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Abstract 

This dissertation investigates the intersection of identity and status processes on 

three different levels. All three papers take an explicitly sociological social psychological 

theoretical view, drawing from both Affect Control Theory and Identity Control Theory 

to generate hypotheses. Paper one asks how we can think about the status afforded to 

occupational identities relationally, using network methods on a dataset of simulated 

deference interactions between occupational identities. I find 4 separate occupational 

status groups, which are separated by their cultural meaning and their likelihood of 

deferring to other occupational identities and receiving deference from them in turn. 

Paper 2 proposes an identity confirmation model to explain the relationship between 

occupational identity and the daily experience of emotions. Using data from the 1996 

General Social Survey emotions module, I hypothesize and find support for the 

hypothesis that individuals are more likely to report feeling emotions that are close in 

affective meaning to the predicted emotion from Affect Control Theory for the perfect 

confirmation of one’s occupational identity. Finally, paper 3 links dominant theories of 

gender in sociology – namely the idea that gender is done and constituted through social 

interaction, with Identity Control Theory’s model of identity enactment to understand 

when the transgender identity is especially salient for transgender men and women. I 

use three datasets to test my hypotheses: the TransPop Survey, the United States 
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Transgender Survey, and the National Transgender Survey, to test my hypotheses, and 

largely find support for an interactional model of transgender identity salience.  
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1. Introduction  

A cornerstone of sociological social psychology is identity processes. Stemming 

back to George Herbert Mead’s discussion of the development of the self in relation to 

society, sociologists have argued for the importance of the concept of identity as an 

interface between the individual self and social structures more broadly. I specifically 

find myself in the theoretical corner of Affect Control Theory, a formal model of social 

interaction which advocates that social identities and behaviors have affective meaning 

and that people are influenced to behave in ways to maintain this meaning in 

interactions. I apply the theory directly to questions of occupational identities: both their 

status and how they influence the experience of emotion in everyday life.  

A recent turn in the application of social psychology to occupational status has 

argued that we need to disentangle the effects of status as informed by cultural beliefs of 

esteem from ideas of prestige that are driven more by perceptions of material resources 

(Freeland and Hoey 2018a; Weber 1978). By using affect control theory’s prediction of 

the cultural likelihood of occupations to defer to each other, Freeland and Hoey (2018) 

outlined a new measure of occupational status defined by the average deference granted 

to an occupational identity.  

Building upon this work, I argue in paper 1 that we can construct groups of 

occupations similar in status by assessing which occupations have similar deference 

relationships with other occupations. To do this, I construct a network of deference 
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relations between 303 occupational identities. Each tie in the network is a value, 

generated by Bayesian affect control theory, indicating how culturally expected it is for 

occupation i to defer to occupation j. Then, I use blockmodeling to find clusters of 

occupations that have similar structural relationships to each other. In other words, 

blockmodeling finds nodes within networks that have similar relations to similar others 

– in this case, occupations that are likely to defer to similar other occupations.  

In this paper, I identify four occupational status groups: (1) the Actively Revered 

– occupations that are highly culturally valued, like firefighters and nurses;  (2) the 

Everyday Specialists – occupations which are respected within an institutional domain, 

such as professors and farmers;  (3) Service-to-Society occupations – roles that provide a 

service, such as a musician, civil servant, or hairstylist; and last,  (4) the Disagreeably 

Powerful – occupations that are highly powerful but not seen as particularly honorable, 

such as bailiffs or divorce attorney. This work contributes to the literature on how status 

processes affect inequality by identifying how cultural ideas of goodness and worthiness 

separate occupations and affect everyday interactions. 

In paper 2, I take up the relationship between occupational identity and emotion.  

When identities are confirmed in interactions, Affect Control Theory predicts that the 

individual will experience was is known as the characteristic emotion of that identity – the 

emotion that arises upon perfect confirmation of the identities’ cultural meanings. For 

example, the perfect confirmation of the occupational identity Accountant is expected to 
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make the person embodying the identity feel cultivated or crafty, while the perfect 

confirmation of the occupational identity Legislator is predicted to make the person feel 

dominant or persuasive.  

Using the 1996 module of the GSS, I match occupational identities to ISCO-88 

occupational codes and predicted the characteristic emotion of the resulting 107 total 

occupational identities across 720 respondents who worked full-time in the previous 

year. I hypothesize and find support for the postulate that individuals are more likely to 

report feeling an emotion that is similar in cultural meaning to their occupational 

identity’s characteristic emotion than those that are more dissimilar.  

However, this relationship is predicated on the assumption that individuals 

confirm their occupational identities regularly and frequently in everyday life. I identify 

several mechanisms-- identity prominence, identity commitment, and control over the 

definition of a situation-- which are all influenced by status, and that would affect the 

rate of confirmation of an occupational identity. Using measures of social location as an 

indicator of status, I find that the experience of emotions that are similar in meaning to 

one’s occupational identity’s characteristic emotion is stronger for men, those with 

higher educational attainment, and higher income.  

This research complements prior work relating occupational status to the 

experience of negative, powerful emotions by extending the relationship between 

occupation and emotion to a broader set of emotions, as well as providing an identity-
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based mechanism to explain differential emotional experience across occupational 

domains.  

Lastly, in paper 3, I apply the Identity Control Theory model of identity in 

interaction to the experience of transgender men and women in the U.S. I am specifically 

interested in understanding what situations and interactional factors are related to trans 

individuals being more likely to self-categorize as transgender men or women versus 

simply men or women. Using data from the TransPop survey, the U.S. Transgender 

Survey, and the National Transgender Discrimination Survey on individuals who 

identify as transgender or gender non-conforming and live full-time as their preferred 

gender identity, I evaluate an interactional perspective of the transgender identity and 

explore in what situations others’ perceptions of your gender identity play an important 

role in enacting and confirming the transgender identity. I find that individuals who 

have undergone medical and surgical transition are less likely to identify strongly with 

the transgender identity, and that transmasculine people are more likely than 

transfeminine people to have a salient transgender identity.  
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2. The Social Psychology of Occupational Status 
Groups: Relationality in the Structure of Deference1 

Affect control theory can predict the average deference that occupational 

identities receive from others. These “deference scores” can capture occupational status 

better than previous operationalizations of prestige (Freeland and Hoey 2018a). 

Combining this new measurement of occupational status with social network methods, 

this paper explores the underlying relational patterns hidden within Freeland and 

Hoey’s (2018) scores of average deference. I construct a complete network of deference 

relations across 303 occupational identities using Bayesian affect control theory 

simulations. A blockmodel analysis of this network resulted in four positions within the 

occupational deference structure: everyday specialists, service-to-society occupations, 

the inconveniently powerful, and the actively revered. These are occupational classes 

that defer to the same occupational identities, and that receive deference from the same 

occupations. Exploring the reduced blockmodel provides a more complete depiction of 

the occupational status structure as measured by affect control theory.  

2.1 Introduction 

Theoretically-driven measurement of occupational class should underlie the 

assessment of stratification questions, but debates on how to do so have little consensus. 

 

1 This paper was first published in Social Psychology Quarterly, Volume 83, Issue 4, under a SAGE Publications 

license 
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Freeland and Hoey (2018) advocated using theoretical constructs from sociological social 

psychology to capture a cultural definition of status rather than using measures based 

on material resources. In that analysis, the authors conceive of prestige as linked to how 

culturally likely or unlikely occupations were to defer to other occupational identities. 

They created a “deference score” based on affect control theory (ACT). The new measure 

performs better than the General Social Survey (GSS) measure of occupational prestige 

when predicting workplace outcomes. 

However, in Freeland and Hoey (2018) the deference scores were averaged 

across interactions with all other occupational identities. This averaging concealed the 

variation in how likely or unlikely it was for occupations to defer to other occupations. 

By foregrounding the relationality within occupational status, this paper advocates for a 

re-construction of a “big-class” occupational scheme based on the new deference 

measurement (Goldthorpe and Hope 1972). 

Using a blockmodeling technique on a network of deference relations across 303 

occupational identities, I find four blocks of occupations, representing different 

structural positions within the overall occupational landscape. I label these blocks as (1) 

everyday specialists, (2) service-to-society occupations, (3) the inconveniently powerful, 

and (4) the actively revered. Exploration of these blocks and a reduced blockmodel 

structure reveals the benefit of uniting a social-psychological understanding of the 

cultural meaning of occupations with network methods that exploit relationality. In 
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conclusion, I compare these classes with previous class schemes, such as Goldthorpe and 

Hope’s (1962) original big-classes and Featherman, Jones, and Hauser’s (1975) meso-

class paradigm. I argue for the benefit of using theoretically based larger occupational 

classes rather than Weeden and Grusky’s (2005) micro-classes.  

2.1.1 Occupational Prestige 

Measuring occupational prestige is a difficult endeavor, as it needs to be able to 

capture the cultural dimension of social esteem net of material resources and credentials 

– concepts that are often highly correlated (Freeland and Hoey 2018a; Ganzeboom, De 

Graaf, and Treiman 1992). Most recent scholars adhere to Weber’s conception of status 

honor when considering measurement of status, and thus base their measurements on 

“cultural beliefs about the relative superiority, equality, and inferiority of members of 

social groups” (Freeland and Hoey 2018:245). The most common measure of 

occupational status in recent scholarship is the occupational prestige question in the 

GSS. However, there are concerns about the validity of the GSS measure, and its method 

of asking respondents to score occupations based on their social standing (Freeland and 

Hoey 2018). 

Because sociological social psychology has a historic focus on questions of status, 

it is useful to draw upon this intellectual tradition when developing operationalizations 

of cultural understandings of prestige (Ridgeway 2014). Freeland and Hoey (2018) 

return to the social psychological roots of status beliefs by using a formal model of social 
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interactions, ACT (Heise 1979, 1987; Robinson and Smith-Lovin 2018; Schröder, Hoey, 

and Rogers 2016). The theory involves measurements of constructs that are 

approximately analogous to prestige and power, allowing for the explicit inclusion of 

these dimensions in measurements of occupational status (Rogalin, Soboroff, and 

Lovaglia 2007). 

Using simulations generated from ACT, Freeland and Hoey (2018) constructed a 

matrix of deference relations across occupational identities. To create a single deference 

score for each occupation, they averaged the scores across rows of the full matrix, losing 

information about which occupations are likely to defer to which others. Because 

occupational status is such a relational construct, the additional relational data contained 

in the matrix is a ripe source for deeper analysis into the classes of occupations that have 

similar patterns of deference. Since the elements in the occupational deference matrix are 

produced through theoretically based ACT simulations, a summary of the theory is 

presented below. A full description is found in Heise (2007) and Robinson and Smith-

Lovin (2018). 

 2.1.2 ACT 

ACT is a mathematical model of social interaction that uses measurements of 

cultural meaning to locate identities and behaviors within a three-dimensional affective 

space (Heise 1979). The three dimensions are evaluation (good/bad), potency 

(powerful/weak), and activity (fast/slow) (EPA hereafter). The control aspect of the 
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model assumes that people try to maintain cultural meanings on EPA, which are called 

fundamental sentiments. 

ACT specifies equations that predict the shift in meaning (called the deflection) 

that occurs when an Actor does a Behavior to an Object (ABO). The new positions for 

impressions within affective space after the ABO event are transient impressions. The 

deflection of cultural meaning created by an interpersonal action (ABO) is the sum of 

squared differences between the EPA values for the fundamental sentiments and 

transient impressions of each component of the situation (Robinson and Smith-Lovin 

2018). Deflection is an indicator of how culturally (dis)confirming a situation is – a 

higher deflection score means that an event is more culturally unexpected, because it 

means that there has been more affective dislocation as a result of the event. Recent 

scholarship has developed ACT within a Bayesian framework. Rather than point 

estimates of the position of the identity or behavior in the three-dimensional space, the 

Bayesian analysis uses a distribution to account for uncertainty in cultural meaning 

(Schröder et al. 2016). 

2.1.3 Using ACT to Measure Occupational Status 

Freeland and Hoey (2018) used BayesACT’s way of measuring cultural 

conformity in their operationalization of occupational status. They calculated a mean 

deflection score for simulations of the event “occupation i defers to occupation j” across 

all of their 304 occupational identities. Because deflection is a measure of cultural 
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confirmation, they argued that occupations that are culturally unlikely to defer to other 

occupations (higher deflection scores) have higher occupational status. They calculated 

each occupation’s deference score by averaging across all deference events and ranked 

occupations by these averages, with higher scores (less likely to defer to others) 

indicating greater occupational status. Here, I replicate their analysis but instead of 

averaging across rows, I examine the entire matrix of deference relations. 

4.1.3.1 Occupational Classes 

Creating classes of occupations is a classic enterprise in the field of occupational 

stratification. Positions range from Goldthorpe and Hope’s (1972) big-class scheme of 

occupations to Weeden and Grusky’s (2005) argument that using micro-classes is more 

accurate due to the focus on specific occupations in modern-day society. Scholars debate 

the dimensions of importance when constructing classes, how many parameters to use 

when defining classes, the acceptable heterogeneity within classes, and the purpose of 

class conceptualizations. 

The Goldthorpe-Hope big-class scale is defined based on the market position 

(income and chance of mobility) as well as work position (level of authority) of 

occupations. It consists of seven classes: higher-grade professionals or managers, lower-

grade professionals or managers, routine non-manual employees, small proprietors, 

farmers, lower-grade technicians, skilled manual workers, and non-skilled workers. The 

arguments against this big-class scheme include the within-class heterogeneity among 
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non-measured dimensions and the theoretical reasoning behind measured dimensions 

(Goldthorpe and Hope 1972; Hertel 2016; Weeden and Grusky 2005). 

Meso-classes subdivide the occupations further by reemphasizing hierarchical 

dimensions of status, culminating in more complexity. However, they also struggle with 

clear theoretical linkages (Featherman, Lancaster Jones, and Hauser 1975). Finally, some 

scholars advocate for classes at almost the occupation-level, called micro-classes 

(Weeden and Grusky 2005). They argue that there is little conceptual value to clumping 

occupational identities. In the following, I try to bridge the benefits of big-class schemes 

with respecting the cultural meaning of single occupations. I use ACT’s cultural 

measurement paradigm with network methods to construct the classes based on 

individual occupations’ deference relations. 

2.2 Data 

The data used to construct the matrix of deference relations is the sentiment 

dictionary collected from students at a private and public university in 2015 (Smith-

Lovin et al. 2016). ACT dictionaries are constructed by asking participants to rate 

identities and behaviors on EPA on a scale from -4.3 to 4.3. For BayesACT, the entire 

distribution of responses is used as the estimate of the identity or behavior location 

within the EPA space (Heise 2010; Schröder et al. 2016). The occupations included in this 

analysis match those considered in Freeland and Hoey (2018), with the exception of the 

identity of dishwasher. It appears that respondents envisioned the machine dishwasher 



 

12 

rather than the occupation dishwasher when rating the E, P, and A values, so it was not 

included in this analysis. In total, there are 303 identities total in the data, and a full list 

is included in Appendix A. Descriptive statistics are displayed in Table 1. 

Table 1: Descriptive Statistics for Occupational Identity EPA data 

Dimension N Mean Std Dev Min Pctl(25) Pctl(75) Max 

E 303 1.212 0.718 -1.760 0.800 1.640 3.270 

P 303 1.098 0.999 -1.550 0.390 0.390 3.220 

A 303 0.419 0.880 -2.060 -0.215 -0.215 3.030 

 

The mean evaluation is 1.21, potency is 1.10, and activity is 0.42, indicating that 

on average occupations are thought of as relatively good, relatively powerful, and 

somewhat active. The behavior “to defer to” has an EPA rating of -0.15, 0.45, -0.44, 

indicating a slightly lower then neutral evaluation and activity and a slightly more than 

neutral potency. 

2.3 Method 

Replicating an approach developed by Robinson (1996), the matrix of deference 

relations was constructed by simulating the event “occupation i defers to occupation j” 

across all possible combinations of the 303 occupations, using BayesACT.2 The 

deflections produced by these interactions are the tie weights between occupation i and 

 

2 The deference matrix is the matrix version of the network in which cells are equivalent to ties. 
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occupation j, making this a valued and directed network (the deflection produced by 

“occupation i defers to occupation j” is not the same as the reverse). Deflections range 

from 2.28 (pawnbroker defers to textile worker) to 13.02 (surgeon defers to surgeon). 

These deflections cover the range from events that are seen as normal (near zero) to 

events that seem unusual (over 7.0) (Curdy 2018). 

In order to uncover positions within the occupational structure, a blockmodel 

analysis was conducted on the deference matrix using the sna package in R (McFarland, 

Messing, Nowak, and Westwood 2010; Butts 2016). Blockmodels group nodes according 

to their structural equivalence, which is a measure of similarity in relationships to others 

in the network. Rather than grouping actors who are all connected to each other, as 

community detection methods do, blockmodeling classifies actors by assessing who has 

similar relations to the same people (Wasserman and Faust 1994). 

The first step in a blockmodel analysis is to get a measure of similarity in 

relationship patterns for each combination of nodes. To do this, the transpose of the 

original deference matrix was concatenated onto the initial matrix of deference relations 

in order to capture both outgoing and ingoing ties in the similarity measure. Next, that 

606 by 303 matrix was correlated by column, resulting in a correlation matrix in which 

the value in cell i,j indicated how similar the pattern of deference scores for occupation i 

was to occupation j. 
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However, most algorithms used in blockmodeling methods use indicators of 

dissimilarity, rather than similarity, when assigning nodes to blocks. Therefore, all cells 

in the correlation matrix are subtracted from 1, so larger cell values indicate more 

dissimilarity, or less structural equivalence. Lastly, the dissimilarity matrix is coerced 

into a distance measure, changing the meaning of the value from how dissimilar the 

occupational identities are from each other to how far apart they are, for use by a 

clustering algorithm. Finally, using Ward’s algorithm, the hierarchical clustering method 

began with each occupation as its own cluster, and then iteratively joined the 

occupations into larger and larger clusters until all were in one group. Ward’s algorithm 

constructs groups with the objective of minimizing the variance within blocks. In 

practice, this means that at each step of the method, the two clusters that are joined are 

those that will produce the least amount of within-cluster variance. It does this until all 

nodes are contained within one overall cluster (Ward 1963). 

The result of this algorithm is cluster solutions ranging from 1 cluster containing 

all 303 occupational identities to 303 clusters, each containing a single occupational 

identity. Choosing the appropriate number of blocks is an issue of both theory and 

method. Keeping in mind the prior literature on big-class occupational groups, I 

compared the cluster solutions from 2 to 10 clusters to the initial correlation matrix that 

resulted from correlating the deference matrix with its concatenated transpose by 

column. The comparison process involved using the cluster solutions at each step and 
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creating a by-cluster correlation matrix, in which cells indicated either the average 

within group correlation if both occupation i and j were in the same block, or between 

block correlation if occupation i and j were in different blocks. Finally, the Pearson 

product-moment correlation between the overall correlation matrix and the by-cluster 

correlation matrix was computed, measuring the similarity between the baseline 

measure of structural equivalence and the clustered version, for each solution (Nowak et 

al. 2012). 

The ideal solution would have a high correlation between the cluster solution 

matrix and the observed correlation matrix while also penalizing the addition of more 

clusters (Nowak et al. 2012). I chose four blocks, as that is the point before which the 

increase in correlation decreases below a 45 degree line, as seen in Figure 1. 

Figure 2 displays the distribution of EPA across the four blocks. Evaluation 

defines each block most conclusively, having the highest peak in every block. The 

importance of evaluation reflects the central place of social esteem in this new 

measurement of occupational status. Certain blocks are also distinguished by their 

activity. Blocks 4 and 1 most notably exhibit this feature, with higher and lower average 

activity distributions, respectively. Typically activity is less explanatory within ACT, but 

because the action “defers to” has a low activity score, occupations with high activity 

ratings are especially unlikely to defer to others. Freeland and Hoey (2018) highlight this 
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impact of activity in their conclusions, because it contributed substantially to the 

prestige of service-to-society jobs. 

 

 

Figure 1: Correlation between By-Cluster Matrices and Observed Correlation 

Matrix 

 

2.4 Results 

2.4.1 Blockmodel Results 

The four blocks consist of distinct EPA configurations indicating the type of 

occupational identity that best fits each position. Table 2 shows the mean EPA values for 

each block, and Table 3 displays the top five identities that are closest to that mean. 

Reviewing the occupations within each block, I propose a general label for each set of 

occupations. A full list of occupations and their blocks are in appendix A. 
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Figure 2: Distribution of EPA Values Across Blocks 

 

Table 2: Block Descriptions 

 Mean E Mean P Mean A N 

Block 1: Everyday Specialists 1.357 0.924 0.263 126 

Block 2: Service-to-Society 1.645 1.078 0.849 55 

Block 3: Inconveniently Powerful 0.743 1.269 0.260 109 

Block 4: Actively Revered 1.909 1.442 1.438 13 
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2.4.1.1 Block 1 – Everyday Specialists 

Occupational identities in block 1 are characterized by their moderately high 

evaluation, moderately high potency, and neutral activity. As the largest block, 

consisting of 120 occupations, these identities range from bricklayer (1.21, 0.69, 0.11), 

which fits the profile the best, to baker (1.97, 0.70, 0.06). On the whole, these 

occupational identities are respected and have power over their particular range of 

specialty, but their standing does not extend over the general public. They are respected 

for their local skills, but not revered more generally.  

Table 3: Exemplar Occupational Identities for Each Block 

Block Identity E P A 

1 Computer support specialist 1.33 0.82 -0.02 

1 Bricklayer 1.21 0.69 0.11 

1 Dental Hygienist 1.68 0.86 0.34 

1 Technician 1.67 1.08 0.45 

1 Machine Repairer 1.36 1.02 0.68 

2 Decorator 1.70 0.81 0.84 

2 Travel Agent 1.43 0.54 0.98 

2 Environmentalist 2.10 0.65 0.77 

2 Musician 1.77 1.25 1.47 
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2 Hairstylist 1.62 0.39 0.71 

3 Foreman 0.64 1.30 0.34 

3 Crane Operator 0.94 1.23 0.29 

3 Patrolman 1.01 1.24 0.33 

3 Bailiff 0.72 1.56 0.10 

3 Customs Officer 0.45 1.37 0.13 

4 Fundraiser 2.55 2.18 1.40 

4 Elementary School Teacher 2.66 1.81 0.71 

4 Nurse 2.84 1.75 0.53 

4 Comedian 1.94 1.19 2.88 

4 Medic 2.78 2.61 1.86 

 

2.4.1.2 Block 2 – Service-to-Society 

The occupational identities in block two are marked by their increase in 

evaluation and activity over the occupations in block one. The occupations closest to the 

profile of the block are creative professions, such as decorator (1.70, 0.81, 0.84), musician 

(1.77, 1.25, 1.47), and storyteller (2.15, 1.62, 0.30). However, this block also contains 

identities associated with high activity and low power, like hostess (1.94, 0.39, 0.92) and 

beautician (1.32, 0.05, 1.11), as well as those with high evaluation and high power, such 

as astronaut (2.33, 2.13, 0.76) and interpreter (2.26, 1.97, 0.80). What unites all 55 of these 
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identities is a position that requires visibility and high cultural esteem. These identities 

represent a stratum of occupations that are well-thought of and do things either directly 

for us, in the case of teacher or beautician, or for society as a whole, like social worker. 

2.4.1.3 Block 3 – Inconveniently Powerful 

The most prominent characteristics of block 3 occupational identities are lower 

evaluation and higher power than blocks 1 and 2. Ultimately, this results in including 

identities that are punitively powerful, like foreman (0.64, 1.30, 0.34), bailiff (0.72, 1.56, 

0.10), and auditor general (0.14, 1.55, 0.10). Additionally, this block consists of 

occupations which are powerful but perhaps seen as more annoying than simply 

punitive, like crane operator (0.94, 1.23, 0.29), editor (1.08, 1.70, 0.23), economist (0.87, 

0.93, -0.26), and dietician (1.56, 0.90, -0.32). The underlying theme of these identities is 

that those who occupy them have the ability to change others’ actions or influence the 

course of someone’s day, in a way that they do not face much recourse, resulting in 

negative affect. 

2.4.1.4 Block 4 – Actively Revered: Heroes and Caretakers 

Finally, block 4 is most marked by their very high average evaluation, potency, 

and activity. In general, this position represents a good and highly active set of 

occupations, like nurse (2.84, 1.75, 0.53), firefighter (3.27, 2.85, 2.29), and cheerleader 

(1.05, 0.24, 2.94). These are esteemed occupational identities, but not necessarily the ones 

that garner the highest material resources. Looking at both the top 5 closest identities as 
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well as the distribution plot of the EPA values, it seems as though this group is made up 

of good and active actors who are either also very powerful (the heroes, like firefighter), 

as well as those who are slightly less powerful, who can be thought of as caretakers. 

These subgroups would likely split apart with a higher number of blocks and a more 

comprehensive set of occupational identities.  

Taking a step back from these descriptions, one can see the larger patterns at 

play in the social-psychological meaning of occupational status groups. The majority of 

occupations are split along esteem and power lines. In particular, everyday jobs are 

delineated by the respective esteem they have. High esteem goes to everyday specialists, 

and low esteem to the inconveniently powerful. We value some trades even while we 

look askance at some of our powerful but not totally loveable professionals. Occupations 

with very high cultural esteem are split by how active they are, with moderately active 

occupations falling into the service-to-society block, and very high active occupations 

making up the more revered block. 

The four blocks here have distinct differences from the major schemes of 

occupational classes put forward by stratification theorists. Most significantly, potency 

seems to take a reduced role in these blocks, having less explanatory power over which 

occupations fall into which blocks than esteem and activity do. In particular, this 

analysis captures the societal differences in powerful jobs that are more and less socially 



 

22 

esteemed, especially in the separation of the everyday specialists from the 

inconveniently powerful. 

2.4.2 Reduced Blockmodel 

Using the sna package in R, I produced a reduced blockmodel using the mean 

value in each block (Butts 2022). The reduced blockmodel in Table 4 averages the 

deflection produced from deference simulations across the occupations within each 

block-to-block section of the entire deference matrix. The averages have been rounded to 

the nearest whole number to ease interpretation. 

To construct the blockmodel, the original deference matrix is re-ordered by block 

membership, to group all of the occupational identities in each block together. Then, the 

deflection scores from all of the simulations falling within each block-to-block subsection 

(e.g. all deflections produced from simulations of “block 1 occupation defers to block 1 

occupation”), are averaged as an indicator of the general unlikeliness of that block-to-

block deference relationship from occurring. The benefit of the reduced blockmodel is 

that it helps to untangle the hierarchical relations between the occupational blocks as it 

shows general patterns of deference across blocks. 

When reading the reduced blockmodel, a higher value in celli,j indicates that it is 

more culturally unexpected for occupations from block i to defer to occupations from 

block j. When a row has higher values, it indicates that the occupations within that block 

have higher occupational status and vice versa. 
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Table 4: Reduced Blockmodel 

 Block 1 Block 2 Block 3 Block 4 Row Average 

Block 1 6 6 5 7 6 

Block 2 7 7 6 8 7 

Block 3 5 6 5 7 5.75 

Block 4 8 9 8 10 8.75 

Column 

Average 

6.5 7 6 8  

 

It is most uncommon for block 4 occupations to defer to any of the other 

occupations, since all of the values contained in the cells within row 4 are higher than 

the mean value across the entire reduced blockmodel (6.875). Block 4 consists of 

esteemed occupations, which are often very active.  The deflection created by deference 

is created by having a very good, very active person do a somewhat low evaluation, low 

activity behavior. As would be expected,given that block 2 (service-to-society) consists 

of occupations that are similar to block 4, just one step down in activity, they have the 

second highest unlikelihood of deferring to other occupations. With an average 

deference score of 6 across blocks, block 1 (everyday specialists), has a higher likelihood 

of defering than blocks 2 or 4.. It is especially likely for them to defer to occupations in 

block 3. As this represents everyday specialists deferring to the inconveniently powerful, 
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this follows from our expectations of a power hierarchy. For example, a baker deferring 

to a bailiff results in a relatively low deflection of 3.15. 

The average for row 3 is the lowest across all of the rows, indicating that it is 

more culturally expected for occupations from these blocks to defer to others than any of 

the other rows. This may appear surprising, given the high potency scores of these 

occupations. Example occupations from this block include defense attorney and senator. 

But this is actually an illustrative example of what the deference relation reveals that is 

different than the previous methods of measuring occupational prestige that used 

measurements that relied on pay, formal authority, or the level of education required for 

entry to the occupation. Because the evaluation for these occupations is fairly low, it is 

culturally expected for them to defer to others, precisely because people do not think 

very highly of what these occupations represent. They are not considered socially 

esteemed in the same way as the other occupations that may have less power but are 

generally respected to a higher extent (like firefighters). This lack of cultural esteem 

lowers these occupations’ relative status regardless of their powerfulness.  

The other way to read the blockmodel is by going column by column through the 

table. In this way, columns with higher values mean that it is less likely for other 

occupations to defer to the occupations within this block. It is most likely for the 

inconveniently powerful to be deferred to, followed by everyday specialists and service-

to-society identities. Interestingly, the actively revered occupations are the least likely to 
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be deferred to, given their highest column average. Again, this may make more sense 

than it does on initial reading, since we revere elementary school teachers or nurses, but 

may not defer to them. 

2.5 Discussion 

Using ACT’s paradigm to generate a big-class classification of occupational 

status groups overcomes many of the concerns with the original Goldthorpe-Hope 

schemes. For one, it is clearly tied to a theoretical paradigm. Second, it limits itself to 

modeling one type of relation: deference. Deference is definitionally related to status 

without involving complicated decisions about the types of ownership or authority that 

have plagued earlier conceptions of occupational class. Finally, there is clear evidence 

for cultural consensus on the EPA dimensions that are being used for classification 

(Heise 2010). 

Weeden and Grusky (2005) advocate for using micro-classes because they argue 

that occupations, not larger status groups, represent the institutionalization of the status 

of work. Specifically, they argue that micro-classes perform better when addressing 

micro-level questions. However, using the cultural definitions of identities to build the 

classes helps assuage this concern, because the classes are constructed by using 

relational similarities between the classes.  

Additionally, deflection scores produced from ACT have provided a 

measurement strategy for cultural conformity that had previously been difficult to 
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operationalize (Freeland and Hoey 2018a; Hunzaker 2016). This paper furthers this 

theoretical agenda. For one, the method of constructing networks of events across a 

selection of identities provides a social-psychologically generated meaning network that 

can analyzed with network techniques. In this case, blockmodeling was used to find 

status groups of occupations, but other research questions could call for community 

detection or centrality methods. Results from these network methods can be used in 

standard regression analyses to evaluate their explanatory power. 

However, this paper has a few weaknesses. Using more occupational identities 

could have resulted in a different blockmodel structure. Additionally, ACT’s paradigm 

rests upon an assumption of widely shared beliefs, other scholars have indicated that 

one’s own social position may be related to perceptions of prestige (Lynn and Ellerbach 

2017; Valentino 2021). The BayesACT generalization helps to show where these points of 

divergence exist and includes them within the simulation structure, somewhat 

assuaging this possible issue. Finally, this paper was largely inductive, as it did not test a 

hypothesis, but rather looked for blocks that emerged from the deference network. 

Future work could use inductive analyses such as these to test hypotheses about how 

occupational status group membership may be related to social outcomes. 

2.6 Conclusion 

Freeland and Hoey (2018) showed how using a measure of occupational status 

derived from ACT performed better than prior operationalizations of occupational 
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prestige. This analysis used the entire matrix of deference relations that they modeled to 

theorize occupational status groups based on the patterns of deference among 303 

occupational identities. The blockmodel analysis resulted in four blocks: everyday 

specialists, service-to-society occupations, the inconveniently powerful, and the actively 

revered. These status groups represent varying combinations of EPA. They reflect 

Freeland and Hoey’s (2018) argument that to best follow Weber’s definition of status, 

measurements should include both cultural esteem and material power dimensions. The 

reduced blockmodel revealed the hierarchical relationships among the four structural 

positions, with the actively revered on top of the deference hierarchy. This analysis 

showed the benefits of uniting social psychology, networks, and relational sociology. 
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3. The influence of occupational identity on emotional 
experience1 

How does occupational identity shape emotional experience? Prior work has 

largely framed occupation and emotion either in terms of how differences in 

occupational status structure the experience of powerful, negative emotions or how 

cultural norms enforce types of acceptable emotional expression in workplaces. 

Complementing this work by using an identity-centered approach, this paper asks how 

being in one occupational identity versus another influences the emotions one is likely to 

experience in everyday life. I argue that one’s occupational identity generates daily 

interaction sets with typical others, which create opportunities for identity maintenance 

and confirmation. Affect Control Theory predicts that when individuals confirm 

identities within an interaction, they will experience the characteristic emotion of the 

identity. Using data from the General Social Survey’s 1996 emotions module, I find 

support for the hypothesis that individuals will report experiencing emotions that are 

closer in cultural meaning to the characteristic emotion of their occupational identity 

more often than emotions that are more different in cultural meaning. I additionally 

explore how this relationship depends on the social location of the individual. I find that 

 

1 This paper was first published in American Behavioral Scientist, Volume 61, Issue 1, under a SAGE 

Publications license 
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this relationship is stronger for men, those with higher income, and more educational 

credentials.  

3.1 Introduction 

How does one’s occupational identity influence which emotions an individual 

experiences in everyday life? Prior work has framed this question largely in terms of the 

relationships between the status structure and enforcement of emotion norms, 

particularly focusing on the feeling and expression of negative emotions (Collett & 

Lizardo, 2010; Hochschild, 1983; Kemper, 1978; Lively & Powell, 2006). This study takes 

an explicitly identity-centered approach to argue that occupational identity shapes 

emotional experience by influencing the social interactions within the work environment 

and their resulting emotions. I hypothesize that individuals report experiencing 

emotions that are closer in meaning to their occupational identity’s characteristic 

emotion more frequently than emotions that are less similar in cultural meaning and 

explore for whom this relationship might be stronger.  

Working adults spend much of their daily lives inside the work environment, 

embodying their occupational identity to different degrees throughout the interactions 

that unfold while carrying out tasks (Fine 1996; Phelan and Kinsella 2009). Occupational 

identities can be stratified based on their material rewards – the income earned and the 

education and network ties required to attain them. Occupational identities also differ in 

cultural meaning: namely, how good the occupation is, how powerful it is, and how 
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active it is (Freeland and Hoey 2018). These meanings shape the types of interactions one 

has with other individuals in daily life and structure typical others with whom one is 

likely to interact. For example, the social interactions involved in a lawyer’s day are 

likely to involve interactions with clients, other lawyers, or judges, which narrows down 

the possible types of interactions to those that are expected to occur within such an 

institutional domain. These interactions, when they go well, may engender feelings of 

satisfaction; if they go poorly, they may evoke frustration or resentment. Identity 

theorists have long suggested that individuals largely strive to maintain their identities 

through interactions (Burke and Stets 2009a; Heise 2007). Doing so with regard to 

occupational identity means meeting the societal expectations associated with your job’s 

meaning.  

Notably, the extent to which an occupational identity is maintained throughout 

daily interactions may not be constant across individuals. Some occupational identities 

may not be as salient to one’s sense of self and thus less important to maintain in every 

interaction. Second, an individual may have less ability to maintain and control the 

definition of a situation when faced with an inconsistency from an interaction partner, 

leading to the disconfirmation of their identity. Third, some occupational identities may 

have broader sets of possible interaction partners and interactions, which lead to more 

opportunities for failed interactions. I argue that these mechanisms are influenced by the 
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status of an individual, making the relationship between occupational identity and 

emotional experience stronger for those with higher status.    

Taking a specifically Affect Control Theory approach, this paper tests the 

hypothesis that working adults are more likely to report feeling emotions that are close 

in meaning to the sentiment of their occupational identity’s characteristic emotion, using 

data from the 1996 wave of the General Social Survey (GSS). Further, this relationship 

will be stronger for individuals with higher income, more educational attainment, men, 

and middle-aged individuals.  

3.2 Theoretical Background 

3.2.1 ACT 

Affect Control Theory (ACT) is a formal theory of social behavior that rests upon 

the fundamental principle that individuals act in ways to maintain cultural meaning. 

ACT advances that social concepts have affective meaning along three dimensions: 

Evaluation, corresponding to good/bad, Potency to powerful/weak, and Activity to 

active/inactive. ACT researchers have conducted studies in various cultures in which 

individuals rate concepts along those dimensions, resulting in estimates of the mean 

Evaluation, Potency, and Activity (EPA, hereafter) of identities, modifiers, and 

behaviors. For instance, the EPA value of Mother2 in the most recent ACT dictionary is 

 

2 Following ACT tradition, all references to measured identities, behaviors, and emotions are capitalized. 
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(3.05, 2.66, 0.76), meaning that in the U.S., Mothers are seen as very good, very powerful, 

and moderately active (Smith-Lovin et al. 2016).3 These culturally agreed-upon locations 

within affective space for identities and behaviors are fundamental sentiments, the 

baseline cultural meaning of social terms.  

ACT argues that individuals define situations in the form of an Actor doing a 

Behavior to an Object identity, and affectively react to that definition. The impressions of 

these elements of the situation shift due to how well the other aspects of the situation 

cohere with the cultural sentiment of each other event element (Heise and Smith-Lovin 

1981). The resulting EPA location of the three elements of a situation following an event 

are transient impressions. The affective control principle of the theory hinges on the 

difference between transient impressions and the fundamental sentiments for the 

elements of the situation. The deflection, or the sum of squared differences between the 

transient and fundamental EPA values of the actor, behavior, and object, is the indicator 

of cultural (dis)confirmation. As an indication of affective movement, deflection is 

considered an emotional sense of anxiety about the situation (Heise 2007). 

3.2.1.1 Emotions in ACT 

ACT involves affect both broadly as cultural sentiments and as specifications of 

emotions that result as a consequence of events (MacKinnon 1994). Just as identities exist 

 

3 All EPA measurements referenced in this paper come from this dictionary. 
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in EPA space, so do words that indicate emotions such as Annoyed, which is bad, 

slightly weak, and slightly active (-2.08, -0.57, 0.53). Emotions researchers have long 

grappled with the precise definition and measurement of emotions. In the following 

analysis, whenever emotion is referenced or predicted, I am referring to the affective 

meaning of the emotion that is captured by the EPA location of that emotion (Scholl 

2013).  

Within ACT, the emotions equations suggest that emotions are the product of 

two elements: the deflection and the transient impression of the identity in question 

(Averett and Heise 1987; MacKinnon 1994; Smith-Lovin and Robinson 2006). ACT 

defines characteristic emotions as the emotion that occurs when the transient 

impressions match the fundamental sentiment for an identity. In other words, the 

characteristic emotion is the emotion resulting from the perfect confirmation of an 

identity (Robinson 2014). For many (but not all) identities, the characteristic emotion will 

be close in EPA space to the fundamental sentiment of the identity.4  

A theoretical debate to note is that ACT and Identity Control Theory diverge 

when it comes to predicting emotions resulting from confirmation and disconfirmation 

of identities through interactions. ACT predicts that individuals will feel the 

characteristic emotion of their identity when it has been perfectly confirmed through an 

 

4 Appendix B contains the characteristic emotions for occupational identities included in this analysis and a 

figure with the distribution of differences between characteristic emotion and fundamental sentiment. 
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interaction – depending on the identity in question, this characteristic emotion could 

range in EPA values. ACT makes no global prediction about the valence of emotion felt 

upon perfect confirmation of an identity (Smith-Lovin and Robinson 2006). While there 

will be a lack of deflection, this is not interpreted as a positive emotion, but a feeling of 

normalcy in the interaction. On the other hand, Identity Control Theory predicts that 

confirmation of an identity always results in positive emotions and disconfirmation of 

an identity will always result in negative emotions and stress (Stets and Burke 2014). I 

test ACT’s predictions and discuss how the evidence contributes to the debate between 

the two theories of emotion and identity. 

3.2.2 Occupational Identity and Emotion 

Adults who work full-time spend a considerable amount of their day-time hours 

within their occupational environment. Through embodying their corresponding 

occupational identity, individuals may strive to enact behaviors within interactions that 

will maintain the fundamental sentiment of their occupational identity. Because ACT 

predicts the precise profile of the characteristic emotion that someone would feel after 

perfectly confirming their occupational identity, we expect individuals to report feeling 

emotions that are similar in cultural meaning to the characteristic emotion of their 

occupational identity more often than those that are discrepant.  

Moreover, the institutional frameworks that structure the types of interactions an 

individual will have while occupying their occupational identity provide them with 
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interaction sets that should work to maintain that identity (Ridgeway 2014).  On average 

across these interactions, we would expect the emotion produced to be similar to the 

characteristic emotion. However, individuals do not spend every hour of their time at 

work in a social interaction. ACT can only predict emotions that result from social 

interactions. This is a limitation of the study, as there are emotions that result from non-

interaction events during work time (e.g. a Doctor filling out paperwork causing 

boredom). I argue that many of the social interactions that take place in the workday do 

provide identity enactment opportunities. If institutional frameworks did not sustain 

identity maintaining interactions in this way, we would expect more volatility in the 

EPA ratings of identities and behaviors (Smith-Lovin 2007). Given this, I hypothesize 

that individuals are likely to report experiencing emotions that are close in meaning to 

their occupational identity’s characteristic emotion. 

H1: The greater the distance between an individual’s occupational identity’s 

characteristic emotion and an emotion in EPA space, the less likely that individual is to 

report frequently feeling that emotion. 

Because occupational identities tend to be fairly good, powerful and somewhat 

active, there are baseline expectations as to how likely certain emotions are to be 

experienced by employed individuals in general, regardless of occupational identity. For 

instance, Ashamed (-2.36, -0.4, -1.73) is bad, not powerful or weak, and inactive. The 

average distance between Ashamed and characteristic emotions across all occupational 
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identities used in this study is 32, which is large. Conversely, the average distance 

between a good, powerful, and active emotion such as Excited (2.69, 2.18, 2.24) and 

occupational identity characteristic emotions is slightly above 4. Regardless of 

individual differences in distance, we expect that on average, employed individuals 

should report feeling excited more often than they do ashamed. 

H2: The larger the average distance between an emotion and occupational 

identity characteristic emotions, the less often individuals will report feeling that 

emotion on average. 

3.2.3 Status 

The relationship between the distance between an occupation’s characteristic 

emotion and emotion in EPA space (occ-char-emotion-discrepancy hereafter) and 

propensity to frequently experience an emotion is dependent on how often the 

occupational identity is enacted and confirmed. A classic postulate of structural theories 

of identity is that individuals want to confirm their identities and accordingly structure 

and play out their interactions in order to do so (Burke and Stets 2009a; Smith-Lovin and 

Robinson 2006). However, there are three main factors that affect the rate of 

confirmation of occupational identity: a) the opportunity to perform it in social 

interactions; b) the desire to perform it to uphold a self-concept; and c) the interactional 

and environmental resources to maintain the occupational identity in uncertain or 

conflictual situations. I argue that each of these is affected by one’s master statuses: class, 
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gender, race, and age, as well as occupation-specific status: occupational prestige, such 

that it is both easier and more desirable for someone of higher status to confirm their 

occupational identity in everyday life.  

First, in order to confirm an identity, you need the opportunity to perform it 

through interactions with others. The more opportunities to enact the identity, the more 

chances an individual has to confirm it. Theoretically, the probability of any one identity 

(out of all possible identities) being evoked in an interaction is a consequence of the 

situational demands, the identity’s importance to self, and the role relationships with 

others involved in that interaction (Smith-Lovin 2007; Walker and Lynn 2013). Within 

identity research paradigms, scholars use the term salience to refer to that likelihood of 

an identity being enacted in a given situation  (Brenner et al., 2014). One important 

factor influencing the salience of an identity is whether you have ties with alters who 

evoke that identity consistently in interaction: your network commitment to the identity. 

Specifically, having a role-based other (alter with whom you share a role-identity) who 

is highly embedded in your personal network is associated with higher salience for that 

role identity (Walker and Lynn 2013).  

While there have been few studies that look specifically at status and 

occupational identity embeddedness, recent work has found that there is a relationship 

between master statuses and higher within ego-network size, density, and diversity, 

suggesting that a role-based other in a higher status individual’s ego-network would be 
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more highly embedded (Brashears, Aufderheide Brashears, and Harder 2020:372). 

Futher, compared to men, women tend to have less dense and more family-populated 

personal networks (Lewis et al. 2008). Middle-aged individuals might have more role-

based others in their network to influence the embodiment of the identity across 

situations, as one’s career identity might be more important during middle age in 

comparison to much younger and older individuals.   

A second and similar component to identity salience is identity prominence; the 

extent to which an identity is important to oneself (Brenner et al. 2014).  The extent to 

which an occupational identity is key to self-concept can affect the rate at which it is 

enacted, the desire that individuals have to confirm it effectively, and the likelihood that 

that identity is singly embodied in many interactions during the prior week. A new 

development in ACT, the ACT of Self, predicts that people choose to enact certain 

identities in order to maintain their self-sentiments (Boyle 2017; Heise and MacKinnon 

2010). In this way, individuals who have less social status may have occupational 

identities that are lower in evaluation or potency than their self-sentiments, and thus not 

desire to confirm them throughout their interactions because it would be self-

disconfirming. Conversely, those in credentialed occupations may find that their 

occupational identity is more important given the time and energy they put into 

achieving it. Further, an identity’s prominence and salience may be related – as when an 

identity is important to you, it may become more likely that you either embed role-based 
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others in your personal networks or enact those identities around non-role based others 

regularly because they are important to your self-concept (Brenner et al. 2014).  

A third factor which may affect rates of confirmation is the extent to which an 

individual has the interactional resources to effectively enforce their definition of a 

situation against another’s. These interactional resources can be material, cultural, and 

interpersonal. Features like dress, manners, scripts, and assertive personal style can be 

used to shape an interaction (Miles 2014; Stets and Cast 2007). We would expect that the 

ability to define situations and have interaction partners who cooperate to maintain 

one’s definition of the situation is not equal across people, but rather a consequence of 

the status one holds in daily life.  

This process can be automatic/unconscious or deliberative/intentional. For 

example, an ethnographic study about gender in the workplace includes an example in 

which two vice-presidents of a company (one a man and the other a woman) were 

discussing something in a hallway when a phone rang in one of the offices. The male VP 

instructed the female VP to answer the phone and she did. Afterwards she confronted 

him about treating her “like a secretary” (Martin 2003:346). In this case, the institution of 

gender served as an interactional resource that ultimately re-identified a woman into a 

gendered identity of “secretary” in the moment even though she was also a VP of the 

company. Versions of this scenario can occur to individuals of lower status, as in black 

male nurses who are mistaken for custodians or alternatively, when white men in 
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female-gendered occupations are pushed into higher status and power identities within 

the workplace as exemplified in the concept of the “glass escalator” (Williams 1992, 

2013; Wingfield 2009). 

Along this vein, the literature on emotional labor and emotion rules or norms can 

contribute to the understanding of how cultural resources can affect the embodiment of 

occupational identities. For example, there are different consequences for the expression 

of extreme negative (or positive) emotions in the workplace for women of color (Harlow 

2003; Wingfield 2009). Similarly, prior research has found that while male courtroom 

lawyers successfully embody the low evaluation, high potency identity of “litigator” and 

express the similarly valenced emotions that follow, women can be penalized for the 

same behavior and expression. Women paralegals are expected to manage the emotions 

of their superiors, assuming a nurturing/caring role and downplaying their own, while 

male paralegals do not (Pierce 1995). Women may desire to simply embody their 

occupational identities in these situations – lawyer, paralegal – and express the typical 

emotions that result from that embodiment. Instead, they face backlash when others of 

more status expect them to embody gendered identities. Whether they enact multiple 

identities (woman and lawyer) or only one different one (caretaker), they are likely to 

have a less direct relationship between occupational identity and emotional experience.  

A final factor that may affect the confirmation of identities is the environmental 

and material resources that shape one’s interactions. Individuals who have access to a 



 

41 

front/back stage during work hours may have a stronger ability to control which 

interactions they have when, and what identities they are embodying at any given 

moment (Ekstrand & Damman, 2016; Goffman, 1959). Similarly, occupations have 

different degrees of institutionalization in interaction partners. Service workers are far 

more likely to have many interactions a day with unknown others, versus more 

professional jobs that may have more structured relationships with the same others. 

One’s interaction partners may also be more or less reliable in upholding one’s identity. 

Take, for example, kindergarten students versus university students as interaction 

partners for a kindergarten teacher and professor, respectively. This mechanism in 

particular may be more related to the status of an occupational identity itself rather than 

the status of an individual occupying the identity, though the two are often related 

(Valentino 2020).  

I have argued that these four factors: salience, prominence, interactional 

resources, and environmental resources are influenced by the status of an individual. 

While the data used in this analysis do not allow me to test whether these mechanisms 

are at play, I can test the overarching argument that status affects the strength of the 

relationship between Occ-Char-Emo-Discrepancy and likelihood of emotional 

experience. I hypothesize that income, education, gender, age, and occupational prestige 

each moderate the relationship between Occ-Char-Emo-Discrepancy and frequency of 

experiencing an emotion.  
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H3: The hypothesized negative relationship between Occ-Char-Emo-Discrepancy 

and frequent emotional experience will be stronger for: 

Individuals with higher income 

Individuals with more than a high school degree 

Men 

Middle-aged individuals.   

Individuals in higher prestige occupations 

3.3 Data and Methods 

The data used in this analysis come from the 1996 wave of the General Social 

Survey (GSS), accessed via the gssr package in R (Healy 2019). The GSS is a nationally 

representative survey that includes a core set of survey items and additional modules on 

specific topics. The sample includes respondents from the 1996 wave, which included a 

module of emotions, who worked full-time in the previous year. Those with missing 

values on the dependent and control variables were also removed from the sample, 

resulting in a total of 720 respondents for the primary analyses. The ACT Dictionary 

used for measurements of the cultural meaning of the occupational identities and 

emotion words in this analysis was the Full Surveyor Gender combined U.S. dictionary 

collected in 2015 (Smith-Lovin et al. 2016).  
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3.3.1 Variables 

3.3.1.1 Dependent Variables 

The emotions module included questions about how many days of the past 

seven the respondent experienced certain emotions. Of the emotion questions available, 

16 are used in this analysis (because EPA ratings were available for them): Angry, 

Anxious, Ashamed, Calm, Contented, Excited, Fearful, Happy, Lonely, Mad (at), 

Outraged, Overjoyed, Proud, Restless, Sad, and Worried. The dependent variable is 

operationalized as a binary variable, with 1 indicating the respondent reporting 

experiencing the emotion 4 or more days in the past week, and 0 indicating 3 or fewer 

days. Two questions were double barreled, one asking both about being excited or 

interested and another feeling anxious and tense. Only the first emotion word in each 

case (excited, anxious) was used for generating Occ-Char-Emo-Discrepancy measures. 

Further information on the modeling choices for the dependent variable of emotional 

experience can be found in figures 2A and 3A and a subsequent discussion in the 

supplemental appendix. 

3.3.1.2 Independent Variables 

The primary independent variable is Occ-Char-Emo-Discrepancy: the distance 

between the EPA of the characteristic emotion of each respondent’s occupational 

identity and the EPA of each GSS emotions. To calculate this distance, occupations in the 

International Standard Classification of Occupations from 1988 (ISCO-88) were assigned 
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a matching occupational identity using a crosswalk, which pairs an occupational code 

originally in the GSS with an identity from the ACT dictionary used in this analysis. The 

crosswalk used in this analysis is an expanded version of the one used in Freeland and 

Hoey (2018).5 This resulted in a total of 107 occupational identities occupied by 720 

respondents. The characteristic emotion for each occupational identity was calculated 

using Interact, an ACT program written by Heise (2007).6  

The squared Euclidean distance between the EPA of each occupational identity’s 

characteristic emotion and the EPA of each GSS emotion was calculated. Because the 

ACT equations that were used in this analysis were gendered, there is a slight difference 

between the calculation of a characteristic emotion for a woman versus a man. The 

characteristic emotion matching the gender of the respondent was used to calculate the 

Occ-Char-Emo-Discrepancy for each respondent-emotion observation. This distance was 

then z-transformed for the analysis to help with model convergence and model 

interpretability.  

Table 1 contains the mean and standard deviation of the (unstandardized) occ-

char-emo-discrepancies for each emotion across respondents in this analysis. The 

average distance between occupational characteristic emotion and the emotion words in 

 

5 Appendix B includes two tables shows the expansions to the crosswalk from Freeland and Hoey (2018) and 

the occupational codes without corresponding identities.  
6 The version of Interact used was downloaded on February 20, 2020 and a copy of the program is saved for 

reproducibility. 
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the GSS varies considerably, from 4.966 for excited to 43.931 for lonely. Similarly, some 

emotions have more variability across the occupational identities, with lonely and sad 

having the most (10.72 and 10.642, respectively) and contented and excited having the 

least variation (2.328 and 2.790, respectively). 

Table 5: Distances from Characteristic Emotion by Emotion DV 

Emotion  Mean  Standard 

Deviation  

E  P  A  

Angry  17.924  4.108  -1.77  0.57  1.80  

Anxious  22.825  8.376  -1.69  -1.08  0.58  

Ashamed  31.584  8.072  -2.36  -0.41  -1.73  

Calm  13.357  3.977  2.88  1.93  -2.32  

Contented  4.977  2.472  2.35  1.70  -0.74  

Excited  4.966  3.122  2.69  2.18  2.24  

Fearful  30.407  9.013  -2.37  -1.04  -0.71  

Happy  6.155  4.508  3.44  2.93  0.92  

Lonely  43.931  10.719  -2.72  -1.29  -2.52  

Mad  19.277  5.963  -1.77  -0.17  1.14  

Outraged  18.905  4.391  -1.71  0.44  2.28  

Overjoyed  7.168  4.461  3.10  2.71  2.43  

Proud  2.757  2.657  2.17  2.28  1.15  



 

46 

Restless  17.589  7.004  -1.27  -0.62  0.78  

Sad  38.000  10.642  -2.29  -1.44  -2.04  

Worried  28.114  8.423  -2.35  -0.90  -0.18  

Note: The summary statistics represented in this table were computed by taking the analytic 

sample and calculating the mean and standard deviation of the occ-char-emo-discrepancies for 

each emotional dependent variable. 

The variables used to test the status moderation hypotheses are income, gender, 

education, age, and occupational prestige. Income corresponds to a respondent’s family 

income, scaled to be consistent across waves and log-transformed in the following 

analysis (for how realinc in the GSS was computed: Ligon 1989). I additionally z-

transformed the logged income to have a mean of 0 and standard deviation of 1 in order 

to help the models converge. Education level is a factor with five levels: less than high 

school, high school, junior college, bachelor’s degree, and graduate school. The reference 

category is bachelor’s degree. Male is a binary variable with a one indicating male and 0 

as female, and age is a factor with 3 levels: 18-29, 30-44, and 45-64. Occupational prestige 

is a measure from the GSS assessing respondent perceptions of the social standing of 

different occupational identities. It ranged from 17 to 86 for the occupations used in this 

analysis. Occupational prestige was also z-transformed such that its mean is 0 and 

standard deviation 1 for the following analyses. Race, measured as Black, White, or 

Other, was additionally included as a control variable. Descriptive statistics for the 
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independent variables are shown in Table 2. While the GSS as a whole is representative, 

due to the reduction in respondents based on the criteria discussed above and since 

weights were not used, the sample is slightly more male than female and largely white.  

Table 6: Descriptive Statistics for Independent Variables 

Characteristic N = 7201 

Income 27,188 (17,038, 48,938) 

Degree  

Less than High    

School 
52 (7.2%) 

High School 380 (53%) 

Junior College 60 (8.3%) 

Bachelor 150 (21%) 

Graduate 78 (11%) 

Sex  

Female 338 (47%) 

Male 382 (53%) 

Race  

White 580 (81%) 

Black 103 (14%) 

Other 37 (5.1%) 

Age  

18-29 156 (22%) 
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Characteristic N = 7201 

30-44 320 (44%) 

45-64 244 (34%) 

Occupational Prestige 44 (34, 51) 

1 Median (IQR); n (%)  

Note: Data is from the GSS 1996 wave and the sample is  

individuals aged 18-64 who worked full-time in the prior year   

 

3.3.2 Analytic Strategy 

For analysis, the data were re-structured into long format such that there were 16 

observations per individual, one for each emotion count included in the GSS.7 This 

resulted in a total of 11,521 observations per model.8 The models were estimated by a 

multilevel logistic regression with random intercepts for each individual and fixed 

effects for each emotion using the glmmTB package in R (Brooks et al. 2017). Structuring 

the data in this way creates dependencies between observations but allows for the 

pooling across all emotional response variables into a single analysis to test the main 

hypotheses regardless of the specific emotion in question. Including the random 

intercepts for the individual and fixed effects for emotion then accounts for the grouped 

nature of the data and interdependent observations.  

 

7 A complete replication package is available at https://github.com/ekmaloney/occ_emotions  
8 This number is not exactly 16*720 because there are some individuals who did not respond to every 

emotion question. Specifically, 694 respondents answered all 16 emotion questions, 24 answered 15/16, one 

respondent answered 14/16, and one respondent answered 13/16.  
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First, frequent emotional experience was regressed on the standardized measure 

of Occ-Char-Emo-Discrepancy, to test H1 without controls. Next, model two includes 

income, education, and occupational prestige as an additional explanatory variables. 

Model three includes sex, race, and age as additional covariates, to test whether H1 

holds when accounting for these possible confounders. To test H2, the correlation 

between the fixed effects for the 16 emotions of model 1 and the average distance 

between occupational identity’s characteristic emotion and the emotion was 

computed. The second set of models tests Hypothesis 3, A-E about possible interaction 

effects: specifically, whether the relationship between Occ-Char-Emo-Discrepancy and 

frequent emotional experience is stronger for those of higher status. For these, Occ-Char-

Emo-Discrepancy was interacted with income, highest educational degree, sex, age, and 

occupational prestige in separate models. In each of these, Occ-Char-Emo-Discrepancy 

was also specified as a random slope, in accordance with recent research specifying that 

cross-level interactions should always include a random slope for the level 1 variable 

(Heisig and Schaeffer 2019). Last, the interaction models were run again with subsets of 

the data corresponding to the three main emotion profiles: good, powerful, and 

somewhat active emotions (happy, overjoyed, calm, proud, excited); bad, weak, inactive 

emotions (ashamed, lonely, fearful, worried, sad, anxious), and bad, powerful, 

somewhat active emotions (angry, outraged, mad) to determine whether the 

relationship holds for all types of emotions or only a subset. 
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3.4 Results 

Table 3 shows the results from models 1-3: the models testing H1, the main effect 

of Occ-Char-Emo-Discrepancy on frequent emotional experience. Because the dependent 

variable is a count spanning all 16 emotions, the interpretation for the main effects that 

don’t vary by observation is the probability of a respondent saying they feel an emotion 

on 4 or more days of the week, a baseline measure of emotionality. Across all four 

models, the effect of Occ-Char-Emo-Discrepancy is negative and significant. Even after 

adding control variables, the magnitude only decreases by 0.01. (The fixed effects of the 

emotions are not included in the tables in order to improve readability of the results. 

They are presented later in the results section).  

For models 2 and 3, a respondent whose occupational identity’s characteristic 

emotion is one standard deviation away in EPA space to an emotion has 0.82 the odds of 

reporting experiencing that emotion more than half the days in the prior week than 

someone whose characteristic emotion is at the mean level of Occ-Char-Emo-

Discrepancy. This relationship is visualized in figure 1. The x-axis is the z-transformed 

distance from emotion variable, so 0 indicates being the average Occ-Char-Emo-

Discrepancy, -1 is one standard deviation below the mean, and 1 is one standard 

deviation above the mean. While the main effect’s magnitude is fairly small, given the 

previous section on why the occupational identity may not be the most enacted and 
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embodied identity across all respondents. This is a relatively conservative test of the 

argument.  

Substantively, this main effect means that people in occupational identities 

whose characteristic emotions are more culturally similar to negative, powerless 

emotions are more likely to report experiencing those emotions than people in 

occupational identities whose characteristic emotions are culturally discrepant from 

those emotions, and vice versa. 

Table 7: Results from Models Testing Main Effects of Occ-Char-Emo-

Discrepancy on Emotional Experience 

  Model 1 Model 2 Model 3 

Occ-Char-Emo-Discrepancy (OCED) -0.20** -0.19** -0.19** 

  (0.06) (0.06) (0.06) 

Income (std)  -0.08* -0.07 

   (0.04) (0.04) 

Degree (ref. Bachelors)    

       Less than High School  0.39* 0.42* 

   (0.18) (0.18) 

       High School  0.01 0.02 

   (0.11) (0.11) 

       Junior College  0.06 0.06 

   (0.16) (0.16) 

       Graduate Degree  0.15 0.16 

   (0.15) (0.15) 

Sex (ref. Female)    

       Male   -0.03 

    (0.08) 

Race (ref. White)    

       Black   -0.07 

    (0.11) 

       Other Race   -0.16 
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  Model 1 Model 2 Model 3 

    (0.18) 

Age (ref.) 18-29    

       30-44   -0.08 

    (0.10) 

       45-64   -0.14 

    (0.11) 

Occupational Prestige (std)  0.01 0.01 

   (0.05) (0.05) 

AIC 10945.62 10945.44 10952.81 

Log Likelihood -5454.81 -5448.72 -5447.40 

Num. obs. 11491 11491 11491 

Num. groups: id 720 720 720 

Var: id (Intercept) 0.67 0.65 0.64 
***p < 0.001; **p < 0.01; *p < 0.05 

Note: Data is from the GSS 1996 wave and the sample is  

individuals aged 18-64 who worked full-time in the prior year   
 

The main effect of income in Model 2 is negative and significant, although small. 

However, this effect does not remain significant after including demographic variables 

sex, race, and age in Model 3. For education, having less than a high school degree is 

associated with a higher probability of reporting experiencing an emotion more than 

half the days of the week in comparison to those with a bachelor’s degree (the reference 

group) in both Models 2 and 3. There is no significant main effect of occupational 

prestige, sex, race, or age. 
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Figure 3: Depiction of Main Effect of Occ-Char-Emo-Discrepancy on 

Emotional Experience 

Figure 3 displays the main effect of different emotions on the probability of 

individuals reporting experiencing them on 4 or more days in the week. The correlation 

between the average difference between Occ-Char-Emo-Discrepancy and the main effect 

of each emotion is -0.556 for characteristic emotion differences for men and -0.554 for 

women. Both Pearson's product-moment correlation tests were significant at the p < 0.05 

level. This supports H2, which argued that across all emotions and all occupations, there 

is a relationship between likelihood of reporting feeling them very often and how 

culturally unexpected they are for work identities in general. This also shows how ACT 
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supports the differential baseline frequency in emotional experience – some emotions 

are more common because they are based on everyday identities.  

 

 

Figure 4: Fixed Effects of Individual Emotions on Frequent Emotional 

Experience 

Table 8 and figure 5 depict the results from models testing hypotheses regarding 

interaction effects between the main independent variable and status variables: income, 

education, sex, age, and occupational prestige. In Model 4, the main effects of both 

income and Occ-Char-Emo-Discrepancy are negative and significant, as is the 

interaction effect between the two. The interaction effect thus suggests that the greater 

the income level, the stronger the negative relationship is between cultural discrepancy 
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in emotion from one’s occupational identity’s characteristic emotion and the likelihood 

of frequently experiencing it. Figure 3A displays this effect by plotting the predicted 

probability of reporting experiencing an emotion more than half the days in the prior 

week against the Occ-Char-Emo-Discrepancy for incomes that fall one standard 

deviation below the mean (-1), average income level (0), and income one standard 

deviation above the mean (1), holding everything else constant. For individuals with 

higher income, the relationship between characteristic emotion discrepancy and 

reported emotional experience is stronger (e.g., the higher income curve is more steeply 

sloped than the lower income curves). 

 

Table 8: Results from Models Testing Status Moderation of Occ-Char-Emo-

Discrepancy on Frequent Emotional Experience 

 Model 4 Model 5 Model 6 Model 7 Model 8 

Occ-Char-Emo- 

Discrepancy (OCED) 
-0.49*** -0.80*** -0.29* -0.45** -0.47*** 

 (0.10) (0.15) (0.12) (0.16) (0.11) 

Income (std) -0.15** -0.09 -0.09 -0.09 -0.09 
 (0.06) (0.05) (0.05) (0.05) (0.05) 

OCED*Income -0.17**     

 (0.06)     

Degree (ref. Bachelors)      

Less than 

High School 
0.41* 0.61** 0.40* 0.41* 0.41* 

 (0.20) (0.22) (0.20) (0.20) (0.20) 

High School -0.04 0.16 -0.04 -0.04 -0.04 
 (0.13) (0.14) (0.13) (0.13) (0.13) 

Junior College 0.00 0.05 -0.00 -0.00 -0.00 
 (0.18) (0.21) (0.18) (0.18) (0.18) 
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 Model 4 Model 5 Model 6 Model 7 Model 8 

Graduate Degree 0.19 0.25 0.19 0.19 0.19 
 (0.17) (0.19) (0.17) (0.17) (0.17) 

OCED*Less than HS  0.54*    

  (0.26)    

OCED*HS  0.50**    

  (0.16)    

OCED*Junior College  0.12    

  (0.24)    

OCED*Graduate Degree  0.15    

  (0.21)    

Sex (ref. Female)      

Male -0.01 -0.01 -0.18 -0.01 -0.01 
 (0.09) (0.09) (0.10) (0.09) (0.09) 

OCED*Male   -0.45***   

   (0.12)   

Race (ref. White)      

Black -0.06 -0.06 -0.06 -0.06 -0.06 
 (0.13) (0.13) (0.13) (0.13) (0.13) 

Other Race -0.16 -0.16 -0.16 -0.16 -0.16 
 (0.20) (0.20) (0.20) (0.20) (0.20) 

Age (ref. 18-29)      

30-44 -0.12 -0.12 -0.12 -0.12 -0.12 
 (0.12) (0.12) (0.12) (0.13) (0.12) 

45-64 -0.13 -0.13 -0.13 -0.21 -0.13 
 (0.13) (0.13) (0.13) (0.14) (0.13) 

OCED*30-44    0.02  

    (0.16)  

OCED*45-64    -0.21  

    (0.17)  

Occ Prestige -0.03 -0.03 -0.03 -0.03 -0.08 
 (0.06) (0.06) (0.06) (0.06) (0.06) 

OCED*Prestige     -0.12 
     (0.06) 

AIC 10464.05 10464.91 10457.92 10471.10 10468.62 

Log Likelihood -5200.03 -5197.46 -5196.96 -5202.55 -5202.31 
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 Model 4 Model 5 Model 6 Model 7 Model 8 

Num. obs. 11491 11491 11491 11491 11491 

Num. groups: id 720 720 720 720 720 

Var: id (Intercept) 1.01 1.00 1.01 1.01 1.01 

Var: id dist_emotion 1.49 1.47 1.46 1.50 1.51 
***p < 0.001; **p < 0.01; *p < 0.05 

Note: Data is from the GSS 1996 wave and the sample is 

individuals aged 18-64 who worked full-time in the prior year 

 

Model 5 includes an interaction between highest degree earned and Occ-Char-

Emo-Discrepancy. Here there is a positive and significant main effect of having less than 

a high school degree, in comparison to a bachelors’ degree, as in the previous models 

with no interaction effects. Interestingly, there is a significant interaction both between 

having less than a high school degree and distance from emotion and having a high 

school degree and the distance from emotion variable, suggesting that compared to 

individuals with bachelor’s degrees, those with a high school degree or less have a 

weaker relationship between Occ-Char-Emo-Discrepancy and likelihood of reporting 

frequent experience of that emotion in the prior week.9  

 

9 An illustration of the interaction between occ-emo-char-discrepancy and highest degree earned is in the 

Appendix B 
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Figure 5: Depiction of Interaction Effects 

Model 6 includes an interaction between Occ-Char-Emo-Discrepancy and sex. 

For this model, the interaction is negative and significant, indicating that for men, the 

negative relationship between the Occ-Char-Emo-Discrepancy and likelihood of 

emotional experience is stronger than it is for women.10 This interaction is depicted in 

figure 3B, with the sharper slope of predicted probabilities across Occ-Char-Emo-

Discrepancy for men as compared to women.  

Model 7 includes an interaction between age and Occ-Char-Emo-Discrepancy. 

This interaction is not significant, suggesting that there is no difference in the 

 

10 Supplementary analysis confirms that even after controlling for the number of children, this relationship 

remains negative and significant. Results for this model are displayed in a table in Appendix B.  
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relationship between an individual’s Occ-Char-Emo-Discrepancy across different age 

groups. Lastly, model 8 includes an interaction between occupational prestige and Occ-

Char-Emo-Discrepancy. The interaction approaches significance, with a p value of 

(0.0601). In general, this interaction is the expected direction, with individuals in higher 

prestige occupational identities having a possibly stronger relationship between Occ-

Char-Emo-Discrepancy and reporting frequent emotional experience.  

One possibility is that these results, which collapse across all of the emotions, are 

being driven primarily by a certain type of emotion. Out of all 16 emotions used in this 

analysis, they generally fit 3 overall profiles: good, powerful, and varyingly active 

emotions (happy, overjoyed, calm, proud, excited); bad, weak, and inactive emotions 

(ashamed, lonely, fearful, worried, sad, anxious); and bad, somewhat powerful, 

somewhat active emotions (angry, outraged, mad). Models 3-8 (the final main effect and 

every interaction effect model) were re-run with each subset of emotions to determine 

how the relationship between Occ-Char-Emo-Discrepancy and emotional experience 

might depend on the type of emotion in question. The entire results from this analysis 

can be found in the supplemental appendix in tables 5A-7A. The main effect of Occ-

Char-Emo-Discrepancy and reporting frequent emotional experience was not significant 

across any of the models on the subset of good, powerful emotions or bad, powerful 

emotions. Further, it was not consistently significant for the models re-run on the bad, 

weak emotions. It seems that the results presented earlier in this analysis were not being 
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driven by a specific type of emotional experience, but rather across the entire span of 

emotions included in the GSS. It is likely that the core hypothesis (H1) is not significant 

in the subsets because collapsing the dependent variable to a specific location in EPA 

space significantly reduces the variance in Occ-Char-Emo-Discrepancy. This is an 

indication that the major patterns in the results above are driven by the contrasts 

between the frequency with which high E high P, low E high P high A, and low E low P 

low A emotions are experienced (or reported), rather than by a pattern within one subset 

of emotions. This finding is consistent with ACT logic, which views emotions as EPA 

positions rather than some other psycho-physiological feature. 

Other characteristics were related to subsets of the emotions. Specifically, men 

were more likely to report experiencing good, powerful emotions frequently in the prior 

week, and those with less than a high school degree were less likely to do so than those 

with a bachelor’s degree. Men and those with a higher income were less likely to report 

frequent emotional experience of bad, weak emotions in the prior week while those with 

a high school degree or less were more likely to do so in comparison to those with a 

bachelor’s degree.  

In all, I find that evidence for the primary proposed relationship between Occ-

Char-Emo-Discrepancy and emotional experience across models that include all 16 

emotions. Further, this relationship was stronger for those with a higher income and 
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men, and weaker for those with less education. Age is the only status variable that failed 

to have the predicted moderating pattern. 

3.5 Discussion 

As individuals move through social interactions in their daily life, they embody, 

enact, and attempt to confirm their various social identities (Burke and Stets 2009a; 

Smith-Lovin and Robinson 2006). One such identity is an occupational identity, the 

identity tied to one’s job or career. Research on emotions at work has illuminated how 

inequalities in occupational status not only have material consequences in terms of more 

income and economic stability, but also social-psychological consequences of emotional 

experience and mental well-being. This analysis joins such literature in evaluating how 

the enactment and confirmation of occupational identities may systematically influence 

emotional experience.  

Using an identity-centered approach informed by ACT, I argue that occupational 

identity influences emotional experience because when identities are confirmed across 

situations, ACT predicts that individuals will feel the characteristic emotion of that 

identity. However, an important piece of that argument is that individuals try to, want 

to, and are able to confirm their occupational identities. I explore different mechanisms 

as to why this might differ systematically across individuals of different status levels 

and find support for the main hypotheses and some but not all of the status moderators.  
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While the data at hand cannot evaluate the actual situations being experienced 

by respondents, because it only captures self-reports of emotional experience, I hope 

that the results from the status moderation hypotheses presented in this paper provide 

some evidence that contributes to literatures on how status and material resources affect 

control of interactions, confirmation of identities, and positive emotional experiences. 

Future work that can better distinguish among mechanisms and types of resources at 

play in social interactions could look towards whether and/or how different types of 

resources, such as Structuration theory’s allocative versus authoritative resources affect 

identity confirmation and emotional experience (Giddens 1986). I found that both 

allocative (income) and authoritative (education level) influenced the main effect of Occ-

Char-Emo-Discrepancy on emotional experience, but I was unable to test them against 

each other.  

Theoretically, this paper supports ACT’s emotion predictions and adds some 

evidence to the ongoing debate between Identity Control Theory and ACT’s diverging 

predictions on emotional experience. Identity Control Theory suggests that individuals 

should report feeling good emotions anytime they feel an identity has been confirmed, 

regardless of the identity’s meaning while ACT predicts that individuals will feel 

emotions that result in an identity’s transient impression being equal to its fundamental 

sentiment, something that can vary in valence, power, and activity, depending on the 

identity in question. An example of these diverging predictions would be in the case that 
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an individual fulfills an identity that is devalued and weak – ICT predicts that an 

individual would feel good because an identity has been confirmed and ACT predicts 

that the individual feels a bad, weak emotion, such as shame (Burke 1991; Robinson, 

Smith-Lovin, and Wisecup 2006). Given that the evidence here supports a valence-

neutral hypothesis about emotional experience – not that individuals will not feel bad 

emotions, but rather that emotions that are similar in cultural meaning to one’s 

occupational identity are more likely to be felt – these largely support ACT’s model of 

emotional experience.  

3.5.1 Limitations 

There are several limitations of the research design. First, the operationalization 

of the dependent variable as self-reports means it is difficult to tease apart whether the 

dependent variable is accurately measuring an emotion experienced versus those that 

the respondent feels comfortable reporting having experienced. Respondents could 

either be recalling their actual experiences or embodying different identities while 

recalling experiences that influence the emotions they report. It could be the case that 

individuals actually do experience fewer emotions that are more culturally discrepant 

from their occupational identity and it may also be the case that during the reporting 

process, individuals in higher status social positions are more likely to prioritize the time 

spent in their occupational identities when reviewing the past week’s emotional 

experience, which would also lead to these findings.  
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Further, I cannot directly evaluate the mechanisms that I suggest are important 

in the status moderation hypotheses, as I have no measures of actual social interaction, 

an occupational identity’s importance to the individual, or connections to role-based 

others.  There could be other explanations for the patterns I see; for example, that people 

in higher status social and occupational positions are more reluctant to self-report 

emotions that are discrepant from their occupational identity or self-sentiments. In 

future research that collects new data or conducts an experiment, these mechanisms 

could be explicitly tested to build upon these initial findings to see if these mechanisms 

are at play and which seem to matter the most.  

Additionally, the variables for race and gender are not exhaustive, as those who 

were not White or Black were lumped into a third “Other” category. In addition, the 

sample includes a relatively small number of non-white respondents. As a result, there 

was not enough power to test whether the main effect was moderated by race, which is a 

consequential master status in the U.S., leaving the overarching status argument not 

fully tested. Similarly, there was not enough power to include tests of intersectional 

effects – how might the relationship between occupational identity and corresponding 

emotional experience look for Black versus white women, or disabled Black men versus 

able bodied Black men? Further, due to model complexity, it was difficult to test what 

happens at intersections between social status positions and occupational prestige: for 

example, how being a man (high status) in a predominantly female-gendered 
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occupational identity (low occupational prestige) might have a different relationship 

between Occ-Char-Emo-Discrepancy than being a man in a high occupational prestige 

identity. This may be especially interesting for future research to explore, given past 

work on the glass escalator.  

Lastly, only 107 occupational identities were included in this analysis, and they 

were matched via a crosswalk that tied similar, but not exactly the same, identities to 

GSS occupational codes. Further work that gets EPA measurements of all of the GSS 

occupational codes would be helpful in ensuring that these results apply across the 

occupational spectrum, even when relatively small differences between occupational 

identity meaning is included, e.g. the difference between physician’s assistant and nurse 

practitioner.  

3.6 Conclusion 

In this analysis I evaluate how occupational identity is related to emotional 

experience in the lives of adults who work full-time jobs. Using the ACT and the GSS 

emotions module, I propose an identity-based mechanism for daily emotional 

experience. Specifically, since ACT predicts that upon identity confirmation, individuals 

feel that identity’s characteristic emotion, I predict that individuals will more often 

report frequently feeling emotions that are close in cultural meaning to their 

occupational identity’s characteristic emotion than those that are more culturally 

discrepant. However, individuals occupy many identities daily, and those identities are 
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more or less salient, prominent, and supported by one’s cultural environment, making 

the rate of occupational identity confirmation across all individuals in the sample 

uncertain. I posit that this rate is patterned by social status, and find that men, those 

with higher income, and those with more education do have a stronger relationship 

between Occ-Char-Emo-Discrepancy and frequent emotional experience. 
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4. Social-Psychological Processes of Transgender 
Identity Salience 

Recent trans-inclusive social movements have championed phrases such as 

“trans women are women” in an effort to get cisgendered people to view transgender 

women as a subcategory of women, not a separate, adjacent, and pathologized category 

unto themselves. But how do transgender people categorize themselves? In what life 

stages and social contexts are transgender men and women most likely to foreground 

the transgender portion of their gender identity into their primary gender identity, not 

merely as a degree of difference between them and other men and women? In 

answering these questions, I take a social-psychological perspective, linking the 

dominant perspective of gender identity (“doing gender”) with a social-psychological 

theory of identity enactment: Identity Control Theory (ICT). I explore how ICT’s 

theoretical predictions regarding the importance of reflected appraisals may influence 

the salience of the transgender identity for transgender men and women. Further, I ask 

how status-based categorization processes affect the likelihood of transgender women 

versus transgender men to have a salient transgender identity.  

Using three recent datasets on transgender people in the United States: the 

TransPop survey (2016-2018), the U.S. Transgender Survey (2015-2016), and the National 

Transgender Discrimination Survey (2008-2009), I evaluate an interactional perspective 

of the transgender identity and explore whether your perception of others’ perceptions 
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of your gender identity play an important role in feeling as though being transgender is 

an salient part of one’s gender identity. Across all three datasets, I find that reflected 

appraisals of the transgender identity are associated with a higher likelihood of a salient 

transgender identity and that transgender men are more likely than transgender women 

to self-categorize as transgender in their primary gender identity. Those who have 

undergone medical and surgical transition are less likely to self-categorize as 

transgender in their gender identity.  

4.1 Theoretical background 

Gender identity can be conceptualized as consisting of at least two dimensions: 

1) someone’s gender (woman, man, non-binary, agender, genderqueer, etc.), and their 

relationship to their gender: cisgender or transgender. Cisgender refers to individuals 

for whom their gender corresponds with their identified sex at birth and transgender to 

those whose gender does not match their sex at birth. Cisgendered individuals do not 

typically recognize this dimension of their gender identity; it is not made salient in 

interaction except in situations in which they are interacting with transgender 

individuals. Indeed, the term ‘cisgender’ is a relatively recent addition to the cultural 

vernacular, largely in response to growing numbers of transgender individuals (Faye 

2021). Prior work on how transgender individuals navigate the trans aspect of their 

gender identity has largely looked at how they communicate that part of their identity to 

others (Brumbaugh-Johnson and Hull 2019; Kade 2021), how they navigate a largely 
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cisgendered world or workplace (Schilt 2011), and the various types of discrimination 

they can face in their everyday lives as they come into contact with social institutions 

(Bradford et al. 2013; Harrison, Grant, and Herman 2012). Less attention has been paid 

to how transgender individuals relate to the transgender identity in and of itself, rather 

focusing on how people realize they are transgender and come out to others 

(Brumbaugh-Johnson and Hull 2019; Garrison 2018). In a time in which the gender 

identities of transgender individuals are being contested, what social and interactional 

factors may influence a transgender individual to self-identify as a trans woman versus 

woman; or trans man versus man?  

4.1.1 Gender in Interaction  

Gender identity in interaction is a multilevel, reflective process. Individuals “do 

gender” by enacting their gender identity, and their interactional counterparts 

“determine gender” by using cultural scripts and prototypes to categorize individuals 

into the current dominant gender identities (West and Zimmerman 1987; Westbrook and 

Schilt 2014). After determining gender, interactional counterparts hold others 

accountable to their gender by policing gendered violations (Mittleman 2023; West and 

Fenstermaker 2002). Individuals then reflect on whether their gender identity was 

recognized (correctly seen by others) or misrecognized by others in the interaction (Kade 

2021; shuster 2017). In this analysis and following Carter (2014), I link each of these 

theoretical tenets: doing gender, determining gender, and gender recognition to 
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matching components in a social-psychological theory of identity: Identity Control 

Theory (ICT) (Burke and Stets 2009b). ICT specifies a model of identity maintenance in 

which individuals enact an identity based on a cultural standard for that identity (doing 

gender), receive feedback from others regarding their identity performance 

(determining gender), and reflect on how well their performance maintains their 

identity (gender recognition).  

4.1.2 Identity Control Theory 

Identity Control Theory and its counterpart Identity Theory (Stryker 2003) are 

two versions of a structural symbolic interactionist theory that focuses on how identities 

serve as an interface between social structure and individual selves, growing out of 

Mead’s initial formulation of the relationship (2015). Identities are defined culturally via 

expectations for role behavior, which in turn, constrain the behavioral and self-

presentation choices of those who embody them. Identity Theory takes up the first part 

of the relationship by explicating how identities and their role behavior expectations 

emerge through membership in formal and informal social groups, such as the family, 

occupations, and voluntary associations (Stryker 2003; Stryker and Burke 2000). ICT 

starts from the individual and largely remains there, instead evaluating how reflexive 

evaluation of role performance affects the individual and maintains identity meanings 

through negative emotional responses to perceptions of identity disconfirmation (Burke 

1991; Burke and Stets 2009b).  
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The internalized cultural expectations of a particular identity come into play in 

ICT as the identity standard of the identity a person is embodying in a situation. For 

example, if I am a man, when I enter an interaction the cultural expectations for how a 

man would act and present himself would shape my behavioral and self-presentation 

choices. This corresponds to doing gender; by acting in the ways expected of a man and 

being seen as a man by my interaction partner, I would be reconstituting what it means 

to be a man and naturalizing it (Carter 2014; West and Zimmerman 1987). After doing a 

social behavior associated with the cultural meanings for the identity being enacted, 

ICT’s model specifies that I would pay attention to the verbal and nonverbal responses 

of my interaction partner to try to ascertain how they are ‘seeing’ me in the interaction; 

in this case how they are determining my gender identity. This can be as explicit as the use 

of the correct gendered pronouns to whether I feel as though I am being treated or 

responded to in the same way as would be expected for any man.  

Using both this feedback and directly comparing my behavior and presentation 

to the original identity standard, I then assess how successful my identity performance 

of ‘man’ was in the interaction. If there is a discrepancy between how I think others are 

seeing my gender identity in an interaction, then ICT predicts I would experience 

negative emotion (Burke 1991; Kalkhoff, Marcussen, and Serpe 2016). If my gender 

identity is confirmed through an interaction (there is no discrepancy between perceived 

meaning within an interaction and the identity standard), ICT predicts that I would 
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experience positive emotion (Stets and Trettevik 2016). This is clear analogue to the 

concept of gender euphoria and dysphoria: gender euphoria is the intensely positive 

feelings trans people have when they feel as though they are being seen as and see 

themselves as their gender (Beischel, Gauvin, and van Anders 2022), and dysphoria the 

opposite negative feeling associated with a perception of incongruity between oneself 

and one’s gender as others see it.  

ICT predicts two responses to consistent disconfirmation of an identity. In the 

short-term, ICT predicts that individuals will adjust their behavior and self-presentation 

in future interactions to match the identity standard more closely. In the case of a 

transgender man, this may be attempting to look and act more masculine in various 

ways. Second, and specifically when there is a consistent discrepancy between the 

meanings of an identity in a situation and the identity standard, ICT predicts that an 

individual will adjust their identity standard or view of the situation to be in line with 

one’s behavior in an interaction (Burke 2006). In the case of transgender individuals, one 

could adjust one’s identity standard to that associated with a transgender man to allow 

for greater variation in gendered performance and for the possibility of others routinely 

interacting with you as a transgendered person.  

4.1.3 Applying ICT to the Transgender Identity 

Using the model of ICT applied to transgender men and women, there are two 

direct mechanisms by which transgender individuals are more likely to self-categorize 
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as transgender men and women versus men and women – what I refer to as having a 

salient transgender identity. First, an individual is likely to have a salient transgender 

identity when the transgender identity is intentionally enacted in situations and 

confirmed or disconfirmed by others. Second, an individual is likely to have a salient 

transgender identity when they have strong reflected appraisals that other see them as 

transgender, causing them to bring their identity standard in line with their identity in 

action, that is, incorporating the transgender identity into their primary gender identity 

that is being performed in the interaction. I further propose a third mechanism that the 

transgender identity is often enacted when one’s gender identity is disconfirmed 

through interactions and explore transition-related characteristics that may influence the 

likelihood of disconfirmation of one’s gender identity.  

4.1.3.1 Mechanism 1: Intentional Embodiment of the Trans Identity 

The first mechanism requires that transgender individuals are intentionally 

enacting the transgender identity, that is, they are trying to be seen as transgender by 

others in their interactions and acting in ways associated with transgender people.  I 

hypothesize that individuals are more likely to intentionally embody the identity of 

transgender man or woman at the start of their transition, as this is a time in which they 

are telling others in their lives that they are transgender and are beginning to assume 

their preferred gender identity (Brumbaugh-Johnson and Hull 2019). In this situation, 
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the transgender identity is a stepping stone to use while undergoing social transition 

and other steps which may follow.  

H1: Individuals who have more recently begun living full time in their gender 

identity will be more likely to have a salient transgender identity.  

4.1.3.2 Mechanism 2: Strong Reflected Appraisals of the Trans Identity 

The second mechanism is more ambivalent regarding which identity is 

intentionally enacted in a situation, but prioritizes the influence of reflected appraisals – 

the perception of how others are viewing them in a situation – on one’s identity 

(Bartusch and Matsueda 1996; Gallagher, Marcussen, and Serpe 2022).  As such, I argue 

that when an individual reports that they believe others can tell that they are 

transgender or gender non-conforming in interactions without disclosing their 

transgender status, they will be more likely to identify as transgender.  

H2: When respondents report feeling as though others can tell they are 

transgender most or all of the time, they will be more likely to have a salient transgender 

identity. 

4.1.3.3 Mechanism 3: The trans identity as one that emerges through disconfirmation 

The third mechanism I propose is one in which individuals feel especially trans 

in interactions when their gender identity is disconfirmed through misgendering by 

their interaction partners. Having to correct others’ misperceptions of one’s gender 

identity enacts the transgender identity in the interaction by forcing the other to 
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acknowledge your trans status, making it salient in that interaction. I argue that 

undergoing medical and surgical transition to bring one’s body in line with one’s gender 

identity decreases the likelihood of misgendering and thus makes one less likely to have 

a salient transgender identity. Second, recent work on how higher status identities are 

policed more strongly suggests that transgender men may be more likely to have their 

identities disconfirmed through interaction, making them more likely to have a salient 

transgender identity.  

Medical and Surgical Transition 

Some transgender people medically and surgically transition by starting to take 

hormone replacement therapy, undergoing top surgery to remove or construct breasts, 

genital surgery to remove the testes, penis, or uterus, or genital surgery to construct a 

penis or vagina (Beckwith et al. 2017). If we view the transgender identity as an identity 

that is activated when one’s gender presentation and gender determination do not 

match with one’s gender identity, then we would expect that undergoing medical and 

surgical transition would decrease the salience of the transgender identity. Transgender 

individuals who have medical and surgical transition typically show a decrease in 

mental health symptoms and suicidality, suggesting that they are experiencing less 

dysphoria, which I link to gender identity disconfirmation (Tucker et al. 2018).  

H3: Respondents who have had any medical or surgical transition will be less 

likely to strongly identify with the transgender label.  
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Gender and Status 

Recent work on how status differentials in categorization processes suggests that 

higher status categories are “precarious”, because their boundaries are policed heavily 

making it easy to lose that identity (Mize and Manago 2018). This process was initially 

applied to sexuality, showing that men are more quickly re-categorized as gay than 

women are for the same number of same-sex sexual interactions. This has been applied 

to gender with similar results; trans girls are more quickly identified as transgender by 

parents than trans boys (Meadow 2018) and respondents to a vignette are more likely to 

recategorize a gender nonconforming individual as transgender if their sex at birth is 

male (Khanna and Meadow 2023). What does this process mean for the lived experience 

of transmasculine and transfeminine individuals?  

This perspective predicts that individuals who are transfeminine are likely 

quickly identified and treated as their preferred gender identity through their 

interactions, because the boundaries of masculinity are stricter and there are fewer 

categories of gender presentation for people perceived as men. Alternatively, this 

perspective predicts that transmasculine people are less able to enact and confirm their 

desired gender identity because the boundaries of perceived womanhood are more fluid 

– e.g. tomboy or butch presentations, that allow for masculine presentation without a 

changed gender identity. If this holds true, transmasculine individuals are less likely to 

confirm their gender identity consistently through interactions. If the transgender 
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identity does emerge through disconfirmation of one’s gender identity, then we would 

expect that transmasculine individuals will be more likely to have a salient transgender 

identity than transfeminine individuals.  

H4: Transmasculine individuals will report a higher transgender identity 

salience than transfeminine individuals.  

4.2 Data and Methods 

4.2.1 Data  

Three data sets on the transgender population in the United States are used to 

evaluate the social, interactional, and transition factors which increase the salience of the 

transgender identity in transgender men and women in the United States: the National 

Transgender Discrimination Survey (NTDS, hereafter); the U.S. Transgender Survey 

(USTS, hereafter); and the TransPop survey (TPS, hereafter). The three surveys span the 

time periods from 2008-2016 and have different strengths and weaknesses. Two of the 

three – NTDS and USTS – are non-probability samples while the third, TPS, did gather a 

probability sample of transgender and gender non-conforming individuals. However, 

since the transgender and gender non-conforming population in the U.S. is a very small 

minority, the total number of participants was only 274, making complex analyses more 

difficult due to small numbers of respondents in each cross-section of covariates. Each of 

these datasets’ methodology is described in more detail below.  
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Across all three data sets, respondents included in the analytic sample are 

limited to those who identify as either transmasculine or transfeminine – that is, 

excluding those who are non-binary or genderqueer. There is no clear cultural referent 

for the non-binary and genderqueer gender identity; indeed, some non-binary and 

genderqueer individuals reject the idea that there is or should be the goal of having a 

strict cultural and interactional referent for their gender identities, making their 

experience of gender in interaction a unique case. Time will tell whether the strength of 

social and cultural forces overwhelm this desire; in fact, there is some emerging 

evidence of a non-binary stereotype, which engenders ire from the transgender 

community. But for now, because there is not a settled identity definition and the logic 

of the argument in this analysis relies on a cultural referent for the gender identities of 

man and woman, and perceptions of violations of it, they are not included in this 

analysis. Further research could explore in what ways the identity processes of non-

binary and genderqueer individuals match the experiences of transgender men and 

women and where they diverge.  

The NTDS was fielded in 2008-2009 and focused largely on the potential 

experiences of discrimination transgender individuals face across institutions: the 

family, education, religion, healthcare, and criminal justice (Grant et al. 2020). 

Respondents could take the survey online or on paper, and the survey staff contacted 

800 transgender and gender diverse community organizations and 150 trans-related 
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email listservs to distribute the survey. Specific effort was made to access transgender 

individuals who lived in rural communities and those with lower socio-economic 

statuses by targeting organizations in both, including health clinics and social programs 

(Grant et al. 2020). A total of 6,456 respondents were included in the final data set. After 

limiting the sample to only include those who do not primarily identify as non-binary or 

genderqueer and those who are living full-time in their gender identity, there are a total 

number of 2,602 respondents in the analytic sample.  

The USTS was fielded in 2015-2016 and is, in some ways, a follow-up from the 

NTDS, with most questions spanning potential areas of discrimination. However, the 

scope of the survey was extended to include more and improved questions about the 

self-identification and potential transition milestones for transgender individuals (James 

et al. 2019). Survey distribution was only offered online and distribution of the survey 

relied on an extensive awareness campaign prior to the survey’s distribution. Similar to 

the NTDS, 800 community organizations known to work with transgender and gender 

non-conforming populations helped distribute the survey to their constituent members 

and their general community, doing things such as hosting survey taking events, 

photobooths, and having a USTS awareness week. Although this resulted in a non-

probability sample of transgender and gender non-conforming individuals, survey 

researchers did provide survey weights to adjust the sample to roughly the known 

characteristics of the transgender and gender non-conforming population in the United 
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States. I use these weights in the analysis, both to calculate the descriptive statistics as 

well as the model estimates, using the survey package in R (Lumley 2004).  

The third survey dataset, the TPS, was the first probability sample of transgender 

and gender non-conforming individuals in the U.S (Meyer 2021). The survey paired a 

sample of transgender and gender non-conforming individuals to a matching sample of 

cisgender individuals; I only use the transgender respondents. To create a probability 

sample, the researchers working on TPS used the Gallup organization, who employed 

an address-based sampling method to mail short questionnaires asking about an 

individuals’ gender identity to randomly selected addresses. Respondents were given a 

two-step gender identification question, asking about sex at birth and current gender 

identity. Those who responded a different sex at birth to their current gender identity or 

who selected transgender woman or transgender man as their gender identity, were 

then eligible for inclusion in the sample and invited to take the study either online or 

paper survey to be mailed back (Meyer 2021). The TPS focused its conceptual overlap on 

health-related topics in conjunction with gender identification, transition milestones, 

and transgender community connectedness. TPS also included survey weights to adjust 

the sample to match the overarching population, these were used in calculating 

descriptive statistics and modeling.  

Although the three surveys only span approximately 8 years, there were 

considerable changes in both the transgender population in the U.S. over this period as 
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well as best practices for asking about gender identity and experiences of transgender 

and gender non-conforming individuals. Consequently, not every survey asked key 

questions in the same way – or provided the same answer choices – so there are some 

differences in the operationalization of the primary variables in this analysis. The 

following describes how each are measured and calculated prior to modeling.  

4.2.2 Variables  

Table 5 displays the variables for which the operationalization of the concept 

across all three datasets is the same. The same shade of orange is equivalent to the same 

operationalization across those datasets. A lighter orange or white indicates a difference 

in how the variable was operationalized.   

Table 9: Variable Operationalization Overlap in the Three Datasets 

 Variable TPS USTS NTDS 

Dependent 

Variable 

Transgender Identity 

Salience 

   

Independent 

Variables 

Transgender Identity 

Reflected Appraisals 

   

Gender     

Medical transition    

Surgical transition    

Time living as 

preferred gender 

   

Age living as preferred 

gender 

   

Controls Age    

Poverty / Income    

Race    
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4.2.2.1 Dependent Variable  

The conceptualization of the main dependent variable across the three datasets is 

transgender identity salience – the level to which a respondent incorporates 

‘transgender’ as part of their gender identity.  

In the TPS, respondents were asked their gender identity in a two-step process 

(Lagos and Compton 2021). First, they were asked if they currently describe themselves 

as a man, a woman, or transgender. If they chose transgender, then they were asked to 

specify whether they were a: Trans-woman (Male-to-female), Trans-man (Female-to-

male), or Non-binary/Genderqueer. Respondents were counted as having a salient 

transgender identity if they chose ‘Transgender’ for the first question, and not having a 

salient transgender identity if they chose ‘Man’ or ‘Woman.’ All participants in this 

sample were transgender, so those who chose ‘Man’ were transgender men who do not 

consider their gender identity to primarily be defined by their trans status.  

In the USTS, respondents were asked ‘Which best describes your current gender 

identity?” and given the options: ‘Woman’, ‘Man’, ‘Trans woman (MTF)’, ‘Trans man 

(FTM)’, ‘Non-binary/Genderqueer’, and ‘Cross-dresser’. Those who chose ‘Non-

binary/Genderqueer’, and ‘Cross-dresser’ were not included in the analytic sample. 

Respondents who chose Trans woman (MTF)’ or ‘Trans man (FTM)’ were counted as 

having a salient transgender identity, and those who chose ‘Woman’ or ‘Man’ were 

counted as not having a salient transgender identity.  
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In the NTDS – the oldest survey included in this analysis – respondents were not 

given as many options regarding gender identity, with only the options of ‘male/man’, 

‘female/woman’, ‘part-time’, and ‘not listed’ to the question of ‘What is your primary 

gender identity today?’ This is indicative of changing standards for asking about gender 

identity in a trans-inclusive way (Lagos and Compton 2021). To operationalize 

transgender identity salience, I instead use a question in a battery of options spanning 

varying transgender and gender non-conforming identities (e.g. transgender, 

transsexual, genderqueer) asking respondents to indicate to what degree each term 

applies to them. Those who say they feel that the term ‘transgender’ applies strongly to 

them are operationalized as having a salient transgender identity, and those who say the 

term only applies ‘somewhat’ or ‘not at all’ as not having a salient transgender identity.   

In some ways, the three data sets indicate differing levels of strictness for the 

transgender identity salience, with TransPop and USTS being a stronger test of the 

transgender identity salience than the NTDS. Both the TPS and USTS operationalizations 

require the respondent to include the transgender dimension of their gender identity in 

their overall gender identity, while the NTDS only requires respondents to feel as 

though the term ‘transgender’ applies strongly to them.  

4.2.2.2 Independent Variables 

4.2.2.2.1 Reflected Appraisals 

Reflected appraisals are an individuals’ impression of how others are seeing 

them; the identities they believe are being assigned to them by their interaction partners, 
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drawn from how others react to the individuals’ behaviors and self-presentation. To 

operationalize this for the transgender identity, I use a question initially intended to 

measure the concept of ‘passing’ as one’s preferred gender. In all three datasets, 

respondents were asked how often they thought that others could tell that they were 

transgender or gender non-conforming without telling them: never, occasionally, 

sometimes, most of the time, and always. This was recoded into two levels: often (most 

of the time, and always) and not often (sometimes, occasionally, never). Conceptually, I 

view those in the ‘often’ category as having strong reflected appraisals that others are 

viewing them as embodying the transgender identity and those in the not often category 

as having weak to no reflected appraisals of the trans identity.  

4.2.2.2.2 Gender 

Gender was operationalized as transmasculine (those whose sex at birth was 

female and now identify as a man or transgender man (FTM)) and transfeminine (those 

whose sex at birth was male and now identify as a woman or transgender woman 

(MTF)). This operationalization was also the same across the three data sets. Gender is 

included as an independent variable because there is reason to believe that there could 

be differences in the intensity by which gender boundaries are policed by others, with 

the identity of ‘man’ being policed more strongly due to its higher status than that of 

woman, as predicted in hypothesis 4.   
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6.2.2.2.3 Medical and Surgical Transition 

Undergoing medical and surgical transition can bring one’s body in line with 

one’s preferred gender presentation, making this an important variable to include to 

account for the fact that undergoing transition may both decrease one’s likelihood of 

having strong reflected appraisals of the transgender identity and one’s likelihood of 

having a salient transgender identity as outlined in hypothesis 3. Medical transition was 

operationalized as a binary variable of whether a respondent had ever had hormone 

replacement therapy (HRT). Surgical transition status was operationalized as a binary 

variable of whether the respondent had ever had at least one gender affirming surgery. 

For transgender men, this included: top surgery (reduction), hysterectomy, 

metoidioplasty, and phalloplasty. For transgender women, this included: hair 

removal/electrolysis, top surgery (augmentation), silicone injections, orchidectomy, 

vaginoplasty, labiaplasty, trachea shave, and facial feminization surgery.   

4.2.2.2.4 Time living full-time as preferred gender identity  

The length of time that a respondent has been full-time in their preferred gender 

identity is operationalized the same way across the USTS and NTDS: a survey variable 

which collapses the length between a respondents’ current age and the age they 

indicated they had become full-time in their preferred gender identity, collapsed into 

four buckets: 0-1, 2-5, 6-9, and 10+ years. Unfortunately, the TPS did not ask about the 

age at which a respondent began living full-time embodying their preferred gender 

identity. Instead, to operationalize this, I use the ‘coming-out’ milestone of the age at 
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which the respondent said they began telling others of their transgender identity and 

subtract that age from the respondents’ current age. Due to the very small number of 

respondents in the sample, this was collapsed into only two buckets: less than 10 years 

and more than 10 years. Although this operationalization is quite different from the age 

at which a respondent feels they are fully living as their preferred gender identity, it still 

indicates a length of time that the respondent has gone since beginning their transition 

socially.   

4.2.2.2.5 Age began living full-time as preferred gender identity  

 The USTS and NTDS both asked at what age a respondent said they began 

living full-time as their preferred gender identity, collapsed into 5 age ranges: Younger 

than 18, 18-24, 25-44, 45-54, and 55 or older. In the TPS, the age at which respondents 

began telling others that they were transgender was used, collapsed into: Younger than 

18, 18-29, and 30 or older. 

4.2.2.3 Control Variables 

4.2.2.3.1 Age 

Because the social environment in which transgender people exist in has changed 

significantly over the past century – and the definitions of what it means to be 

transgender have also gone through shifts, it is important to capture the age of the 

respondents, to attempt to capture the fact that these environments may have impacted 

an individuals’ relationship to their gender identity and their emphasis (or lack of 

emphasis) on reflected appraisals (Lagos 2019, 2022). All three datasets included the 
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survey respondent’s age at the time of the survey, which was collapsed into four groups: 

18 to 24 years old, 25 to 44 years old, 45 to 64 years old, and 65 or older.  

4.2.2.3.2 Race 

Gender, race, and other diffuse social characteristics are intrinsically intertwined: 

one’s racial identity affects the understanding of one’s gender and vice versa (Crenshaw 

1989). In the case of transgender people, this is even more apparent, as trans people of 

color, especially Black transgender women face high rates of violence, discrimination, 

and assault, all of which may affect the likelihood of feeling safe having a salient 

transgender identity (Bradford et al. 2013; Lagos 2019). Race was operationalized as a 

categorical variable with four categories: only White, only Black, only Hispanic-Latinx, 

and multiracial and other races collapsed into a final category. Having finer-tuned racial 

categories would be ideal, but there were few respondents across the three datasets 

whose racial identity was not White, Black, or Hispanic-Latino to allow for the statistical 

power needed to test the hypotheses. Even more so, the NTDS and USTS were 

composed of overwhelmingly White respondents. 

4.2.2.3.3 Poverty / Income 

Class can also affect both one’s experience of gender, one’s access to medical and 

transition resources, and one’s likelihood of experiencing discrimination, especially from 

the criminal justice system (Abelson 2014; Nixon 2009; Perrott 2019). To capture class, I 

focus on differentiating those living in poverty or who are very low-income from those 

who are not. In the TPS and USTS, a variable was included indicating whether the 
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respondent was below, at, or near the poverty line. The NTDS did not, so I categorize 

those who report their annual household income as less than $20,000 a year as an 

equivalent measure to the poverty line in TPS and USTS. 

4.2.3 Descriptive Statistics 

Table 6 displays the descriptive statistics across the three datasets. TPS is the 

survey with the smallest sample, with only 157 respondents included in the analytic 

sample, due to its probability sample design. The USTS is the largest, with 11,221 

respondents and the NTDS in between, with 2,602 respondents in the final analytic 

sample. As discussed earlier, the intensity of the operationalization for the dependent 

variable of a salient transgender identity is different across the three datasets, with TPS 

having the strictest definition, resulting in 52% of the weighted sample, the USTS the 

second strictest with 58%, and the NTDS the least strict, resulting in 72% of the analytic 

sample having a salient transgender identity. Both the USTS and NTDS had larger 

proportions of the analytic sample being transfeminine (both more than 60%), while the 

TPS was about equal, with 51% of the sample being transfeminine and 49% 

transmasculine. Less than a quarter of respondents in the analytic samples of all three 

datasets reported high reflected appraisals of the trans identity, with the highest 

proportion coming from the TPS, with 23% of the sample saying that others could tell 

most of the time or always that they were transgender without explicit disclosure of 

their transgender status.  
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The age at which one began living as transgender looks very different between 

the three samples, but this is largely because the TPS did not have a specific question 

asking respondents at which age they began living full-time in their preferred gender 
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Table 10: Descriptive Statistics Across the 3 Datasets 

Variable 

TransPop  

Survey 

N = 1571 

weighted 

U.S.  

Transgender 

Survey  

N = 11,2211 

weighted 

National 

Transgender  

Discrimination 

Survey 

N = 2,6021 

not weighted 

Salient Transgender 

Identity 
82 (52%) 6,499 (58%) 1,864 (72%) 

Gender    

transfeminine 81 (51%) 7,244 (65%) 1,581 (61%) 

transmasculine 76 (49%) 3,977 (35%) 1,021 (39%) 

Reflected Appraisals of 

Trans Identity 
 

not often 121 (77%) 9,669 (86%) 2,216 (85%) 

often 36 (23%) 1,551 (14%) 386 (15%) 

Age started living out  as transgender2 
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Variable 

TransPop  

Survey 

N = 1571 

weighted 

U.S.  

Transgender 

Survey  

N = 11,2211 

weighted 

National 

Transgender  

Discrimination 

Survey 

N = 2,6021 

not weighted 

< 18 71 (45%) 1,162 (10%) 150 (5.8%) 

18 to 24 52 (33%) 2,568 (23%) 701 (27%) 

25 to 34 25 (16%) 2,747 (24%) 576 (22%) 

35 plus 9 (5.6%) 4,745 (42%) 1,175 (45%) 

Years since coming out/ 

living fulltime 
 

0 to 1 

85 (54%)3 

2,274 (20%) 310 (12%) 

2 to 5 3,305 (29%) 1,240 (48%) 

6 to 9 1,802 (16%) 935 (36%) 

10 plus 71 (46%) 3,840 (34%) 117 (4.5%) 

 Medical Transition    



 

 

92 

 

Variable 

TransPop  

Survey 

N = 1571 

weighted 

U.S.  

Transgender 

Survey  

N = 11,2211 

weighted 

National 

Transgender  

Discrimination 

Survey 

N = 2,6021 

not weighted 

(1) Yes 96 (61%) 10,255 (91%) 2,409 (93%) 

Surgical Transition  

     (1) Yes 70 (44%) 7,285 (65%) 1,463 (56%) 

Poverty Status  

(1) Yes in poverty 41 (26%) 3,391 (30%) 743 (29%)4 

Age at time of survey    

18 to 24 60 (38%) 826 (7.4%) 307 (12%) 

25 to 44 61 (39%) 4,893 (44%) 1,415 (54%) 

45 to 64 31 (20%) 4,369 (39%) 822 (32%) 

65 plus 5 (3.0%) 1,133 (10%) 58 (2.2%) 

Race  
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Variable 

TransPop  

Survey 

N = 1571 

weighted 

U.S.  

Transgender 

Survey  

N = 11,2211 

weighted 

National 

Transgender  

Discrimination 

Survey 

N = 2,6021 

not weighted 

White 88 (56%) 6,956 (62%) 1,993 (77%) 

Black 15 (9.7%) 1,731 (15%) 94 (3.6%) 

Hispanic/Latino 19 (12%) 1,867 (17%) 79 (3.0%) 

Multirace/other 35 (22%) 667 (5.9%) 436 (17%) 

1 n (%) 
2 For TPS, this is the age at which respondent 

reports first telling others about transgender identity. For 

USTS and NDTS, this is the age at which respondent reports 

living full-time as transgender. 
3 For TPS, collapsed into less than 10 and 10 or 

more. 
4 For NTDS less than 30k or less annual income 
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identity. Instead I used a much weaker operationalization of when they first 

began telling others that they were transgender. This means that for TPS, the 

distribution is shifted down in age, with the majority reporting below the age of 18. The 

other two surveys were more closely matched, with the majority reporting beginning to 

live full-time after they were an adult, and especially after the age of 25.  

The variable corresponding to how long an individual has lived full-time in their 

preferred gender identity also suffers from this difference in operationalization, with 

TPS having the largest proportion who have lived more than 10 years since beginning to 

tell others that they were transgender. The USTS is also shifted up slightly, with more 

individuals falling into the 10+ category (34%) than the NTDS (4.5%). This may be 

because the USTS was fielded in 2015-2016 and the NTDS in 2007-2008, and there were 

simply more transgender individuals in 2015-2016 who had come out due to increasing 

transgender visibility in the U.S. (Faye 2021; Lagos 2022). Across the three datasets, 

approximately 40-60% of respondents had undergone at least one gender affirming 

surgery, with the least in the TPS (44%) and the most in the USTS (65%).  

The demographic variables expose the important differences between a 

probability sample (TPS), a weighted nonprobability sample (USTS), and an unweighted 

nonprobability sample (NTDS).  The NTDS skews extremely white (77%) and over-

represents the age group of 25–44-year-olds, who make up more than half of the sample. 
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The USTS and TPS have a more balanced racial and age distribution, however they still 

suffer from being largely (more than 50%) White. The TPS shows the highest proportion 

of respondents who are between the ages of 18 to 24, with 38% of respondents falling 

into this category. Across all three datasets between a quarter and 30% of respondents 

are categorized as having a poverty status in the past year (or making less than $20,000 

annually for the NTDS).  

4.2.4 Analytic Strategy 

Across the datasets, I run four models. First, a baseline model (M1) which 

regresses having a salient transgender identity on a high level of reflected appraisals. 

Next, a gender model, which incorporates one’s gender identity (transfeminine or 

transmasculine) as a covariate in addition to the reflected appraisals (M2). For the third 

model, I add transition-related covariates – whether one has undergone medical 

transition and surgical transition, the age at which the respondent began living full-time, 

the years since one has gone full-time in their gender identity, and the age category of 

the respondent (M3). The fourth and final model adds the demographic variables of race 

and poverty status (M4). For the NTDS, I do not use survey weights because they were 

not available; for the TPS and USTS I do. I evaluate each model’s fit using AIC, which 

penalizes the addition of covariates that explain little to no variance in the dependent 

variable. For NTDS and USTS, the best fitting model was model 3, the model which 

included the transition variables but not the demographics. For the TPS, the best fitting 
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model was model 4, which did include the demographic variables, again revealing the 

importance of a probability sample.  

4.3 Results  

Figure 6 illustrates the coefficients from the best fitting models for each dataset. 

As expected, the TPS model results have the largest standard errors, due to the smaller 

sample size, while the USTS and NTDS have both smaller confidence intervals and 

generally effect sizes. Results were consistent across the three models for the reflected 

appraisals and gender identity independent variables, being both positive and 

significant for all three datasets’ models. Generally having undergone either hormone 

therapy (medical transition) was associated with a lower probability of having a salient 

transgender identity, but this was not entirely consistent across the three datasets’ 

models. The years one has been living full-time in their preferred gender identity was 

interestingly significant in both the USTS and NTDS models, but in opposite directions. 

Across the model estimates, hypothesis 1 had mixed support, hypothesis 2 and 3 had 

positive support.  
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Figure 6: Coefficient Plots for best-fitting model from each dataset 

4.3.1 Reflected Appraisals 

Across all three datasets, the best fitting model found that when a respondent 

had high reflected appraisals of the transgender identity, they were more likely to have a 

salient transgender identity. When respondents felt that others could tell most of the 

time or always that they were transgender without the intentional disclosure of the 

transgender identity, they were more likely to self-categorize as trans men or trans 

women than men or women for the TPS and USTS and feel as though the transgender 

label applied strongly to them in the NTDS. Figure Z presents the predicted probabilities 

of having a salient transgender identity across the three datasets. The effect size was the 

largest in the TPS, although it also has the largest confidence intervals, due to the small 

sample size. The effect sizes in the USTS and NTDS are modest, but significant at the .05 
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and .001 level, respectively. The USTS model predicts that respondents with high 

reflected appraisals have a predicted probability of .84 of having a salient transgender 

identity, while those with low reflected appraisals have a predicted probability of .78 of 

having a salient transgender identity.  

 

 

Figure 7: Predicted Probabilities of Salient Transgender Identity by Reflected 

Appraisals 

4.3.2 Gender 

The effect of gender is also significant and positive for all three datasets’ best 

fitting model. Again, the largest effect size is found in the TPS, followed by the USTS, 

and finally the NTDS. In the TPS, transmasculine individuals have a 0.87 predicted 

probability of having a salient transgender identity and transfeminine respondents have 

a 0.65 predicted probability of having a salient transgender identity. This supports 
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hypothesis 4, which predicted that transmasculine individuals would be more likely to 

have a salient transgender identity. However, I cannot actually evaluate the mechanism 

by which I argued for that hypothesis: that it is due to the increased likelihood of gender 

identity disconfirmation or misrecognition. Future research should test this mechanism 

specifically, similar to Khanna and Meadow’s (2022) experiment, but with self-

perception rather than the categorization of others.   

 

 

Figure 8: Predicted Probabilities of Salient Transgender Identity by Gender 

4.3.3 Medical and Surgical Transition 

In the TPS, USTS, and NTDS, the effect of having undergone medical transition 

(taking Hormone Replacement Therapy) was in the same direction: negative, but only 

significant for TPS and USTS. The negative direction of the effect means that these 

models predict that individual who has undergone HRT is less likely to have a salient 
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transgender identity than an individual who has not had HRT, and this effect was the 

strongest in the TPS. The effect of surgical transition was in the same negative direction 

for the USTS and NTDS models, predicting that individuals who had had a gender 

affirming surgery will be less likely to have a salient transgender identity, but it was 

only significant for the NTDS model. In the TPS, undergoing any surgical transition was 

not significant, but trended in the positive direction, which is unexpected. Although the 

results are somewhat mixed, the findings across the models trend towards support for 

hypothesis 3: that those who have undergone some sort of medical intervention to 

change their bodily appearance are less likely to have a salient transgender identity, 

providing some support for the third mechanism of transgender identity salience: that it 

is an identity which emerges through disconfirmation.   

4.3.4 Time Since Living Full-time as Preferred Gender Identity / 
Coming Out 

Surprisingly, the independent variable associated with the first mechanism: the 

intentional enactment of the transgender identity at the beginning of one’s transition 

had the most mixed results. This variable in the TPS was unfortunately an imprecise 

measurement of the time since one had first begun telling others about one’s 

transgender status, collapsed into less than 10 years and more than 10 years, and that is 

reflected in the non-significance and large standard errors associated with the model’s 

estimates. However, the USTS and NTDS, which both had a direct measurement of the 

years since the respondent had begun living full-time in their preferred gender identity, 
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had significant results but in opposite directions. The USTS model’s predictions were in 

line with the hypothesis: in comparison to individuals who had only been living in their 

preferred gender identity for less than two years, those who had been out for 2-5 or 6-9 

years were less likely to have a salient transgender identity. The effect of living full-time 

in one’s preferred gender identity for 10 or more years in comparison to being out for 

less than 2 years was not significant, but in the same negative direction.  

The NTDS model predicted that those who had been living full-time in their 

preferred gender identity for 10 or more years were more likely to have a salient 

transgender identity than those who had been living full-time in their preferred gender 

identity for less than 2 years. The effect of living full-time in one’s preferred gender 

identity for 2-5 years or 6-9 in comparison to being out for less than 2 years was not 

significant in the NTDS model.  

4.4 Discussion 

In this analysis, I used a social-psychological perspective to evaluate what 

interactional factors and self-presentation choices make it more likely for transgender 

individuals to self-categorize their gender by foregrounding their transgender status 

into their primary gender identity. I largely find support for a model of gender in 

interaction in which the transgender identity is most likely to be especially salient when 

individuals think that others view them as transgender. Further, I find evidence that the 
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trans identity is one that may specifically emerge through the disconfirmation of one’s 

gender identity or the sense that one’s body does not fit with one’s gender.  

Practically, this suggests that individuals who do not medically transition and 

who appear more gender normative in their behavior and self-presentation are the least 

likely to view themselves as trans. This squares with prior research on how and when 

individuals who ‘pass’ as cisgender – meaning others think they are and have always 

been a cisgender man or women – choose to disclose their transgender status (Kade 

2021; Schilt 2011). There are costs and benefits to each self-categorization.  

The negative consequences of being seen as transgender are clearest: it is 

associated with an increased likelihood of experiencing discrimination and harassment 

and feelings of gender dysphoria that come along with misgendering. While those who 

are not immediately seen (or ‘clocked’ as it is referred to within the transgender 

community) as transgender are less likely to have negative interactions on the basis of 

their gender, they sometimes can report feeling still separate from cisgendered people of 

their same gender, who assume that transgender passing individuals have the same 

childhood experiences of gender. Further, some report feeling uncomfortable in how 

their transition leads them to see more clearly how gender inequality functions, either 

though status loss after transitioning to being seen as a woman, or status gain after 

transitioning to being seen and interacted with as a man (Schilt 2011). Indeed, 

transgender people do not always want to be seen as cisgender or to pass, instead 



 

103 

viewing their transgender status and gender non-conformity as intentionally disarming 

to broaden the boundaries of gender identities. They may wish to be seen proudly as 

transgender men or women.  

Similar, and related to this point, the types of people who came to live as 

transgender men and women have been different in different cohorts (Lagos 2022). The 

social context at which they came into their identity was also often distinct, with 

different risks of being seen as transgender, especially for transgender women. Future 

work that took a age-period-cohort approach to understand respondents relationship 

with the transgender identity would be interesting.    

4.4.1 Limitations 

The most significant limitation I see to this analysis is the measure of reflected 

appraisals. The question “How frequently do you think others can tell you are 

transgender even without disclosing it?” was initially intended to measure passing. I 

worry that this question can function differently depending on your stage of transition. 

Let’s take for example, a transgender man. At the beginning of his transition, he may 

answer “never” or “rarely” because others see him as a cisgendered woman. Further 

into his transition, especially if he underwent medical and surgical transition, the same 

answer of ‘never’ or ‘rarely’ would indicate that others see him as a cisgendered man. A 

better way of measuring reflected appraisals would ask what gender identity others 
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usually assign to them and how they wish to be seen by others, to understand the 

intersection between the two.  

Further, the best sample of transgender individuals came from the TransPop 

survey, which was the only probability-based sample of the three datasets used in this 

analysis. However, because the population of transgender individuals is so small in the 

U.S., the sample did not always have enough power to adequately test everything I 

wished to include in the model. For instance, I think it would have been interesting to 

see whether the effect of reflected appraisals is different depending on how long one 

had been living in their gender identity by including an interaction term, but there 

simply were not enough respondents in each category to allow for this. If I had all the 

money in the world, I would fund a probability-based sample to intentionally aim for at 

least 1000 transgender respondents.  
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5. Conclusion   

In this dissertation, I ask questions about identity and status on three different 

levels. In paper 1, I am interested in the identity itself as the unit of analysis: how can we 

think about the status of occupational identities in an explicitly relational way? I find 

support for the idea of status positions in the occupational status structure according to 

the cultural likelihood of an occupational identity giving and receiving deference to and 

from other occupational identities. I show that it is not only important to understand 

how likely occupational identities are to defer to others in assessing their status, but also 

understanding to which other identities they are most likely to defer to and receive 

deference from. By using this relational perspective, I find a position in the occupational 

status structure that does not have a clear analogue to prior, more structural and class-

based groupings of occupational identities: the actively revered. These are occupations 

which are highly Good, Powerful, and Active. Interestingly, many occupations in this 

group are often not high in the economic class structure, like elementary school teacher, 

firefighter, and paramedic. It would be interesting in future work to assess the 

relationship between social honor and pay.  

In paper 2, I advocate for an identity confirmation model to explain differences 

in the experience of emotions in the workplace. I find evidence that individuals are more 

likely to report experiencing emotions that are closer in affective space to their 

occupational identity’s characteristic emotion, or the emotion that ACT predicts will be 
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felt upon perfect confirmation of the identity in interaction. Further, I find that this 

relationship is stronger for individuals of higher status. Future work should pull apart 

which of the many mechanisms I argued may be behind this finding: identity 

prominence, commitment, and the ability to define a situation, play more and less 

significant roles in affecting the likelihood of individuals with higher status to confirm 

their identities through interaction.  

Lastly, in paper three, I highlight confluences between the ‘doing gender’ 

theoretical perspective of gender in sociology with the Identity Control Theory model of 

identity confirmation and apply it to the transgender identity.  I generally find support 

for the idea that transgender individuals are more likely to self-categorize as 

transgender men or women versus simply men or women when they feel as though 

others can frequently tell they are transgender; that is, when they have strong reflected 

appraisals of the transgender identity. However, some of the results across the three 

datasets were mixed, specifically regarding the time since one had begun living full-time 

in their preferred gender identity. Experimental work would be an especially interesting 

avenue to explore whether misgendering and disconfirmation of one’s gender identity 

activate the transgender identity.  
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Appendix A 

Table 11: All Identities, Arranged by Distance from Average Identity within Each Block1 

Block 

assignment 

Occupation E P A Distance from 

Average 

1 computer support  

specialist 

1.33 0.82 -0.02 0.0917376 

1 bricklayer 1.21 0.69 0.11 0.0998218 

1 dental hygienist 1.68 0.86 0.34 0.1143948 

1 technician 1.67 1.08 0.45 0.1572535 

1 machine repairer 1.36 1.02 0.68 0.1829599 

1 handyman 1.76 1.04 0.46 0.2146710 

1 wage earner 1.76 1.13 0.09 0.2348916 

1 auto mechanic 1.15 0.58 0.55 0.2434472 

1 flight attendant 1.51 0.44 0.31 0.2599329 

 

1 Distance calculated by the sum of squared differences between the average E, P, A values of the block and the identity’s E, P, and A values 
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1 computer programmer 1.51 1.46 0.01 0.3747805 

1 dietitian 1.56 0.90 -0.32 0.3819186 

1 craftsman 1.59 1.07 -0.31 0.4041646 

1 church deacon 1.41 1.40 -0.17 0.4169900 

1 carpenter 1.25 0.65 0.86 0.4427313 

1 dentist 1.62 1.51 0.08 0.4461122 

1 security guard 1.38 1.49 -0.11 0.4600948 

1 barber 1.35 0.26 0.41 0.4625646 

1 baker 1.97 0.70 0.06 0.4673630 

1 artist 1.74 0.92 -0.33 0.4986345 

1 shopkeeper 1.15 0.25 0.22 0.4990138 

1 cosmetologist 1.31 0.30 0.60 0.5050868 

1 landscape architect 1.59 1.14 -0.39 0.5276059 

1 civil engineer 1.70 1.55 -0.02 0.5897186 

1 electrical engineer 1.71 1.61 0.28 0.5954900 

1 blacksmith 1.22 1.26 0.95 0.6033360 

1 landscaper 1.29 0.15 0.28 0.6039091 

1 student teacher 1.80 0.32 0.47 0.6039837 

1 bus driver 1.31 0.17 0.05 0.6162313 
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1 lecturer 1.29 1.70 0.39 0.6226630 

1 biologist 1.83 1.45 -0.11 0.6397043 

1 forest ranger 2.01 0.96 -0.22 0.6612837 

1 ophthalmologist 1.60 1.43 -0.34 0.6789027 

1 railroad engineer 1.17 1.05 1.07 0.7017646 

1 consultant 1.53 1.61 0.77 0.7573646 

1 chiropractor 1.77 1.38 -0.36 0.7668868 

1 physicist 1.60 1.41 -0.43 0.7757360 

1 baby sitter 2.12 1.36 0.36 0.7817440 

1 automobile assembler 1.19 0.55 1.06 0.8026995 

1 speech language  

pathologist 

1.86 1.22 -0.43 0.8211837 

1 cleaning woman 1.82 0.16 -0.05 0.8963043 

1 dental assistant 1.40 0.00 0.05 0.9011646 

1 fire investigator 1.95 1.66 0.43 0.9212186 

1 roofer 0.86 0.41 0.92 0.9425789 

1 coal miner 0.84 0.11 0.54 1.0064964 

1 steel worker 0.83 0.53 1.05 1.0519964 

1 photographer 1.68 1.20 -0.68 1.0701186 
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1 ship engineer 1.62 1.93 0.38 1.0948075 

1 farm laborer 1.47 -0.01 -0.20 1.0997662 

1 dairy farmer 1.62 0.42 -0.62 1.1032805 

1 assistant 1.51 -0.10 0.05 1.1175551 

1 chemical engineer 1.57 1.73 -0.41 1.1481329 

1 cement worker 0.79 0.27 0.92 1.1805789 

1 laborer 1.02 -0.11 0.32 1.1859884 

1 engineer 1.75 1.94 0.30 1.1880392 

1 pharmacist 2.09 1.38 -0.42 1.2120487 

1 journalist 0.85 1.55 1.02 1.2215535 

1 manager of branch  

store 

1.23 1.42 1.25 1.2358979 

1 music director 1.45 1.41 1.27 1.2585138 

1 receptionist 1.27 -0.16 -0.04 1.2746265 

1 machine operator in  

a factory 

0.94 0.29 1.10 1.2761027 

1 farmer 2.13 0.50 -0.48 1.3298011 

1 sheet metal worker 0.91 0.31 1.15 1.3632376 

1 investigator 1.67 2.01 -0.04 1.3692360 

1 merchant 0.70 0.51 1.14 1.3717821 
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1 construction contractor 1.37 1.38 1.35 1.3892535 

1 miner 0.94 -0.13 0.59 1.3916408 

1 self employed 

worker 

1.87 1.81 0.85 1.3925424 

1 education administrator 1.43 2.09 0.56 1.4528932 

1 scientist 1.89 1.84 -0.35 1.4991424 

1 fisherman 1.47 0.41 -0.87 1.5611202 

1 chaplain 2.12 1.58 -0.52 1.6259503 

1 public relations 

specialist 

1.50 1.74 1.24 1.6404424 

1 instructor 1.74 2.11 0.56 1.6413503 

1 psychologist 1.61 1.44 -0.89 1.6600757 

1 philosopher 1.47 0.89 -1.03 1.6862503 

1 construction foreman 1.13 1.47 1.42 1.6877948 

1 shop clerk 1.27 -0.38 0.10 1.7347186 

1 researcher 1.93 1.80 -0.56 1.7733472 

1 construction laborer 1.33 0.68 1.59 1.8207487 

1 ambassador 1.46 2.28 0.31 1.8514281 

1 professional 1.72 2.23 0.09 1.8673392 

1 negotiator 1.90 2.17 0.43 1.8751805 
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1 salesclerk 0.77 -0.01 1.08 1.8841059 

1 lobby attendant 1.29 -0.40 -0.13 1.9121646 

1 tutor 2.39 1.66 -0.31 1.9374408 

1 diplomat 1.20 2.21 0.80 1.9664741 

1 professor 1.83 2.27 0.24 2.0359440 

1 anesthetist 1.52 1.85 -0.89 2.2137995 

1 detective 1.65 1.93 -0.80 2.2281852 

1 telephone operator 0.40 -0.18 0.57 2.2287297 

1 airline pilot 1.66 2.41 0.33 2.3043868 

1 sewing machine 

operator 

1.03 -0.53 -0.07 2.3321265 

1 psychiatrist 1.68 1.71 -1.02 2.3686487 

1 chairwoman 1.40 2.33 0.91 2.3969424 

1 actor 0.82 1.36 1.68 2.4857154 

1 principal 1.57 2.42 0.74 2.5106456 

1 magician 1.13 0.78 1.83 2.5271773 

1 part time 

employee 

0.93 -0.61 -0.03 2.6215011 

1 night watchman 1.56 1.18 -1.33 2.6449646 

1 commentator 0.89 0.92 1.86 2.7678678 
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1 typist 0.61 -0.38 1.04 2.8618646 

1 textile worker 0.82 -0.68 0.20 2.8652265 

1 sheriff 1.07 2.42 1.07 2.9711551 

1 parking attendant 0.29 -0.29 -0.40 3.0519979 

1 chauffeur 1.51 -0.51 -0.73 3.0663265 

1 bodyguard 1.86 2.65 0.39 3.2481011 

1 cashier 0.65 -0.73 0.42 3.2601821 

1 restaurant operator 1.33 1.65 1.92 3.2728011 

1 writer 1.55 2.03 -1.18 3.3431694 

1 housekeeper 1.40 -0.74 -0.53 3.4000376 

1 attorney 1.21 2.46 1.51 3.9353043 

1 migrant worker 0.79 -0.97 0.10 3.9354233 

1 reporter 0.66 1.46 2.08 4.0737757 

1 newscaster 0.84 1.60 2.10 4.0980297 

1 lobbyist 0.01 1.53 1.67 4.1604884 

1 labor union 

leader 

0.85 2.14 1.92 4.4805630 

1 custodian 1.54 -0.82 -0.93 4.4988916 

1 janitor 1.45 -0.87 -0.94 4.6749027 
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1 maid 1.47 -1.00 -0.73 4.7011456 

1 gas station 

attendant 

0.74 -1.05 -0.44 4.7718900 

1 lawyer 0.83 2.63 1.75 5.3985519 

1 temporary worker 0.53 -1.28 -0.28 5.8366360 

1 library assistant 1.78 -0.06 -2.02 6.3602456 

1 librarian 1.83 -0.28 -2.06 7.0706900 

1 politician -0.85 2.08 1.44 7.5915725 

1 chambermaid 0.50 -1.52 -0.84 7.9246487 

2 decorator 1.70 0.81 0.84 0.0747173 

2 travel agent 1.43 0.54 0.98 0.3525973 

2 environmentalist 2.10 0.65 0.77 0.3959845 

2 musician 1.77 1.25 1.47 0.4315173 

2 hairstylist 1.62 0.39 0.71 0.4926682 

2 hostess 1.94 0.39 0.92 0.5649209 

2 host 2.08 1.62 1.26 0.6525991 

2 organizer 2.07 1.68 0.48 0.6792154 

2 nursing assistant 2.32 0.94 0.38 0.6939809 

2 chef 1.69 1.35 1.68 0.7675154 
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2 storyteller 2.15 1.62 0.30 0.8499936 

2 nutritionist 2.30 1.20 0.16 0.9179736 

2 social worker 2.12 1.27 -0.10 1.1622809 

2 interpreter 2.26 1.97 0.80 1.1767827 

2 hairdresser 1.56 -0.01 1.01 1.2162609 

2 beautician 1.32 0.05 1.11 1.2300791 

2 cook 2.24 1.69 1.58 1.2639318 

2 missionary 2.12 1.41 -0.14 1.3132263 

2 server 1.77 -0.07 0.71 1.3518663 

2 choreographer 1.27 1.21 1.97 1.4158736 

2 astronaut 2.33 2.13 0.76 1.5844100 

2 pastor 1.89 2.31 0.72 1.5952245 

2 skilled worker 2.38 2.07 0.52 1.6328191 

2 waiter 1.31 -0.16 1.27 1.8216536 

2 bartender 1.33 1.18 2.16 1.8296736 

2 waitress 1.50 -0.21 1.30 1.8828700 

2 philanthropist 2.56 1.98 0.28 1.9745627 

2 entrepreneur 1.59 2.00 1.99 2.1567082 

2 teacher 2.50 2.31 0.32 2.5289500 
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2 ship captain 1.89 2.54 1.47 2.5846936 

2 police officer 1.05 2.49 1.43 2.6869936 

2 garbage collector 1.25 -0.49 0.42 2.7972318 

2 mail carrier 1.93 0.02 -0.44 2.8601173 

2 physician 2.41 2.35 -0.04 2.9935082 

2 educator 2.42 2.52 0.26 3.0272827 

2 secretary 1.59 -0.22 -0.31 3.0291227 

2 veterinarian 2.80 2.01 -0.09 3.0839845 

2 radio and television 

announcer 

0.76 1.24 2.44 3.3424754 

2 taxi driver 0.75 -0.34 1.67 3.4856682 

2 coach 1.96 2.37 2.19 3.5688718 

2 civil servant 1.18 -0.17 -0.54 3.7009645 

2 scholar 2.48 2.24 -0.45 3.7343827 

2 counselor 2.54 1.66 -0.78 3.7921700 

2 bellhop 1.20 -0.82 0.95 3.8094227 

2 president 1.29 2.98 1.13 3.8242936 

2 priest 1.89 2.13 -0.91 4.2599318 

2 salesperson 0.15 0.39 2.14 4.3759954 
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2 athlete 1.81 2.50 2.45 4.6149700 

2 assembly line worker 0.77 -1.02 0.76 5.1737027 

2 fast food server 0.67 -1.05 0.90 5.4802863 

2 auctioneer 0.76 1.19 3.03 5.5547554 

2 CEO 0.71 3.22 1.48 5.8628518 

2 busboy 0.85 -1.16 0.33 5.9080754 

2 intern 1.41 -1.39 0.05 6.7821718 

2 pornographer -1.26 0.51 0.92 8.7668700 

3 foreman 0.64 1.30 0.34 0.0179239 

3 crane operator 0.94 1.23 0.29 0.0411404 

3 patrolman 1.01 1.24 0.33 0.0768689 

3 bailiff 0.72 1.56 0.10 0.1108120 

3 customs officer 0.45 1.37 0.13 0.1131395 

3 wholesaler 0.80 1.08 0.54 0.1171900 

3 online merchant 0.80 0.86 0.25 0.1708331 

3 political scientist 0.81 0.86 0.30 0.1735230 

3 bailsman 0.58 1.57 0.55 0.2009129 

3 editor 1.08 1.70 0.23 0.2998863 

3 logger 0.70 1.18 0.83 0.3342129 
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3 cabinet member 0.59 1.84 0.46 0.3890276 

3 insurance agent 0.52 0.68 0.24 0.3974762 

3 economist 0.87 0.93 -0.26 0.4020542 

3 butcher 0.75 0.77 0.67 0.4170367 

3 bank manager 1.11 1.81 0.27 0.4270184 

3 cabinet maker 1.10 0.71 0.28 0.4404588 

3 auditor general 0.14 1.55 0.10 0.4684221 

3 electrical linesman 1.01 0.64 0.34 0.4734789 

3 city councilor 0.66 1.80 0.70 0.4817991 

3 interviewer 0.57 1.71 0.78 0.4941716 

3 systems engineer 1.36 1.41 -0.06 0.5029285 

3 commissioner 0.99 1.88 0.59 0.5424982 

3 insurance claims 

investigator 

0.07 1.22 -0.06 0.5583340 

3 railroad conductor 1.05 1.18 0.94 0.5638643 

3 truck driver 0.61 0.55 0.51 0.5973597 

3 CPA 0.88 1.48 -0.50 0.6414175 

3 accountant 1.03 1.16 -0.48 0.6424661 

3 locksmith 1.16 0.81 -0.27 0.6660248 
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3 advertising 

copy writer 

0.65 0.55 0.66 0.6856652 

3 immigration officer 0.14 1.63 0.72 0.7051707 

3 psychoanalyst 0.82 1.22 -0.58 0.7146945 

3 building contractor 1.05 1.39 1.04 0.7163808 

3 supervisor 0.76 1.99 0.73 0.7402083 

3 switchboard operator 0.79 0.54 0.74 0.7639780 

3 retailer 0.54 0.79 1.01 0.8328028 

3 mayor 1.03 2.02 0.75 0.8855001 

3 tax preparer 0.69 1.31 -0.70 0.9269716 

3 deputy 1.08 2.00 0.80 0.9385037 

3 real estate agent 0.79 1.04 1.21 0.9563808 

3 inspector 0.57 1.54 -0.67 0.9690523 

3 rancher 1.06 0.38 -0.05 0.9875340 

3 welder 0.92 0.51 0.88 0.9915707 

3 mechanical engineer 1.63 1.69 -0.06 1.0661056 

3 architect 1.52 1.70 -0.28 1.0810285 

3 electrician 1.26 0.43 -0.11 1.1086780 

3 clergy 1.08 1.44 -0.73 1.1235854 
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3 motel owner 0.31 0.31 0.11 1.1305010 

3 governor 0.57 2.20 0.76 1.1458092 

3 optical engineer 1.56 1.25 -0.45 1.1722670 

3 jeweler 0.85 0.65 -0.64 1.2057202 

3 bouncer 0.55 2.30 0.63 1.2363037 

3 usher 1.61 0.83 -0.29 1.2472826 

3 probation officer 0.12 2.09 0.73 1.2824652 

3 broadcast news analyst 0.68 1.33 1.41 1.3291294 

3 tool and die maker 0.80 0.19 -0.15 1.3365166 

3 bulldozer operator 0.44 1.17 1.38 1.3551634 

3 statistician 0.91 0.63 -0.70 1.3589606 

3 bank teller 1.27 0.57 -0.52 1.3755955 

3 computer security 

specialist 

1.57 1.45 -0.59 1.4395248 

3 legislator -0.07 2.18 0.31 1.4932028 

3 plumber 1.51 0.39 -0.11 1.4983138 

3 senator 0.00 2.12 0.81 1.5781065 

3 customer systems 

analyst 

0.90 0.33 -0.60 1.6471927 

3 creditor -0.45 1.63 0.63 1.6904423 
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3 transportation ticket 

agent 

0.40 0.01 0.26 1.7035450 

3 web developer 1.21 1.22 -0.96 1.7098386 

3 state trooper 0.33 2.23 1.08 1.7654010 

3 coroner 0.64 0.69 -0.95 1.8114120 

3 attorney general 0.94 2.54 0.73 1.8739597 

3 stenographer 0.74 0.06 -0.40 1.8985404 

3 divorce lawyer -0.33 1.96 0.81 1.9308909 

3 tv repairman 0.96 -0.04 -0.21 1.9825065 

3 auditor -0.33 1.54 -0.61 1.9827771 

3 judge 1.15 2.53 -0.22 1.9857679 

3 telephone installer 0.93 -0.11 0.04 1.9858670 

3 defense attorney 0.86 2.05 1.44 2.0145028 

3 referee 0.71 2.06 1.45 2.0413716 

3 district attorney 0.80 2.38 1.16 2.0461294 

3 bookie -0.62 0.85 0.08 2.0666936 

3 stockbroker 0.27 1.82 1.51 2.0885900 

3 warden -0.18 2.25 0.84 2.1500257 

3 policeman 0.91 2.29 1.30 2.1503624 
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3 chief operations 

officer 

0.83 2.45 1.15 2.1929487 

3 shoe repairman 1.49 0.15 -0.45 2.3152019 

3 private eye 0.35 1.47 -1.21 2.3571578 

3 tailor 1.25 0.09 -0.60 2.3878927 

3 chemist 1.82 1.88 -0.68 2.4169331 

3 pawnbroker -0.39 0.42 0.95 2.4808872 

3 clerical worker 1.11 -0.09 -0.47 2.5157083 

3 board director 1.04 2.59 1.09 2.5205606 

3 film star 0.48 1.77 1.76 2.5686386 

3 geologist 1.34 0.49 -1.01 2.5774780 

3 interrogator -0.40 2.05 1.09 2.6046156 

3 advertising executive 0.13 2.13 1.51 2.6782441 

3 author 1.45 1.88 -1.13 2.8059221 

3 casual laborer 0.77 -0.42 -0.05 2.9507221 

3 watchman 1.50 1.40 -1.28 2.9628340 

3 clerk 0.98 -0.40 -0.09 2.9653395 

3 manager 1.15 2.61 1.29 3.0230001 

3 funeral director 0.80 0.57 -1.36 3.1180845 
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3 ticket taker 0.36 -0.47 0.09 3.2009533 

3 prosecutor 0.15 2.53 1.46 3.3802487 

3 prosecuting attorney 0.17 2.28 1.77 3.6288689 

3 executive 0.82 2.73 1.50 3.6761028 

3 chairman of the board 1.05 3.04 0.96 3.7189762 

3 bill collector -1.07 1.63 1.02 3.9947661 

3 bookkeeper 1.35 0.04 -1.44 4.7708478 

3 file clerk 0.58 -0.67 -1.05 5.5046927 

4 fundraiser 2.55 2.18 1.40 0.9562544 

4 elementary school 

teacher 

2.66 1.81 0.71 1.2295083 

4 nurse 2.84 1.75 0.53 1.7863083 

4 comedian 1.94 1.19 2.88 2.1426391 

4 medic 2.78 2.62 1.86 2.3228929 

4 pediatrician 3.01 2.52 0.53 3.1984160 

4 doctor 2.69 2.94 0.37 3.9942929 

4 street musician 1.23 -0.45 1.71 4.1159160 

4 cheerleader 1.05 0.24 2.93 4.4085083 

4 firefighter 3.27 2.85 2.29 4.5584083 
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4 surgeon 2.92 3.05 -0.33 6.7337852 

4 street preacher -0.36 -0.40 2.06 8.9298160 

4 telemarketer -1.76 -1.55 1.76 22.5205467 
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Appendix B 

Table 12: Occupational Characteristic Emotions 

occupational identity Fund. E P A 

Char. (m) 

E P  A 

Char. (f) 

E P A 

Accountant 1.03 1.16 -0.48 1.53 1.81 0.160 1.53 2.09 0.16 

Actor 0.82 1.36 1.68 2.00 1.93 1.720 2.00 1.69 1.72 

Architect 1.52 1.70 -0.28 1.83 2.48 0.300 1.83 2.76 0.30 

Artist 1.74 0.92 -0.33 1.92 1.55 0.260 1.92 1.67 0.26 

Assembly Line Worker 0.77 -1.02 0.76 1.72 -0.81 1.060 1.72 -1.36 1.06 

Auctioneer 0.76 1.19 3.03 2.36 1.62 2.710 2.36 1.04 2.71 

Auto Mechanic 1.15 0.58 0.55 1.60 1.06 0.890 1.86 0.91 0.89 

Baby Sitter 2.12 1.36 0.36 2.21 1.91 0.700 2.21 1.99 0.70 

Bank Manager 1.11 1.81 0.27 1.77 2.56 0.690 1.77 2.74 0.69 

Bank Teller 1.27 0.57 -0.52 1.65 1.18 0.140 1.65 1.26 0.14 

Bellhop 1.20 -0.82 0.95 1.98 -0.66 1.170 1.98 -1.21 1.17 

Bill Collector -1.07 1.63 1.02 0.20 2.68 1.270 0.20 2.64 1.27 

Biologist 1.83 1.45 -0.11 2.00 2.14 0.410 2.00 2.33 0.41 

Bulldozer Operator 0.44 1.17 1.38 1.72 1.82 1.540 1.72 1.59 1.54 
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Bus Driver 1.31 0.17 0.05 1.81 0.62 0.530 1.81 0.50 0.53 

Butcher 0.75 0.77 0.67 1.68 1.33 0.990 1.68 1.19 0.99 

Cabinet Maker 1.10 0.71 0.28 1.76 1.25 0.700 1.76 1.19 0.70 

Carpenter 1.25 0.65 0.86 1.98 1.09 1.100 1.98 0.89 1.10 

Cashier 0.65 -0.73 0.42 1.55 -0.42 0.820 1.55 -0.83 0.82 

Cement Worker 0.79 0.27 0.92 1.78 0.71 1.170 1.78 0.40 1.17 

Chambermaid 0.50 -1.52 -0.84 1.08 -1.26 -0.11 1.08 -1.56 -0.11 

Chemist 1.82 1.88 -0.68 1.88 2.76 0.020 1.88 3.16 0.02 

Civil Engineer 1.70 1.55 -0.02 1.97 2.25 0.470 1.97 2.44 0.47 

Civil Servant 1.18 -0.17 -0.54 1.60 0.31 0.120 1.60 0.23 0.12 

Clergy 1.08 1.44 -0.73 1.49 2.24 -0.01 1.49 2.56 -0.01 

Clerical Worker 1.11 -0.09 -0.47 1.58 0.39 0.170 1.58 0.32 0.17 

Clerk 0.98 -0.40 -0.09 1.60 -0.01 0.440 1.60 -0.24 0.44 

Computer Programmer 1.51 1.46 0.01 1.89 2.15 0.500 1.89 2.31 0.50 

Computer Support Specialist 1.33 0.82 -0.02 1.80 1.40 0.480 1.80 1.43 0.48 

Construction Laborer 1.33 0.68 1.59 2.19 1.01 1.600 2.19 0.65 1.60 

Cook 2.24 1.69 1.58 2.49 2.02 1.490 2.49 1.92 1.49 

Craftsman 1.59 1.07 -0.31 1.86 1.73 0.280 1.86 1.88 0.28 

Crane Operator 0.94 1.23 0.29 1.68 1.89 0.710 1.68 1.93 0.71 
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Custodian 1.54 -0.82 -0.93 1.69 -0.41 -0.150 1.69 -0.54 -0.15 

Decorator 1.70 0.81 0.84 2.16 1.21 1.050 2.16 1.06 1.05 

Dentist 1.62 1.51 0.08 1.96 2.19 0.540 1.96 2.35 0.54 

Detective 1.65 1.93 -0.80 1.77 2.84 -0.060 1.77 3.28 -0.06 

Doctor 2.69 2.94 0.37 2.39 3.74 0.680 2.39 4.17 0.68 

Electrical Engineer 1.71 1.61 0.28 2.04 2.26 0.670 2.04 2.40 0.67 

Electrical Linesman 1.01 0.64 0.34 1.73 1.17 0.750 1.73 1.08 0.75 

Electrician 1.26 0.43 -0.11 1.75 0.96 0.420 1.75 0.92 0.42 

Elementary School Teacher 2.66 1.81 0.71 2.44 2.31 0.890 2.44 2.43 0.89 

Engineer 1.75 1.94 0.30 2.06 2.65 0.690 2.06 2.86 0.69 

Executive 0.82 2.73 1.50 1.95 3.57 1.590 1.95 3.67 1.59 

Farm Laborer 1.47 -0.01 -0.20 1.83 0.44 0.350 1.83 0.32 0.35 

File Clerk 0.58 -0.67 -1.05 1.08 -0.24 -0.260 1.08 -0.30 -0.26 

Fire Investigator 1.95 1.66 0.43 2.16 2.27 0.760 2.16 2.40 0.76 

Firefighter 3.27 2.85 2.29 2.85 2.99 1.810 2.85 3.05 1.81 

Flight Attendant 1.51 0.44 0.31 1.96 0.89 0.700 1.96 0.76 0.70 

Garbage Collector 1.25 -0.49 0.42 1.87 -0.21 0.790 1.87 -0.56 0.79 

Hairdresser 1.56 -0.01 1.01 2.14 0.23 1.180 2.14 -0.14 1.18 

Handyman 1.76 1.04 0.46 2.10 1.55 0.079 2.10 1.53 0.79 
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Housekeeper 1.40 -0.74 -0.53 1.71 -0.38 0.130 1.71 -0.58 0.13 

Inspector 0.57 1.54 -0.67 1.18 2.36 0.020 1.18 2.69 0.02 

Insurance Agent 0.52 0.68 0.24 1.42 1.28 0.690 1.42 1.22 0.69 

Janitor 1.45 -0.87 -0.94 1.64 -0.47 -0.150 1.64 -0.61 -0.15 

Journalist 0.85 1.55 1.02 1.83 2.21 1.240 1.83 2.16 1.24 

Laborer 1.02 -0.11 0.32 1.73 0.28 0.730 1.73 0.03 0.73 

Landscaper 1.29 0.15 0.28 1.86 0.57 0.690 1.86 0.39 0.69 

Lawyer 0.83 2.63 1.75 2.03 3.42 1.770 2.03 3.45 1.77 

Legislator -0.07 2.18 0.31 1.00 3.13 0.740 1.00 3.37 0.74 

Librarian 1.83 -0.28 -2.06 1.58 0.46 -0.900 1.58 0.68 -0.90 

Library Assistant 1.78 -0.06 -2.02 1.57 0.70 -0.880 1.57 0.97 -0.88 

Machine Operator 0.94 0.29 1.10 1.90 0.69 1.290 1.90 0.35 1.29 

Machine Operator In A Factory 0.94 0.29 1.10 1.90 0.69 1.290 1.90 0.35 1.29 

Machine Repairer 1.36 1.02 0.68 1.99 1.54 0.970 1.99 1.46 0.97 

Mail Carrier 1.93 0.02 -0.44 1.97 0.50 0.180 1.97 0.45 0.18 

Manager 1.15 2.61 1.29 2.05 3.38 1.410 2.05 3.51 1.41 

Manager Of Branch Store 1.23 1.42 1.25 2.07 1.95 1.370 2.07 1.83 1.37 

Mechanical Engineer 1.63 1.69 -0.06 1.93 2.42 0.450 1.93 2.65 0.45 

Musician 1.77 1.25 1.47 2.32 1.61 1.470 2.32 1.42 1.47 



 

 

129 

 

Nurse 2.84 1.75 0.53 2.46 2.27 0.770 2.46 2.41 0.77 

Nursing Assistant 2.32 0.94 0.38 2.28 1.39 0.710 2.28 1.38 0.71 

Nutritionist 2.30 1.20 0.16 2.23 1.75 0.560 2.23 1.84 0.56 

Pharmacist 2.09 1.38 -0.42 2.04 2.11 0.190 2.04 2.35 0.19 

Photographer 1.68 1.20 -0.68 1.81 1.95 0.020 1.81 2.20 0.02 

Physician 2.41 2.35 -0.04 2.23 3.16 0.430 2.23 3.54 0.43 

Physicist 1.60 1.41 -0.43 1.83 2.16 0.190 1.83 2.40 0.19 

Plumber 1.51 0.39 -0.11 1.87 0.90 0.420 1.87 0.85 0.42 

Police Officer 1.05 2.49 1.43 2.04 3.24 1.520 2.04 3.31 1.52 

Professional 1.72 2.23 0.09 2.00 3.03 0.540 2.00 3.35 0.54 

Professor 1.83 2.27 0.24 2.08 3.04 0.640 2.08 3.34 0.64 

Psychologist 1.61 1.44 -0.89 1.73 2.27 -0.120 1.73 2.62 -0.12 

Real Estate Agent 0.79 1.04 1.21 1.86 1.60 1.380 1.86 1.39 1.38 

Receptionist 1.27 -0.16 -0.04 1.77 0.25 0.470 1.77 0.07 0.47 

Salesclerk 0.77 -0.01 1.08 1.81 0.36 1.290 1.81 -0.04 1.29 

Salesperson 0.15 0.39 2.14 1.80 0.94 2.140 1.80 0.36 2.14 

Scientist 1.89 1.84 -0.35 1.98 2.64 0.240 1.98 2.97 0.24 

Secretary 1.59 -0.22 -0.31 1.86 0.20 0.280 1.86 0.07 0.28 

Security Guard 1.38 1.49 -0.11 1.81 2.21 0.420 1.81 2.41 0.42 
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Sewing Machine Operator 1.03 -0.53 -0.07 1.64 -0.17 0.450 1.64 -0.43 0.45 

Sheet Metal Worker 0.91 0.31 1.15 1.90 0.71 1.330 1.90 0.36 1.33 

Ship Captain 1.89 2.54 1.47 2.36 3.12 1.460 2.36 3.22 1.46 

Shop Clerk 1.27 -0.38 0.10 1.80 -0.29 0.570 1.80 -0.29 0.57 

Social Worker 2.12 1.27 -0.10 2.12 1.91 0.400 2.12 2.06 0.40 

Stockbroker 0.27 1.82 1.51 1.66 2.62 1.650 1.66 2.51 1.65 

Supervisor 0.76 1.99 0.73 1.71 2.77 1.040 1.71 2.88 1.04 

Taxi Driver 0.75 -0.34 1.67 1.97 -0.07 1.720 1.97 -0.69 1.72 

Teacher 2.50 2.31 0.32 2.33 3.02 0.660 2.33 3.32 0.66 

Technician 1.67 1.08 0.45 2.06 1.61 0.790 2.06 1.60 0.79 

Telephone Operator 0.40 -0.18 0.57 1.44 0.26 0.930 1.44 -0.07 0.93 

Textile Worker 0.82 -0.68 0.20 1.59 -0.36 0.650 1.59 -0.71 0.65 

Tool And Die Maker 0.80 0.19 -0.15 1.48 0.71 0.400 1.48 0.62 0.40 

Travel Agent 1.43 0.54 0.98 2.09 0.91 1.170 2.09 0.66 1.17 

Typist 0.61 -0.38 1.04 1.71 -0.04 1.270 1.71 -0.52 1.27 

Waitress 1.50 -0.21 1.30 2.19 0.04 1.380 2.19 -0.52 1.38 

Welder 0.92 0.51 0.88 1.83 0.97 1.140 1.83 0.73 1.14 

Wholesaler 0.80 1.08 0.54 1.68 1.70 0.900 1.68 1.66 0.90 
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B.2  Difference between Characteristic Emotions and 

Fundamental Sentiments 

 

 

Figure 9: Difference between Characteristic Emotions and Fundamental 

Sentiments 
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There are outliers in which the characteristic emotion falls further away in EPA 

space while the majority are close in EPA space. The distribution for male characteristic 

emotions involves more outliers but also has a clearer mode of less than one.  

 

B.3  Modeling Choices 

Figure 10 displays the distribution of the emotion variables collected together, in 

the original count format, aggregated across emotion, and then collapsed on the right 

into the binary specification. Clearly, some emotions are less likely to be experienced 

than others. For example, the highly negative emotions such as ashamed, fearful, and 

lonely are left skewed, with high numbers of respondents who reported feeling them on 

zero of the last seven days. On the other hand, some of the more positive but less active 

emotions, such as calm, happy, and contented, are right skewed, with more individuals 

reporting feeling these emotions daily in comparison to other emotions included in this 

survey. The bottom-left image illustrates the uniqueness of this dependent variable 

distribution – for one, the count data is right censored, as no response could exceed the 7 

days of the week. This led to a bimodal distribution with both zero-inflation as well as 

seven-inflation, for emotions which many people either reported feeling never or 

always. This is why the data was re-categorized as binary, as Poisson and Negative 

Binomial models predicted responses well outside of 7 and often over-predicted 

responses in the middle category while under-predicting 0 and 7.  
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Figure 10: Distribution of Emotional DV 

In trying to account for the bimodal, censored count distribution for the 

dependent variable several methods were attempted. Initially, a zero-inflated negative 
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binomial was fit to the model to account for the high number of zeros as well as the 

overdispersion, but upon investigating model fit, the model predicted counts of emotion 

over 7, over-predicted counts between 2 and 5, and under-predicted counts of 7. 

Responding to that issue, I modeled the dependent variable as a: cumulative 

logit with each integer its own factor level, like a Likert scale response variable; 

cumulative logit that was grouped as 0, 1-3, 4-6, and 7; and a fractional logit, where each 

count was divided by 7 to re-scale the response variable to be between 0 and 1. 

The main effect of occ-char-emo-discrepancy is plotted in figure 11, with 95% 

confidence intervals (the estimates were not re-scaled and have different meanings 

across models, this is to show significance, not substantive interpretation). All of the 

estimates are in the same direction as the main results in the paper (negative), but only 

the estimate produced by the negative binomial model is significant. This is notable 

because I think it is important to acknowledge that applying different assumptions to 

the modeling strategy changes how important the distance from emotion is in affecting 

the experience of emotion. It appears that the occ-char-emo-discrepancy is not sensitive 

enough to affect one day differences in emotional experience, but rather distinguishes 

between frequent and infrequent emotional experience. However, even when the effect 

is not significant, it remains in the expected direction. 
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Figure 11: Effect of OCED by model type 

B.4 ISCO-88 to Occupational Identity Crosswalk 

To increase the sample size of individuals used in this analysis, the identity-to-

GSS crosswalk was revised to encompass more identities. After using the crosswalk 

from Freeland and Hoey’s (2018) analysis, 136 occupational codes did not have identity 

match. For the 1996 subsection of the analysis, this resulted in 912 missing cases. 

To match occupational codes with identities from the most recent ACT 

dictionary, 3 general rules were followed: 

Assign the missing occupational identity to a general identity under which the 

specific falls. For example, the occupational codes including specific instances of 



 

136 

managers (e.g. 1221 - 1229) were all assigned the identity of manager. Another example 

is assigning the occupational code 2213, indicating “Agronomists and related 

professionals” the identity of scientist. 

Assign the missing occupational identity to an analagous identity. For example, 

occupational code 4122, indicating Statistical and finance clerks was given the identity of 

accountant. 

If neither 1 or 2 was possible for an occupational code, no identity was assigned. 

The occupations that this applied to were typically very specific and had no reasonable 

analogy within the 303 occupational identities available. 

The newly assigned identities are displayed in table 13, which shows the ISCO-

88 code, the identity assigned to it, the number of individuals falling into this category, 

and the description for the ISCO-88 code used to help assign the identity. 

Lastly, the occupations without any identity are listed in table 14. In total, the 

number of excluded cases based on no identity are now reduced to 53. 

 

Table 13: New Crosswalk Relationships 

ISCO-

88 Identity Number 

MAJOR, SUB-MAJOR, MINOR AND 

UNIT GROUPS 

110 Legislator 4 Legislators and senior officials 

1210 Executive 19 Directors and chief executives 

1220 Manager 28 Production and operations managers 

1221 Manager 15 Production and operations managers 

in agriculture, hunting, forestry and 

fishing 
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1223 Manager 18 Production and operations managers 

in construction 

1225 Manager 37 Production and operations managers 

in restaurants and hotels 

1226 Manager 5 Production and operations managers 

in transport, storage and 

communications 

1227 Manager 35 Production and operations managers 

in business services enterprises 

1229 Manager 21 Production and operations managers 

not elsewhere classified 

1234 Manager 3 Advertising and public relations 

managers 

1235 Manager 11 Supply and distribution managers 

1236 Manager 3 Computing services managers 

1239 Manager 7 Other specialist managers not 

elsewhere classified 

1313 Manager Of 

Branch Store 

15 Managers of small enterprises in 

construction 

1319 Manager Of 

Branch Store 

52 Managers of small enterprises not 

elsewhere classifie 

2110 Physicist 2 Physicists, chemists and related 

professionals 

2144 Engineer 4 Electronics and telecommunications 

engineers 

2147 Engineer 1 Mining engineers, metallurgists and 

related professionals 

2213 Scientist 1 Agronomists and related professionals 

2229 Doctor 2 Health professionals (except nursing) 

not elsewhere classified 

2310 Professor 15 College, university and higher 

education teaching professionals 
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2320 Teacher 36 Secondary education teaching 

professionals 

2332 Elementary School 

Teacher 

13 Pre-primary education teaching 

professionals 

2340 Teacher 9 Special education teaching 

professionals 

2412 Professional 16 Personnel and careers professionals 

2419 Professional 14 Business professionals not elsewhere 

classified 

2440 Scientist 3 Social science and related 

professionals 

2444 Interpreter 2 Philologists, translators and 

interpreters 

2453 Musician 10 Composers, musicians and singers 

3110 Technician 3 Physical and engineering science 

technicians 

3111 Technician 3 Chemical and physical science 

technicians 

3112 Technician 3 Civil engineering technicians 

3118 Technician 4 Draughtspersons 

3121 Computer Support 

Specialist 

8 Computer assistants 

3131 Photographer 4 Photographers and image and sound 

recording equipment operators 

3142 Ship Captain 2 Ships’ deck officers and pilots 

3152 Inspector 21 Safety, health and quality inspectors 

3212 Technician 1 Agronomy and forestry technicians 

3226 Physician 14 Physiotherapists and related associate 

professionals 

3229 Physician 11 Health associate professionals (except 

nursing) not elsewhere classified 

3300 Teacher 17 Teaching associate professionals 
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3340 Teacher 1 Other teaching associate professionals 

3432 Professional 25 Legal and related business associate 

professionals 

3442 Civil Servant 2 Government tax and excise officials 

3443 Civil Servant 3 Government social benefits officials 

3450 Detective 4 Police inspectors and detectives 

4110 Clerk 33 Secretaries and keyboard-operating 

clerks 

4121 Accountant 52 Accounting and book-keeping clerks 

4122 Accountant 6 Statistical and finance clerks 

4221 Travel Agent 4 Travel agency and related clerks 

5111 Flight Attendant 3 Travel attendants and travel stewards 

5133 Nursing Assistant 9 Home-based personal care workers 

5163 Police Officer 6 Prison guards 

5200 Salesperson 2 Models, salespersons and 

demonstrators 

6129 Farmer 3 Animal producers and related 

workers not elsewhere classified 

7141 Construction 

Laborer 

8 Painters and related workers 

7200 Machine Operator 

In A Factory 

38 Metal, machinery and related trades 

workers 

7213 Sheet Metal 

Worker 

4 Sheet-metal workers 

7223 Machine Operator 

In A Factory 

5 Machine-tool setters and setter-

operators 

7232 Auto Mechanic 6 Aircraft engine mechanics and fitters 

7240 Electrician 6 NA 

7324 Craftsman 5 Glass, ceramics and related decorative 

painters 

7341 Craftsman 2 Compositors, typesetters and related 

workers 
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7435 Textile Worker 4 Textile, leather and related pattern-

makers and cutters 

7437 Textile Worker 6 Upholsterers and related workers 

8100 Machine Operator 3 Stationary plant and related operators 

8113 Machine Operator 2 Well drillers and borers and related 

workers 

8123 Machine Operator 1 Metal heat-treating-plant operators 

8141 Machine Operator 3 Wood-processing-plant operators 

8151 Machine Operator 3 Crushing-, grinding- and chemical-

mixing-machinery operators 

8155 Machine Operator 1 Petroleum- and natural-gas-refining-

plant operators 

8161 Machine Operator 1 Power-production plant operators 

8162 Machine Operator 4 Steam-engine and boiler operators 

8200 Machine Operator 35 Machine operators and assemblers 

8221 Machine Operator 3 Pharmaceutical-and toiletry-products 

machine operators 

8224 Machine Operator 2 Photographic-products machine 

operators 

8230 Machine Operator 5 Rubber- and plastic-products machine 

operators 

8231 Machine Operator 1 Rubber-products machine operators 

8232 Machine Operator 7 Plastic-products machine operators 

8251 Machine Operator 9 Printing-machine operators 

8253 Machine Operator 1 Paper-products machine operators 

8261 Machine Operator 7 Fibre-preparing-, spinning- and 

winding-machine operators 

8270 Machine Operator 3 Food and related products machine 

operators 

8282 Assembly Line 

Worker 

16 Electrical-equipment assemblers 
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8290 Machine Operator 9 Other machine operators not 

elsewhere classified 

8310 Railroad Engineer 1 Locomotive engine drivers and related 

workers 

8332 Bulldozer 

Operator 

4 Earth-moving and related plant 

operators 

8333 Crane Operator 2 Crane, hoist and related plant 

operators 

8334 Bulldozer 

Operator 

11 Lifting-truck operators 

9110 Salesperson 4 Street vendors and related workers 

9113 Salesperson 6 Door-to-door and telephone 

salespersons 

9152 Security Guard 4 Doorkeepers, watchpersons and 

related workers 

9160 Garbage Collector 1 Garbage collectors and related 

labourers 

9213 Laborer 2 Fishery, hunting and trapping 

labourers 

9312 Construction 

Laborer 

13 Construction and maintenance 

labourers: roads, dams and similar 

constructions 

 

 

Table 14: OCC codes without identity matches 

ISCO-

88 Identity Number 

MAJOR, SUB-MAJOR, MINOR AND UNIT 

GROUPS 

3133 NA 6 Medical equipment operators 

3434 NA 3 Statistical, mathematical and related associate 

professionals 

4114 NA 10 Calculating-machine operators 

4213 NA 2 Bookmakers and croupiers 
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5100 NA 1 NA 

5113 NA 2 Travel guides 

7214 NA 6 Structural-metal preparers and erectors 

7243 NA 5 NA 

7415 NA 2 Food and beverage tasters and graders 

8340 NA 2 Ships’ deck crews and related workers 

9142 NA 8 Vehicle, window and related cleaners 

9153 NA 1 Vending-machine money collectors, meter 

readers and related workers 

9997 NA 5 NA 

 

B.5 Interaction between Highest Degree Attained and Occ-Char-

Emo-Discrepancy 

Figure 12 depicts the finding that there is a positive and significant main effect of 

having less than a high school degree, in comparison to a bachelors’ degree, with the 

slopes for the lines of predicted probabilities for individuals with high school degree 

and less than high school degree flatter than those with more than a high school degree 

(junior college, bachelors, and graduate degree). A noteworthy pattern in Figure 12 is 

that the main distinction comes with attaining more than a high school degree, with 

those with a junior college degree, bachelor’s degree, and graduate degree following a 

very similar trajectory.  
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Figure 12: Depiction of Interaction between highest educational attainment 

and OCED 
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B.6 Supplemental Models 

Table 15: Including Number of Children as a Control for the Model Including the Interaction between Sex and Occ-Char-

Emo-Discrepancy 

  Not Controlling for Children Controlling for Number of Children 

Occ-Char-Emo-Discrepancy 

(OCED) 
-0.29* -0.29* 

  (0.12) (0.12) 

Income (std) -0.09 -0.09 

  (0.05) (0.05) 

Degree (ref. Bachelors)   

       Less than HS 0.40* 0.35 

  (0.20) (0.20) 

       High School -0.04 -0.07 

  (0.13) (0.13) 

       Junior College -0.00 -0.03 

  (0.18) (0.19) 

       Graduate Degree 0.19 0.19 

  (0.17) (0.17) 

Sex (ref. Female)   

       Male -0.18 -0.18 

  (0.10) (0.10) 

       OCED*Male -0.45*** -0.45*** 
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  Not Controlling for Children Controlling for Number of Children 

  (0.12) (0.12) 

Race (ref. White)   

       Black -0.06 -0.08 

  (0.13) (0.13) 

       Other Race -0.16 -0.16 

  (0.20) (0.20) 

Age (ref. 20-39)   

       30-44 -0.12 -0.17 

  (0.12) (0.12) 

       45-64 -0.13 -0.21 

  (0.13) (0.14) 

Occ Prestige -0.03 -0.04 

  (0.06) (0.06) 

Children (ref. None)   

       1-2 Children   0.11 

    (0.11) 

       3+ Children   0.18 

    (0.14) 

AIC 10457.92 10460.14 

Log Likelihood -5196.96 -5196.07 

Num. obs. 11491 11491 

Num. groups: id 720 720 

Var: id (Intercept) 1.01 1.01 
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  Not Controlling for Children Controlling for Number of Children 

Var: id dist_emotion 1.46 1.46 
***p < 0.001; **p < 0.01; *p < 0.05 

Note: Data is from the GSS 1996 wave and the sample is  
individuals aged 18-64 who worked full-time in the prior year   

 

Table 16: Analyses on subset of Good, Powerful Emotions 

  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 

Occ-Char-Emo-Discrepancy (OCED) 0.10 0.13 0.14 0.08 0.09 0.05 0.10 

  (0.07) (0.08) (0.13) (0.09) (0.09) (0.12) (0.08) 

Income (std) -0.02 -0.01 -0.02 -0.03 -0.02 -0.02 -0.02 

  (0.08) (0.08) (0.08) (0.08) (0.08) (0.08) (0.08) 

OCED*Income   0.06           

    (0.05)           

Degree (ref. Bachelors)        

       Less than HS -0.03 0.01 0.01 0.01 -0.05 0.02 0.01 

  (0.31) (0.33) (0.33) (0.33) (0.33) (0.33) (0.33) 

       High School -0.42* -0.41* -0.41* -0.41* -0.42* -0.41* -0.40* 

  (0.18) (0.20) (0.20) (0.20) (0.20) (0.20) (0.20) 

       Junior College -0.01 0.00 0.01 0.01 -0.00 0.01 0.01 

  (0.28) (0.29) (0.29) (0.29) (0.29) (0.29) (0.29) 

       Graduate Degree 0.16 0.17 0.08 0.17 0.17 0.18 0.16 



 

 

147 

 

  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 

  (0.26) (0.26) (0.27) (0.26) (0.26) (0.26) (0.26) 

       OCED*Less than HS     -0.14         

      (0.20)         

       OCED*HS     0.02         

      (0.12)         

       OCED*Junior College     0.02         

      (0.19)         

       OCED*Graduate Degree     -0.23         

      (0.18)         

        

Sex (ref. Female)        

       Male 0.41** 0.40** 0.40** 0.41** 0.38** 0.40** 0.40** 

  (0.14) (0.14) (0.14) (0.14) (0.14) (0.14) (0.14) 

       OED*Male       0.09 0.08     

        (0.10) (0.10)     

Race (ref. White)         

       Black 0.15 0.09 0.09 0.08 0.04 0.09 0.09 

  (0.20) (0.21) (0.21) (0.21) (0.21) (0.21) (0.21) 

       Other Race 0.37 0.34 0.34 0.35 0.35 0.35 0.34 

  (0.32) (0.32) (0.32) (0.32) (0.32) (0.32) (0.32) 

Age (ref. 20-29)        

       30-44 -0.12 -0.12 -0.12 -0.12 -0.16 -0.11 -0.12 
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  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 

  (0.18) (0.19) (0.19) (0.19) (0.19) (0.19) (0.19) 

       45-64 0.08 0.08 0.08 0.08 -0.02 0.08 0.09 

  (0.20) (0.20) (0.20) (0.20) (0.22) (0.20) (0.20) 

        

       OCED*30-44           0.11   

            (0.12)   

       OCED*45-64           0.07   

            (0.13)   

Children (ref. None)        

       1-2 Children         -0.10     

          (0.17)     

       3+ Children         0.34     

          (0.22)     

Occ Prestige   0.01 0.01 0.01 0.01 0.01 -0.00 

    (0.09) (0.09) (0.09) (0.09) (0.09) (0.09) 

OCED*Prestige             -0.07 

              (0.05) 

AIC 4740.43 4745.38 4749.76 4745.86 4744.25 4747.85 4744.66 

Log Likelihood -2352.21 -2350.69 -2349.88 -2350.93 -2348.13 -2350.92 -2350.33 

Num. obs. 4308 4308 4308 4308 4308 4308 4308 

Num. groups: id 720 720 720 720 720 720 720 

Var: id (Intercept) 2.22 2.26 2.25 2.26 2.23 2.26 2.25 
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  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 

Var: id dist_emotion   0.06 0.04 0.07 0.06 0.06 0.04 
***p < 0.001; **p < 0.01; *p < 0.05 

Note: Data is from the GSS 1996 wave and the sample is  

individuals aged 18-64 who worked full-time in the prior year   

 

 

 

 

 

 

 

 

Table 17: Analyses on subset of Bad, Weak Emotions 

  

  Model 1 Model 2 
Model 

3 
Model 4 Model 5 Model 6 Model 7 

Occ-Char-Emo-Discrepancy 

(OCED) 
-0.03 -0.27 -0.53* -0.26 -0.23 -0.47* -0.27 

  (0.11) (0.15) (0.23) (0.16) (0.16) (0.21) (0.15) 

Income (std) -0.29** -0.31** -0.31** -0.31** -0.33*** -0.32** -0.31** 

  (0.09) (0.10) (0.10) (0.10) (0.10) (0.10) (0.10) 



 

 

150 

 

  

  Model 1 Model 2 
Model 

3 
Model 4 Model 5 Model 6 Model 7 

OCED*Income   0.04           

    (0.08)           

Degree (ref. Bachelors)        

       Less than HS 1.13** 1.21** 1.26** 1.21** 1.10** 1.20** 1.22** 

  (0.35) (0.38) (0.40) (0.38) (0.38) (0.38) (0.38) 

       High School 0.55* 0.59* 0.65* 0.59* 0.45 0.58* 0.59* 

  (0.22) (0.25) (0.25) (0.25) (0.25) (0.25) (0.25) 

       Junior College 0.26 0.27 0.35 0.27 0.16 0.27 0.27 

  (0.34) (0.36) (0.37) (0.36) (0.36) (0.36) (0.36) 

       Graduate Degree 0.46 0.43 0.46 0.43 0.43 0.42 0.43 

  (0.31) (0.34) (0.35) (0.34) (0.34) (0.34) (0.34) 

       OCED*Less than HS     0.24         

      (0.33)         

       OCED*HS     0.28         

      (0.21)         

       OCED*Junior College     0.36         

      (0.32)         

       OCED*Graduate Degree     0.49         

      (0.29)         

Sex (ref. Female)        
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  Model 1 Model 2 
Model 

3 
Model 4 Model 5 Model 6 Model 7 

       Male -0.58*** -0.62*** -0.62*** -0.63*** -0.57** -0.62*** -0.61*** 

  (0.16) (0.17) (0.17) (0.18) (0.18) (0.17) (0.17) 

       OCED*Male       -0.03 -0.05     

        (0.15) (0.15)     

Race (ref. White)         

       Black -0.41 -0.49 -0.48 -0.49* -0.51* -0.48 -0.49* 

  (0.23) (0.25) (0.25) (0.25) (0.25) (0.25) (0.25) 

       Other Race -0.81* -0.94* -0.95* -0.94* -0.95* -0.96* -0.94* 

  (0.39) (0.41) (0.41) (0.41) (0.41) (0.41) (0.41) 

Age (ref. 20-29)        

       30-44 -0.00 -0.02 -0.03 -0.02 -0.15 0.08 -0.02 

  (0.21) (0.22) (0.22) (0.22) (0.23) (0.23) (0.22) 

       45-64 -0.35 -0.41 -0.42 -0.41 -0.58* -0.31 -0.40 

  (0.23) (0.24) (0.24) (0.24) (0.27) (0.26) (0.24) 

       OCED*30-44           0.26   

            (0.19)   

       OCED*45-64           0.23   

            (0.21)   

Children (ref. None)        

       1-2 Children         0.61**     
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  Model 1 Model 2 
Model 

3 
Model 4 Model 5 Model 6 Model 7 

          (0.21)     

       3+ Children         0.21     

          (0.27)     

Occ Prestige   0.05 0.05 0.05 0.03 0.05 0.06 

    (0.12) (0.12) (0.12) (0.12) (0.12) (0.12) 

OCED*Prestige             0.03 

              (0.08) 

AIC 3838.15 3809.85 3812.75 3810.03 3804.37 3810.18 3809.91 

Log Likelihood -1900.07 
-

1881.93 

-

1880.38 
-1882.01 -1877.19 -1881.09 -1881.96 

Num. obs. 5025 5025 5025 5025 5025 5025 5025 

Num. groups: id 720 720 720 720 720 720 720 

Var: id (Intercept) 2.57 2.80 2.82 2.81 2.77 2.80 2.80 

Var: id dist_emotion   0.94 0.96 0.96 0.93 0.92 0.93 
***p < 0.001; **p < 0.01; *p < 0.05 

Note: Data is from the GSS 1996 wave and the sample is  

individuals aged 18-64 who worked full-time in the prior year   
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Table 18: Analyses on subset of Bad, Powerful Emotions 

  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 

Occ-Char-Emo-Discrepancy (OCED) 0.02 -0.63 -0.97 -0.48 -0.47 -0.25 -0.59 

  (0.24) (0.44) (0.67) (0.49) (0.49) (0.62) (0.43) 

Income (std) 0.03 0.05 0.04 0.05 0.05 0.07 0.04 

  (0.29) (0.31) (0.30) (0.30) (0.30) (0.30) (0.30) 

OCED*Income   -0.29           

    (0.29)           

Degree (ref. Bachelors)        

       Less than HS 0.87 0.69 0.79 0.64 0.69 0.65 0.61 

  (1.10) (1.15) (1.28) (1.15) (1.17) (1.15) (1.15) 

       High School 0.22 0.00 0.11 0.02 0.03 0.06 -0.01 

  (0.70) (0.76) (0.75) (0.76) (0.78) (0.76) (0.76) 

       Junior College -0.12 -0.14 -0.23 -0.02 -0.01 -0.10 -0.11 

  (1.10) (1.12) (1.24) (1.11) (1.12) (1.12) (1.12) 

       Graduate Degree -0.15 -0.11 0.08 -0.16 -0.17 -0.08 -0.12 

  (1.03) (1.11) (1.15) (1.10) (1.10) (1.11) (1.11) 

       OCED*Less than HS     0.60         

      (1.28)         

       OCED*HS     0.70         

      (0.68)         

       OCED*Junior College     -0.35         
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  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 

      (1.26)         

       OCED*Graduate Degree     -0.34         

      (1.09)         

Sex (ref. Female)        

       Male 0.01 0.05 0.09 0.00 0.03 0.07 0.06 

  (0.53) (0.54) (0.54) (0.55) (0.56) (0.54) (0.54) 

       OCED*Male       -0.32 -0.34     

        (0.51) (0.52)     

Race (ref. White)         

       Black -0.04 -0.05 -0.05 -0.06 -0.03 -0.07 -0.04 

  (0.74) (0.75) (0.75) (0.75) (0.75) (0.75) (0.75) 

       Other Race -0.71 -0.76 -0.84 -0.75 -0.76 -0.68 -0.74 

  (1.35) (1.36) (1.36) (1.37) (1.36) (1.37) (1.37) 

Age (ref. 20-29)        

       30-44 -0.14 -0.11 -0.16 -0.08 -0.06 -0.21 -0.11 

  (0.66) (0.68) (0.68) (0.68) (0.71) (0.68) (0.68) 

       45-64 -0.51 -0.39 -0.51 -0.38 -0.31 -0.53 -0.41 

  (0.75) (0.76) (0.77) (0.76) (0.84) (0.78) (0.77) 

       OCED*30-44           -0.38   

            (0.62)   

       OCED*45-64           -0.61   

            (0.70)   
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  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 

Children (ref. None)         

       1-2 Children         0.09     

          (0.66)     

       3+ Children         -0.27     

          (0.86)     

Occ Prestige   0.01 0.04 0.02 0.02 -0.00 0.01 

    (0.36) (0.36) (0.36) (0.36) (0.36) (0.36) 

OCED*Prestige             -0.17 

              (0.29) 

AIC 1236.41 1240.29 1244.75 1240.96 1244.73 1242.59 1240.97 

Log Likelihood -603.21 -601.15 -600.38 -601.48 -601.36 -601.29 -601.49 

Num. obs. 2158 2158 2158 2158 2158 2158 2158 

Num. groups: id 720 720 720 720 720 720 720 

Var: id (Intercept) 100.26 110.76 109.38 110.01 109.52 111.06 111.02 

Var: id dist_emotion   11.03 8.47 8.95 8.59 9.87 11.91 

***p < 0.001; **p < 0.01; *p < 0.05 

Note: Data is from the GSS 1996 wave and the sample is  
individuals aged 18-64 who worked full-time in the prior year
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