph.co.uk/ 0 0.128 
dcwhispers.com http://dcwhispers.com/ 0 0.992 

Daily Wire http://dailywire.com/ 0 0.649 
CSPAN http://www.c-span.org 0 0.160 

Tampa Bay Times http://www.tampabay.com/ 0 -0.100 
truthrevolt.org http://truthrevolt.org/ 0 0.953 
Judicial Watch http://www.judicialwatch.org 0 0.934 

Christian Science 
Monitor http://csmonitor.com 0 -0.482 

bipartisanreport.com http://bipartisanreport.com/ 0 -0.907 
Independent http://www.independent.co.uk/ 0 -0.365 

eaglerising.com http://eaglerising.com/ 0 1.000 
youngcons.com http://youngcons.com/ 0 0.928 

rickwells.us http://rickwells.us/ 1 0.987 
freedomoutpost.com http://freedomoutpost.com#spider 0 1.000 

Fox Nation http://www.thefoxnation.com/#spider 0 0.974 
marketwatch.com http://marketwatch.com/ 0 0.069 

Mic http://mic.com/ 0 -0.722 
Vanity Fair http://www.vanityfair.com 0 -0.636 

Examiner.com http://examiner.com 0 0.256 
Chicago Tribune http://www.chicagotribune.com/ 0 -0.274 
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frontpagemag.com http://frontpagemag.com 0 0.896 
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Miami Herald http://www.miamiherald.com/ 0 -0.278 
Vice http://m.vice.com 0 -0.403 

LifeNews http://www.lifenews.com/ 0 0.901 
axs.com http://axs.com/ 0 0.294 

CNS News http://cnsnews.com 0 0.948 
americanactionnews.co

m http://americanactionnews.com/ 0 0.880 
Move On http://www.moveon.org 0 0.042 

People http://www.people.com/news 0 -0.144 
lifezette.com http://lifezette.com/ 0 0.925 
Free Republic http://www.freerepublic.com/tag/*/index 0 0.853 

ooyuz.com http://ooyuz.com/ 0 -0.765 
Right Wing News http://www.rightwingnews.com 0 0.972 
counterpunch.com http://counterpunch.com/ 0 -0.720 

themarshallreport.word
press.com https://themarshallreport.wordpress.com/ 0 0.960 

Milwaukee Journal 
Sentinel http://www.jsonline.com/ 0 -0.437 

theresurgent.com http://theresurgent.com/ 0 0.237 
McClatchyDC http://www.mcclatchydc.com 0 0.455 

zziipp.eu http://zziipp.eu/ 0 0.097 
thenewcivilrightsmove

ment.com http://thenewcivilrightsmovement.com 0 -0.929 
clashdaily.com http://clashdaily.com/#spider 1 0.977 

Democracy Now! http://www.democracynow.org/ 0 -0.277 
Fusion http://fusion.net/#spider 0 -0.665 
TMZ http://tmz.com/ 0 0.284 
AOL http://aol.com/ 0 0.123 

Texas Tribune http://www.texastribune.org 0 0.035 
Truth Dig http://www.truthdig.com 0 -0.692 

ELPAIS.com - √öltima 
Hora http://www.elpais.com/loultimo/ 0 -0.569 

RightWingWatch http://www.rightwingwatch.org 0 -0.581 
Hollywood Reporter http://www.hollywoodreporter.com 0 0.198 

statespoll.com http://statespoll.com/ 0 0.980 
bluenationreview.com http://bluenationreview.com/ 0 -0.957 
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Drudge Report http://www.drudgereport.com#spider 0 0.876 
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Change.org http://criminaljustice.change.org/ 0 0.303 

Dallas Morning News http://www.dallasnews.com/ 0 0.063 
mrctv.org http://www.mrctv.org/#spider 0 0.734 

samuel-warde.com http://samuel-warde.com/#spider 0 -0.859 
variety.com http://www.variety.com 0 -0.088 

PBS NewsHour http://www.pbs.org/newshour/ 0 -0.593 
politistick.com http://politistick.com/ 0 0.814 

freakoutnation.com http://freakoutnation.com 0 -0.899 
conservativebyte.com http://conservativebyte.com 1 0.964 

RNC http://gop.com 0 0.904 
businessinsider.in http://businessinsider.in/ 0 -0.442 
billmoyers.com http://billmoyers.com 0 -0.790 

eluniversal.com.mx http://www.eluniversal.com.mx 0 -0.801 
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m http://forwardprogressives.com/ 0 -0.854 
Daily Signal http://dailysignal.com/#spider 0 0.888 

dcclothesline.com http://dcclothesline.com/#spider 0 0.953 
aim.org http://www.aim.org 0 0.659 

allenwestrepublic.com http://allenwestrepublic.com/ 0 0.893 
Jezebel http://jezebel.com 0 -0.940 

India News ‚Äì the 
latest from Al Jazeera 

http://www.aljazeera.com/topics/country/india.
html 0 -0.483 

foxbusiness.com http://foxbusiness.com/ 0 0.861 
legalinsurrection.com http://legalinsurrection.com 0 0.780 

cleveland.com http://www.cleveland.com/ 0 -0.131 
hermancain.com http://hermancain.com/ 0 1.000 
Boston Herald http://www.bostonherald.com/ 0 0.643 

redstatewatcher.com http://redstatewatcher.com/ 0 0.918 
truth-out.org http://www.truth-out.org 0 -0.780 

al.com http://www.al.com 0 -0.277 
eventbrite.com http://www.eventbrite.com#spider 0 0.910 
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glennbeck.com http://www.glennbeck.com 0 0.902 

shoebat.com http://shoebat.com#spider 0 0.939 
Roll Call http://www.rollcall.com 0 -0.164 

Bustle http://www.bustle.com/#spider 0 -0.831 
VDARE http://www.vdare.com 0 0.929 

canadafreepress.com http://www.canadafreepress.com 0 1.000 
Power Line http://powerlineblog.com 0 0.915 

UPI http://www.upi.com/ 0 0.366 
rare.us http://rare.us/#spider 0 0.850 

lawnewz.com http://lawnewz.com/ 0 0.304 
liberalamerica.org http://liberalamerica.org/ 0 -0.858 

thr.cm http://thr.cm/ 0 -0.419 
Philadelphia Inquirer http://www.philly.com/inquirer/ 0 -0.664 

jebbush.com http://jebbush.com/ 0 1.000 
soopermexican.com http://www.soopermexican.com 0 0.787 

denverpost.com http://denverpost.com/ 0 0.205 
theamericanmirror.co

m http://theamericanmirror.com/ 0 0.925 
ifyouonlynews.com http://ifyouonlynews.com/ 0 -0.948 

Financial Times http://www.ft.com/home/europe 0 0.015 
stupidpartymathvmyth.

com http://stupidpartymathvmyth.com/ 0 -0.917 
wmur.com http://wmur.com/ 0 -0.606 

rasmussenreports.com http://www.rasmussenreports.com 0 0.907 
miamiherald.typepad.c

om http://miamiherald.typepad.com 0 0.377 
route.overnewser.com http://route.overnewser.com/ 0 -0.297 

FactCheck.org http://factcheck.org/ 0 -0.638 
100percentfedup.com http://100percentfedup.com/ 0 1.000 

Commentary http://www.commentarymagazine.com/blogs 0 0.158 
patriotupdate.com http://patriotupdate.com 0 0.936 

alan.com http://www.alan.com/#spider 0 -0.765 
downtrend.com http://downtrend.com/ 1 1.000 

truthout.org http://truthout.org/ 0 -0.442 
ew.com http://www.ew.com/#spider 0 -0.462 

kuvn univision 
http://www.univision.com/content/channel.jht

ml?chid=9683&schid=9684 0 -0.824 
blogtalkradio.com http://www.blogtalkradio.com 0 0.537 
theblacksphere.net http://theblacksphere.net/ 0 0.882 
christianpost.com http://www.christianpost.com/#spider 0 0.537 
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CNET http://cnet.com 0 0.512 
The Wrap http://www.thewrap.com 0 -0.003 
Haaretz http://www.haaretz.com/ 0 -0.387 

therealstrategy.com http://therealstrategy.com/ 0 0.922 
publicpolicypolling.co

m http://www.publicpolicypolling.com 0 -0.251 
yidwithlid.blogspot.co

m http://yidwithlid.blogspot.com 0 0.752 
Boing Boing http://boingboing.net 0 -0.858 

plus.google.com https://plus.google.com 0 1.000 
redalertpolitics.com http://redalertpolitics.com 0 0.885 

PRWatch http://WWW.PRWATCH.ORG 0 -0.959 
expansion.mx http://expansion.mx/ 0 -0.757 

winningdemocrats.com http://winningdemocrats.com/ 0 -0.915 
carlyfiorina.org http://carlyfiorina.org/ 0 -0.801 
ecowatch.com http://ecowatch.com/#spider 0 -0.699 

Wired http://www.wired.com/rss/index.xml 0 -0.502 
thefiscaltimes.com http://thefiscaltimes.com/ 0 -0.025 

Little Green Footballs 
http://www.littlegreenfootballs.com/weblog/we

blog.php 0 -0.896 
trevorloudon.com http://www.trevorloudon.com 0 0.713 

The Democratic Party http://www.democrats.org/blog.html 0 -0.971 
po.st http://po.st/#spider 0 0.498 

thedailybanter.com http://thedailybanter.com/#spider 0 -0.890 
godfatherpolitics.com http://godfatherpolitics.com 0 1.000 

Sound Cloud http://soundcloud.com 0 0.207 
personalliberty.com http://personalliberty.com 0 0.931 

QZ http://qz.com/#spider 0 -0.694 
americasvoice.org http://americasvoice.org/ 0 -0.957 
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Monthly http://www.washingtonmonthly.com 0 -0.851 
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Sentinel http://www.sun-sentinel.com/ 0 -0.442 
Deadline http://www.deadline.com 0 0.001 

burlingtonfreepress.co
m http://burlingtonfreepress.com/ 0 -0.699 
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cruz.senate.gov http://www.cruz.senate.gov/#spider 0 0.924 
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toprightnews.com http://toprightnews.com/ 0 1.000 
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el-nacional.com http://el-nacional.com/ 0 -0.275 
particlenews.com http://particlenews.com/ 0 0.101 
beforeitsnews.com http://beforeitsnews.com#spider 1 0.797 

Detroit News http://www.detroitnews.com 0 -0.552 
The Verge http://theverge.com/ 0 -0.387 

The Palm Beach Post http://www.palmbeachpost.com/ 0 -0.298 
thehornnews.com https://thehornnews.com/ 0 0.920 

teleSUR http://telesurtv.net/ 0 -0.298 
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cn.linkedin.com http://cn.linkedin.com/ 0 0.290 
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sputniknews.com http://sputniknews.com/ 0 0.713 
patheos.com http://www.patheos.com 0 0.527 
Seattle Times http://seattletimes.com 0 -0.410 
grabien.com https://grabien.com/ 0 0.738 

Michelle Malkin http://michellemalkin.com/ 0 1.000 
trumpstump2016.com http://trumpstump2016.com/ 0 0.974 

AZCentral http://www.azcentral.com 0 -0.107 
AMERICAblog http://www.americablog.com 0 -0.921 

La Opini√≥n - Noticias 
locales, nacionales, 

deportes, 
entretenimiento, 

clasificados, vida y 
estilo http://www.laopinion.com/ 0 -0.889 

Snopes http://www.snopes.com/info/whatsnew.asp 0 -0.482 
nationofchange.org http://www.nationofchange.org 0 -0.923 

salon.com.feedsportal.
com http://salon.com.feedsportal.com/ 0 -0.699 

minutemennews.com http://minutemennews.com/#spider 0 1.000 
redflagnews.com http://www.redflagnews.com/#spider 0 0.952 
theantimedia.org http://theantimedia.org/ 0 0.124 
towleroad.com http://towleroad.com/ 0 -0.901 

stupidpartyland.com http://stupidpartyland.com/ 0 -0.906 
Jerusalem Post http://www.jpost.com/ 0 0.422 

progressivestoday.com http://progressivestoday.com/ 0 0.917 
conservativehq.com http://www.conservativehq.com/#spider 0 1.000 

Las Vegas Sun http://www.lasvegassun.com 0 -0.215 
TorontoStar http://www.thestar.com/ 0 -0.681 

fireandreamitchell.com http://www.fireandreamitchell.com 0 0.951 
PublicIntegrity http://www.publicintegrity.org 0 -0.121 
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opensecrets.org http://www.opensecrets.org 0 0.215 
dailydot.com http://dailydot.com/ 0 -0.709 

CBC http://www.cbc.ca 0 -0.258 
endingthefed.com http://endingthefed.com/ 0 0.969 
pamelageller.com http://pamelageller.com/ 1 1.000 

investmentwatchblog.c
om http://investmentwatchblog.com 1 1.000 

The Shark Tank http://www.shark-tank.net 0 1.000 
garyforbes.wixsite.co

m http://garyforbes.wixsite.com/ 0 1.000 
Wikipedia http://en.wikipedia.org 0 0.309 

GQ http://www.gq.com 0 -0.022 
deathandtaxesmag.com http://www.deathandtaxesmag.com 0 -0.753 

Our Future http://www.ourfuture.org/blog 0 -0.851 
naturalnews.com http://www.naturalnews.com 0 0.782 

breakingnews.com http://www.breakingnews.com#spider 0 -0.456 
The American 

Prospect http://www.prospect.org/cs/blogs 0 -0.624 
houstonchronicle http://www.chron.com/ 0 -0.203 

uproxx.com http://www.uproxx.com/#spider 0 -0.656 
gotnews.com http://gotnews.com/ 0 0.844 

aristeguinoticias.com http://aristeguinoticias.com/ 0 -0.838 
usfreedomarmy.com http://usfreedomarmy.com/ 0 0.936 

smh.com.au http://www.smh.com.au 0 -0.387 
cc.com http://cc.com/ 0 -0.899 

adweek.com http://www.adweek.com 0 0.341 
unionleader.com http://unionleader.com/ 0 -0.248 

Univision http://www.univision.com/global/rss-feeds 0 -0.870 
ajc.com http://www.ajc.com 0 0.243 

humanevents.com http://www.humanevents.com 0 1.000 
mlive.com http://mlive.com/ 0 0.106 

readersupportednews.o
rg http://readersupportednews.org#spider 0 -0.766 

joeforamerica.com http://joeforamerica.com/ 0 1.000 
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Dispatch http://www.dispatch.com/ 0 -0.423 
dangerandplay.com http://dangerandplay.com/ 0 1.000 

teapartyorg.ning.com http://teapartyorg.ning.com/#spider 0 1.000 
morningconsult.com http://morningconsult.com/ 0 0.415 

trump-
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dennismichaellynch.co

m http://dennismichaellynch.com/ 0 0.904 
gopthedailydose.com http://gopthedailydose.com/ 1 1.000 
stumpinfortrump.com http://stumpinfortrump.com/ 0 1.000 

paper.li http://paper.li 0 0.537 
patdollard.com http://patdollard.com 0 0.922 

truthuncensored.net http://truthuncensored.net/ 0 1.000 
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News http://www.mercurynews.com/ 0 0.278 

americasfreedomfighte
rs.com http://americasfreedomfighters.com/ 0 0.936 

correctrecord.org http://correctrecord.org/ 0 -0.863 
americanlookout.com http://americanlookout.com/ 0 1.000 
powderedwigsociety.c

om http://powderedwigsociety.com/ 0 0.941 
patriotpost.us http://patriotpost.us 0 0.559 
Radar Online http://radaronline.com/exclusives/ 0 0.814 

mintpressnews.com http://mintpressnews.com/ 0 -0.235 
thefederalistpapers.org http://thefederalistpapers.org/ 0 1.000 

indiatimes http://timesofindia.indiatimes.com/ 0 0.140 
Voice of America http://www.voanews.com/english/portal.cfm 0 -0.341 

conservativevideos.co
m http://conservativevideos.com/ 0 0.917 

nowthisnews.com http://nowthisnews.com/#spider 0 -0.801 
startribune.com http://startribune.com/ 0 -0.457 
complex.com http://www.complex.com 0 -0.192 

angrypatriotmovement.
com http://angrypatriotmovement.com/ 0 1.000 

nbcchicago.com http://www.nbcchicago.com#spider 0 -0.244 
usmagazine.com http://www.usmagazine.com 0 0.002 

westernfreepress.com http://www.westernfreepress.com/#spider 0 0.806 
m.freedomworks.org http://m.freedomworks.org/#spider 0 1.000 

Scribd http://www.scribd.com 0 0.400 
Foreign Policy http://www.foreignpolicy.com 0 -0.614 
stevedeace.com http://stevedeace.com/#spider 0 1.000 

conservativepapers.co
m http://conservativepapers.com 0 0.814 

hollywoodlife.com http://hollywoodlife.com 0 0.167 
Nola.com http://nola.com 0 0.347 

constitution.com http://constitution.com/ 0 0.941 
saintpetersblog.com http://www.saintpetersblog.com/#spider 0 0.254 
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yesimright.com http://yesimright.com/ 1 0.852 
charismanews.com http://www.charismanews.com/#spider 0 0.797 

sfchronicle http://www.sfgate.com/ 0 -0.567 
forward.com http://forward.com#spider 0 -0.217 
patch.com http://www.patch.com/#spider 0 -0.689 

fox6now.com http://fox6now.com#spider 0 0.377 
the-

peruser.blogspot.com http://the-peruser.blogspot.com/ 0 -0.986 
trumpedamerica.appsp

ot.com http://trumpedamerica.appspot.com/ 0 1.000 
Spectator http://spectator.org 0 0.862 
aattp.org http://aattp.org/ 0 -0.915 

billoreilly.com http://www.billoreilly.com 0 0.961 
Jihad Watch http://jihadwatch.org 0 1.000 
twibbon.com https://twibbon.com#spider 0 0.824 

Chicago Sun-Times http://www.suntimes.com/index.html 0 -0.142 
The White House http://whitehouse.gov 0 0.580 

Heavy http://www.heavy.com/#spider 0 0.429 
theroot.com http://theroot.com/ 0 -0.691 

truepundit.com http://truepundit.com/ 0 1.000 
groopspeak.com http://groopspeak.com/ 0 -0.926 

spreaker.com http://www.spreaker.com 0 0.858 
thenewamerican.com http://thenewamerican.com 0 0.752 

ecuaderno.com http://ecuaderno.com/ 0 0.468 
barenakedislam.com http://www.barenakedislam.com/#spider 0 1.000 

p3nlhclust404.shr.prod
.phx3.secureserver.net 

http://p3nlhclust404.shr.prod.phx3.secureserver
.net/ 0 1.000 

commdiginews.com http://commdiginews.com/ 0 0.745 
blbrd.cm http://blbrd.cm/ 0 -0.502 

The Hartford Courant http://www.courant.com/ 0 -0.672 
Grist http://grist.org/ 0 -0.939 

huffingtonpost.co.uk http://www.huffingtonpost.co.uk 0 -0.298 
dailysurge.com http://dailysurge.com/ 0 1.000 

libertywritersnews.co
m http://libertywritersnews.com/ 0 0.904 

politico.eu http://politico.eu/ 0 -0.323 
sunshinestatenews.com http://www.sunshinestatenews.com 0 0.730 

inthesetimes.com http://inthesetimes.com 0 -0.597 
hngn.com http://www.hngn.com/#spider 0 0.704 

eclectablog.com http://eclectablog.com 0 -0.923 
sonsoflibertymedia.co

m http://sonsoflibertymedia.com/ 0 1.000 
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girlsjustwannahavegun
s.com http://girlsjustwannahaveguns.com/ 0 1.000 

San Francisco 
Business News - San 
Francisco Business 

Times http://www.bizjournals.com/sanfrancisco/ 0 0.417 

The Indianapolis Star 
http://www.indystar.com/apps/pbcs.dll/frontpa

ge 0 0.140 
kxas nbc 5 http://www.nbcdfw.com/ 0 0.900 
Gizmodo http://gizmodo.com 0 0.237 

opposingviews.com http://www.opposingviews.com 0 0.544 
conservativefiringline.

com http://conservativefiringline.com/#spider 0 1.000 
tunein.com http://tunein.com/#spider 0 0.598 

express.co.uk http://www.express.co.uk 0 0.810 
joemygod.com http://joemygod.com/ 0 -0.824 

thepostemail.com http://www.thepostemail.com/#spider 0 1.000 
yournewswire.com http://yournewswire.com/ 0 1.000 

Time of Israel http://www.timesofisrael.com#spider 0 0.203 
storify.com http://storify.com 0 -0.792 

directorblue.blogspot.c
om http://directorblue.blogspot.com 0 0.872 

noisyroom.net http://noisyroom.net 0 0.631 
soshable.com http://soshable.com/#spider 0 1.000 
poll.qu.edu http://poll.qu.edu/ 0 0.140 
apnews.com http://apnews.com/ 0 -0.597 

wbur.org http://wbur.org/ 0 -0.003 
patriotjournalist.com http://patriotjournalist.com/ 0 1.000 

rub.io http://rub.io/ 0 0.589 
numbersusa.com http://www.numbersusa.com 0 0.845 

usrcmag.com http://usrcmag.com/ 0 -0.789 
inc.com http://www.inc.com 0 0.278 

thepulse2016.com http://thepulse2016.com/ 0 1.000 
Vimeo http://vimeo.com 0 0.404 

nationalenquirer.com http://nationalenquirer.com/ 0 0.949 
News Corpse ¬ª The 

Internet's Chronicle of 
Media Decay: http://www.newscorpse.com/ncWP/ 0 -0.937 

rightrelevance.com http://rightrelevance.com/ 0 -0.801 
egbertowillies.com http://egbertowillies.com 0 -0.915 

conservativeoutfitters.c
om http://conservativeoutfitters.com/ 0 0.952 

indy100.com http://indy100.com/ 0 -0.351 
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On The Web http://www.lauraingraham.com/ 0 0.765 

ktla.com http://ktla.com/ 0 -0.270 
iotwreport.com http://iotwreport.com/ 0 1.000 
shareblue.com http://shareblue.com/ 0 -0.970 

HeatStreet http://heatst.com/ 0 0.475 
Billboard http://www.billboard.com 0 -0.387 

freedomdaily.com http://freedomdaily.com/ 1 0.935 
Detroit Free Press http://www.freep.com/apps/pbcs.dll/frontpage 0 -0.362 

jammiewf.com http://www.jammiewf.com 0 0.765 
drive.google.com https://drive.google.com/#spider 0 0.512 

www.foxsports.com http://www.foxsports.com/ 0 0.347 
periscope.tv https://periscope.tv/ 0 0.914 

philadelphia.cbslocal.c
om http://philadelphia.cbslocal.com 0 0.553 

independentsentinel.co
m http://www.independentsentinel.com 0 1.000 

newswithviews.com http://www.newswithviews.com 1 1.000 
YouGov http://yougov.com/ 0 0.094 

citizensfortrump.com http://citizensfortrump.com/ 0 1.000 
fixthisnation.com http://fixthisnation.com/ 0 1.000 
docs.google.com https://docs.google.com 0 0.489 
The Oregonian http://www.oregonlive.com/oregonian/ 0 -0.665 
virginiara.com http://virginiara.com/ 0 1.000 

truthandaction.org http://truthandaction.org/ 0 0.828 
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Journal http://www.lvrj.com/ 0 0.699 
scoop.it http://www.scoop.it/#spider 0 -0.387 

rawconservative.com http://rawconservative.com/ 0 0.745 
newser.com http://www.newser.com 0 0.201 

drrichswier.com http://drrichswier.com/ 0 1.000 
Instapundit http://pajamasmedia.com/instapundit 0 1.000 

americannews.com http://americannews.com/ 1 0.875 
The Post-Standard http://www.syracuse.com/poststandard/ 0 0.570 

vocativ.com http://vocativ.com/#spider 0 0.231 
social.newsinc.com http://social.newsinc.com/ 0 0.713 

hillaryclinton.trendoliz
er.com http://hillaryclinton.trendolizer.com/ 0 -0.188 

elderstatement.com http://elderstatement.com/ 0 1.000 
nhlabornews.com http://nhlabornews.com/ 0 -0.851 

teespring.com http://teespring.com/#spider 0 0.913 
truthinmedia.com http://truthinmedia.com/ 0 1.000 
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ojjpac.org http://ojjpac.org/ 0 1.000 
Funny or Die http://www.funnyordie.com 0 -0.801 
sgtreport.com http://sgtreport.com#spider 0 1.000 
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yellowhammernews.co

m http://yellowhammernews.com/#spider 0 1.000 
newmediapatriotradio.

com http://newmediapatriotradio.com/ 0 1.000 
kopb http://www.opb.org/ 0 -0.171 

Sarasota Herald-
Tribune http://www.heraldtribune.com/ 0 0.417 

hotpagenews.com http://hotpagenews.com/ 0 1.000 
rense.com http://www.rense.com 0 1.000 

insideedition.com http://insideedition.com/ 0 0.683 
newobserveronline.co

m http://newobserveronline.com/ 0 1.000 
kingofmarble-
shmatko.com http://kingofmarble-shmatko.com/ 0 0.631 
thecanary.co http://thecanary.co/ 0 1.000 

fellowshipoftheminds.
com http://fellowshipoftheminds.com/#spider 0 1.000 

pittsburgh.cbslocal.co
m http://pittsburgh.cbslocal.com/#spider 0 1.000 

FBI http://www.fbi.gov 0 1.000 
strongamericanwomen.

org http://strongamericanwomen.org/ 0 1.000 
dnoticie.es.kabch.xyz http://dnoticie.es.kabch.xyz/ 0 1.000 
occidentaldissent.com http://occidentaldissent.com/ 0 1.000 

market-ticker.org http://market-ticker.org 0 1.000 
surveyusa.com http://www.surveyusa.com#spider 0 1.000 

mediarelations.gwu.ed
u https://mediarelations.gwu.edu/ 0 0.683 

usdebtclock.org http://www.usdebtclock.org#spider 0 0.752 
trumpthevote2016.com http://trumpthevote2016.com/ 0 1.000 
hinterlandgazette.com http://hinterlandgazette.com/#spider 0 -1.000 
immigrantsfortrump.ne

t http://immigrantsfortrump.net/ 0 1.000 
11alive.com http://www.11alive.com 0 0.247 

beachpeanuts.com http://www.beachpeanuts.com/#spider 0 -0.923 
bicoastalgrandma.blog

spot.com http://bicoastalgrandma.blogspot.com/ 0 1.000 
savingourfuture.com http://savingourfuture.com/ 0 1.000 

bredred.com http://bredred.com/#spider 0 1.000 
abcnewsgo.co http://abcnewsgo.co/ 1 1.000 
rinotracker.us http://rinotracker.us/ 0 0.704 
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wsbtv.com http://www.wsbtv.com 0 -0.062 
ruvr-fi http://finnish.ruvr.ru/ 0 0.377 

1140wrva.iheart.com http://1140wrva.iheart.com/ 0 1.000 
israelvideonetwork.co

m http://israelvideonetwork.com/ 0 1.000 
c-t.click http://c-t.click/ 0 1.000 

elianabenador.com http://elianabenador.com/ 0 1.000 
themuslimissue.wordp

ress.com http://themuslimissue.wordpress.com/#spider 0 1.000 
electionbettingodds.co

m https://electionbettingodds.com/ 0 0.140 
libertynewsnow.com http://libertynewsnow.com/ 0 1.000 
22women.blogspot.co

m http://22women.blogspot.com/ 0 1.000 
registertovote.ca.gov http://registertovote.ca.gov#spider 0 1.000 

ipsos-na.com http://www.ipsos-na.com 0 0.377 
Public Radio 

International (PRI) http://www.pri.org 0 -0.801 
Austin American-

Statesman http://www.statesman.com/ 0 -0.387 
ctn-politics.com http://ctn-politics.com/ 0 1.000 

ronpaullibertyreport.co
m http://ronpaullibertyreport.com/ 0 0.704 

toptidings.net http://toptidings.net/ 0 0.765 
cruzsexscandal.com http://cruzsexscandal.com/ 0 1.000 

fox13now.com http://www.fox13now.com 0 1.000 
richmond.com http://richmond.com/ 0 -0.203 

The Stone Zone http://www.stonezone.com/index.php 0 1.000 
pureheartsinternational

.wordpress.com http://pureheartsinternational.wordpress.com/ 0 1.000 
barbwire.com http://barbwire.com/ 0 1.000 

gingrichproductions.co
m http://www.gingrichproductions.com/#spider 0 0.920 

opinionsavvy.com http://opinionsavvy.com/ 0 0.331 
trendinalia.com http://trendinalia.com/ 0 1.000 

donaldjtrumppolls.com http://donaldjtrumppolls.com/ 0 1.000 
trump4women.com http://trump4women.com/ 0 1.000 

thelastgreatstand.com http://thelastgreatstand.com/ 1 1.000 
comentariosdeweebee.

blogspot.com http://comentariosdeweebee.blogspot.com/ 0 1.000 
local8now.com http://local8now.com/ 0 1.000 
uschronicle.com http://uschronicle.com/ 0 0.598 
Boston Magazine http://www.bostonmagazine.com/index.html 0 0.787 

sumarium.com http://sumarium.com/ 0 -0.307 
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theralphretort.com http://theralphretort.com/ 0 1.000 
mtsupoll.org http://mtsupoll.org/ 0 1.000 

ny1.com http://www.ny1.com 0 -0.288 
artofthesteal.biz http://artofthesteal.biz/ 0 -0.968 

realitycheck753.wordp
ress.com http://realitycheck753.wordpress.com/ 0 1.000 

comicallyincorrect.co
m http://comicallyincorrect.com/ 0 1.000 

patriottribune.com http://patriottribune.com/ 0 1.000 
patriotnewsdaily.com http://patriotnewsdaily.com/ 0 1.000 

theecps.com http://theecps.com/ 0 1.000 
breakingisraelnews.co

m http://breakingisraelnews.com/ 0 1.000 
csteventucker.wordpre

ss.com https://csteventucker.wordpress.com/ 0 1.000 
epictimes.com http://epictimes.com/ 0 -0.462 
en-volve.com http://en-volve.com/ 0 1.000 

grrrgraphics.wordpress
.com https://grrrgraphics.wordpress.com/ 0 1.000 

usgovernmentspending
.com http://www.usgovernmentspending.com 0 1.000 

drjengunter.wordpress.
com http://drjengunter.wordpress.com/ 0 -0.801 

steynonline.com http://www.steynonline.com 0 1.000 
The Sun | The Best for 
News, Sport, Showbiz, 
Celebrities & TV | The 

Sun| The Sun http://www.thesun.co.uk/sol/homepage/ 0 1.000 
refugeeresettlementwat

ch.wordpress.com 
http://refugeeresettlementwatch.wordpress.com

/ 0 1.000 
christiannewswire.com http://www.christiannewswire.com/#spider 0 1.000 

mjmhdaily.com http://mjmhdaily.com/ 0 1.000 
fox2detroit.com http://fox2detroit.com/ 0 -0.062 

makeamericagreattoda
y.com http://makeamericagreattoday.com/ 1 1.000 

davidicke.com http://www.davidicke.com/#spider 0 1.000 
cnncommentary.com http://cnncommentary.com/ 0 1.000 

hispolitica.com http://hispolitica.com/ 0 1.000 
randyreport.blogspot.c

om http://randyreport.blogspot.com/ 0 -1.000 
circa.com http://circa.com/ 0 1.000 

garnetnews.com http://garnetnews.com/ 0 -1.000 
jumbotweet.com http://jumbotweet.com/ 0 1.000 

politicr.org http://politicr.org/ 0 -0.801 
iris.xyz http://iris.xyz/ 0 1.000 
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pukhtunkhwatimes.blo
gspot.com http://pukhtunkhwatimes.blogspot.com/ 0 -1.000 

notialltoday.co.vu http://notialltoday.co.vu/ 0 1.000 
govne.ws http://govne.ws/ 0 -0.923 

usanewsinsider.com http://usanewsinsider.com/ 1 1.000 
rncpetition.com http://rncpetition.com/ 0 0.659 

webelieveamerica.wor
dpress.com http://webelieveamerica.wordpress.com/ 0 1.000 

Shallow Nation http://www.shallownation.com 0 1.000 
secure.piryx.com https://secure.piryx.com 0 1.000 

boortz.com http://www.boortz.com 0 1.000 
torontosun.com http://www.torontosun.com 0 1.000 

campusreform.org http://www.campusreform.org#spider 0 0.704 
designntrend.com http://www.designntrend.com/#spider 0 1.000 

watchmen-news.com http://watchmen-news.com/ 0 1.000 
popmodal.com http://popmodal.com/ 0 1.000 

NA 2ndvote.com 1 NA 
NA afa.net 1 NA 
NA ahtribune.com 1 NA 
NA awarenessact.com 1 NA 
NA concealednation.org 1 NA 
NA conservativetribune.com 1 NA 
NA crooksandliars.com 1 NA 
NA dailycaller.com 1 NA 
NA dailyheadlines.net 1 NA 
NA dailynewsbin.com 1 NA 
NA dailypost.ng 1 NA 
NA dailywire.com 1 NA 
NA davidwolfe.com 1 NA 
NA defund.com 1 NA 
NA dennismichaellynch.com 1 NA 
NA endoftheamericandream.com 1 NA 
NA express.co.uk 1 NA 
NA healthnutnews.com 1 NA 
NA heatst.com 1 NA 
NA impulsetoday.com 1 NA 
NA inquisitr.com 1 NA 
NA iotwreport.com 1 NA 
NA joeforamerica.com 1 NA 
NA medicalkidnap.com 1 NA 
NA newcenturytimes.com 1 NA 
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NA onlysimchas.com 1 NA 
NA palmerreport.com 1 NA 
NA pamelageller.com 1 NA 
NA qpolitical.com 1 NA 
NA Redflagnews.com 1 NA 
NA regated.com 1 NA 
NA rightwingnews.com 1 NA 
NA theconservativetreehouse.com 1 NA 
NA thefederalistpapers.org 1 NA 
NA thehornnews.com 1 NA 
NA themindunleashed.com 1 NA 
NA thenationalpatriot.com 1 NA 
NA tmn.today 1 NA 
NA toprightnews.com 1 NA 
NA tribunist.com 1 NA 
NA trueactivist.com 1 NA 
NA uschronicle.com 1 NA 
NA youngcons.com 1 NA 
NA zerohedge.com 1 NA 
NA usuncut.com 1 NA 
NA chicksontheright.com 1 NA 
NA ihavethetruth.com 1 NA 
NA 100percentfedup.com 1 NA 
NA activistpost.com 1 NA 
NA allenbwest.com 1 NA 
NA americannews.com 1 NA 
NA americantoday.news 1 NA 
NA americasfreedomfighters.com 1 NA 
NA anonews.co 1 NA 
NA anonhq.com 1 NA 
NA barenakedislam.com 1 NA 
NA bipartisanreport.com 1 NA 
NA channel-7-news.com 1 NA 
NA collective-evolution.com 1 NA 
NA conservativefiringline.com 1 NA 
NA conservativeoutfitters.com 1 NA 
NA conservativepost.com 1 NA 
NA dailystormer.com 1 NA 
NA dcclothesline.com 1 NA 
NA downtrend.com 1 NA 
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NA endtimeheadlines.org 1 NA 
NA eutimes.net 1 NA 
NA fellowshipoftheminds.com 1 NA 
NA frontpagemag.com 1 NA 
NA fury.news 1 NA 
NA getoffthebs.com 1 NA 
NA gopthedailydose.com 1 NA 
NA gotnews.com 1 NA 
NA infowars.com 1 NA 
NA jookos.com 1 NA 
NA judicialwatch.org 1 NA 
NA louderwithcrowder.com 1 NA 
NA myfreshnews.com 1 NA 
NA naturalnews.com 1 NA 
NA newsrescue.com 1 NA 
NA nowtheendbegins.com 1 NA 
NA observatorial.com 1 NA 
NA powderedwigsociety.com 1 NA 
NA religiousmind.com 1 NA 
NA rightsidenews.com 1 NA 
NA shariaunveiled.wordpress.com 1 NA 
NA sourceplanet.net 1 NA 
NA stateofthenation2012.com 1 NA 
NA superstation95.com 1 NA 
NA theeventchronicle.com 1 NA 
NA thefreepatriot.org 1 NA 
NA thegatewaypundit.com 1 NA 
NA thelastamericanvagabond.com 1 NA 
NA thenewsclub.info 1 NA 
NA trunews.com 1 NA 
NA truthfeed.com 1 NA 
NA truthuncensoRed.net 1 NA 
NA usasupreme.com 1 NA 
NA viralliberty.com 1 NA 
NA wearechange.org 1 NA 
NA westernsentinel.com 1 NA 
NA whatdoesitmean.com 1 NA 
NA wnd.com 1 NA 
NA worldtruth.tv 1 NA 
NA eaglerising.com 1 NA 
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NA proudcons.com 1 NA 
NA allenwestrepublic.com 1 NA 
NA conservativebyte.com 1 NA 

 

 

Appendix D: Grinberg et al. Disinformation Sites and 
Coding Scheme 

Domain Code 

2ndvote.com Orange 
afa.net Orange 
ahtribune.com Orange 
awarenessact.com Orange 
concealednation.org Orange 

conservativetribune.com Orange 
crooksandliars.com Orange 
dailycaller.com Orange 
dailyheadlines.net Orange 
dailynewsbin.com Orange 
dailypost.ng Orange 
dailywire.com Orange 
davidwolfe.com Orange 
defund.com Orange 

dennismichaellynch.com Orange 

endoftheamericandream.com Orange 
express.co.uk Orange 
healthnutnews.com Orange 
heatst.com Orange 
impulsetoday.com Orange 
inquisitr.com Orange 
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iotwreport.com Orange 
joeforamerica.com Orange 
medicalkidnap.com Orange 

newcenturytimes.com Orange 
onlysimchas.com Orange 
palmerreport.com Orange 
pamelageller.com Orange 
qpolitical.com Orange 
Redflagnews.com Orange 
regated.com Orange 
rightwingnews.com Orange 

theconservativetreehouse.com Orange 

thefederalistpapers.org Orange 
thehornnews.com Orange 

themindunleashed.com Orange 

thenationalpatriot.com Orange 
tmn.today Orange 
toprightnews.com Orange 
tribunist.com Orange 
trueactivist.com Orange 
uschronicle.com Orange 
youngcons.com Orange 
zerohedge.com Orange 
usuncut.com Orange 
chicksontheright.com Orange 
ihavethetruth.com Orange 

100percentfedup.com Red 
activistpost.com Red 
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allenbwest.com Red 
americannews.com Red 
americantoday.news  Red 

americasfreedomfighters.com Red 
anonews.co Red 
anonhq.com Red 
barenakedislam.com Red 
bipartisanreport.com Red 
channel-7-news.com Red 

collective-evolution.com Red 

conservativefiringline.com Red 

conservativeoutfitters.com Red 
conservativepost.com Red 
dailystormer.com Red 
dcclothesline.com Red 
downtrend.com Red 
endtimeheadlines.org Red 
eutimes.net Red 

fellowshipoftheminds.com Red 
frontpagemag.com Red 
fury.news Red 
getoffthebs.com Red 
gopthedailydose.com Red 
gotnews.com Red 
infowars.com Red 
jookos.com Red 
judicialwatch.org Red 

louderwithcrowder.com Red 
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myfreshnews.com Red 
naturalnews.com Red 
newsrescue.com Red 

nowtheendbegins.com Red 
observatorial.com Red 

powderedwigsociety.com Red 
religiousmind.com Red 
rightsidenews.com Red 

shariaunveiled.wordpress.com Red 
sourceplanet.net Red 

stateofthenation2012.com Red 
superstation95.com Red 

theeventchronicle.com Red 
thefreepatriot.org Red 

thegatewaypundit.com Red 

thelastamericanvagabond.com Red 
thenewsclub.info Red 
trunews.com Red 
truthfeed.com Red 
truthuncensoRed.net Red 
usasupreme.com Red 
viralliberty.com Red 
wearechange.org Red 
westernsentinel.com Red 
whatdoesitmean.com Red 
wnd.com Red 
worldtruth.tv Red 
eaglerising.com Red 
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proudcons.com Red 

allenwestrepublic.com Red 

conservativebyte.com Red 
babylonbee.com Satire 
freewoodpost.com Satire 
realtruenews.org Satire 
thebeaverton.com Satire 
thedailymash.co.uk Satire 
addictinginfo.org Yellow 
awm.com Yellow 
blakkpepper.com Yellow 
breitbart.com Yellow 
cheezburger.com Yellow 
christiannews.net Yellow 
cosmopolitan.com Yellow 
dailykos.com Yellow 
dailymail.co.uk Yellow 
deadstate.org Yellow 
hellochristian.com Yellow 

hinterlandgazette.com Yellow 
hngn.com Yellow 
lifenews.com Yellow 
lifesitenews.com Yellow 
metalsucks.net Yellow 
metro.co.uk Yellow 
nypost.com Yellow 
Redstate.com Yellow 
standard.co.uk Yellow 
thefederalist.com Yellow 
theintellectualist.co Yellow 
thesun.co.uk Yellow 
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