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Abstract 
This paper investigates the differential effect of Accounting Standards Updates (ASUs) 

on retail vs. institutional trading activity around earnings announcements. Using a set of 47 

individual ASUs, I find that on average, the issuance of an ASU leads to a decrease in trading 

volume and an increase in bid-ask spread surrounding earnings announcements. The decrease in 

trading volume is greater for retail investors than institutional investors, indicating that ASUs 

may alter financial reports in such a way that retail investors are disadvantaged. Additionally, the 

relation between stock price movements and retail buy-sell imbalances becomes weaker after the 

issuance of an ASU, indicating that retail trades become less connected to measures of 

fundamental value. However, ASUs that were issued with the intent to either decrease complexity 

surrounding financial reporting or increase financial statement comparability show these effects 

mitigated. My findings provide insights into how accounting updates influence investor behavior, 

market dynamics, and the flow of information, offering implications for policy makers to 

consider as they issue new standard updates.  
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1. Introduction  
This study analyzes the impact of Accounting Standard Updates (ASUs) on the trading 

behavior of retail and institutional investors surrounding earnings announcements. ASUs are 

issued by the Financial Accounting Standards Board (FASB) as part of an ongoing effort to 

provide financial statement users with relevant financial information. This is stated in the FASB 

Mission, which says that “[t]he collective mission of the FASB, the GASB, and the FAF is to 

establish and improve financial accounting and reporting standards to provide useful information 

to investors and other users of financial reports and educate stakeholders on how to most 

effectively understand and implement those standards.”1 

As part of this mission, the FASB has identified several characteristics of financial 

reporting that help achieve this objective. Two such characteristics are comparability and 

simplicity. 2  Financial reports are considered more decision-useful when similar economic events 

result in similar financial statement numbers across firms, and when the cost or complexity of 

either preparing or interpreting the financial statement information is low. While these objectives 

are referenced in many ASUs, they were formalized in two initiatives: the IFRS convergence 

project, which began in 2002 and continued throughout the 2000s and 2010s3, and the 

simplification initiative, which began in 20144. The IFRS convergence project aimed to align 

U.S. GAAP more closely with IFRS, thus increasing comparability between financial reports of 

domestic and international firms. The simplification initiative aimed to reduce the cost and 

 

1 Financial Accounting Standards Board. (2020). About the FASB. Retrieved from 
https://storage.fasb.org/About_the_FASB_%287-20%29.pdf 
2 Rules of Procedure (2025). Retrieved from 
https://www.fasb.org/page/ShowPdf?path=Rules%20of%20Procedure-
Feb%202025.pdf&title=Rules%20of%20Procedure-February%202025 
3 Common Language: Converging Accounting Standards (2010). IR Update. Retrieved from 
https://storage.fasb.org/NIRI_Dec_Converge%20FINAL.pdf  
4 FASB Launches Initiative to Simplify Accounting Standards (2014). Retrieved from 
https://www.fasb.org/page/getarticle?uid=fasb_NewsRelease06-10-
14(Simplification)Body_0228221200&isPrintView=true 
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complexity associated with financial reporting, while improving or maintaining the usefulness of 

the information provided. 

The language surrounding the simplification initiative highlights a trade-off that standard 

setters face when issuing any type of new accounting standard: weighing the benefits of the 

information to financial statement users against the cost of obtaining and preparing the 

information to financial statement preparers. This trade-off is complicated by the fact that not all 

financial statement users have equal capabilities and incentives to process and act on the same 

information. This is acknowledged in the FASB’s Concepts Statement No. 8, Chapter 3: 

“Individual primary users have different, and possibly conflicting, information needs and desires. 

The Board, in developing financial reporting standards, will seek to provide the information set 

that will meet the needs of the maximum number of primary users.”5 These conflicting 

information needs do not just exist between broader categories of financial statement users, such 

as analysts or investors; they also exist within different types of investors. The FASB’s 2024 

Investor Outreach Report states that “[t]he FASB staff strives to access a broad spectrum of 

investor perspectives in an unbiased, objective manner. The investor community is a diverse 

group that includes investment firms of different sizes (including individual investors), uses 

different investment strategies, and has different areas of expertise. The FASB staff seeks to 

access this diverse group of investors and expand the range of investors that provide feedback to 

the FASB.”6 

 

5 Financial Accounting Standards Board. (2018). Statement of financial accounting concepts no. 8. Retrieved 
from 
https://fasb.org/page/ShowPdf?path=Concepts%20Statement%208%20Chapter%203%20As%20Amended.pd
f&title=CONCEPTS%20STATEMENT%20NO.%208%E2%80%94CONCEPTUAL%20FRAMEWORK%20FOR
%20FINANCIAL%20REPORTING%E2%80%94CHAPTER%203,%20QUALITATIVE%20CHARACT 
6 Financial Accounting Standards Board. (2024). 2024 FASB investor outreach report. . Retrieved from 
https://www.fasb.org/page/ShowPdf?path=FASB_Investor_Outreach_Report_2024.pdf&title=2024%20FASB
%20Investor%20Outreach%20Report 
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While these statements highlight the FASB’s awareness of the heterogeneity in investor 

background and expertise, research as to how these differences manifest in capital market activity 

is still ongoing. Recent academic literature on information processing costs provides theoretical 

and empirical evidence that not all information is equal in terms of awareness, acquisition, and 

integration costs (Blankespoor, deHaan, & Marinovic, 2020). Compounding the effects of 

variation in information processing costs is the possibility of heterogeneous processing 

capabilities across individuals. Although regulations such as Regulation FD aim to ensure that 

financial reporting information is equally available to all investors of public firms in the U.S., not 

all investors have the same capabilities to process that information and apply it in a trading 

strategy. Blankespoor et al. (2020) identify investor size and sophistication as two characteristics 

that cause a divide in the information processing capabilities between investors, noting that these 

qualities are highly correlated and typically associated with the grouping of equity investors into 

retail vs. institutional. 

Based on the idea that investors fall along a range of processing capabilities, I 

hypothesize that accounting standard changes that alter either the informativeness or the 

processing costs of financial reports will also affect information asymmetry and therefore trading 

behavior among a firm’s investor base. Existing theory has already established the idea that both 

changes to public signals and changes to processing costs may change information asymmetry 

among investors; my hypothesis builds upon that theory to examine what happens when the 

informational characteristics of the public signal change.  

To answer this question, I examine 47 ASUs issued from 2013 to 2020 to see if they 

differentially affected retail and institutional investors. For each ASU, I identify treatment and 

control firms following a similar methodology to Khan, Li, Rajgopal, and Venkatachalam (2018) 

and create a panel of firm-quarter earnings announcements surrounding the ASU effective date. 

Retail and institutional trading activity is obtained using the Trade and Quote (TAQ) database, 
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following the methodology from Boehmer, Jones, and Zhang (2021). I calculate abnormal trading 

volume surrounding earnings announcements separately for both retail and institutional investors, 

and I create a third variable that measures retail trading volume relative to institutional trading 

volume. Using a stacked difference-in-differences setup created from each ASU’s panel data, I 

examine if trading volume for retail and institutional investors around earnings announcements 

changed for treatment firms after the ASU effective date. 

The baseline difference-in-differences regression shows that the aggregate effect of ASUs 

significantly decreases both retail and institutional trading volume around earnings 

announcements, although the effect is strongest for retail investors. Additionally, the bid-ask 

spread during the same window increases for treatment firms. To examine possible heterogenous 

effects across different types of standards, I next identify subsets of standards based on whether a 

standard was released with the stated intent to either increase comparability or decrease 

complexity. I find that for both subsets, the negative effect of the ASU on trading is significantly 

mitigated. In other words, ASUs that are issued with either the intent to increase comparability or 

decrease complexity result in higher trading volume around earnings announcements relative to 

those that were not issued with such an intent. 

I next analyze whether the changes in retail trading volume have observable welfare 

effects for those investors. Trading volume alone does not give an indicator of whether an 

increase or decrease in trading is driven by changes in informed trades or noise trades. However, 

prior literature has used retail buy-sell imbalance to track whether retail trading is information-

based or noise trading, by regressing the buy-sell imbalance with the abnormal stock return (Li, 

Watts, & Zhu, 2024). The logic is that if the buy-sell imbalance is strongly positively correlated 

with the stock return, trading activity must be at least partially information based. Alternatively, if 

the buy-sell imbalance is weakly positively correlated or not correlated (for example, perhaps the 
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buy-sell imbalance is always positive regardless of the direction of the earnings news or stock 

price movement), this would indicate that the trading volume is primarily driven by noise trading. 

I follow this literature by creating a measure of the buy-sell imbalance for both retail and 

institutional trades during the earnings announcement window and regressing these measures on 

cumulative abnormal returns (CARs) around the earnings announcement window, interacted with 

the existing difference-in-differences regression terms. The effect of ASUs on the relation 

between CARs and retail buy-sell imbalance mirrors the earlier results. ASUs on average 

decrease the relation between CARs and buy-sell imbalances, but only for the cross sections of 

ASUs that are not intended to increase comparability or decrease complexity. In contrast, ASUs 

have no effect on the correlation between institutional buy-sell imbalances and CARs. These 

findings suggest that when retail trading volume decreases following implementation of certain 

ASUs, that decrease is primarily driven by a decline in information-based trading. The remaining 

trades consist of a higher proportion of noise trades, and therefore the correlation between retail 

trading direction and short-term stock price movements is weaker.  

I next look for a mechanism within the information environment that may be driving the 

changes in retail trading. While retail investors are heterogeneous in terms of their sophistication 

and resources, it is unlikely that they are closely following standard updates themselves but rather 

experiencing loss of information through intermediaries such as analysts. I find that for ASUs that 

were not issued to simplify reporting or increase comparability, earnings surprises are less 

informative about short-term stock price movements, and analyst forecasts are more dispersed. 

My final set of tests repeats the earlier analyses using alternate definitions of 

comparability and complexity. While the intent of each ASU is easily determinable from the text, 

it is possible that ASUs do not always lead to their intended outcomes. Additionally, 

comparability and complexity are both broad terms that can capture multiple facets of a financial 

report. For example, an information source may become more complex due to higher obfuscation 
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of information or more granularity of disclosure, with opposite effects on informativeness in each 

case. For these reasons, I supplement my analysis using two measures of complexity (Hoitash & 

Hoitash, 2018) and comparability (De Franco, Kothari, & Verdi, 2011) that are observable ex 

post – in other words, measures that can be used as outcome variables in contrast to a 

categorization based on the ex-ante intent behind the ASU. The complexity measure is based on 

the number of XBRL tags associated with a set of financial statements, and the comparability 

measure captures how similar the earnings-return relation for one firm is relative to the earnings-

return relationship for a set of peers. Given that these measures potentially capture different 

dimensions of complexity and comparability, I first include each measure as an outcome variable 

in my original difference-in-differences design. I find that standards issued with the intent to 

reduce complexity are surprisingly associated with an increase in the number of XBRL tags 

within the financial statements. Meanwhile, standards issued with the intent to increase 

comparability lead to the expected corresponding increase in the ex-post measure of 

comparability.  

To test the correlation between each ASU’s effect on these outcomes and trading, I re-

categorize each ASU based on whether it significantly increased the ex-post measure of 

comparability or decreased the ex-post measure of complexity for treatment firms. Consistent 

with the ex-ante comparability results, I find that ASUs that led to an increase in ex-post 

observable comparability resulted in higher retail trading volume and lower bid-ask spread. 

Interestingly, I find that ASUs that decrease complexity (as measured by XBRL tags) result in 

lower trading volume across both investor groups. 

Taken as a whole, my findings support the idea that increased information processing 

costs from new accounting standards lead to higher information asymmetry, lower trading 

volume and information-based trading among retail investors, and lower quality of the 

information environment. These results are concentrated in samples where neither simplicity or 
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comparability are objectives of the ASU in question, and they are weaker or not present for 

institutions.  

This study contributes to existing literature in several different areas. First, I contribute to 

research on standard-setting by providing evidence on how accounting standards may 

differentially affect subsets of investors. While prior research has examined the effect of 

individual standards as well as the effect of various information sources on small investors, my 

study is unique in that it examines a broad set of ASUs to find average effects on information 

asymmetry and trading behavior. I additionally identify two categories of standard updates 

(updates that increase comparability or simplicity) that have significantly different average effects 

on trading relative to updates outside these categories. 

I also contribute to the literature on information processing costs. Research in this area 

continues to expand, and I provide new evidence on how the specific characteristics of financial 

statement comparability and complexity determine in part the effect an accounting standard has 

on different investor types.  

Lastly, my findings have direct implications for policy makers as they determine the 

optimal requirements for financial disclosure. Standard setters must balance the needs of a 

heterogeneous base of financial statement users, with differing objectives and sophistication, 

against the costs faced by preparers of obtaining and disclosing financial information. For this 

reason, my findings cannot be interpreted as direct prescriptive guidance for standard setters. 

However, they do provide evidence as to how recent standard updates have been received by 

retail investors, as well as how the average negative effect a standard update has on retail trading 

is mitigated for standards written with a certain intent. Policy makers may consider prioritizing 

updates that simplify reporting and increase comparability if they are particularly concerned 

about minimizing the information disadvantages that retail investors face relative to their larger 

institutional counterparts.  
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2. Literature Review and Hypothesis Development 

2.1 Accounting Standard Changes, Information Asymmetry, and Trading 
Behavior 

The effect of accounting standards on the informativeness of earnings and on investors’ 

ability to use this information has been examined broadly in prior literature. Accounting standards 

are designed to improve the informativeness of earnings reports, but standard updates must 

balance the informativeness of the new financial numbers against the cost and complexity of 

acquiring, preparing, and interpreting those numbers. Given these trade-offs, the effects of 

accounting standards on either the informativeness or the information processing costs associated 

with a disclosure are not always unidirectional. Research on individual standard changes to U.S. 

GAAP demonstrates this. For example, changes to pension accounting standards under U.S. 

GAAP have been shown to have no effect on the value relevance of disclosures (Hann, Heflin, & 

Subramanayam, 2007); but changes implemented through SFAS 133 increased value-relevant 

information provided to investors concerning derivative fair values (Ahmed, Kilic, & Lobo, 

2011). 

In addition to the value relevance of information, the information processing costs 

associated with a disclosure can affect how that disclosure is used. Changes in an accounting 

standard could increase or decrease any combination of awareness, acquisition, and integration 

costs for the affected information.7 One example of a standard change that altered processing 

costs in a measurable way is SFAS 130, which affected analysts’ valuation of a firm by changing 

the display of comprehensive income (Hirst & Hopkins, 1998). This study and the research on 

informativeness of financial disclosures, while finding varied results, all point to a common 

 

7 This analysis does not attempt to separate the effects of awareness, acquisition, or integration costs, instead 
treating them as a single reduced-form concept. This is because the empirical predictions are not dependent 
on the direction of change of any specific component of information processing costs. 
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theme: accounting standard updates can change both the informativeness of a disclosure as well 

as the processing costs associated with it, and both matter in terms of how the information is 

used. 

One dimension of the information environment that is affected by changes to either the 

informativeness or the processing costs of a disclosure is information asymmetry. Classic market-

microstructure theory would suggest that more informative public signals reduce information 

asymmetry (Grossman & Stiglitz, 1980; Verrecchia, 1982; Diamond & Verrecchia, 1991). The 

concept of processing costs is a growing field of research within accounting and finance, but 

information acquisition costs have been a component of theoretical research for decades and are 

another established mechanism that may cause heterogeneous investors to acquire different levels 

of information (Hirschleifer & Teoh, 2003). Therefore, accounting standards have the potential to 

change information asymmetry among investors through changes in informativeness or changes 

in processing costs. 

The heterogeneity of investors is an important connection between information 

processing costs and information asymmetry. Investor characteristics such as size, sophistication, 

or attention have been studied extensively in empirical research, with investors commonly 

categorized as retail vs. institutional. Prior literature on information processing costs summarized 

by Blankespoor et al. (2020) concludes that institutional investors, with their greater resources 

and analytical tools, face lower costs of processing complex financial information and can do so 

more efficiently than retail investors. 

Earnings announcements are a particularly useful setting for studying information 

processing costs and the asymmetry they cause between retail and institutional investors, as 

earnings announcements are scheduled, widely anticipated, and publicly disseminated events. 

Additionally, the evidence on retail trading around earnings announcements generally shows that 

retail investors pay attention to these events and attempt to make informed trades, albeit in a more 
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simplistic fashion than institutions.  For example, small investors tend to buy stocks around 

earnings announcements regardless of the direction of the earnings news, and they are likely to 

react to market returns following earnings announcements in addition to the announcement itself 

(Lee, 1992; Michels, 2025). Small traders have also been shown to trade based on less 

sophisticated earnings forecasts compared to large traders (Bhattacharya, 2001; Battalio & 

Mendenhall, 2005). 

Research on retail vs. institutional trading is not limited to earnings announcements. 

Retail investors are also shown to lag institutional investors in terms of their attention to major 

news events (Ben-Rephael, Da, & Israelson, 2017), and when non-earnings news events are more 

prevalent, they are more easily distracted from responding to earnings announcements than 

institutions (Israeli, Kasznik, & Sridharan, 2022). They are more likely than institutions are to 

underreact to cash flow news, a feature that institutions exploit (Cohen, Gompers, & 

Vuolteenaho, 2002). Retail investors are also more likely to trade high-attention stocks, as 

evidenced by trading during Robinhood outages (Barber, Huang, Odean, & Schwarz, 2022). 

However, some studies are able to document instances where retail investors display 

sophistication in financial markets. Retail investors are shown to trade on ESG news when it is 

financially material to firm value (Li et al., 2024). Robinhood traders performed relatively well 

from 2018 to 2020 (Welch, 2022). And contrary to the idea that retail investors struggle to trade 

profitably on earnings announcements, one analysis shows that retail trading predicts abnormal 

returns around earnings announcement dates that are at least partially driven by private 

information (Kaniel, Liu, Saar, & Titman, 2012). Overall, this literature suggests that while retail 

investors are less sophisticated than institutional investors on average, they nonetheless actively 

engage with earnings announcements in ways that can be meaningfully changed by the 

information environment. 



 

 11 

If retail investors have prohibitively high processing costs when trying to understand 

certain aspects of financial reports relative to institutions, a standard change that increases 

informativeness of financial disclosures could increase information asymmetry simply because 

not all investors can understand the information. Additionally, a standard change could increase 

processing costs for the same information, also leading to greater information asymmetry. This 

information asymmetry can result in evidence of uninformed trades, as seen in the literature 

referenced above, or it can result in decreased trading volume altogether. The decrease in trading 

volume is a common outcome associated with information asymmetry, either because investors 

know they are at a disadvantage relative to other market participants and choose not to engage in 

trading (Milgrom & Stokey, 1982), or because market makers increase transaction costs (Glosten 

& Milgrom, 1985; Easley & O’hara, 1987). It also can lead to decreases in trading among both 

informed and uninformed investors; this is modeled in Di Maggio and Pagano (2018), which 

shows that when some investors are better at processing public information, both groups of 

investors will trade less.  

In summary, I posit that the issuance of an ASU will affect information asymmetry 

between investors and that for ASUs that increase information asymmetry, retail investors are 

more likely to decrease trading volume. This leads me to my first hypothesis, stated in the null: 

H1: Accounting Standards Updates (ASUs) do not differentially affect retail investor 

trading volume in comparison to institutional investor trading volume around earnings 

announcements. 

2.2 Financial Statement Characteristics 

Part of the reason the effect of an ASU on information asymmetry and (therefore trading 

behavior) is ambiguous is due to the fact that an ASU may simultaneously change both the 

informativeness of a disclosure and the processing costs. Because of this, it is difficult to know 

whether changes in trading behavior following adoption of an ASU are attributable to changes in 
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informativeness or processing costs. While no measure can perfectly capture either processing 

costs or informativeness, two characteristics of financial reports may help isolate the effects of 

processing costs from effects solely due to changes in informativeness. These characteristics are 

complexity and comparability. Complexity and comparability are distinct concepts from 

information processing costs and from each other, but the literature on these topics show that they 

are highly correlated with processing costs and often connected with similar outcomes. 

Additionally, complexity and comparability are two concepts often discussed in the standard-

setting process, making them easy to identify, and they are specifically mentioned by 

Blankespoor et al. (2020) as channels through which financial reporting standards may affect 

information processing costs. Each of these characteristics are discussed in more depth below. 

2.2.1 Financial Statement Complexity 

Financial statement complexity is one potential channel through which standard changes 

may affect information processing costs for investors. Complexity can represent both the 

difficulty for financial statement preparers to apply accounting standards and communicate the 

financial position of a company as well as the difficulty for investors to understand the 

information provided (Securities and Exchange Commission, 2008, p. 18). ASUs issued with the 

intent to reduce complexity often focus on complexity as it pertains to financial statement 

preparers, stating that they hope to reduce costs for preparers “while maintaining or improving 

the usefulness of the information provided to users of financial statements.”8 While complexity 

faced by preparers vs. users may be two separate concepts, prior research indicates that increased 

complexity for preparers does result in increased difficulty for users in understanding financial 

reports. For example, Chychyla, Leone, and Minutti-Meza (2019) measure financial reporting 

 

8 See sample text in Appendix B from ASU 2015-11. Similar language is used commonly in other ASUs as 
well. 
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complexity for preparers based on the length of the underlying accounting standards that apply to 

the components of a given financial report. This measure of complexity is associated with 

increased internal control weaknesses, accounting restatements, and SEC comment letters, all 

evidence of a weaker information environment for investors. Accounting standard-driven 

reporting complexity is also associated with lower analyst forecast accuracy and higher 

dispersion, as well as efforts to compensate for complexity through increased voluntary 

disclosures (Impink, Paananen, & Renders, 2022; Brown, Huffman, & Cohen, 2023; Guay, 

Samuels, & Taylor, 2016). 

Another area of the literature has examined the effects of financial reporting complexity 

through measures that are directly user-facing, such as 10-K size (Loughran & McDonald, 2014), 

number of XBRL tags in the financial report (Hoitash & Hoitash, 2018; Beerbaum, Piechocki, & 

Puaschunder, 2019), or readability index (Lehavy, Li, & Merkley, 2011). While these measures 

are not based on accounting standards themselves, certain dimensions such as readability have 

been shown to decrease following implementation of complex accounting standards, further 

strengthening the link between preparer and user complexity (Guay et al., 2016; Dyer, Lang, & 

Stice-Lawrence, 2017). Such complexity often leads to less efficient capital market outcomes, 

likely due to the increased processing costs that these financial reports require. Firms with highly 

complex reports are more likely to experience a stock market underreaction to their 10-K filings 

(You & Zhang, 2009), a decrease in small investor trading activity (Miller, 2010), and a decrease 

in individual investment on average (Lawrence, 2013). Complex financial reports are also 

associated with higher stock price crash risk (Kim, Wang, & Zhang, 2019) and increased insider 

trading advantage (Duellman, Klaus, & Marquardt, 2025), highlighting potential information 

asymmetry effects of reporting complexity. 

However, complexity as measured by the length and detail of financial reports can also 

arise as a result of more informative disclosures, which may improve the information 
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environment if the benefits of the informativeness outweigh the associated information 

processing costs. Increased disclosure in general reduces information asymmetry (Bushee & 

Leuz, 2005), and this effect is salient even in certain contexts surrounding complex disclosures. 

XBRL tagging of complex qualitative information increases the ability of nonprofessional 

investors to incorporate information from disclosures into investment decisions (Arnold, Bedard, 

Phillips, & Sutton, 2012), and linguistic complexity of earnings conference calls can be split into 

an obfuscation component that increases information asymmetry and an information component 

that decreases information asymmetry (Bushee, Gow, & Taylor, 2018). 

Taken together, these studies demonstrate that in some cases, greater disclosure length, 

detail, or technicality reduces informed market participation; however, when the benefits of 

increased informativeness sufficiently outweigh the processing costs, the availability of complex 

information can lead to lower information asymmetry. It is therefore unclear exactly how ASU-

driven changes in complexity, whether on the preparer or the user side, will change the 

information environment and investor trading behavior. 

2.2.2 Financial Statement Comparability 

Financial statement comparability is another potential channel through which standard 

changes may affect the information environment for investors. Within an accounting context, 

comparability is defined as how similar the mapping between economic events and financial 

statements is across different firms (De Franco et al., 2011). Much of the literature on financial 

statement comparability uses mandatory IFRS adoption as a proxy for increased comparability 

between firms, given that this setting unified accounting standards across countries and IFRS 

adoption also increases comparability with US GAAP reported numbers (Barth, Landsman, Lang, 

& Williams, 2012). IFRS adoption has been associated with higher return volatility and trading 

volume surrounding earnings announcements, decreased post-earnings-announcement drift, 

decreased analyst forecast errors and dispersion, increased foreign investment, and higher market 
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liquidity and lower cost of equity when strong legal enforcement is present (Hung, Li, & Wang, 

2015; Byard, Li, & Yu, 2010; DeFond, Hu, Hung, & Li, 2011; Daske, Hail, Leuz, & Verdi, 2008; 

Landsman, Maydew, & Thornock, 2012; Christensen, Hail, & Leuz, 2013; Li, 2010). These 

outcomes all point towards IFRS adoption creating a less costly information environment and 

decreased information asymmetry, likely in part through increased comparability between firms’ 

financial statements and those of their global peers. 

Within domestic settings, comparability is also associated with beneficial firm outcomes. 

For example, comparability is positively related to earnings quality (Peterson, Schmardebeck, & 

Wilks, 2015), analyst forecast accuracy (De Franco et al., 2011), lowered stock market crash risk 

(Kim, Li, Lu, & Yu, 2016), improved investment efficiency (Kim, Li, Lu, & Yu, 2021), and 

increased capital flows (Fiechter, Landsman, Peasnell, & Renders, 2024). However, the direction 

of the effect of an ASU on comparability is not as straightforward as the effect of IFRS adoption. 

ASUs replace a single standard with another single standard instead of replacing diverse 

accounting rules with one standard. In the context of my analysis, an ASU could reasonably 

increase or decrease financial statement comparability dependent on factors such as the amount of 

management judgments and estimates required in the new standard. It is also possible that ASUs 

in general do not create enough variation in financial statement comparability to cause significant 

changes to information asymmetry or trading behaviors through that channel alone. 

One other factor that complicates the relation between comparability, complexity, 

information processing capabilities, and trading outcomes is the fact that the external information 

environment is likely to adjust based on changes to financial reports. Changes in complexity are a 

good example of this. As mentioned earlier, firms and stakeholders have a variety of tools 

through which they can compensate for increased reporting complexity, such as voluntary 

disclosures or improved forecasts. Firms make non-GAAP disclosures in an effort to compensate 

for complex GAAP disclosures (Brown et al., 2023), and they can also reduce the effects of 
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reporting complexity through the accounting expertise of their board of directors and audit 

committee (Chychyla et al., 2019). Information intermediaries can do the same through channels 

external to the firm. Analyst following and analyst effort are higher for firms with complex 

financial reports (Lehavy et al., 2011), and analyst traits such as firm-specific experience and 

industry focus help them to provide more accurate forecasts for firms with high accounting 

reporting complexity (Hoitash, Hoitash, & Yezegel, 2021). To the extent that these measures are 

effective, it is possible that the public information and the processing costs needed to process that 

information remain relatively stable even in the face of significant accounting changes. 

Given these findings, my second two hypotheses are as follows, also stated in the null: 

H2a: The effect of Accounting Standards Updates (ASUs) on complexity is not 

correlated with that ASU’s effect on the difference in trading volume between retail and 

institutional investors around earnings announcements. 

H2b: The effect of Accounting Standards Updates (ASUs) on comparability is not 

correlated with that ASU’s effect on the difference in trading volume between retail and 

institutional investors around earnings announcements. 
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3. Data 

3.1 ASU Selection 

 I start with a sample of 125 ASUs issued from 2013 to 2020. I begin my sample in 2013 

because XBRL adoption became mandatory for all public firms in 2011, so beginning my sample 

with 2013 ASUs ensures that I have sufficient data in the pre- and post-period for each firm. To 

maintain consistency among the issuing authority, I remove ASUs that were issued as SEC 

updates. I remove Emerging Issues Task Force ASUs, as these are typically narrower in scope 

and more targeted towards firm-specific application issues or implementation clarifications rather 

than broad financial reporting changes. I also remove Private Company Council ASUs as my data 

sources are limited to public firms. I remove several ASUs for which I was unable to identify an 

appropriate effective date or a substantial treatment and control sample, and I combine samples 

with identical treatment groups and effective dates.9 This leaves me with 47 ASUs in my final 

test. Details on the selection of ASUs are provided in Table 1.10  

 I read each remaining ASU to identify a treatment and control group within the sample of 

U.S. publicly traded firms for which trading and earnings announcement data is available. While 

technically all firms included are subject to U.S. GAAP, variation in industry classification, 

business structure, or the significance of individual line items in different firms’ financial reports 

 

9 The ASUs with identical treatment groups and effective dates consist of ASUs in which an initial update 
was issued and then modified in a subsequent ASU prior to the initial effective date. The ASUs in this 
category are ASU 2014-09 on revenue recognition, ASU 2018-10 on leases, and ASU 2018-19 on credit losses. 
10 Although the included ASUs differ in whether and to what extent they alter the balance sheet, income 
statement, or associated disclosures, I do not empirically distinguish among these categories for two 
reasons. First, it is increasingly common for firms to disclose financial statement line items or full financial 
statements in conjunction with earnings announcements, making it difficult to separate the effects of balance 
sheet or disclosed information from earnings information. Second, even when standards implement changes 
to items that are not simultaneously reported with earnings announcements, the altered reporting can affect 
the interpretation of next-period reported earnings. Any attempt to categorize standards based on their 
ability to affect the interpretation of earnings would involve subjective judgments about how investors use 
the provided information. 
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can be used to distinguish between firms that are more or less affected by each standard change. 

Using a treatment and control sample for each ASU isolates the effect of the ASU from other 

factors that may change trading behavior around earnings announcements along a similar time 

horizon, such as aggregate market conditions, time-varying trends in trading activity, or 

concurrently issued ASUs. 

Treatment and control firms are identified using a mix of industry classification and 

variables from CRSP and Compustat.  I follow a similar approach to Khan et al. (2018), which 

identified treatment and control samples for a set of Statements of Financial Accounting 

Standards (SFAS), the pre-codification equivalent to the ASUs in my sample. For some ASUs, I 

limit my treatment and control firms to firms within an affected industry; for other ASUs, I use 

treatment and control firms across the entire market. Details on the sample selection of treatment 

and control firms for each ASU are provided in Appendix Table A2 (Table 12). Based on the 

effective date for each ASU, I create a panel dataset of treatment and control firms. This panel 

consists of four years of quarterly earnings announcements spanning two years prior to and two 

years following the ASU effective date.11 

Additional to identifying treatment and control samples, I also read each ASU to 

determine the nature of its objective. I identify ASUs intended to increase comparability by 

looking for two types of phrases in the text: an indicator that the ASU will increase comparability 

generally, or an indicator that the ASU will increase convergence with IFRS.12 I identify ASUs 

intended to decrease complexity using a similar screening process: I look for either an indicator 

that the ASU will decrease complexity generally, or an indicator that the ASU was issued 

 

11 A majority of ASUs are categorized as effective for fiscal years on or following a certain date, including 
fiscal quarters within that year. Given the variation in fiscal year ends, the first quarter in which an ASU is 
effective varies slightly by firm. This is represented in the POST measure. 
12 While ASUs that move standards towards IFRS convergence may not impact comparability between 
domestic firms, they are still likely to increase comparability with international firms, which can impact how 
easy it is for investors to translate financial information into a measure of firm value. 
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specifically as part of the FASB’s simplification initiative. The list of ASUs classified in each 

category as well as sample text used in the classification process is provided in Appendix Table 

A3 (Table 13). 

3.2 Trading and Liquidity Measures 

My primary dependent variable is abnormal trading volume surrounding earnings 

announcements. I use the TAQ database to collect daily data on individual trades and follow 

Boehmer et al. (2021) to identify retail and institutional trades.13 Trading volume for each group 

is measured for each firm-day and scaled by the number of shares outstanding. For both retail and 

institutional trading volume, I calculate abnormal trading volume (AVOL) as the average scaled 

trading volume over the 3 days surrounding each earnings announcement, relative to the 

benchmark trading volume -60 to -10 days before each earnings announcement and 10 to 60 days 

following each earnings announcement. In other words, I compute the average daily trades 

around earnings announcement, subtract benchmark trading volume, and then divide the 

abnormal trades by the benchmark volume to get a measure of percentage increase over typical 

trading amounts. I use both retail and institutional trading volume individually, but I also 

construct a measure of the difference between retail and institutional trading volume by 

subtracting the institutional trading volume measure from the retail trading volume measure. 

I calculate bid-ask spread as the average spread over the 3-day earnings announcement 

window. Data on effective spreads is obtained from the TAQ database. Bid-ask spread is 

multiplied by 100 for legibility in regression results; a value of 1 is equivalent to 1 penny. 

 

13 The reasoning behind the methodology is that a large majority of retail trades are not executed on 
registered exchanges but rather by wholesalers, and many orders executed this way are given a small price 
improvement equal to some fraction of a cent. In contrast, institutional orders are typically executed over 
exchanges that are prohibited from executing transactions in prices that are not round pennies. 
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3.3 Buy-sell Imbalance and Returns 

In addition to the primary outcome variables, I use TAQ data to calculate buy-sell 

imbalances (BSI) surrounding each earnings announcement. The price improvement used to 

identify retail trades can also be used to split trades into buy and sell trades, based on whether the 

price is slightly above or slightly below a round cent. This identification is used to create a 

measure of retail BSI, calculated as the number of retail buy trades minus the number of retail sell 

trades, divided by the total number of retail trades (Li et al., 2024). To tailor this measure to 

earnings announcement periods, the final retail BSI is calculated as the average BSI over days -1, 

0, and 1 around each earnings announcement. 

I also calculate an imputed measure of institutional BSI using TAQ data. TAQ provides a 

daily market-level BSI using the Lee and Ready (1991) algorithm to identify buy and sell trades. 

Based on the assumption that the market-level BSI is a weighted average of retail and 

institutional BSI, I impute institutional BSI as the value that would satisfy this formula given 

daily trading volume between institutions and retail investors as well as the previously calculated 

retail BSI. Institutional BSI is also averaged over the three days surrounding each earnings 

announcement. 

Cumulative abnormal returns are calculated using CRSP daily return data. They consist 

of the three-day return over the earnings announcement window, minus the market return over the 

same window. 

3.4 Analyst Forecast Measures 

Data on analyst forecasts is obtained from IBES and is used to compute two measures of 

interest. The first is earnings surprise, which is calculated as the difference between the actual 

earnings number and the most recent median analyst forecast prior to the earnings announcement. 

The second is standard deviation of the most recent analyst forecasts prior to the earnings 

announcement, which is provided directly by IBES. 
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3.5 Financial Statement Complexity 

As my ex-post measure of financial statement complexity, I use the logged number of 

distinct monetary XBRL tags included in each financial statement filing. The concept of 

measuring financial statement complexity this way was developed in Hoitash and Hoitash (2018), 

and the authors make the data publicly available. 

3.6 Financial Statement Comparability 

 Ex-post financial statement comparability is represented using the De Franco et al. 

(2011) measure. This measure uses a rolling window to create a regression of earnings on returns 

for each firm-quarter. Firms are then matched into pairs with peer firms, and the earnings-returns 

relation from the peer firm is used to predict earnings for the primary firm in that quarter. The 

final value for each firm-quarter is calculated by taking the negative value of the average absolute 

difference between predicted and real earnings for the five peer firms with the smallest absolute 

difference. 

Descriptive statistics and correlations are provided in Table 2. Logged size of firms in the 

sample is provided for reference. All variables are winsorized at 1 and 99 percent. 
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4. Methodology and Results 

4.1 Stacked DiD Methodology and Baseline Results 

I use a stacked difference-in-differences identification to test H1 and obtain baseline 

results. I create the stacked sample by combining the individual panel data associated with each 

ASU. Due to the nature of the treatment and control groups for each sample as well as the close 

timing of the ASUs, this creates repeated firm-quarter observations within the combined sample 

because a firm-quarter can belong to multiple ASU sub-samples. To eliminate econometric issues 

with repeated observations, I follow Wing, Freedman, and Hollingsworth (2024) in removing for 

each ASU any control firms that are treated by a different ASU within the first ASU’s sample 

period. I also use Wing et al. (2024) corrective sample weights in all regression specifications. 

My baseline specification is as follows: 

𝑇𝑅𝐴𝐷𝐼𝑁𝐺!"# = 𝛼 + 𝛽𝑇𝑅𝐸𝐴𝑇!" ∗ 𝑃𝑂𝑆𝑇!# + 𝜽$𝑿𝒂𝒊 + 𝜼$𝒀𝒂𝒕 + 𝜹$𝒁𝒒 + 𝛾!"#	 (1) 

In this equation, a represents cohort, or ASU, i represents firm, t represents event time, 

and q represents calendar time. TRADING can take the value of any of the primary outcome 

variables – abnormal retail trading (R_AVOL), abnormal institutional trading (I_AVOL), retail 

trading relative to institutional trading (AVOL_DIFF), or bid-ask spread (BID_ASK). TREAT is 

equal to 1 for all treated firms in each sample, and POST is equal to one for all firm-quarters 

following the effective date of each ASU. In order to cleanly identify ASU effects separate from 

between-firm or between-quarter variation, I include a vector of firm-cohort fixed effects (X), a 

vector of event time-cohort fixed effects (Y), and a vector of calendar time fixed effects (Z). All 

standard errors are clustered by firm-cohort and calendar quarter. 

Results from the baseline specification can be found in Table 3. Column 1 shows that on 

average, ASUs included in the sample lead to a significant decrease in the retail trading volume 

around earnings announcements. Given that this variable is scaled by the average trading volume 

in the benchmark period, the economic magnitude of this coefficient can be thought of as 12.6% 
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of average trading volume in a non-announcement day. Another way of viewing the magnitude of 

the coefficient is to consider the sample average abnormal trading volume for retail investors, 

which is 97.8% of average retail trading volume in the benchmark period. Relative to the average 

increase in trading that occurs during the announcement window, ASUs decrease retail trading 

volume by 12.9% (0.126/0.978). 

Column 2 shows that institutional trading volume also decreases on average, but at a 

proportionally smaller amount (5.9% of non-announcement trading volume). Column 3 provides 

results for retail trading relative to institutional trading, showing that the difference in the 

decrease in trading volume between retail and institutional investors is statistically significant and 

occurs at a magnitude of 6.6% of benchmark trading volume. Some of this discrepancy may be 

due to the fact that institutional abnormal trading volume is lower than retail volume on average 

as a percentage of benchmark volume (0.629 for institutions compared to 0.978 for retail 

investors), However, the decrease in institutional trading volume in Column 2 is still smaller than 

the decrease in retail trading after scaling each by typical abnormal trading volume. Institutional 

trading decreases by 9.4% (0.059/0.629), in comparison to the retail effect of 12.9%. 

Column 4 provides additional evidence that information asymmetry increases following 

ASU adoption, through the measure of bid-ask spread. On average, ASU issuance leads to an 

increase in the bid-ask spread around earnings announcements. The coefficient of 0.066 is both 

statistically and economically significant relative to the average bid-ask spread of 0.551 and 

standard deviation of 0.84. While this change in bid-ask spread cannot be tied directly to retail vs. 

institutional trades, it is consistent with the story that ASU adoption leads to a greater disparity in 

how informed certain investors are compared to others. 

As a robustness check, Table 3 is recreated with the exclusion of any observations 

occurring in 2021 or later. This is due to potential irregularity in retail trading behavior during 
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this time period. These results, presented in Appendix Table A5 (Table 15), are consistent with 

the above conclusions. 

As a supplement to the baseline findings in Table 3, I also look more closely at the effects 

of each ASU over the time of the sample period. Doing so is one way of examining whether the 

effects on trading appear permanent (consistent with changes in the underlying informativeness of 

earnings or increased information processing costs that are prohibitive even after some learning 

has occurred) or temporary (consistent with one-time transition costs or processing costs that can 

be overcome by learning over time). I first look at the trend in retail trading over the entire 

sample, by interacting TREAT with individual event-time indicators in place of TREAT*POST. 

Regression specifications are otherwise identical to those in Table 3 Column 1. The event-time 

coefficients are depicted in Figure 1. Retail trading experiences a significant decline in the post-

period that does not show signs of correction, indicating that the effects of ASUs on trading can 

be considered permanent effects within the sample window. Trading does start to decline 

gradually in the pre-period, which is consistent with preemptive changes in the information 

environment occurring around standard updates (Daske et al., 2008). Two potential reasons for 

this early decline are the possibility of early adoption for firms as well as the required SAB 74 

disclosures that firms include concerning the anticipated impact of future ASUs. 

Whether this effect is temporary or permanent can also be measured by examining 

whether there is any reversal in trading behavior over the days following each earnings 

announcement, or by examining whether there is any reversal in trading behavior over a longer 

horizon of event-quarters. Table 4 presents results using both methods. In Panel A, trading 

volume over the 3-day earnings announcement window is substituted for trading volume 2 to 5 

trading days following the earnings announcement. While retail and institutional abnormal 

trading volume no longer occurs at significantly different levels from one another, as shown in 

Column 3, the findings in Columns 1 and 2 show that both groups continue to trade at lower 
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volumes over the extended trading window. This provides continued evidence that the decrease in 

trading, particularly retail trading, is a permanent decrease and not simply a lag in response times 

to the event that then reverses in following days. Panel B provides results using firm-quarters 

from years 3 and 4 following each standard change as the post period instead of years 1 and 2. 

Here, results are still consistent with the findings in Table 3, indicating that the decrease in 

trading volume for both groups is not a temporary adjustment to a new set of standards that 

reverts in the long run, but rather a permanent shift in trading behavior. 

4.2 Simplification, Comparability, and Trading Outcomes 

To identify variation among ASUs in their effects on trading, I expand my baseline 

regression to include interaction terms based on whether a standard is intended to simplify 

financial reporting or increase comparability of financial reporting. These indicators are labeled 

SIMPLIFY and COMPARE, respectively. The expanded regression specification is as follows: 

𝑇𝑅𝐴𝐷𝐼𝑁𝐺!"# = 𝛼 + 𝛽)𝑇𝑅𝐸𝐴𝑇!" ∗ 𝑃𝑂𝑆𝑇!# + 𝛽*𝑇𝑅𝐸𝐴𝑇!" ∗ 𝑃𝑂𝑆𝑇!# ∗ CLASSIFICATION!
+𝜽$𝑿𝒂𝒊 + 𝜼$𝒀𝒂𝒕 + 𝜹$𝒁𝒒 + 𝛾!"# (2) 

In this regression, TRADING still takes the value of any of the four trading or liquidity 

measures used in Table 3. CLASSIFICATION can take the value of either SIMPLIFY or 

COMPARE. 

Results for each combination of outcome variable and interaction are presented in Table 

5. Panel A provides results for ASUs classified by SIMPLIFY. For the baseline ASUs in which 

simplification is not a stated objective, the effect of ASU adoption on all four outcome variables 

is consistent with the main effects in Table 3. Trading volume for both groups decreases, 

although the effect is more pronounced for retail investors; and bid-ask spread increases. 

However, ASUs issued to simplify financial reporting do not see these effects to the same extent. 

The interaction between TREAT*POST and SIMPLIFY shows that these ASUs experience higher 

retail and institutional trading volume following adoption, as well as slightly lower (although 
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statistically insignificant) bid-ask spreads. The magnitude of these interaction terms is smaller 

than the main effect -- meaning that the TREAT*POST coefficients are not entirely counteracted – 

but they are still substantial. In untabulated results, the coefficients on TREAT*POST within the 

subsample of simplification ASUs is insignificant for all measures except bid-ask spread, which 

still increases following adoption of these standards.  

Panel B provides results for ASUs divided by COMPARE. The results show that ASUs 

that were not issued with the intent to increase reporting comparability also have results 

consistent with Table 3: decreases in trading volume and increases in bid-ask spread. Similar to 

ASUs issued to simplify, the subset of ASUs issued to increase comparability see higher trading 

volumes and lower bid-ask spreads relative to those that do not mention comparability as an 

objective. The interaction terms for TREAT*POST and COMPARE are statistically significant for 

all outcome variables, and in untabulated results the coefficients on TREAT*POST within only 

the sample of ASUs where COMPARE = 1 are insignificant for all variables except bid-ask 

spread. Given that the negative effect of ASUs on trading volume for both retail and institutional 

investors only shows up in the cross-section where simplification or comparability are not listed 

as objectives, these results support the idea that comparability and simplification are 

characteristics that either lower the processing costs of the new accounting information or 

increase their informativeness relative to other ASUs. 

In Figures 2a and 2b, I repeat the same event-time analysis from Figure 1a using cross-

sections for ASUs that were issued to increase simplicity or comparability of reporting. These 

figures also show a permanent decrease in trading volume following adoption of non-

simplification or non-comparability ASUs, and the decrease for those groups also starts slightly 

before adoption date. 
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4.3 ASUs and Changes in the Information Environment 

Trading volume is an informative measure as to where investors place their attention, but 

volume alone does not identify whether increased or decreased trading volume is information-

based. For example, the documented decrease in trading volume surrounding ASU adoption could 

be due to increased information asymmetry, but it also could be due to lower disagreement 

between investors. To more precisely connect changes in trading volume to changes in the 

information environment, I examine three different outcome variables that capture aspects of 

information-based trading and disagreement in the market. The first of these is the correlation 

between retail and institutional BSI and stock price movements around earnings announcements. 

To test this correlation and how ASUs may affect it, I run the following regression specification: 

𝐵𝑆𝐼!"# = 𝛼 + 𝛽)𝐶𝐴𝑅!"# +	𝛽*𝐶𝐴𝑅!"# ∗ 𝑇𝑅𝐸𝐴𝑇!" + 𝛽+𝐶𝐴𝑅!"# ∗ 𝑃𝑂𝑆𝑇!#
+	𝛽,𝑇𝑅𝐸𝐴𝑇!" ∗ 𝑃𝑂𝑆𝑇!# +	𝛽-𝐶𝐴𝑅!"# ∗ 𝑇𝑅𝐸𝐴𝑇!" ∗ 𝑃𝑂𝑆𝑇!# + 𝜽$𝑿𝒂𝒊 + 𝜼$𝒀𝒂𝒕 + 𝜹$𝒁𝒒 + 𝛾!"# (3)

 

The coefficient of interest in this regression is 𝛽-, which captures the extent to which 

ASUs alter the relation between buy-sell imbalances and stock market returns. Table 6 Panel A 

presents results using retail BSI as the outcome variable and interacting short-term abnormal 

returns (CAR) with TREAT and POST.14 Columns 1 and 2 provide results for the cross-sections of 

simplification vs. non-simplification ASUs, and Columns 3 and 4 provide results for the cross-

sections of comparability vs. non-comparability ASUs. The coefficients on CAR show that 

generally, retail BSIs are positively correlated with stock price movements, indicating the 

presence of information-based trading among retail investors. This correlation is significantly 

decreased following ASU adoption (see coefficients on CAR*TREAT*POST), but only for the 

non-simplification or non-comparability ASUs. This is consistent with the story that following 

implementation of an ASU, the decrease in retail trading volume is primarily a decrease in 

 

14 Not all interactions between CAR, TREAT, and POST are included in the regression due to the granular 
fixed effects included. 
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information-based trading, which leads to a smaller correlation between buy-sell imbalance and 

stock price movement because a greater proportion of remaining trades are noise trades. 

However, these effects are not observed for both simplification- and comparability-focused 

ASUs, suggesting that not only do these types of standard updates see a smaller drop in trading 

volume after implementation, they also are less likely to cause a decrease in information-based 

retail trading. 

The effects of ASUs on retail BSIs are consistent with retail investors finding it more 

difficult to interpret and trade on information, but these results alone do not indicate a change in 

information asymmetry. To provide evidence of this, I also run the same regressions from Table 6 

Panel A using institutional BSI. Results are presented in Panel B. These results show that on 

average, institutional BSI has a strong correlation with stock price movements, larger in 

magnitude and more statistically significant than the correlation between retail BSI and stock 

price movements. In addition, the adoption of ASUs does not have a material effect on this 

correlation. Across all columns, the coefficients on CAR*TREAT*POST are insignificant, and 

there is no distinguishable pattern in effects between individual subcategories. Combining these 

findings with the results on abnormal trading volume demonstrates that even if institutional 

investors experience a decline in trading volume alongside retail investors, there is no evidence 

that their remaining trading activity is less information-based – while retail investors conversely 

show signs of less information-based trading in the cross-sections where this is most expected. 

These results support the hypothesis that increased processing costs at least partially contribute to 

the decrease in trading volume associated with these ASUs; if the decrease in trading volume 

were driven by a decrease in informativeness, institutional investors should also experience a 

decline in their proportion of information-based trading around earnings announcements. 

If retail trading becomes less information-based following ASU adoption, a reasonable 

question is to ask through which channels of information this effect is occurring. One common 
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market signal that would provide accessible information to retail investors with low processing 

costs is analyst forecasts. It is unlikely that most retail investors are closely tracking accounting 

standard updates and anticipating their effects on the informativeness of financial reporting, but it 

is much more plausible that they are simply following widespread, publicly available signals such 

as forecasts and earnings surprises. If an accounting standard changes earnings numbers such that 

the earnings surprise is less correlated with firm value, retail investors may be less informed 

relative to institutions due to their reliance on such signals and lack of alternative sources of 

information. 

To test this relation, I regress the abnormal return around earnings announcements on the 

earnings surprise based on the most recent median analyst forecast. I then include interaction 

terms with TREAT and POST to see if ASU adoption affects this relation. The regression 

specification is as follows: 

𝐶𝐴𝑅!"# = 𝛼 + 𝛽)𝑆𝑈𝑅𝑃𝑅𝐼𝑆𝐸!"# +	𝛽*𝑆𝑈𝑅𝑃𝑅𝐼𝑆𝐸!"# ∗ 𝑇𝑅𝐸𝐴𝑇!"
+𝛽+𝑆𝑈𝑅𝑃𝑅𝐼𝑆𝐸!"# ∗ 𝑃𝑂𝑆𝑇!# +	𝛽,𝑇𝑅𝐸𝐴𝑇!" ∗ 𝑃𝑂𝑆𝑇!#

+	𝛽-𝑆𝑈𝑅𝑃𝑅𝐼𝑆𝐸!"# ∗ 𝑇𝑅𝐸𝐴𝑇!" ∗ 𝑃𝑂𝑆𝑇!# + 𝜽$𝑿𝒂𝒊 + 𝜼$𝒀𝒂𝒕 + 𝜹$𝒁𝒒 + 𝛾!"# (4)
 

Results for this regression are provided in Table 7. Similar to Table 6, I run the same 

regression across four cross-sections based on each ASU’s stated objective. Results show that in 

general, the abnormal return around announcements is strongly correlated with the earnings 

surprise. However, this correlation is weakened following implementation of ASUs that are not 

intended to increase simplicity or comparability, as evidenced by the coefficient on 

SURPRISE*TREAT*POST. Table 7 provides one plausible channel through which retail investors 

may experience information disadvantages relative to institutions: the quality of public signals, 

upon which retail investors are likely disproportionately reliant, decreases. 

I include one final test related to the information environment to rule out alternative 

explanations of change in trading volume, such as increased agreement in the market. This test 

examines the effect of ASUs on the dispersion of analyst forecasts prior to each earnings 
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announcement. The regression specification used is identical to Equation 2 but with analyst 

forecast dispersion used as the outcome variable of interest. Table 8 provides these findings. On 

average, ASUs significantly increase forecast dispersion following earnings announcements, but 

this effect is only true for the non-simplification and non-comparability ASUs. If the decrease in 

trading volume among both retail and institutional investors was driven by lower levels of 

disagreement among investors, it would be unlikely that the cross-sections where these results are 

the strongest are the same cross-sections where disagreement among analysts significantly and 

simultaneously increases. 

As one more check to understand how the information environment changes following 

ASU adoption, I look at the effects of ASUs on analyst dispersion in event time. Figures 3a and 

3b show the results of Table 8 broken out by cross-section and event time. Within the non-

simplification and non-comparability ASUs, the effects on analyst dispersion are strongest in the 

first period following adoption and show evidence of a slight decline in following periods. This is 

consistent with some learning occurring within the market, although two years following 

adoption the forecast dispersion is still at an elevated level compared to the pre-period. 

4.4 Trading and Ex-post Measures of Complexity and Comparability 

My final set of analyses looks at ex-post measures of complexity and comparability to see 

if they are associated with either the stated intent of each ASU or trading behaviors following the 

ASUs effective date. The measures I use are the number of XBRL tags provided in a financial 

report (Hoitash & Hoitash, 2018) and the De Franco et al. (2011) measure of financial statement 

comparability. Table 9 provides a regression of each measure (XBRL and FSC) on the standard 

difference-in-differences specification from previous tables. Given that the I am only able to 

calculate financial statement comparability for U.S firms relative to their domestic peers, I limit 

my classification of ASUs that increase comparability to those that offer some indication of 

increased comparability besides IFRS convergence. The results show that ASUs issued to 
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increase comparability did in fact increase the ex-post measure of comparability. In contrast, the 

ASUs issued to reduce complexity significantly increased the number of XBRL tags included in a 

filing. While this may seem contradictory, these results show how the ex-post complexity 

measure of XBRL tags likely captures a distinct dimension of complexity relative to what the 

ASUs were referring to when including decreased complexity as a stated objective. Given that 

much of the language in each ASU surrounding complexity is preparer-focused (i.e. the objective 

is to reduce the complexity of preparing financial statement information, not necessarily using it), 

these results document an interesting correlation between changes in preparer-focused complexity 

and user-focused proxies for complexity. 

To determine which ASUs had the greatest effect on measured comparability and 

complexity, I regress both measures of complexity and comparability on the TREAT*POST 

indicator variable in the stacked difference-in-differences sample.15 For this regression, I allow 

the TREAT*POST coefficient to vary by ASU, such that the regression is as follows: 

𝑇𝑅𝐴𝐷𝐼𝑁𝐺!"# = 𝛼 + 𝜷′𝑇𝑅𝐸𝐴𝑇!" ∗ 𝑃𝑂𝑆𝑇!# + 𝜽$𝑿𝒂𝒊 + 𝜼$𝒀𝒂𝒕 + 𝜹$𝒁𝒒 + 𝛾!"#	 (5) 

Using the coefficients from this regression, I identify two new subsets of ASUs: those 

that significantly decreased complexity (LOWERED_XBRL) and those that significantly increased 

comparability (INCREASED_FSC) based on these measures. Table 10 presents results from 

regressing trading volume on TREAT*POST interacted with the new sample indicators. Similar to 

Table 5, Panel A presents results for the complexity cross-sections, and Panel B presents results 

for the comparability cross-sections. The regressions in Panel A show that the ASUs associated 

with a decrease in the number of XBRL tags also had an associated decrease in retail and 

institutional trading volume, although the effect on bid-ask spread is insignificant. These findings 

suggest that lowered reporting complexity does not unequivocally increase trading activity 

 

15 Regression output from these tests, along with individual coefficients for each ASU on the trading volume 
measures and bid-ask spread, are provided in Appendix C. 
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around the related information events, and more can be done to understand what these various 

complexity measures capture. The regressions in Panel B show that ASUs associated with an 

increase in financial statement comparability also increased retail trading activity and decreased 

bid-ask spread, although the results on institutional trading and relative retail trading are 

insignificant. While not as statistically strong as the earlier results on comparability, Panel B still 

lends incremental evidence that increased comparability due to standard changes leads to 

increased trading activity and lower information asymmetry. 



 

 33 

5. Conclusion 
Many benefits and costs must be considered as part of an accounting standard update. 

This study sheds light on two potential channels through which those benefits and costs occur: the 

effect of standard changes on comparability or complexity and the subsequent effects on retail 

trading behavior. While ASUs in general reduce trading activity for both retail and institutional 

investors, I find that ASUs linked to comparability or simplification objectives mitigate these 

declines, resulting in higher trading volumes and lower bid–ask spreads relative to standards with 

no such stated objectives. ASUs with no such objectives are correlated with decreased levels of 

information-based trading among retail investors (but not institutions), lower informativeness of 

earnings surprises for stock price movements, and larger analyst forecast dispersions. Moreover, 

ex-post measures of comparability are also associated with greater retail trading activity, 

suggesting that comparability lowers information asymmetry and facilitates informed trading.  

Future research might consider attempting to parse out how changes in complexity or 

comparability lead to changes in information content vs. information processing costs associated 

with a specific item or disclosure. In addition to the information provided to investors and the 

cost and complexity of implementing a new reporting requirement, standard-setters and regulators 

must also consider potential real effects on firm operations as a result of the changed reporting 

requirements. While this study does not provide a comprehensive evaluation of these costs and 

benefits, it does provide evidence that the objectives pursued in accounting standards carry real 

consequences for different types of investors. 
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Figure 1: Retail Trading Volume Around ASU Adoption 

This figure plots the effect of ASU adoption on retail abnormal trading surrounding earnings 
announcements by event time. The regression follows Column 1 of Table 3, but TREAT*POST is 
substituted for 15 event-time interactions with TREAT. Event time is in fiscal quarters, and 
treatment (the first fiscal quarter for which an ASU becomes effective for a given firm) begins in t 
= 1. Fixed effects and standard error clustering are held identical to Table 3. 
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Figure 2: Retail Trading Volume Around ASU Adoption, Complexity, and Comparability 

This figure plots the effect of ASU adoption on retail abnormal trading surrounding earnings 
announcements by event time, in cross sections based on the ASU’s objective. In Figure 2a, the 
regression follows Column 1 of Table 3, but the sample is divided into two groups based on whether 
each ASU was intended to increase simplicity of financial reporting. In Figure 2b, the regression 
follows Column 1 of Table 3, but the sample is divided into two groups based on whether each 
ASU was intended to increase comparability of financial reporting. Additionally, TREAT*POST is 
substituted for 15 event-time interactions with TREAT. Event time is in fiscal quarters, and 
treatment (the first fiscal quarter for which an ASU becomes effective for a given firm) begins in t 
= 1. Fixed effects and standard error clustering are held identical to Table 3. 



 

 36 

 
 

 
Figure 3: Analyst Forecast Dispersion Around ASU Adoption, Complexity, and 

Comparability 

This figure plots the effect of ASU adoption on analyst forecast dispersion prior to each earnings 
announcement by event time, in cross sections based on the ASU’s objective. In Figure 3a, the 
regression follows Column 1 of Table 8, but the sample is divided into two groups based on whether 
each ASU was intended to increase simplicity of financial reporting, and separate coefficients are 
created for each group instead of including the interaction with SIMPLIFY. In Figure 3b, the 
regression follows Column 2 of Table 8, but the sample is divided into two groups based on whether 
each ASU was intended to increase comparability of financial reporting, and separate coefficients 
are created for each group instead of including the interaction with COMPARE. Additionally, 
TREAT*POST is substituted for 15 event-time interactions with TREAT. Event time is in fiscal 
quarters, and treatment (the first fiscal quarter for which an ASU becomes effective for a given 
firm) begins in t = 1. Fixed effects and standard error clustering are held identical to Table 8.  
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Table 1: ASU Sample Selection Details 

This table shows the sample selection process by which ASUs are included in the following 
analyses. 
 

Number of ASUs issued from 2013-2020 125 
SEC Updates (11) 
EITF Updates (27) 
PCC and other non-public company updates (12) 
ASUs for which there was no appropriate sample selection (16) 
ASUs that were grouped with other ASUs  (6) 
ASUs that affected only the effective date of another ASU  (6) 
Final sample of ASUs  47 
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Table 2: Summary Statistics and Correlations 

This table provides summary statistics for the main variables in the paper. Panel A provides the sample size and distribution of the variables, and 
Panel B provides correlations. Observations are at the firm-quarter level. See Table A1 for variable definitions. 
 

Panel A: Summary statistics.                 
Variable   N   Mean   Std Dev   Median   10th Pctl   90th Pctl 
R_AVOL  163,580   0.978  1.87  0.433  -0.436  2.861 
I_AVOL  163,581   0.629  1.00  0.420  -0.359  1.820 
AVOL_DIFF  163,580   0.348  1.30  0.052  -0.560  1.479 
BID_ASK  163,756   0.551  0.84  0.209  0.051  1.490 
R_BSI  163,865   0.013  0.20  0.018  -0.223  0.241 
I_BSI  163,756   -0.005  0.15  0.001  -0.145  0.129 
CAR  163,865   0.001  0.08  0.000  -0.088  0.090 
SURPRISE  118,607   0.037  0.24  0.020  -0.110  0.210 
DISPERSION  107,785   0.068  0.12  0.030  0.010  0.150 
XBRL  138,490   5.417  0.51  5.416  4.745  6.089 
FSC  125,272   -0.009  0.02  -0.003  -0.022  -0.001 
SIZE   163,865    13.801   2.06   13.813   11.076   16.537 
Panel B: Correlations.                     
 1 2 3 4 5 6 7 8 9 10 11 12 
1. R_AVOL 1            
2. I_AVOL 0.754 1           
3. AVOL_DIFF 0.863 0.318 1          
4. BID_ASK -0.107 -0.135 -0.050 1         
5. R_BSI 0.021 0.027 0.010 -0.047 1        
6. I_BSI 0.068 0.069 0.045 -0.117 -0.032 1       
7. CAR 0.002 0.013 -0.007 -0.016 0.011 0.066 1      
8. SURPRISE 0.009 0.007 0.008 -0.065 0.013 -0.008 0.188 1     
9. DISPERSION -0.057 -0.070 -0.033 0.013 0.011 0.001 -0.007 0.114 1    
10. XBRL -0.038 -0.033 -0.031 -0.243 0.018 0.024 0.011 0.020 0.049 1   
11. FSC 0.040 0.039 0.026 -0.089 -0.013 0.016 0.012 0.017 -0.123 0.003 1  
12. SIZE 0.067 0.109 0.014 -0.649 0.039 0.092 0.021 0.114 0.023 0.337 0.197 1 
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Table 3: ASUs and Abnormal Trading Volume Around Earnings Announcements 

This table examines the aggregate effect of 47 Accounting Standard Changes (ASUs) from 2013-
2020 on several trading and liquidity measures surrounding earnings announcements. Column 1 
provides regression coefficients and t-statistics for the aggregate effect of ASUs on abnormal retail 
trading volume. Column 2 provides the same using abnormal institutional trading volume as the 
outcome variable. Column 3 repeats the analysis using the difference between abnormal retail 
trading volume and abnormal institutional trading volume as the outcome variable, and Column 4 
provides the effect on bid-ask spread. The sample for this table is constructed using a stacked 
difference-in-differences methodology with a sample window of 2 years prior to and 2 years post 
each ASU's effective date. Treatment and control groups are as defined in Table A2, and control 
firms are limited to those not receiving treatment from any other ASU within the sample window. 
Observations are at the cohort-firm-quarter level. Firm-cohort fixed effects, event time-cohort fixed 
effects, and calendar time fixed effects are included. Observations are weighted using the Wing et 
al. (2024) stacked difference-in-differences weighting, and standard errors are clustered by firm-
cohort and calendar time. See Table A1 for variable definitions. 
 

  (1) (2) (3) (4) 
  R_AVOL I_AVOL AVOL_DIFF BID_ASK 

     
TREAT*POST -0.126*** -0.059*** -0.067*** 0.066*** 
 (-3.903) (-3.305) (-2.901) (5.421) 
     
Firm x cohort FE Yes Yes Yes Yes 
Event time x cohort FE Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes 
Observations 614,956 614,956 614,956 615,972 
R-squared 0.362 0.345 0.309 0.759 
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Table 4: ASUs and Abnormal Trading Volume over Alternative Time Horizons 

This table examines the aggregate effect of 47 Accounting Standard Changes (ASUs) from 2013-
2020 on retail and institutional trading volume surrounding earnings announcements, using two 
variations on the time horizon compared to the regression results in Table 3. Panel A provides 
results using trading volume 2-5 trading days following the original earnings announcement over 
a window of 2 years prior and 2 years post each ASU's effective date. Panel B provides results over 
the original earnings announcement window (-1 to +1 trading days) but uses years 3 and 4 following 
each standard change as the post period instead of years 1 and 2. Within each panel, Column 1 
provides regression coefficients and t-statistics for the aggregate effect of ASUs s on abnormal 
retail trading volume. Column 2 provides the same using abnormal institutional trading volume as 
the outcome variable. Column 3 repeats the analysis using the difference between abnormal retail 
trading volume and abnormal institutional trading volume as the outcome variable. The sample for 
this table is constructed using a stacked difference-in-differences methodology. Treatment and 
control groups are as defined in Table A2, and control firms are limited to those not receiving 
treatment from any other ASU within the sample window. Observations are at the cohort-firm-
quarter level. Firm-cohort fixed effects, event time-cohort fixed effects, and calendar time fixed 
effects are included. Observations are weighted using the Wing et al. (2024) stacked difference-in-
differences weighting, and standard errors are clustered by firm-cohort and calendar time. See 
Table A1 for variable definitions. 
 
Panel A: Trading Volume 2-5 Days Following Earnings Announcements  

  (1) (2) (3) 
  R_AVOL I_AVOL AVOL_DIFF 

    
TREAT*POST -0.042*** -0.037*** -0.005 
 (-2.930) (-3.042) (-0.444) 
    
Firm x cohort FE Yes Yes Yes 
Event time x cohort FE Yes Yes Yes 
Calendar time FE Yes Yes Yes 
Observations 608,625 608,625 608,625 
R-squared 0.203 0.206 0.146 
Panel B: Trading Volume in Years 3 and 4 Following Standard Changes   

 (1) (2) (3) 
  R_AVOL I_AVOL AVOL_DIFF 

    
TREAT*POST -0.168*** -0.075*** -0.094*** 
 (-3.483) (-2.682) (-3.042) 
    
Firm x cohort FE Yes Yes Yes 
Event time x cohort FE Yes Yes Yes 
Calendar time FE Yes Yes Yes 
Observations 593,728 593,728 593,728 
R-squared 0.360 0.351 0.306 



 

41 

Table 5: ASUs, Abnormal Trading Volume, Simplification, and Comparability 

This table examines the aggregate effect of 47 Accounting Standard Changes (ASUs) from 2013-
2020 on several trading and liquidity measures surrounding earnings announcements, based on 
whether the ASU was intended to increase simplicity or comparability of financial reports. 
SIMPLIFY takes a value of 1 for cohorts where the ASU was intended to simplify financial 
reporting, and COMPARE takes a value of 1 for cohorts where the ASU was intended to increase 
financial reporting comparability. ASUs may belong to one, both, or neither category. Details on 
how ASUs are classified are provided in Table A3. Panel A provides a main effect as well as an 
interaction coefficient for ASUs where SIMPLIFY = 1, and Panel B provides a main effect and 
interaction for ASUs where COMPARE = 1. Column 1 of each panel provides regression 
coefficients and t-statistics using abnormal retail trading volume as the outcome variable. Column 
2 provides the same using abnormal institutional trading volume as the outcome variable. Column 
3 repeats the analysis using the difference between abnormal retail trading volume and abnormal 
institutional trading volume as the outcome variable, and Column 4 provides the effect on bid-ask 
spread. The sample for this table is constructed using a stacked difference-in-differences 
methodology with a sample window of 2 years prior to and 2 years post each ASU's effective date. 
Treatment and control groups are as defined in Table A2, and control firms are limited to those not 
receiving treatment from any other ASU within the sample window effective date. Observations 
are at the cohort-firm-quarter level. Firm-cohort fixed effects, event time-cohort fixed effects, and 
calendar time fixed effects are included. Observations are weighted using the Wing et al. (2024) 
stacked difference-in-differences weighting, and standard errors are clustered by firm-cohort and 
calendar time. See Table A1 for variable definitions. 
 
Panel A: Simplification     
  (1) (2) (3) (4) 
  R_AVOL I_AVOL AVOL_DIFF BID_ASK 

     
TREAT*POST -0.160*** -0.074*** -0.086*** 0.070*** 
 (-4.710) (-3.979) (-3.409) (4.767) 
TREAT*POST*SIMPLIFY 0.113** 0.048* 0.065 -0.012 
 (1.996) (1.832) (1.581) (-0.574) 
     
Firm x cohort FE Yes Yes Yes Yes 
Event time x cohort FE Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes 
Observations 614,956 614,956 614,956 615,972 
R-squared 0.362 0.346 0.309 0.759 
Panel B: Comparability         

 (1) (2) (3) (4) 
  R_AVOL I_AVOL AVOL_DIFF BID_ASK 

     
TREAT*POST -0.170*** -0.084*** -0.085*** 0.076*** 
 (-4.604) (-3.775) (-3.183) (4.965) 
TREAT*POST*COMPARE 0.120*** 0.068*** 0.052** -0.026* 
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 (3.398) (2.790) (2.401) (-1.693) 
     
Firm x cohort FE Yes Yes Yes Yes 
Event time x cohort FE Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes 
Observations 614,956 614,956 614,956 615,972 
R-squared 0.362 0.346 0.309 0.759 
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Table 6: ASUs and Buy-Sell Imbalances 

This table examines the aggregate effect of 47 Accounting Standard Changes (ASUs) from 2013-
2020 on the correlation between short-term stock price movements and buy-sell imbalances. Panel 
A presents results with retail buy-sell imbalance as the outcome variable, and Panel B presents 
results with institutional buy-sell imbalance as the outcome variable. Within each panel, Columns 
1 and 2 split the aggregate sample into two subsamples, based on whether each ASU was issued to 
simplify financial reporting. Similarly, Columns 3 and 4 split the sample into subsamples based on 
whether each ASU was issued to increase financial reporting comparability. Details on how ASUs 
are classified are provided in Table A3. CAR represents the simple 3-day abnormal return around 
each earnings announcement window. The sample for this table is constructed using a stacked 
difference-in-differences methodology with a sample window of 2 years prior to and 2 years post 
each ASU's effective date. Treatment and control groups are as defined in Table A2, and control 
firms are limited to those not receiving treatment from any other ASU within the sample window. 
Observations are at the cohort-firm-quarter level. Firm-cohort fixed effects, event time-cohort fixed 
effects, and calendar time fixed effects are included. Observations are weighted using the Wing et 
al. (2024) stacked difference-in-differences weighting, and standard errors are clustered by firm-
cohort and calendar time. See Table A1 for variable definitions. 
 
Panel A: Retail Buy Sell-Imbalance 
  (1) (2) (3) (4) 
 R_BSI  SIMPLIFY = 0 SIMPLIFY = 1 COMPARE = 0 COMPARE = 1 

     
CAR 0.039 0.085** 0.060** 0.042* 
 (1.513) (2.601) (2.043) (1.972) 
CAR*TREAT 0.013 -0.026 -0.006 0.013 
 (0.491) (-0.786) (-0.205) (0.546) 
CAR*POST 0.016 -0.025 0.008 -0.005 
 (0.527) (-0.544) (0.211) (-0.187) 
TREAT*POST 0.006 0.010** 0.009** 0.004 
 (1.592) (2.062) (2.154) (1.140) 
CAR*TREAT*POST -0.074** 0.012 -0.063* -0.012 
  (-2.279) (0.251) (-1.708) (-0.346) 
     
Firm x cohort FE Yes Yes Yes Yes 
Event time x cohort FE Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes 
Observations 396,992 219,168 364,389 251,773 
R-squared 0.144 0.150 0.148 0.145 
Panel B: Institutional Buy-Sell Imbalance 

 (1) (2) (3) (4) 
 I_BSI  SIMPLIFY = 0 SIMPLIFY = 1 COMPARE = 0 COMPARE = 1 

     
CAR 0.201*** 0.141*** 0.187*** 0.170*** 
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 (8.124) (5.636) (7.905) (7.869) 
CAR*TREAT -0.172*** -0.135*** -0.172*** -0.136*** 
 (-5.505) (-5.554) (-6.118) (-5.704) 
CAR*POST 0.022 0.042 0.040 0.011 
 (0.699) (1.233) (1.140) (0.470) 
TREAT*POST 0.003 -0.007 0.002 -0.004 
 (0.665) (-1.196) (0.471) (-0.994) 
CAR*TREAT*POST 0.020 -0.010 0.011 0.001 
  (0.614) (-0.324) (0.324) (0.032) 
     
Firm x cohort FE Yes Yes Yes Yes 
Event time x cohort FE Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes 
Observations 396,816 219,154 364,274 251,698 
R-squared 0.140 0.146 0.143 0.141 
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Table 7: ASUs and the Relation Between Earnings Surprises and Stock Price 

This table examines the aggregate effect of 47 Accounting Standard Changes (ASUs) from 2013-
2020 on the correlation between earnings surprises and short-term stock price movements. Columns 
1 and 2 split the aggregate sample into two subsamples, based on whether each ASU was issued to 
simplify financial reporting. Similarly, Columns 3 and 4 split the sample into subsamples based on 
whether each ASU was issued to increase financial reporting comparability. Details on how ASUs 
are classified are provided in Table A3. The outcome variable in all four columns is CAR, the 3-
day abnormal return surrounding each earnings announcement, and SURPRISE represents the most 
recent median forecast error for the earnings announcement. The coefficient of interest is 
SURPRISE*TREAT*POST, which captures how the correlation between earnings news and stock 
price movements changes on average after implementation of an ASU.  The sample for this table 
is constructed using a stacked difference-in-differences methodology with a sample window of 2 
years prior to and 2 years post each ASU's effective date. Treatment and control groups are as 
defined in Table A2, and control firms are limited to those not receiving treatment from any other 
ASU within the sample window. Observations are at the cohort-firm-quarter level. Firm-cohort 
fixed effects, event time-cohort fixed effects, and calendar time fixed effects are included. 
Observations are weighted using the Wing et al. (2024) stacked difference-in-differences 
weighting, and standard errors are clustered by firm-cohort and calendar time. See Table A1 for 
variable definitions. 
 

 (1) (2) (3) (4) 
CAR  SIMPLIFY = 0 SIMPLIFY = 1 COMPARE = 0 COMPARE = 1 

     
SURPRISE 0.065*** 0.075*** 0.065*** 0.073*** 
 (8.527) (7.721) (8.304) (10.478) 
SURPRISE*TREAT 0.026*** 0.006 0.024*** 0.009 
 (3.507) (0.474) (2.958) (1.170) 
SURPRISE*POST -0.010 -0.011 -0.012 -0.008 
 (-1.286) (-1.038) (-1.515) (-1.245) 
TREAT*POST -0.005* -0.000 -0.004* -0.002 
 (-1.862) (-0.179) (-1.770) (-0.863) 
SURPRISE*TREAT -0.021*** -0.002 -0.019** -0.006 
*POST  (-3.090) (-0.143) (-2.391) (-0.722) 
     
Firm x cohort FE Yes Yes Yes Yes 
Event time x cohort FE Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes 
Observations 290,153 159,723 268,042 181,838 
R-squared 0.136 0.141 0.136 0.141 
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Table 8: ASUs and Analyst Forecast Dispersion 

This table examines the aggregate effect of 47 Accounting Standard Changes (ASUs) from 2013-
2020 on analyst forecast dispersion, based on whether the ASU was intended to increase simplicity 
or comparability of financial reports. SIMPLIFY takes a value of 1 for cohorts where the ASU was 
intended to simplify financial reporting, and COMPARE takes a value of 1 for cohorts where the 
ASU was intended to increase financial reporting comparability. ASUs may belong to one, both, 
or neither category. Details on how ASUs are classified are provided in Table A3. Column 1 
provides a main effect as well as an interaction coefficient for ASUs where SIMPLIFY = 1, and 
Column 2 provides a main effect and interaction for ASUs where COMPARE = 1. The sample for 
this table is constructed using a stacked difference-in-differences methodology with a sample 
window of 2 years prior to and 2 years post each ASU's effective date. Treatment and control groups 
are as defined in Table A2, and control firms are limited to those not receiving treatment from any 
other ASU within the sample window. Observations are at the cohort-firm-quarter level. Firm-
cohort fixed effects, event time-cohort fixed effects, and calendar time fixed effects are included. 
Observations are weighted using the Wing et al. (2024) stacked difference-in-differences 
weighting, and standard errors are clustered by firm-cohort and calendar time. See Table A1 for 
variable definitions. 
 
DISPERSION (1) (2) 

   
TREAT*POST 0.012*** 0.012*** 
 (3.692) (3.760) 
TREAT*POST*SIMPLIFY -0.012***  
 (-3.110)  
TREAT*POST*COMPARE  -0.011*** 
  (-3.160) 
   
Firm x cohort FE Yes Yes 
Event time x cohort FE Yes Yes 
Calendar time FE Yes Yes 
Observations 412,042 412,042 
R-squared 0.656 0.656 
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Table 9: ASUs and Ex Post Measures of Complexity and Comparability 

This table examines the aggregate effect of 47 Accounting Standard Changes (ASUs) from 2013-
2020 on two financial reporting characteristics, based on whether the ASU was intended to increase 
simplicity or comparability of financial reports. SIMPLIFY takes a value of 1 for cohorts where the 
ASU was intended to simplify financial reporting, and COMPARE takes a value of 1 for cohorts 
where the ASU was intended to increase financial reporting comparability. ASUs may belong to 
one, both, or neither category. Details on how ASUs are classified are provided in Table A3. 
Column 1 provides a main effect as well as an interaction coefficient for ASUs intended to simplify 
reporting on the number of XBRL tags included in each filing. Column 2 provides a main effect as 
well as an interaction coefficient for ASUs intended to increase comparability on an ex-post 
measure of financial statement comparability. The sample for this table is constructed using a 
stacked difference-in-differences methodology with a sample window of 2 years prior to and 2 
years post each ASU's effective date. Treatment and control groups are as defined in Table A2, and 
control firms are limited to those not receiving treatment from any other ASU within the sample 
window. Observations are at the cohort-firm-quarter level. Firm-cohort fixed effects, event time-
cohort fixed effects, and calendar time fixed effects are included. Observations are weighted using 
the Wing et al. (2024) stacked difference-in-differences weighting, and standard errors are clustered 
by firm-cohort and calendar time. See Table A1 for variable definitions. 
 

  (1) (2) 
 XBRL FSC 

   
TREAT*POST -0.093*** 0.037*** 
 (-8.197) (2.992) 
TREAT*POST*SIMPLIFY 0.038**  
 (2.394)  
TREAT*POST*COMPARE_DOMESTIC  0.037* 
  (1.704) 
   
Firm x cohort FE Yes Yes 
Event time x cohort FE Yes Yes 
Calendar time FE Yes Yes 
Observations 530,715 479,291 
R-squared 0.924 0.869 
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Table 10: Ex-Post Measures and Trading Outcomes 

This table examines the aggregate effect of 47 Accounting Standard Changes (ASUs) from 2013-
2020 on several trading and liquidity measures surrounding earnings announcements, based on 
whether the ASU concurrently altered the simplicity or comparability of financial reports. 
LOWERED_XBRL takes a value of 1 for cohorts where treated firms are associated with a 
significantly lowered number of XBRL tags after ASU implementation, and INCREASED_FSC 
takes a value of 1 for cohorts where treated firms are associated with a significantly higher level of 
financial statement comparability. ASUs may belong to one, both, or neither category. Exact 
coefficients used to classify each ASU are provided in Table A4. Panel A provides a main effect 
as well as an interaction coefficient for ASUs where LOWERED_XBRL = 1, and Panel B provides 
a main effect and interaction for ASUs where INCREASED_FSC= 1. Column 1 of each panel 
provides regression coefficients and t-statistics using abnormal retail trading volume as the 
outcome variable. Column 2 provides the same using abnormal institutional trading volume as the 
outcome variable. Column 3 repeats the analysis using the difference between abnormal retail 
trading volume and abnormal institutional trading volume as the outcome variable, and Column 4 
provides the effect on bid-ask spread. The sample for this table is constructed using a stacked 
difference-in-differences methodology with a sample window of 2 years prior to and 2 years post 
each ASU's effective date. Treatment and control groups are as defined in Table A2, and control 
firms are limited to those not receiving treatment from any other ASU within the sample window. 
Observations are at the cohort-firm-quarter level. Firm-cohort fixed effects, event time-cohort fixed 
effects, and calendar time fixed effects are included. Observations are weighted using the Wing et 
al. (2024) stacked difference-in-differences weighting, and standard errors are clustered by firm-
cohort and calendar time. See Table A1 for variable definitions. 
 
Panel A: XBRL Tags     
  (1) (2) (3) (4) 
  R_AVOL I_AVOL AVOL_DIFF BID_ASK 

     
TREAT*POST -0.033 -0.014 -0.019 0.070*** 
 (-0.839) (-0.569) (-0.659) (4.144) 
TREAT*POST*LOWERED_XBRL -0.154*** -0.075** -0.079* -0.006 
 (-2.907) (-2.029) (-1.824) (-0.281) 
     
Firm x cohort FE Yes Yes Yes Yes 
Event time x cohort FE Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes 
Observations 614,956 614,956 614,956 615,972 
R-squared 0.362 0.346 0.309 0.759 
Panel B: Financial Statement Comparability       

 (1) (2) (3) (4) 
  R_AVOL I_AVOL AVOL_DIFF BID_ASK 

     
TREAT*POST -0.139*** -0.063*** -0.075*** 0.081*** 
 (-4.021) (-3.146) (-3.029) (5.986) 
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TREAT*POST*INCREASED_FSC 0.064* 0.020 0.044 -0.072*** 
 (1.768) (0.701) (1.374) (-3.638) 
     
Firm x cohort FE Yes Yes Yes Yes 
Event time x cohort FE Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes 
Observations 614,956 614,956 614,956 615,972 
R-squared 0.362 0.345 0.309 0.759 
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Appendix A: Variable Definitions, ASU Classifications, and 

Sample Details 

Table 11: Variable Definitions 

Variable Definition 
 

TREAT*POST Indicator variable equal to 1 if a firm is included in the 
treatment sample for an ASU and the quarter is post-effective 
date. 

 
R_AVOL Abnormal volume of retail trades around earnings 

announcements. Retail trading volume is calculated as the 
total volume of shares traded through retail trades in a day, 
divided by the number of shares outstanding. Abnormal retail 
trading volume is calculated as the average retail trading 
volume over the -1, 0, and 1 trading days around the earnings 
announcement date, minus the benchmark retail trading 
volume over the -60 to -5 and 5 to 60 days surrounding the 
earnings announcement and scaled by the benchmark trading 
volume. 

 
I_AVOL Abnormal volume of institutional trades around earnings 

announcements. Institutional trading volume is calculated as 
the total volume of shares traded through institutional trades 
in a day, divided by the number of shares outstanding. 
Abnormal institutional trading volume is calculated as the 
average institutional trading volume over the -1, 0, and 1 
trading days around the earnings announcement date, minus 
the benchmark institutional trading volume over the -60 to -5 
and 5 to 60 days surrounding the earnings announcement and 
scaled by the benchmark trading volume. 

 
AVOL_DIFF The abnormal retail trading volume around earnings 

announcements (R_AVOL) minus the abnormal institutional 
trading volume around earnings announcements (I_AVOL). 

 
BID_ASK Bid-ask spread, calculated as the average effective spread 

over the 3-day earnings announcement window for each firm-
quarter. 

 
SIMPLIFY Indicator variable that takes the value of 1 for all firms within 

an ASU sub-sample in which the ASU has the stated 
objective to decrease complexity of financial reporting. 
 

COMPARE Indicator variable that takes the value of 1 for all firms within 
an ASU sub-sample in which the ASU has the stated 
objective to increase comparability of financial reporting. 
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COMPARE_DOMESTIC Indicator variable that takes the value of 1 for all firms within 
an ASU sub-sample in which the ASU has the stated 
objective to increase comparability of financial reporting, 
excluding firms that are classified as increasing comparability 
due to increased IFRS convergence only. 

 
R_BSI Buy-sell imbalance of retail trades around earnings 

announcements. BSI is calculated as the number of retail buy 
trades minus number of retail sell trades, divided by the total 
number of trades over the -1, 0, and 1 trading days around the 
earnings announcement. 

 
I_BSI Buy-sell imbalance of institutional trades around earnings 

announcements. BSI for institutional trades is imputed using 
R_BSI as well as the total market BSI identified using the Lee 
and Ready (1991) algorithm. Institutional BSI is calculated as 
the weighted residual BSI after removing the retail BSI from 
the total BSI. This variable is calculated using trading data 
over the -1, 0, and 1 trading days around the earnings 
announcement. 

 
CAR Simple abnormal market return, calculated as the market 

return over the -1, 0, and 1 trading days around the earnings 
announcement minus the market return over the same 
window. 

 
SURPRISE Forecast surprise, captured as IBES actual earnings minus the 

median analyst forecast in the most recent forecast period 
prior to each earnings announcement. 

  
DISPERSION Analyst forecast dispersion, captured as the standard 

deviation of analyst forecasts in the most recent forecast 
period prior to each earnings announcement. 

 
XBRL Hoitash and Hoitash (2018) measure of the count of distinct 

(within each disclosure) monetary XBRL tags from the face 
of the financial statements in the SEC filing. 

 
FSC De Franco et al. (2011) measure of financial statement 

comparability, captured as the negative value of the average 
absolute difference between a firm’s earnings and their 
predicted earnings using peer firms’ earnings-returns relation. 

 
SIZE Natural logarithm of the market value of equity. 
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Table 12: Treatment and Control Selection by ASU 

ASU Title Treatment and Control Samples 

2013-01 Balance Sheet (Topic 210): 
Clarifying the Scope of Disclosures 
about Offsetting Assets and 
Liabilities 

  

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 

2013-02 Comprehensive Income (Topic 
220): Reporting of Amounts 
Reclassified Out of Accumulated 
Other Comprehensive Income 

  

Treatment: firms in the top quartile in AOCI scaled 
by assets over fiscal years 2009-2011. Control: all 
other firms. 

2013-07 Presentation of Financial 
Statements (Topic 205): 
Liquidation Basis of Accounting  

Treatment: firms with an Altman Z-score of 1.80 or 
less (high bankruptcy risk). Control: all other firms. 

2013-08 Financial Services—Investment 
Companies (Topic 946): 
Amendments to the Scope, 
Measurement, and Disclosure 
Requirements 

  

Treatment: investment firms (SIC codes 6722, 6726, 
and 6211). Control: all other financial firms (SIC 
codes 6700-6799 excluding treatment SIC codes). 

2014-08 Presentation of Financial 
Statements (Topic 205) and 
Property, Plant, and Equipment 
(Topic 360): Reporting 
Discontinued Operations and 
Disclosures of Disposals of 
Components of an Entity 

  

Treatment: firms with above-median PP&E and 
discontinued operations reported over fiscal years 
2009-2011. Control: all other firms with above-
median PP&E. 

2014-09, 
2016-08, 
2016-10, 
2016-12, 
and 2016-
20 

Revenue from Contracts with 
Customers (Topic 606) 

  

Treatment: firms in industries for which the AICPA 
created a designated task force, consisting of 
airlines, aerospace, and defense (SIC codes 4500-
4599, 9711, 3720-3729, 3760-3769, 3795); asset 
management (SIC code 6282); broker-dealers (SIC 
code 6299); construction (SIC code 1799); 
depository institutions (SIC code 6099); gaming 
(SIC code 7999); health care (SIC codes 8000-
8099); hospitality (SIC code 7099); insurance (SIC 
codes 6300-6499); not-for-profit (SIC code 8399); 
oil and gas (Fama French 49 industry 30); power 
and utility (Fama French 49 industry 31); software 
(SIC codes 7371-7372); telecommunications (SIC 
codes 4800-4899); and timeshare(SIC codes 6531, 
7011). Control: all other firms. 

  
2014-10 Development Stage Entities (Topic 

915): Elimination of Certain 
Financial Reporting Requirements, 
Including an Amendment to 
Variable Interest Entities Guidance 
in Topic 810, Consolidation 

  

Treatment: development stage entities, as identified 
by firms that are fewer than 5 years old and have 
zero revenue and non-zero R&D + CAPX in fiscal 
year 2012. Control: all other firms under 5 years 
old. 
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2014-15 Presentation of Financial 
Statements—Going Concern 
(Subtopic 205-40): Disclosure of 
Uncertainties about an Entity’s 
Ability to Continue as a Going 
Concern 
  

Treatment: firms with an Altman Z-score of 1.80 or 
less (high bankruptcy risk). Control: all other firms. 

2015-01 Income Statement—Extraordinary 
and Unusual Items (Subtopic 225-
20): Simplifying Income Statement 
Presentation by Eliminating the 
Concept of Extraordinary Items 

  

Treatment: firms with extraordinary items over 
fiscal years 2011-2013. Control: all other firms. 

2015-02 Consolidation (Topic 810): 
Amendments to the Consolidation 
Analysis  

Treatment: financial firms (SIC codes 6000-6799) 
with non-controlling interest on the balance sheet. 
Control: all other financial firms.  

2015-03 Interest—Imputation of Interest 
(Subtopic 835-30): Simplifying the 
Presentation of Debt Issuance Costs 

 

Treatment: firms with above-median leverage. 
Control: all other firms. 

2015-05 Intangibles—Goodwill and Other—
Internal-Use Software (Subtopic 
350-40): Customer’s Accounting 
for Fees Paid in a Cloud Computing 
Arrangement 

 

Treatment: computer-related service firms (SIC 
code 737-). Control: all other firms. 

2015-09 Financial Services—Insurance 
(Topic 944): Disclosures about 
Short-Duration Contracts 

  

Treatment: insurance firms (SIC codes 6300-6499). 
Control: all other financial firms (SIC codes 6000-
6799 excluding treatment SIC codes). 

2015-11 Inventory (Topic 330): Simplifying 
the Measurement of Inventory 

 

Treatment: firms that report a LIFO reserve over 
fiscal years 2011-2013. Control: all other firms that 
report inventory. 

 
2015-16 Business Combinations (Topic 

805): Simplifying the Accounting 
for Measurement-Period 
Adjustments 

 

Treatment: serial acquirers, identified as firms in the 
top quartile in percentage change in total assets 
(AT) over fiscal years 2012-2014. Control: all other 
firms. 

2015-17 Income Taxes (Topic 740): Balance 
Sheet Classification of Deferred 
Taxes 

  

Treatment: firms with above average ratios of 
current deferred taxes to total deferred taxes over 
fiscal years 2011-2013. Control: all other firms with 
deferred taxes. 

  
2016-01 Financial Instruments—Overall 

(Subtopic 825-10): Recognition and 
Measurement of Financial Assets 
and Financial Liabilities 

  

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 

2016-02 Leases (Topic 842)  Treatment: firms with above median levels of 
operating leases, and firms that report rental income 
and PP&E. Control: all other firms with operating 
leases or PP&E. 
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2016-07 Investments—Equity Method and 
Joint Ventures (Topic 323): 
Simplifying the Transition to the 
Equity Method of Accounting  

  

Treatment: companies in the top quartile of equity 
method investments. Control: all other firms with 
equity method investments. 

2016-09 Compensation—Stock 
Compensation (Topic 718): 
Improvements to Employee Share-
Based Payment Accounting 

  

Treatment: firms in the top quartile of stock 
compensation expense. Control: all other firms with 
stock compensation expense. 

2016-13 Financial Instruments—Credit 
Losses (Topic 326): Measurement 
of Credit Losses on Financial 
Instruments 

  

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 

2016-16 Income Taxes (Topic 740): Intra-
Entity Transfers of Assets Other 
Than Inventory 

  

Treatment: firms in the top quartile of either R&D 
or intangibles with at least 20% pretax income in a 
foreign jurisdiction. Control: all other firms.  

2016-17 Consolidation (Topic 810): Interests 
Held through Related Parties That 
Are under Common Control 

  

Treatment: financial firms (SIC codes 6000-6799) 
with non-controlling interest on the balance sheet. 
Control: all other financial firms. 

2017-01 Business Combinations (Topic 
805): Clarifying the Definition of a 
Business 

  

Treatment: serial acquirers, identified as firms in the 
top quartile in percentage change in total assets 
(AT) over fiscal years 2012-2014. Control: all other 
firms.  

2017-04 Intangibles—Goodwill and Other 
(Topic 350): Simplifying the Test 
for Goodwill Impairment 

  

Treatment: firms with goodwill and prior year 
returns in the bottom quartile. Control: all other 
firms with goodwill. 

2017-05 Other Income—Gains and Losses 
from the Derecognition of 
Nonfinancial Assets (Subtopic 610-
20): Clarifying the Scope of Asset 
Derecognition Guidance and 
Accounting for Partial Sales of 
Nonfinancial Assets 

       

Treatment: real estate firms (SIC codes 6500-6599). 
Control: all other financial firms (SIC codes 6000-
6799 excluding treatment SIC codes). 

2017-07 Compensation—Retirement 
Benefits (Topic 715): Improving the 
Presentation of Net Periodic 
Pension Cost and Net Periodic 
Postretirement Benefit Cost 

       

Treatment: firms in the top quartile of pension and 
retirement expense. Control: all other firms. 

2017-09 Compensation—Stock 
Compensation (Topic 718): Scope 
of Modification Accounting 

  

Treatment: firms in the top quartile of stock 
compensation expense. Control: all other firms with 
stock compensation expense. 
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2017-11 Earnings Per Share (Topic 260); 
Distinguishing Liabilities from 
Equity (Topic 480); Derivatives and 
Hedging (Topic 815): (Part I) 
Accounting for Certain Financial 
Instruments with Down Round 
Features, (Part II) Replacement of 
the Indefinite Deferral for 
Mandatorily Redeemable Financial 
Instruments of Certain Nonpublic 
Entities and Certain Mandatorily 
Redeemable Noncontrolling 
Interests with a Scope Exception 

       

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 

2017-12 Derivatives and Hedging (Topic 
815): Targeted Improvements to 
Accounting for Hedging Activities  

Treatment: firms in the top quartile in assets in 
banking (Fama French 49 industry 45); oil and gas 
(Fama French 49 industry 30), precious metals (SIC 
code 3911, 5094), airlines (SIC code (4512), and 
steel (SIC code 3312-3325). Control: all other firms 
in these industries. 
  

2018-01 Leases (Topic 842): Land Easement 
Practical Expedient for Transition 
to Topic 842  

Treatment: firms in the top quartile in land and other 
intangibles in utilities (Fama French 49 industry 
31), oil and gas (Fama French 49 industry 30), 
telecom (SIC codes 4800-4899), transportation 
(Fama French 49 industry 41), real estate 
development (SIC codes 6500-6599), and 
agriculture and forestry (SIC codes 0-899). Control: 
all other firms with land and other intangibles in 
these industries. 

  
2018-02 Income Statement—Reporting 

Comprehensive Income (Topic 
220): Reclassification of Certain 
Tax Effects from Accumulated 
Other Comprehensive Income 

  

Treatment: firms in the top quartile in AOCI scaled 
by assets over fiscal years 2014-2016. Control: all 
other firms. 

2018-03 Technical Corrections and 
Improvements to Financial 
Instruments—Overall (Subtopic 
825-10): Recognition and 
Measurement of Financial Assets 
and Financial Liabilities 

  

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 

2018-07 Compensation—Stock 
Compensation (Topic 718): 
Improvements to Nonemployee 
Share-Based Payment Accounting 
  

Treatment: firms in the top quartile of stock 
compensation expense. Control: all other firms with 
stock compensation expense. 

2018-10 
and 2018-
11 

Codification Improvements to 
Topic 842, Leases; Leases (Topic 
842): Targeted Improvements 

  

Treatment: firms with above median levels of 
operating leases, and firms that report rental income 
and PP&E. Control: all other firms with operating 
leases or PP&E.  
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2018-13 Fair Value Measurement (Topic 
820): Disclosure Framework—
Changes to the Disclosure 
Requirements for Fair Value 
Measurement 

  

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 

2018-14 Compensation—Retirement 
Benefits—Defined Benefit Plans—
General (Subtopic 715-20): 
Disclosure Framework—Changes 
to the Disclosure Requirements for 
Defined Benefit Plans 

  

Treatment: firms with above-median levels of 
pension and retirement expense. Control: all other 
firms. 

2018-16 Derivatives and Hedging (Topic 
815): Inclusion of the Secured 
Overnight Financing Rate (SOFR) 
Overnight Index Swap (OIS) Rate 
as a Benchmark Interest Rate for 
Hedge Accounting Purposes 

  

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 

2018-17 Consolidation (Topic 810): 
Targeted Improvements to Related 
Party Guidance for Variable Interest 
Entities 

  

Treatment: financial firms (SIC codes 6000-6799) 
with non-controlling interest on the balance sheet. 
Control: all other financial firms. 

2018-19 
and 2019-
05 

Codification Improvements to 
Topic 326, Financial Instruments—
Credit Losses; Financial 
Instruments—Credit Losses (Topic 
326): Targeted Transition Relief 
  

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 

2018-20 Leases (Topic 842): Narrow-Scope 
Improvements for Lessors 

  

Treatment: firms that report rental income and 
PP&E. Control: all other firms with PP&E. 

2019-01 Leases (Topic 842): Codification 
Improvements 

Treatment: firms with above median levels of 
operating leases, and firms that report rental income 
and PP&E. Control: all other firms with operating 
leases or PP&E. 
  

2019-08 Compensation—Stock 
Compensation (Topic 718) and 
Revenue from Contracts with 
Customers (Topic 606): 
Codification Improvements—
Share-Based Consideration Payable 
to a Customer  

Treatment: firms in the top quartile of stock 
compensation expense. Control: all other firms with 
stock compensation expense. 

2019-11 Codification Improvements to 
Topic 326, Financial Instruments—
Credit Losses 
  

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 

2020-03 Codification Improvements to 
Financial Instruments  

Treatment: firms in the top quartile in assets in the 
banking industry (Fama French 49 industry 45). 
Control: all other firms in the banking industry. 
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2020-04 Reference Rate Reform (Topic 
848): Facilitation of the Effects of 
Reference Rate Reform on 
Financial Reporting 

  

Treatment: firms with corporate debt securities, 
firms in the top quartile of debt/assets, firms in the 
top quartile of operating leases, firms with rental 
income and non-zero PP&E, and firms in the top 
quartile of assets in the banking industry. Control: 
all other firms that have debt, have operating leases, 
have PP&E, or belong to the banking industry. 

  
2020-06 Debt—Debt with Conversion and 

Other Options (Subtopic 470-20) 
and Derivatives and Hedging—
Contracts in Entity’s Own Equity 
(Subtopic 815-40): Accounting for 
Convertible Instruments and 
Contracts in an Entity’s Own 
Equity  

Treatment: firms that report convertible debt and 
preferred stock and firms in the top quartile in assets 
in the banking industry. Control: all other firms. 
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Table 13: ASU Classifications 

ASUs issued with the intent to increase 
comparability: 

ASUs issued with the intent to 
simplify/reduce complexity: 

 
ASU 2013-07 
ASU 2013-08 
ASU 2014-08 
ASU 2014-09 
ASU 2014-10 
ASU 2015-01 
ASU 2015-03 
ASU 2015-05 
ASU 2015-09 
ASU 2015-11 
ASU 2015-17 
ASU 2016-01 
ASU 2016-02 
ASU 2016-07 
ASU 2016-16 
ASU 2017-05 
ASU 2017-07 
ASU 2019-08 
ASU 2020-06 

 

 
ASU 2014-09 
ASU 2014-10 
ASU 2015-01 
ASU 2015-03 
ASU 2015-05 
ASU 2015-11 
ASU 2015-16 
ASU 2015-17 
ASU 2016-01 
ASU 2016-02 
ASU 2016-07 
ASU 2016-09 
ASU 2016-16 
ASU 2017-04 
ASU 2017-12 
ASU 2018-07 
ASU 2020-06 

 

Sample language from ASUs used to identify the intent of the standard: 
 
Comparability: 

 

 

ASU 2014-08: “The amendments in this Update address those issues by changing the 
criteria for reporting discontinued operations and enhancing convergence of 
the FASB’s and the International Accounting Standard Board’s (IASB) 
reporting requirements for discontinued operations.” 

 
ASU 2016-16: “The amendments in this Update align the recognition of income tax 

consequences for intra-entity transfers of assets other than inventory with 
International Financial Reporting Standards (IFRS).” 

 
ASU 2017-05: “By defining an in substance nonfinancial asset, the amendments in this 

Update clarify the scope of Subtopic 610-20 and reduce the potential for 
further diversity in practice.” 

Simplification: 
 

 

ASU 2015-11:  
 

“The Board is issuing this Update as part of its Simplification Initiative. The 
objective of the Simplification Initiative is to identify, evaluate, and improve 
areas of generally accepted accounting principles (GAAP) for which cost 
and complexity can be reduced while maintaining or improving the 
usefulness of the information provided to users of financial statements.” 

 
ASU 2016-02 “In addition to simplifications from the previous leases proposals, certain 
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aspects of lease accounting have been simplified in Topic 842 as compared 
with the previous leases guidance in Topic 840.” 

 
ASU 2020-06: “The Board is issuing this Update to address issues identified as a result of 

the complexity associated with applying generally accepted accounting 
principles (GAAP) for certain financial instruments with characteristics of 
liabilities and equity.” 
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Table 14: Coefficients by Individual ASU 

This table examines the individual effects of 47 Accounting Standard Changes (ASUs) from 2013-
2020 on several trading and liquidity measures surrounding earnings announcements, as well as 
two measures often used to proxy for financial statement complexity and comparability. Column 1 
provides regression coefficients and t-statistics for the effect of each ASU on abnormal retail 
trading volume. Column 2 provides the same using abnormal institutional trading volume as the 
outcome variable. Column 3 repeats the analysis using the difference between abnormal retail 
trading volume and abnormal institutional trading volume as the outcome variable, and Columns 
4, 5, and 6 provide regression coefficients by ASU for bid-ask spread, complexity, and 
comparability. The sample for this table is constructed using a stacked difference-in-differences 
methodology with a sample window of 2 years prior to and 2 years post each ASU's effective date. 
Treatment and control groups are as defined in Table A2, and control firms are limited to those not 
receiving treatment from any other ASU within the sample window. Observations are at the cohort-
firm-quarter level. Firm-cohort fixed effects, event time-cohort fixed effects, and calendar time 
fixed effects are included. Observations are weighted using the Wing et al. (2024) stacked 
difference-in-differences weighting, and standard errors are clustered by firm-cohort and calendar 
time. See Table A1 for variable definitions. 
 

  (1) (2) (3) (4) (5) (6) 
  R_AVOL I_AVOL AVOL_DIFF BID_ASK XBRL FSC 

       
2013-01 0.185** 0.084 0.101** 0.726*** -0.577*** 0.069 

 (2.221) (1.369) (2.011) (5.509) (-2.814) (1.000) 
2013-02 0.020 0.016 0.004 0.139*** -0.101** 0.018 

 (0.591) (0.618) (0.196) (4.901) (-2.171) (0.607) 
2013-07 -0.017 0.011 -0.027 -0.026 -0.055*** 0.102** 

 (-0.461) (0.341) (-0.994) (-0.900) (-2.616) (2.449) 
2013-08 0.062 0.049 0.012 0.334*** -0.059 -0.003 

 (1.419) (1.215) (0.342) (4.702) (-0.644) (-0.081) 
2014-08 -0.124 0.017 -0.141** -0.017 -0.072*** 0.039 

 (-1.181) (0.256) (-2.201) (-0.631) (-3.003) (1.242) 
2014-09 -0.191** -0.065 -0.126*** 0.088** -0.060 0.072* 

 (-2.146) (-0.989) (-2.705) (2.422) (-1.596) (1.850) 
2014-10 0.565*** 0.367*** 0.198* -0.137 -0.076 0.244* 

 (3.296) (3.477) (1.909) (-1.400) (-0.696) (1.730) 
2014-15 -0.129 -0.035 -0.094 0.046 -0.054 0.061 

 (-0.974) (-0.600) (-0.852) (0.964) (-1.470) (0.903) 
2015-01 0.039 -0.014 0.052 0.071 0.035 -0.035 

 (0.174) (-0.095) (0.216) (1.193) (1.035) (-0.775) 
2015-02 0.117 0.090** 0.027 0.149*** -0.036 -0.034 

 (1.604) (2.060) (0.422) (4.812) (-1.225) (-0.923) 
2015-03 0.084 0.078** 0.006 0.157*** -0.025 -0.014 

 (1.239) (2.151) (0.097) (5.770) (-0.836) (-0.474) 
2015-05 0.038 -0.022 0.059 0.164*** 0.000 -0.015 

 (0.324) (-0.368) (0.764) (4.332) (0.012) (-0.340) 
2015-09 0.166* 0.113* 0.053 0.235*** 0.016 0.020 
 (1.799) (1.734) (0.745) (5.954) (0.221) (0.259) 
2015-11 0.315 0.010 0.305 -0.032 -0.159*** 0.021 

 (1.044) (0.085) (1.235) (-0.599) (-2.852) (0.187) 
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2015-16 0.138* 0.080* 0.058 0.143*** 0.019 -0.039 
 (1.678) (1.831) (0.892) (5.101) (1.012) (-1.321) 

2015-17 0.199 0.047 0.152 -0.015 -0.068* 0.102 
 (0.719) (0.463) (0.670) (-0.307) (-1.705) (1.134) 

2016-01 0.343* -0.028 0.371 -2.353*** -0.034 0.552*** 
 (1.965) (-0.077) (1.060) (-15.070) (-0.269) (7.917) 

2016-02 -0.258 -0.098 -0.160 -0.012 -0.147*** -0.038 
 (-1.503) (-1.111) (-1.478) (-0.310) (-2.874) (-0.936) 

2016-07 -0.492*** -0.167 -0.325*** 0.036 0.037 0.034 
 (-4.647) (-1.532) (-4.507) (0.576) (0.458) (0.308) 

2016-09 -0.230 -0.130** -0.100 0.041 -0.019 0.088 
 (-1.538) (-2.134) (-0.801) (0.926) (-0.689) (1.243) 

2016-13 -0.198 -0.263*** 0.065 0.096 0.002 0.009 
 (-1.106) (-2.778) (0.521) (0.636) (0.054) (0.074) 

2016-16 0.052 -0.194 0.246 0.079 0.126 0.193* 
 (0.202) (-1.262) (1.187) (0.989) (0.908) (1.880) 

2016-17 -0.092 -0.086* -0.006 0.125** -0.097*** 0.033 
  (-0.808) (-1.755) (-0.067) (2.028) (-3.524) (0.618) 

2017-01 -0.140 -0.027 -0.113 -0.016 0.001 0.078 
 (-1.121) (-0.452) (-1.263) (-0.384) (0.036) (1.375) 
2017-04 0.093 -0.002 0.095 -0.125*** -0.057 0.148** 
 (0.624) (-0.028) (0.915) (-3.442) (-1.331) (2.173) 
2017-05 0.241 0.123 0.117 0.129 0.022 -0.731** 
 (1.421) (1.299) (0.978) (1.430) (0.252) (-2.110) 
2017-07 -0.002 -0.019 0.018 0.023 -0.021 0.102** 
 (-0.017) (-0.319) (0.299) (0.626) (-0.367) (2.152) 
2017-09 -0.122 -0.071 -0.051 0.028 -0.014 0.075 
 (-1.378) (-1.191) (-0.842) (0.727) (-0.517) (1.670) 
2017-11 -0.124 -0.027 -0.098 -0.347*** -0.097 -0.037 
 (-0.173) (-0.098) (-0.214) (-6.135) (-0.332) (-0.803) 
2017-12 0.338 0.149 0.189 0.094 -0.029 0.288 
 (0.737) (0.955) (0.557) (0.341) (-0.153) (0.672) 
2018-01 -0.197 -0.245 0.048 0.261** 0.115 -0.090 
 (-0.809) (-1.072) (0.358) (2.045) (1.219) (-0.608) 
2018-02 -0.341** -0.203** -0.138* -0.017 -0.179*** 0.052 
 (-2.322) (-2.241) (-1.717) (-0.350) (-3.061) (1.093) 
2018-03 -0.116 -0.035 -0.081 -0.419 -0.244* 0.612*** 
 (-0.306) (-0.100) (-0.221) (-0.417) (-1.858) (6.355) 
2018-07 -0.071 -0.078 0.007 0.048 -0.156*** 0.061 
 (-0.407) (-0.777) (0.085) (1.018) (-3.922) (1.255) 
2018-10 -0.264* -0.135 -0.129 0.022 -0.107*** 0.073 
 (-1.790) (-1.486) (-1.612) (0.567) (-2.717) (1.409) 
2018-13 -0.331** -0.271*** -0.060 0.041 0.002 -0.008 
 (-2.005) (-3.126) (-0.446) (0.279) (0.046) (-0.073) 
2018-14 -0.136 -0.058 -0.079 0.004 -0.090** 0.029 
 (-1.504) (-1.119) (-1.200) (0.122) (-2.213) (0.889) 
2018-16 -0.110 -0.023 -0.087 -0.345*** -0.088 -0.056 
 (-0.154) (-0.086) (-0.192) (-6.056) (-0.301) (-1.154) 
2018-17 -0.212* -0.115** -0.097 0.075* -0.195*** 0.015 
 (-1.937) (-2.052) (-1.193) (1.796) (-5.241) (0.295) 
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2018-19 -0.400*** -0.209*** -0.191* -0.014 -0.207*** -0.033 
 (-5.696) (-2.705) (-1.660) (-0.157) (-3.218) (-0.316) 
2018-20 -0.465** -0.185** -0.280** 0.070 -0.115*** 0.012 
 (-2.401) (-1.981) (-2.308) (1.554) (-2.865) (0.241) 
2019-01 -0.288*** -0.132** -0.155** 0.109*** -0.122*** 0.051 
 (-3.000) (-2.380) (-2.601) (3.142) (-4.437) (1.222) 
2019-08 -0.154* -0.082* -0.072 0.020 -0.068*** 0.122** 
 (-1.961) (-1.955) (-1.228) (0.687) (-2.962) (2.541) 
2019-11 -0.549*** -0.302*** -0.247*** 0.037 -0.208*** -0.049 
 (-6.695) (-3.923) (-2.698) (0.323) (-4.021) (-0.540) 
2020-03 -0.527*** -0.319*** -0.208** 0.032 -0.210*** -0.051 
  (-5.052) (-3.793) (-2.184) (0.273) (-4.078) (-0.564) 
2020-04 -0.281*** -0.119** -0.162*** 0.145*** -0.141*** 0.028 
 (-3.227) (-2.512) (-2.823) (4.430) (-6.274) (0.824) 
2020-06 0.015 0.000 0.014 -0.013 -0.027 0.029 
 (0.287) (0.017) (0.355) (-0.662) (-1.220) (1.324) 
       
Firm x cohort FE Yes Yes Yes Yes Yes Yes 
Event time x 
cohort FE Yes Yes Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes Yes Yes 
Observations 614,956 614,956 614,956 615,972 530,715 479,291 
R-squared 0.363 0.346 0.310 0.759 0.924 0.869 
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Table 15: ASUs and Abnormal Trading Volume Excluding Post-2020 Period 

This table examines the aggregate effect of 46 Accounting Standard Changes (ASUs) from 2013-
2020 on several trading and liquidity measures surrounding earnings announcements. The analysis 
is identical to that in Table 3, with the exception of the sample period, which excludes quarters in 
2021 and onward as a robustness check against unusual changes in the retail trading environment 
during that time. Column 1 provides regression coefficients and t-statistics for the aggregate effect 
of ASUs on abnormal retail trading volume. Column 2 provides the same using abnormal 
institutional trading volume as the outcome variable. Column 3 repeats the analysis using the 
difference between abnormal retail trading volume and abnormal institutional trading volume as 
the outcome variable, and Column 4 provides the effect on bid-ask spread. The sample for this table 
is constructed using a stacked difference-in-differences methodology with a sample window of 2 
years prior to and 2 years post each ASU's effective date. Treatment and control groups are as 
defined in Table A2, and control firms are limited to those not receiving treatment from any other 
ASU within the sample window. Observations are at the cohort-firm-quarter level. Firm-cohort 
fixed effects, event time-cohort fixed effects, and calendar time fixed effects are included. 
Observations are weighted using the Wing et al. (2024) stacked difference-in-differences 
weighting, and standard errors are clustered by firm-cohort and calendar time. See Table A1 for 
variable definitions. 
 

  (1) (2) (3) (4) 
  R_AVOL I_AVOL AVOL_DIFF BID_ASK 

     
TREAT*POST -0.110*** -0.057*** -0.054** 0.066*** 

 (-3.245) (-2.825) (-2.615) (4.476) 
     

Firm x cohort FE Yes Yes Yes Yes 
Event time x cohort FE Yes Yes Yes Yes 
Calendar time FE Yes Yes Yes Yes 
Observations 536,841 536,841 536,841 537,729 
R-squared 0.377 0.355 0.325 0.766 
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