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Abstract 
 

Cultural transmission processes are not well understood within the field of sociology. 

Popular models both in cultural and network sociology tend to conceptualize 

transmission as simple replication, with limited research devoted to examining what 

systematic changes information tends to undergo as it is transmitted. By contrast, 

empirical cultural transmission research in psychology shows that information tends to 

be altered to become more consistent with cultural biases as it is shared. Understanding 

this consistency bias is important for understanding how cultures are reproduced, 

because biased transmission increases individuals’ likelihood of receiving information 

that reaffirms cultural biases, while impeding the spread of information that might 

challenge such biases. In this dissertation, I investigate different aspects of schema-

consistency bias and its impact on information transmission in three empirical studies.  

Chapter 2 examines how schema-consistency biases in information transmission 

and social psychological legitimation processes combine to perpetuate negative 

stereotypes about the poor. Results of a serial transmission experiment demonstrate that 

participants used more negative-stereotype consistent material when retelling a story 

about a main character that experiences a negative outcome (financial instability and 

unemployment) compared to a positive one (receiving training and gaining 

employment) following a job loss. These results demonstrate one way systematic errors 
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in information transmission reproduce cultural biases, as individuals draw on negative 

stereotypes to justify misfortunes experienced by disadvantaged others.  

Chapter 3 builds on the work described in Chapter 2, combining insights from 

the cultural cognition, affect control theory, and cultural transmission frameworks in a 

new serial transmission study. While previous serial transmission studies have relied on 

informal stereotype-based measures of cultural schema-consistency, in this study I 

demonstrate that affect control theory’s measure of deflection provides a formal, theory-

based measure of information’s cultural schema-consistency. Further, results show that 

this measure is predictive of the information people share in communication: while 

culturally inconsistent, high-deflection information experiences an initial boost in 

memorability, participants ultimately tend to transform this information to increase its 

consistency with cultural schemas.  

Chapter 4 also focuses on the issue of measuring culture. In this study, I develop 

a new concept-association-based method for collecting schema data from individuals, as 

well as a corresponding conceptual association network measure of cultural schemas, 

using differences between liberal and conservative schemas of poverty in the United 

States as a test case. Study results show that concept network representations of liberal 

and conservative schemas of poverty are characterized by large overlaps, punctuated by 

a few salient differences in terms of associations related to individual (e.g.- laziness, 
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dishonesty) vs structural (e.g.- lacking government safety nets, racism) concepts. I find 

that these partisan differences in poverty schemas, when internalized by individuals, are 

predictive of differences in policy preferences regarding government aid spending. 

Taken together, these studies aim to advance current debates about measuring 

culture and about the cognitive and social psychological mechanisms underpinning 

cultural processes. Specifically, the ultimate goal of this research is to better understand 

information transmission as a mechanism that connects micro-level cognitive and social 

psychological processes to larger scale cultural phenomena. 
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1. Introduction  
 

Cultural transmission processes are not well understood within the field of sociology. 

Popular models both in cultural and network sociology tend to conceptualize 

transmission as simple replication. In network models of transmission, cultural bits are 

transmitted between actors (or not) with some probability (Watts 2004), while in cultural 

sociology individual-level internal culture is often viewed as a reflection of external 

cultural or social structures (Bourdieu 1990; Sewell 1992). Limited research examines 

what systematic changes information tends to undergo as it is transmitted. By contrast, 

empirical cultural transmission research in psychology indicates that information tends 

to be altered to become more culturally consistent as it is shared (Mesoudi and Whiten 

2008; Kashima and Yeung 2010).  

Understanding this consistency bias (and the conditions under which it is 

exacerbated) is important because biased transmission increases individuals’ likelihood 

of receiving information that reaffirms cultural biases. More importantly, this process 

also impedes the spread of information that might challenge such biases. In the three 

chapters that follow, I investigate different aspects of schema-consistency bias and its 

impact on information transmission in three empirical studies. The ultimate goal of this 

research is to better understand information transmission as a mechanism that connects 

cognitive and social-psychological phenomena to larger cultural processes. 
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The study presented in Chapter 2 examines how schema-consistency biases in 

information transmission and social psychological legitimation processes combine to 

perpetuate negative stereotypes about the poor. Legitimacy and justice research 

indicates that individuals may use negative stereotypes to justify low-status others’ 

adversities (Hegtvedt and Johnson 2000). In the study presented in this chapter, I test the 

implications of this prediction for information transmission using an online serial 

transmission experiment. In the experiment, participants read and retold a short 

narrative about a blue-collar worker who loses his job along 4 person communication 

chains. Study results demonstrate that participants used more negative-stereotype 

consistent material to describe the main character when he is ultimately unable to find a 

new job. These results demonstrate one way systematic errors in information 

transmission serve to perpetuate cultural biases: as individuals draw on negative 

stereotypes to justify misfortunes experienced by disadvantaged others.  

The study described in Chapter 3 builds on the work described in Chapter 2, 

combining insights from the cultural cognition, affect control theory, and cultural 

transmission frameworks in a new serial transmission study. Affect control theory 

predicts that individuals act in ways that confirm previously internalized cultural 

meanings of their own and others’ identities to avoid deflection (a sense of strain that 

results when internalized meanings are not confirmed) (Heise 2007). It models this 

process of meaning maintenance mathematically, allowing cultural inconsistency to be 
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quantified. While previous serial transmission studies have relied on informal 

stereotype-based measures of schema-consistency, in this study I demonstrate that 

deflection provides a formal, theory-based measure of information’s cultural schema-

consistency. Results show that culturally inconsistent, high-deflection information 

experiences an initial boost in memorability; however, consistent with previous cultural 

transmission research, participants ultimately tend to transform this information to 

increase its consistency with cultural schemas. The finding that deflection provides a 

reliable operationalization of cultural schema-consistency is also a significant 

contribution to current debates in the discipline about how best to measure culture.  

Chapter 4 also focuses on the issue of measuring culture. Although current 

theory in cultural sociology conceptualizes schemas as set of cognitive associations that 

guide perceptions and motivate action (DiMaggio 1997; Vaisey 2009), in practice 

researchers tend to use proxy measures of schema-consistency gleaned from extant text 

or survey data rather than measuring these associations directly (Vaisey 2009; Martin 

and Desmond 2010; Goldberg 2011). In this study, I develop a new concept-association-

based method for collecting schema data from individuals, as well as a corresponding 

conceptual association network measure of cultural schemas. As a test case for the 

method, I examine differences between liberal and conservative schemas of poverty in 

the United States. Study results show that conceptual network representations of liberal 

and conservative schemas of poverty are characterized by large overlaps, punctuated by 
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a few salient differences in terms of associations related to individual (e.g.- laziness, 

dishonesty) vs structural (e.g.- lacking government safety nets, racism) concepts. 

Additionally, using measures of structural equivalence, my analyses show that similarly 

central concepts in both schemas can be characterized by very different relational 

meanings, highlighting the importance of considering contextual meaning in studies of 

cultural schemas.  
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2. Making Sense of Misfortune: Cultural Schemas, 
Victim Redefinition, and the Perpetuation of Stereotypes 

 

One of the most striking features of stereotypes is their extreme durability. Research has 

found that negative stereotypes are particularly insidious due to their ability to 

reproduce the inequalities they reflect (Ridgeway and Balkwell 1997; Kashima and 

Yeung 2010; Ridgeway 2011). This study focuses on the role played by cultural schemas 

(DiMaggio 1997) and third-person perceptions of adversity in the reproduction of 

negative stereotypes. Specifically, I examine whether individuals, in an effort to deal 

with the cognitive dissonance produced by observations of undeserved misfortune 

(Lerner and Miller 1978), use negative cultural stereotypes to cognitively justify 

adversities by redefining the victim. 

Research in social psychology on legitimacy and justice has found that 

individuals often equate what is with what is right (Cook 1975; Ridgeway and Berger 

1986; Ridgeway 2000; Johnson, Dowd and Ridgeway 2006). This literature suggests that 

negative attributions and stereotypes act as one tool that individuals use to make sense 

of others’ undeserved misfortunes, in order to maintain a belief in the justness and 

legitimacy of the current social order (Hegtvedt and Johnson 2000; Jost, Banaji, and 

Nosek 2004; Hafer and Bègue 2005). 

Insufficient attention has been paid, however, to the cultural and cognitive 

processes involved in these justifications (Cook and Hegtvedt 1983; Hegtvedt, Clay-
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Warner, and Johnson 2003). I propose that these issues can be elaborated with insights 

from cognitive cultural sociology’s work on schemas (DiMaggio 1997; Lizardo and 

Strand 2010). Schemas—defined as mental “representations of knowledge and 

information processing mechanisms…which entail images of objects and the relations 

among them” (DiMaggio 1997:269)—govern the automatic cognitive and affective 

judgments that facilitate everyday actions and decision-making (Bargh and Williams 

2006; Vaisey 2009). Stereotypes can be seen as a type of schema, grounded in 

associations learned through experience (Strauss and Quinn 1997).  

Here, I connect these insights from work on legitimacy and justice in social 

psychology and work on schemas in cognitive cultural sociology to examine one 

mechanism through which social inequalities may be inadvertently reproduced. 

Specifically, I propose that negative-stereotype-based schemas provide a readily 

available resource to justify low-status others’ adversities in the victim redefinition 

process. Concretely, in the context of communication, this leads to the perpetuation of 

negative stereotypes.  

I test this proposition using a cultural transmission experiment—an experiment 

in which short narratives are shared along communication chains (similar to a children’s 

game of “telephone.”). Consistent with this reasoning, I find that individuals use more 

negative stereotype-consistent content when retelling narratives with undeserved 

negative outcomes than they do when retelling narratives with positive outcomes. I 
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conclude with a discussion of the role played by cultural schemas and perceptions of 

misfortune in the perpetuation of negative stereotypes.  

2.1 Theory and Background 

2.1.1 Victim Redefinition Processes—Understanding Responses to 
Others’ Adversity 

In traditional distributive justice theory, individuals judge an outcome’s justness by 

comparing relative inputs contributed to outputs or outcomes received by those 

involved. When inputs are disproportionate to outcomes, the theory predicts that actors 

are driven by a sense of cognitive dissonance to act to restore a sense of justice (Adams 

1962; 1963; Homans 1974; Hegtvedt 2006; Hegtvedt and Scheuerman 2010). Pervasive 

social inequalities, however, suggest that individuals rarely react with the sort of actions 

that the theory predicts. This is perhaps because third parties are both least motivated 

and least able to take action (Walster, Walster, and Berscheid 1978). Observers may be 

more likely to use cognitive rather than behavioral responses when confronted with 

others’ adversity. In what follows, I briefly describe three literatures that have examined 

victim redefinition processes, one form of cognitive response to others’ misfortunes. 

Research within the distributive justice tradition by Hegtvedt and Johnson (2000; 

Hegtvedt et al. 2003) draws connections between work on legitimation process (e.g., 

Ridgeway and Berger 1986; Berger et al. 1998), Fiske and Taylor’s (1991) work on social 

perceptions, and Adams’ hypotheses regarding the role of psychological distortion in 

justice judgments (Adams 1963; 1965). The authors propose that to justify observed 



 

8 

injustice, individuals may apply attributions about an actor’s social status to redefine the 

value of the actor’s contributions or the proximate causes of his or her unwarranted 

outcome. Hegtvedt and Johnson contend that this is most likely when inequitable 

distributions of outcomes are socially legitimized, making a behavioral response socially 

impossible or undesirable (Hegtvedt and Johnson 2000; Hegtvedt et al. 2003; Hegtvedt 

2005). Empirical work in this vein, however, has focused primarily on the role of the 

collective processes (legitimation, shared group identity, affective group ties) in shaping 

reactions to observed injustice (Hegtvedt, Johnson, and Ganem 2008; Hegtvedt and 

Johnson 2009; Hegtvedt et al. 2009). This leaves the roles played by cognitive cultural 

processes relatively unexplored.  

While Hegtvedt and Johnson’s work explores the victim redefinition process in 

the context of justice judgments, evidence from two theories outside the distributive 

justice paradigm indicates that victim redefinition can also be a response to more 

general perceptions of inequality and adversity. Both System Justification Theory (Jost 

and Banaji 1994; Jost et al. 2004) and Belief in a Just World Theory (Lerner and Miller 

1978; Hafer and Bégue 2005) emphasize that individuals are motivated to justify 

observed misfortunes to maintain a belief in the legitimacy of their social system. In each 

case, this is done in order to avoid the mental distress associated with the threat of 

uncertainty posed by an illegitimate, unjust system (Lerner and Miller 1978; Jost and 

Hunyady 2002). This research suggests that stereotypes may allow individuals to 
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rationalize seemingly inescapable group-level inequalities by providing an explanation 

for “the poverty and powerlessness of some groups and the success of others in ways 

that make these differences seem legitimate and even natural,” (Jost and Banaji 1994:10; 

Kay and Jost 2003; Jost et al. 2004).  

Although this work, and that of Hegtvedt and Johnson, has established that 

individuals participate in victim redefinition, less work has been undertaken to 

understand how victim redefinition processes are linked to the use and perpetuation of 

stereotypes. With this study I address this question, drawing on insights from cognitive 

cultural sociology to better understand the role of victim redefinition in the perpetuation 

of stereotypes. 

2.1.2 Legitimation and Victim Redefinition: Insights from Cultural 
Sociology  

The above work points to legitimation processes as key to understanding victim 

redefinition—both as inhibitor of behavioral response to injustices (Hegtvedt and 

Johnson 2000) and as motivator of cognitive responses (Lerner and Miller 1978; Jost and 

Banaji 1994). At the basis of these legitimation processes is widely shared cultural 

knowledge (Berger et al. 1974; Ridgeway and Berger 1986; Berger et al. 1998). From this 

shared knowledge individuals derive status-based expectations about what sort of 

behavior they can anticipate from others and what sort of treatment those others should 

receive. The above literature suggests that this may serve as fodder for the victim 

redefinition process. 
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To better understand how such shared cultural knowledge facilitates victim 

redefinition and perpetuates legitimating stereotypes, I turn to recent insights from 

cognitive cultural sociology regarding schemas (Vaisey 2009, 2010; Vaisey and Lizardo 

2010; Lizardo and Strand 2010). Drawing on cognitive anthropology’s connectionist 

models of schemas (D’Andrade 1992, 1995; Strauss and Quinn 1997) in concert with 

Bourdieu’s concept of habitus (1990), this field defines schemas as the “unconscious 

networks of neural associations that facilitate perception, interpretation, and action,” 

(Vaisey 2009: 1686). While schemas may be idiosyncratic to individuals, frequently they 

are shared by members of a social system due to common experiences, and thus may be 

thought of as an important form of shared cultural knowledge. 

Schemas are comprised of networks of concept units connected by weighted 

associations. These weights are developed and adjusted as a result of experience and 

provide a probabilistic guide to interpret experience, shape expectations, and improvise 

appropriate action in response to situational demands (Strauss and Quinn 1997; Lizardo 

and Strand 2010). This occurs as perceiving one component of a schematic network leads 

to the activation of those components that most closely surround it within the network 

(Bargh and Chartrand 1999; Bargh and Williams 2006). For example, perceiving a person 

as a member of a social group—such as the poor—activates other information associated 

with that group (stereotypes, traits, characteristics, attitudes, behaviors), which 

influences the perceiver’s behavior and judgments—for instance, their judgment of 
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whether the perceived individual should be blamed for her misfortune (Ferguson and 

Bargh 2004).  

Schemas are efficient in that they free up immense amounts of cognitive space by 

automatizing recurrent perceptual and evaluative processes and facilitating behavioral 

responses. Efficiency, however, should not be confused with accuracy. Schematic 

associations, once established, tend to be resistant to change (Strauss and Quinn 1997). 

The dual role of schemas in facilitating both perception of and response to stimuli 

becomes problematic when an actor encounters information which is ambiguous, 

incomplete, or incongruent with internalized expectations and associations drawn from 

past experiences (Ferguson and Bargh 2005; Martin 2009; Lizardo and Strand 2010). In 

such situations, the actor is likely to continue to draw interpretive inferences from 

outmoded or otherwise objectively ill-suited schemas, resulting in misjudgments.  

I argue that these schema-based misjudgments are the lens through which victim 

redefinition occurs. Research in the legitimacy and justice tradition has shown that 

individuals are (a) averse to the dissonance produced by observed misfortune (Hafer 

and Bègue 2005), (b) likely to use the least costly means possible to restore a sense of 

justice and reduce dissonance (Adams 1965; Hegtvedt et al. 1993), and (c) prone to use 

stereotypes as one such means to rationalize inequalities and injustices (Kay and Jost 

2003). Given these conditions, I hypothesize that negative-stereotype-based schemas, as 

internalized habits of interpretation, allow individuals to efficiently justify others’ 
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experience of adversity. I propose that this occurs as individuals unconsciously rely on 

negative-stereotype-based schemas to make sense of missing or ambiguous information 

in such a way that justifies others’ misfortunes—particularly when the other is a 

member of a low-status group. 

2.2 The Current Research 

2.2.1 Overview and Hypotheses 

In order to test the proposed link between victim redefinition, schemas, and stereotype 

perpetuation, I use a cultural transmission experiment. In these studies, short narratives 

are passed through chains of 4 to 5 individuals who are asked to read and then to 

reproduce the narratives (similar to a children’s game of “telephone”). Generally, these 

narratives detail the actions of a protagonist who is described as a member of a 

stereotyped group, using a mixture of stereotype-consistent and stereotype-inconsistent 

information. By studying patterns in the information transmitted in these serially 

reproduced narratives, researchers have gained better understanding of the conditions 

under which stereotype-consistent information is perpetuated (Lyons and Kashima 

2003; Clark and Kashima 2007; Kashima and Yeung 2010). The cultural transmission 

literature, however, has yet to examine the connection between stereotype-bias and 

victim redefinition processes. 

The current study employs an experimental design consistent with the 

traditional cultural transmission paradigm, and adds a manipulation of the need to 
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victim redefine through the presence or absence of undeserved misfortune. The study 

narrative centers on a protagonist who is initially described as a member of a 

stereotyped group, in order to evoke relevant stereotypes. I expect that, as with previous 

studies, ambiguity created as narrative material is lost between each link should provide 

ample opportunity for schema-based “filling-in” of information.  

Given findings from cultural transmission research (Mesoudi and Whiten 2008; 

Kashima and Yeung 2010), I expect to find that this “filling-in” will lead individuals in 

both conditions to include more stereotype-consistent than inconsistent information in 

their retold narratives. However, if—as is hypothesized here— individuals are using 

stereotype-consistent information to justify the experience of adversity by low-status 

others, then I expect that individuals who are asked to read and reproduce a narrative in 

which the protagonist is a victim of misfortune will include relatively more stereotype-

consistent information in their reproduced narratives. 

2.2.2 Participants and Setting 

Although studies in the cultural transmission tradition have been conducted primarily 

within a lab setting, Kashima and Yeung argue that the methodology should be 

applicable in any case where narratives “can be reproduced in interpersonally 

transmissible form,” including electronic text (Kashima and Yeung 2010:59). I conducted 

this study using Amazon Mechanical Turk (MTurk), a crowdsourcing website which has 

been increasingly adopted by social scientists as a venue for recruiting participants. The 
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site allows researchers to connect with individuals who are interested in completing 

short research tasks, and tends to capture more demographically diverse samples 

compared to the traditional university-based lab setting (Paolacci et al. 2010; Horton et 

al. 2011). MTurk does not provide a representative sample of any population, however.  

2.2.3 Study Narrative Description and Experimental Conditions 

The protagonist of this study’s narrative is Eric, a 28-year-old textile mill worker faced 

with losing his job. He is described as a blue-collar, lower-class worker, evoking relevant 

stereotypes and schematic associations. Each condition’s narrative included 10 

stereotype-consistent and 10 stereotype-inconsistent statements, spread throughout its 

47 original statements.1 (Appendix 2.A contains the study narrative, with stereotype-

consistent and -inconsistent statements, and statements that differ by condition 

annotated.) 

I randomly assigned each participant to a transmission chain in one of two 

experimental conditions. In one condition, participants read and retold a narrative in 

                                                        

1 I constructed the narrative using the framework of the 6 component parts used 
traditionally in cultural transmission narratives (Kashima and Yeung 2010). These 
include: 1) an introduction (used to initially describe the narrative’s subject and introduce 
the stereotype of interest); 2) an initiating event (the appearance of a problem that 
requires resolution by the narrative’s subject—here Eric’s job loss); 3) an initial or internal 
response (the subject’s first reaction to this); 4) an attempt (the subject’s efforts to resolve 
the problem); 5) some consequences (some ensuing consequences of the attempt); and 6) a 
conclusion (a final resolution and some concluding statements). I balanced stereotype-
consistent and stereotype-inconsistent statements throughout the final five of these 
component parts. I pretested the narratives content with the members of one 
undergraduate and three graduate seminars. 
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which Eric experiences financial adversity following the loss of his job (hereafter, the 

negative outcome condition); participants in the second condition did the same for a 

narrative in which Eric experiences no financial adversity (positive outcome condition). 

Because the conditions share a core narrative, in each case Eric performs the same 

actions in response to his job loss. He considers either applying for job retraining or 

applying for unemployment until he can find another job that will not require 

retraining. He applies for both, and is eventually accepted into a job certification 

program. The only differences between the conditions are: (a) whether or not Eric is 

offered retraining funds, and is thus (b) able (or not able) to attend the retraining 

program and obtain employment. In both cases, Eric is expending the same amount of 

effort but is experiencing different outcomes—either becoming a victim of adversity or 

not. 

2.2.4 Procedure 

Participants were told that they would be given 10 minutes to read though the story 

twice, and would be expected to reproduce it later in the experiment to be read by the 

next participant in their chain. They were prompted to imagine how they might retell 

the story to a friend or acquaintance in conversation. Once the 10 minutes had elapsed, 

participants were redirected to a distractor task in which they were given 5 minutes to 

use a pool of 10 letters to create as many word combinations as possible. I included this 
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distractor task to remove the narrative from the participants’ working memories and 

prevent simple memorization. 

Following the distractor, participants were asked to reproduce the stories they 

read. Participants were reminded that these reproductions would be used for the next 

participant in the chain, and were again encouraged to consider how they might retell 

the story to a friend or acquaintance. Fifteen minutes were allotted for the retelling task. 

Following the retell step, participants completed a brief demographic questionnaire and 

a short debriefing interview (including a manipulation check). I repeated this procedure 

for each of the four participants in each chain; individuals were unaware of their relative 

position in the chain.2 

2.2.5 Key Outcome Variables and Narrative Coding Process 

The primary outcome variables in this study are counts of total, stereotype-consistent, 

and stereotype-inconsistent statements maintained, added, and transmitted 

(#maintained + #added) in participant reproduced narratives. I consider these changes in 

context of the chain, in order to assess the cumulative effects of victim redefinition on 

stereotype perpetuation, as information is lost and ambiguity increased at each link of 

the chain. To measure these changes, each statement of each participant’s reproduced 

                                                        

2	Throughout the experiment, I required participants to complete a number of active participation checks. I 
only include participants who successfully completed these in the final analysis. These checks included 
multiple choice questions which required the participant to read the question fully to answer correctly, 
minimum times for reading and retelling the narrative, and minimum narrative lengths based on pretesting. 
The data from 37 participants were excluded in this way. 
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narrative was coded into one of five categories—maintained, lost, added-stereotype-

consistent, added-stereotype-inconsistent, or added-stereotype-neutral.  

Coding proceeded in two stages. In the first, two independent coders coded each 

statement of each participant’s narrative as maintained, lost or added. Coders were 

blind to the study’s research question and hypotheses. They coded statements as 

maintained if the main idea or gist conveyed by the original statement was present. 

When no content of an original statement was present, they coded the statement as lost. 

They coded novel information included in the narratives as added. After independently 

coding, coders discussed and resolved any discrepancies and disagreements. Prior to 

discussion, the coders were able to achieve an acceptable level of intercoder reliability, 

with a Cronbach’s alpha of .89 and Cohen’s kappa of .81.3 

In the second stage of coding, coders designated statements initially coded as 

added as being either stereotype-consistent, stereotype-inconsistent, or neither. In this 

stage, coders only assigned a statement to a category when they both could agree on a 

code. For this round of coding, I necessarily informed the coders of the study’s focus on 

blue-collar, lower/working class stereotypes. They were still blind, however, to the 

study’s specific hypotheses regarding expected differences between conditions. 

                                                        

3 I used a Cohen’s kappa score as a more conservative measure of reliability, as it accounts for agreement by 
chance between coders, and only “gives credit” for agreement beyond this (Lombard et al. 2002). 
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2.2.6 Analytical Strategy 

I analyzed data using multilevel Poisson models with individuals (level 1) nested within 

chains (level 2) with random effects at the chain level. I selected this model given the 

present study’s multi-level unit of analysis, which violates the single-level Poisson 

model’s independence of observations assumption. The multi-level Poisson model 

relaxes this assumption, allowing for a more accurate estimation of standard errors 

(Luke 2004).  

The primary analyses proceed in two steps. I estimated models for the number of 

statements maintained by type—stereotype-consistent, stereotype-inconsistent, and total. 

After this, I estimated additional models for statements transmitted (# maintained + # 

added) by type. This procedure resulted in six separate models, with one for each 

outcome variable.4 In all models, the outcome variables of interest are counts of 

statements, and the key predictor is experimental condition. Additionally, I include a set 

of dummy variables for link position (with link one omitted as a reference category) to 

account for relative position within the transmission chain. I also include controls for 

gender, race, education, political party, unemployment status, and income, and checked 

for interactions with the experimental manipulation. 

                                                        

4 I present analyses separately for statements maintained and statements transmitted separately due to the fact 
that the added statements were coded in a separate step from maintained statements. 
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2.3 Results 

2.3.1 Participant Description 

Table 2.1: Participant Description 

 

Positive Outcome 
Condition 

Negative Outcome 
Condition Total 

% Female 61% 67%  65% 
% White 77% 79% 78% 
% College Degree 53% 50% 51% 
% Income < 20K 18% 23% 21% 
% Unemployed 17% 10% 13% 
% Republican 13% 20% 17% 
% Democrat 48% 49% 49% 
% Foreign Born 7% 3% 4% 
Mean Age  38 years 37 years 38 years 
 

The final study employs 35 transmission chains of 4 individuals (n = 140). I randomly 

assigned participants to a transmission chain within one of two experimental conditions, 

resulting in 15 chains in the positive outcome condition (n = 60) and 20 chains in the 

negative outcome condition (n = 80). Table 2.1 summarizes participant characteristics by 

condition. All participants were current US residents (indicated by a US mailing address 

on record with MTurk), although 6 were born outside of the US. Demographically, the 

final sample was 65 percent female, 78 percent white, and 51 percent college educated. 

One-fifth of respondents reported household income below $20,000 and 13 percent 

reported being unemployed. Participants ranged in age from 20 to 66 years old, with an 

average age of 38. With regards to political affiliation, the sample on the whole tended to 
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lean Democratic (49 percent vs. 17 percent Republican). Distributions of demographic 

characteristics are largely similar for each condition. 

2.3.2 Manipulation Check 

Table 2.2 presents results from the post-experimental manipulation check. I asked 

participants: “Would you describe the outcome of the story for the main character as just 

or unjust? Why?” in order to determine whether they identified Eric as victimized by 

undeserved adversity. For the purposes of analysis, I quantitatively coded the 

participants’ open-ended responses. Only when a participant specifically stated the 

outcome was only just or unjust did I code their response into either of the respective 

categories. I coded participants who called the story neither just nor unjust, called the 

story both just and unjust, or answered in an otherwise ambiguous manner into the third 

“neither just nor unjust” category.  

While most participants in the positive outcome condition identified their story’s 

outcome as just, participants in the negative outcome condition were divided between 

the three possible categories. Many participants in the negative outcome condition even 

stated that it was Eric’s own fault that he was unable to be retrained and obtain 

employment because he was lazy or lacked motivation. This sort of justification, 

however, is not unexpected given the hypothesized process of victim redefinition. 

Supplementary sensitivity analyses as well as participant responses from the debriefing 
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interview—both of which will be presented below—further illustrate this redefinition 

process and its ramifications for participants’ perceptions of the protagonist. 

Table 2.2: Manipulation Check Results 

  

Positive 
Outcome 
Condition 

Negative 
Outcome 
Condition 

Just 55 29 
  91.67% 36.25% 

Unjust 1 31 
  1.67% 38.75% 

Neither 4 20 
  6.67% 25.00% 

 

2.3.3 Statements Maintained from the Original Narratives 

 

Figure 2.1: Average Proportion of Stereotype Consistent and Stereotype Inconsistent 
Statements Maintained 
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Descriptive statistics for the proportion of stereotype-consistent and stereotype-

inconsistent statements maintained are displayed in Figure 2.1 as average proportions of 

statements maintained by link position and condition. Consistent with the hypothesis of 

this study, participants in the negative outcome condition maintained more stereotype-

consistent statements on average than those in the positive outcome condition. 

Participants did not significantly differ by condition on the proportion of stereotype-

inconsistent statements maintained. 

Table 2.3: Multi-level Poisson Regressions for Statements Maintained by Type 

 
Total 

Stereotype 
Inconsistent 

Stereotype 
Consistent 

Negative Outcome Condition 0.131 0.132 0.411*  
  (0.101) (0.204) (0.182) 

Link 2 –0.470*** –0.629*** –0.588*** 
  (0.058) (0.155) (0.139) 

Link 3 –0.844*** –1.291*** –1.209*** 
  (0.066) (0.197) (0.174) 

Link 4 –1.193*** –2.079*** –1.638*** 
  (0.075) (0.274) (0.207) 

Constant 3.008*** 1.154*** 1.160*** 
  (0.081) (0.169) (0.155) 

n 140 140 140 
Note: Standard Errors are presented in parentheses. 
*p < .05, **p < .01, ***p < .001. 

 

Table 2.3 presents results from Poisson regressions for total number of 

statements maintained, stereotype-consistent statements maintained, and stereotype-

inconsistent statements maintained, controlling for relative position within the 

transmission chain. Results from the models for total number of statements maintained 
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and number of stereotype-inconsistent statements maintained show no significant 

difference by experimental condition, indicating that these are not influenced by the sort 

of outcome experienced by the protagonist.  

In contrast, the number of stereotype-consistent statements maintained is 

significantly impacted by experimental condition. By exponentiating the coefficient for 

negative outcome condition from the model predicting number of stereotype-consistent 

statements maintained, we see—consistent with my hypothesis—that individuals in the 

negative outcome condition maintained 1.5 times as many stereotype-consistent 

statements as those in the positive outcome condition.  

2.3.4 Total Statements Transmitted 

 

Figure 2.2: Average Proportion of Stereotype Consistent and Stereotype Inconsistent 
Statements Transmitted 
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Figure 2.2 presents descriptive statistics for the average proportion of stereotype-

consistent and -inconsistent statements transmitted by link position and condition. 

(Recall that statements transmitted includes maintained plus added statements.) As with 

statements maintained, individuals in the negative outcome condition included more 

stereotype-consistent statements on average compared to individuals in the positive 

outcome condition. 

However, while participants in both conditions maintained similar proportions of 

stereotype-inconsistent statements, participants in the positive outcome condition on 

average transmitted more stereotype-inconsistent statements compared to individuals in 

the negative outcome condition. Analyses not shown here found that this was driven by 

positive outcome condition participants’ propensity to add significantly more 

stereotype-inconsistent statements (1.6 times as many). This would seem to indicate that 

individuals add stereotype-inconsistent material to make sense of positive outcomes, 

much in the same way that they use stereotype-consistent information to make sense of 

negative outcomes.5 As shown below, however, participants of each condition did not 

significantly differ in the total amount of stereotype-inconsistent statements transmitted.  

                                                        

5	In a separate analysis of added statements, I found (as expected) that participants in the negative outcome 
condition add significantly more stereotype consistent statements than those in the positive outcome 
condition (1.5 times as many). 
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Table 2.4 presents results from models for total number of statements 

transmitted, stereotype-consistent statements transmitted, and stereotype-inconsistent 

statements transmitted, controlling for relative position within the transmission chain. 

Table 2.4: Multi-level Poisson Regressions for Statements Transmitted by Type 

  Total 
Stereotype 
Inconsistent 

Stereotype 
Consistent 

Negative Outcome Condition 0.078 –0.173 0.414*** 
  (0.075) (0.109) (0.119) 

Link 2 -–0.328*** –0.303** –0.398*** 
  (0.049) (0.117) (0.110) 

Link 3 –0.586*** -–0.705*** –0.764*** 
  (0.054) (0.133) (0.124) 

Link 4 –0.810*** –0.899*** –0.936*** 
  (0.058) (0.142) (0.132) 

Constant 3.283*** 1.687*** 1.506*** 
  (0.062) (0.100) (0.109) 

n 140 140 140 
Note: Standard Errors are presented in parentheses. 
*p < .05, **p < .01, ***p < .001. 

 

Results for statements transmitted are generally similar to those for total number 

of statements maintained. Consistent with my hypothesis, I find that participants in the 

negative outcome condition tend to include significantly more stereotype-consistent 

statements than those in the positive outcome condition. By exponentiating the 

coefficient for negative outcome condition in the model predicting stereotype-consistent 

statements transmitted, we see that participants who were asked to read and reproduce a 

narrative in which a low-status protagonist is disadvantaged by adversity included 1.5 times as 
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many stereotype-consistent statements in their reproduced narratives as those asked to do the 

same for a narrative in which the same protagonist experienced a positive outcome. 

To illustrate what this difference might mean in practice, Figure 2.3 presents 

predicted counts for stereotype-consistent statements transmitted by condition and link. 

The graph shows that the absolute number of stereotype-consistent statements likely to 

be included in either condition decreases over the course of the transmission chain, as 

information is lost between each link. Even as this information is being lost, however, 

participants in the negative outcome condition are consistently likely to include more 

stereotype-consistent statements than those in the positive outcome condition. 

 

Figure 2.3: Predicted Counts of Stereotype Consistent Statements Transmitted 

I ran a number of additional models to test for interaction of the main effect with 

various social characteristics of the participants for each of the outcome variables. 

Results from these regressions also showed no significant interactions with condition for 
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the maintenance or transmission of stereotype-consistent statements, stereotype-

inconsistent statements, or total narrative length.6 The lack of interaction effects with 

experimental condition in these models, combined with the stability of the experimental 

effect between models, provides strong evidence that participants are including higher 

levels of stereotype-consistent information in response to the low-status protagonists’ 

observed misfortune, in line with the hypothesized process of victim redefinition. It also 

shows that the effects observed are quite general, over very different types of 

participants. 

2.4 Additional Analyses—Unpacking Victim Redefinition 
Processes 

2.4.1 Variation in Manipulation Check Responses in the Negative 
Outcome Condition 

I conducted a number of additional sensitivity analyses in order to explore variation in 

the manipulation check variable within the negative outcome condition. Results from these 

analyses shed light on potential mechanisms involved in the proposed victim 

redefinition process, while also pointing to areas ripe for further research.7 

                                                        

6 I found non-condition specific effects for gender on stereotype-inconsistent statements 
maintained, as well as for gender, income, race, and political party on total number of 
statements maintained. I also found non-condition specific effects for gender, race, and 
income on total number of statements transmitted. 
7	Due to space constraints, I do not present the analyses described in this section here. They are available 
from the author upon request. 
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In the first set of analyses, I explored the relationship between the number of 

stereotype-consistent statements added and participants’ narrative outcome 

assessments, using a multi-level logit model.8 I found that for each stereotype-consistent 

statement added, participants in the negative outcome condition had 1.5 times greater 

the odds (β = .419*) of stating that the narrative’s outcome was “just” (rather than unjust 

or neither just nor unjust). The causal direction of this relationship is unclear—

individuals could be adding stereotype consistent statements to justify Eric’s outcome or 

could believe the outcome is just because they have added more stereotype consistent 

statements. Either case, however, would indicate that individuals are (successfully) 

using stereotype consistent information to redefine Eric as deserving his misfortune. 

A second set of analyses examined the relationship between the participants’ 

outcome assessments and the use of justificatory “Victim-Blame” and “That’s Life” 

explanations in participants’ manipulation check responses.9 I conducted these analyses 

using multi-level logit models regressing explanation type on outcome assessment. 

                                                        

8 Additional analyses found no effects for stereotype consistent or inconsistent statements maintained or 
stereotype inconsistent statements added on participants’ outcome assessments. Further analyses found no 
significant effects for the link 1 participants’ manipulation check response on any of these measures or the 
manipulation check responses of subsequent participants. This, however, should not be taken as absolute 
evidence against the operation of endorsement effects (Hegtvedt and Johnson 2000). While these analyses 
assume the link 1 participants’ assessment of the outcome would be implicitly conveyed in narrative content 
transmitted, an explicit statement of the previous participant’s assessment to the subsequent participant 
may have been more influential. 
9	I coded explanations into the Victim-Blame category if the participant described Eric’s job loss or 
unemployment as being Eric’s own fault (either due to character flaw or failure to take advantage of 
opportunities) and into the That’s Life category if the participant employed explanations for Eric’s outcome 
such as “that’s life,” “life’s like that,” “life’s unfair,” or “things happen.” 
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Consistent with Belief in a Just World Theory research (Hafer and Bègue 2005), 

participants who stated that the outcome experienced by Eric was just were more likely 

to employ victim-blaming justifications (β = 2.48**). Participants who were conflicted 

about the outcome (those that said Eric’s outcome was neither just nor unjust or both 

just and unjust), instead tended to favor that’s just life/life is unfair justifications (β = 

1.93*). 

I conducted a final set of analyses related to variation in the manipulation check 

to discover the demographic features characteristic of participants who did not justify 

Eric’s negative outcome—those who were willing to call the narrative’s outcome unjust. 

Individuals who shared characteristics with the narratives’ subject—men, younger 

participants, and participants without a college education—were significantly more 

likely to state the narrative’s outcome was “unjust.” This indicates that shared group 

identity could be an important moderator of victim redefinition processes. Future 

research is needed to unpack this relationship. 

2.4.2 Post-Experimental Descriptions 

Descriptions of the main character provided by the participants further illustrate the 

trend for increased stereotype bias in the negative outcome condition, and its role in 

victim redefinition processes. As a part of the debriefing process, participants were 
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asked to provide a short description of the story’s main character.10 Despite the fact that 

the only differences between the narratives used for each condition were: (a) whether 

Eric received funds that (b) allowed him to attend the retraining program and obtain 

employment; participants of each condition seemed to be describing two qualitatively 

different individuals. Participants in the negative outcome condition described Eric as 

being “lazy”, “irresponsible” and generally “unmotivated”; in contrast, those assigned 

to the positive outcome condition used descriptors like “responsible”, “hardworking”, 

and “persistent”. Examples of these descriptions are shown in Table 2.5. 

 From these examples, we see that even though Eric performed the same actions in 

each of the original narratives prior to their conclusions, through the process of victim 

redefinition he becomes someone who is on the one hand “lazy, complacent, and not 

very intelligent,” and on the other is “…resilient, astute, and goes after what he wants 

despite personal obstacles…” (participant responses from debriefing interviews). In 

either case, participants selectively emphasize certain actions and attributes to redefine 

Eric (a low-status individual) as someone who deserves the outcome he received. As 

hypothesized, stereotype-consistent information facilitates this process, providing a 

readily available justification for the outcome experienced by the main character. 

                                                        

10 Exact question wording: “How would you describe the main character of the story you were asked to read 
and retell?” 
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Table 2.5: Examples of Descriptions of the Main Character by Condition 

Condition Participant Descriptions of the Main Character 
Positive Outcome 
Condition 

  

  
He was a young guy. He was a hard worker, and he was actually 
smarter than he thought he was. 

  Hard working and reliable. 

  
Determined. He was tempted to give up a number of times, but he 
didn't. 

  
He is resilient, astute, and goes after what he wants despite personal 
obstacles… 

  
He has doubts at times, but had enough faith in himself to at least try 
to better his position. He cares for his family, and is a hard worker. 

Negative Outcome 
Condition 

  

  
I don't think he had alot [sic] of motivation and was not very 
responsible. 

  [K]ind of lazy, irresponsible. 
  [L]azy, complacent, not very intelligent. 

  
Flippant and unwilling to do what he had to do at the time, to regain 
work. 

  
He was a person that didn't give thought to his or his family's future 
until he lost his job. 

 

2.5 Discussion and Conclusion 

The main objective of this study is to better understand the role played by cultural 

schemas in shaping perceptions of low-status others’ misfortunes and perpetuating 

negative stereotypes. Combining insights from work on legitimacy, justice and cognitive 

cultural sociology, I hypothesized that negative stereotypes act as a readily available 
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cultural resource, used by individuals to justify low-status others’ experience of 

adversity.  

By examining the cultural and cognitive processes involved in the translation of 

observations of misfortune into attributions of character flaw and ineptitude, this study 

extends the current literature on victim redefinition processes as well as that related to 

schema use in cognitive cultural sociology. First, results indicate that individuals often 

do participate in victim redefinition in response to observations of low-status others’ 

adversities. This process involves the use of negative stereotypes associated with that 

low status. Additionally, by exploring victim redefinition as a response to observation of 

low-status others’ undeserved misfortune—rather than within the confines of response 

to injustice which carries a narrower definition (Hegtvedt 2006)—the current research 

shows that victim redefinition is likely a more general social psychological phenomenon, 

as suggested by research related to the System Justification (Jost et al. 2004) and Belief in 

a Just World (Hafer and Bègue 2005) theories. 

Second, findings from this study regarding the role played by stereotype-

consistent information in the process of victim redefinition contribute to our 

understanding of the durability of negative stereotypes and their associated cultural 

schemas. The findings here suggest that at least part of negative stereotypes’ durability 

can be explained by their ability to facilitate victim redefinition through their relation to 

internalized habits of interpretation (e.g. cultural schemas). This sort of schema-based 
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misjudgment allows individuals to efficiently avoid the experience of dissonance 

associated with observations of adversity (Adams 1965; Walster et al.1978; Lerner and 

Miller 1978); in turn, this alleviates the impetus for behavioral responses. Beyond this, 

the present study finds that in the context of communication this ensures the 

perpetuation of justificatory stereotypes and their motivating schemas. 

Still, much remains to be understood regarding the perpetuation of negative 

cultural stereotypes, as well as the role played by victim redefinition and cultural 

schemas in this process. While this study is primarily concerned with examining 

schema-based victim redefinition as a general social process disadvantaging low-status 

individuals, the next steps in this line of study should continue to elaborate this general 

process. To do this, future research should expand beyond the limitations of the present 

work in a number of ways.  

First, while this study focuses primarily on class-based stereotypes (specifically, 

those associated with blue-collar, lower class workers), future research could expand to 

examine the generalizability of this study’s findings to other social group stereotypes 

(such as those associated with race and ethnicity, gender, or religion). Future research 

should also examine whether and how the victim redefinition process functions in the 

case of observations of high-status individuals’ misfortunes. While it is possible that an 

individuals’ high-status may provide protection from victim redefinition processes, 



 

34 

high-status individuals are not immune to negative stereotypes (Kay and Jost 2003), and 

therefore could conceivably be subject to schema-based victim redefinition as well. 

Second, future research is needed to disentangle the effects of observing 

procedural injustice from the effects of observing a positive or negative outcome. The 

narratives used in this study differ in two aspects—(a) whether the protagonist received 

retraining funds after being laid-off (potentially a procedural injustice), and thus (b) is 

able to attend a retraining program and obtain employment (the actual positive or 

negative outcome). Since both were manipulated simultaneously in this study’s two-

condition design, it is unclear how each individual element contributes to the study’s 

outcome. Future research crossing these elements in a 2x2 study design is needed to 

answer this question. 

Another fruitful avenue for future research could involve examining the impact 

of the group memberships of the participants themselves. Research has found that 

cultural meanings and values associated with identities and behaviors are often 

influenced by individuals’ own social group memberships (Jost et al. 2001; Heise 2006; 

Martin and Desmond 2010). For instance, System Justification Theory research finds that 

low-status individuals participate in own-group derogation and out-group elevation in 

order to justify their subordinate position (Jost and Burgess 2000; Jost et al. 2004). 

Although the present study does not find evidence of this phenomenon (in fact, 

participants in the negative outcome condition who shared characteristics with the 
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narrative’s main character were least likely to identify the narrative’s outcome as just), 

this may be due to the mixed-group nature of the transmission chains used in the 

present study. Because of this, using transmission chains that are uniform by social 

group would allow for improved estimation of system justifying tendencies, victim 

redefinition and associated stereotype-consistency bias.  

Finally, future research in this field could expand to consider a wider range of 

forms of cultural transmission, including non-linear transmission chains or even 

naturally occurring forms of transmission such as that of viral images or videos-clips 

online.  

Much work remains to elaborate victim redefinition processes. But the results of 

this study clearly demonstrate the influential role played by negative stereotypes in 

shaping reactions to low-status others’ adversities. Because individual reactions are 

crucial to spur the sort of social change needed to overcome persistent inequalities, 

future research should continue to work towards better understanding the apparent 

apathy of many towards existing social inequalities. 
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3. Cultural Sentiments and Schema-Consistency Bias in 
Information Transmission 
 

Much of the information individuals discuss in day-to-day life is obtained secondhand.  

From national news events to workplace gossip, individuals often share stories about 

people and events that they have not personally observed with others who likewise 

have never observed them. As these stories spread, each step away from the original 

source represents an opportunity for the information to be distorted. Despite the 

pervasiveness of this phenomenon, little sociological research has been devoted to 

understanding the systematic changes that information is likely to undergo as it is 

transmitted. In particular, previous research neglects the role of information 

transmission processes in perpetuating problematic cultural biases. 

Psychological research on cultural transmission finds that information 

individuals share in communication is often colored by a schema-consistency bias 

(Mesoudi and Whiten 2008; Kashima and Yeung 2010). In the case of stereotypes (one 

type of cultural schema), individuals tend to retain more stereotype-consistent than 

stereotype-inconsistent information when retelling stories, even when attempting to 

exactly reproduce the story. In chains of communication, schema-consistency bias tends 

to increase with each retelling. 

This phenomenon has wide-reaching implications, given that secondhand 

information is often used in important decision-making processes. For instance, jury 
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members interpret and discuss others’ eyewitness testimonies to render verdicts, and 

hiring and promotion committee members discuss others’ peer performance evaluations 

to arrive at employment decisions; these discussions often result in race- and gender-

biased outcomes (Levinson 2007; Correll, Benard, and Paik 2007).  

In the aggregate, the selective transmission of schema-consistent information 

reinforces existing cultural biases, increasing the likelihood of receiving information that 

reaffirms cultural stereotypes and impeding the spread of information that might 

challenge or disconfirm them (Lyons and Kashima 2003; Hunzaker 2014). In recent 

years, increasing social media use has magnified this effect. Consistency bias and 

selection into homophilous content–sharing networks combine to create ideological echo 

chambers, facilitating the rapid spread of consistency-biased misinformation among 

like-minded individuals (Shin et al. 2016). Uncovering the mechanisms driving schema-

consistency bias in information transmission is key to both understanding and 

potentially undermining the reproduction of cultural biases. 

Previous cultural transmission research has focused primarily on inter-individual 

mechanisms generating cultural-consistency bias in communication (Lyons and 

Kashima 2003; Clark and Kashima 2007). This research suggests that such bias is 

generated as individuals work to create culturally consistent narratives for their 

audiences.  However, recent findings in cultural sociology emphasize the importance of 

internalized culture as a source of individual motives for action and patterns of 
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judgment (Vaisey 2009; Lizardo and Strand 2010; Vaisey and Lizardo 2010). This 

suggests there are also important intra-individual forces underlying schema-consistency 

bias.  

In this paper, I apply affect control theory’s model of cultural meaning 

maintenance to the study of cultural information-transmission processes to examine one 

such internal mechanism. According to affect control theory, individuals construct1 their 

actions and experiences in ways that confirm previously held cultural meanings of their 

own and others’ identities in order to avoid deflection—a sense of strangeness or strain 

that results when experiences do not confirm internalized cultural meanings (Heise 

1979; Smith-Lovin and Heise 1988; Robinson and Smith-Lovin 2006; Heise 2007). At the 

root of this (generally unconscious) motivation is a need “to experience an orderly, 

knowable world” (MacKinnon 1994:55). Individuals derive their expectations about 

what they should experience from culturally shared affective meanings. Affect control 

theory models this process of meaning maintenance mathematically, allowing deflection 

to be estimated as a quantitative score. 

In an information transmission framework, deflection—as an inverse measure of 

cultural schema-consistency—provides a theory-based metric of the extent to which 

information shared about events confirms cultural meanings. Similarly, observed change 

                                                        

1 The use of the term “construct” in this sense is not meant to imply active, conscious construction.  
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in deflection provides a measure of the increasing or decreasing cultural schema-

consistency. Past research both in affect control theory and in cultural sociology has 

focused on the influence of internalized culture on action. It seems a natural extension of 

this premise that in addition to acting to confirm cultural understandings, individuals 

communicate narratives to confirm these meanings as well. The purpose of this study is 

to determine whether and how the theorized need for cultural schema-consistency—

operationalized as the reduction of deflection—affects the content of information shared 

in interpersonal communication. 

I begin with an overview of work in the cultural transmission tradition. Then, I 

discuss recent research in cultural sociology regarding internalized culture as a 

motivating force and the implications of this work for studies of schema-consistency bias 

in information transmission. I then explore affect control theory’s concept of deflection 

as a tool for modeling internalized culture and its relationship to schema-consistency 

bias in communication. I draw on recent research from the cognitive sciences to outline a 

model linking the cognitive and affective components of cultural schema-consistency 

bias. Finally, I test the proposed relationship between deflection and information 

transmission empirically, using a serial transmission study in which participants read 

and retell narratives containing a mixture of low- and high-deflection information. 

The results of this study show that culturally inconsistent, high-deflection 

information experiences an initial boost in memorability. Consistent with this study’s 
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hypotheses, however, individuals tend to alter high-deflection information to increase 

its cultural consistency. This tendency, coupled with individuals’ tendency to add more 

low- than high-deflection information, leads to more culturally consistent (lower-

deflection) narratives by the end of transmission chains.  

These findings indicate that deflection provides a promising (inverse) measure of 

cultural schema-consistency. I show that this measure is predictive of the information 

that individuals are likely to communicate and of the changes that occur to information 

in the transmission process. Overall, these results demonstrate that fruitful connections 

can be made between the cultural cognition and affect control research traditions. 

3.1 Theoretical Background 

3.1.1 Cultural Transmission Studies 

In cultural transmission research, serial transmission studies examine the impact of 

cognitive and cultural biases on information shared in communication. In these 

experiments, narratives are retold along transmission chains (much like the game of 

“telephone”), and researchers measure changes to the narrative at each stage of the 

chain. This experimental task mimics word-of-mouth spread of information. Changes to 

information observed in the transmission process represent distortions that occur in 

communication.  

Early work focused on cross-cultural narrative transmission. Bartlett (1932) 

found that narratives became distorted as participants altered unfamiliar accounts 
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(Native American folktales) to conform to more familiar cultural schemas (drawn from 

European folktales). Work in this tradition has argued that this phenomenon is rooted in 

reconstructive memory processes (McClelland 1995). In this model, schema-consistency 

bias is produced as individuals draw on previously internalized schemas to interpret 

(often partial) accounts that they received. When this occurs, they fill in lost details and 

misremember information in schema-consistent ways (for overview of this work, see 

Kashima 2000:595–596; and Mesoudi and Whiten 2008:3491). 

The tradition gained attention again in the early 2000s with the growing interest 

in social networks and cultural evolution (Mesoudi and Whiten 2008). This newer work 

focuses on how individuals use stereotypes to transform information, finding that as 

stories proceed through serial transmission chains, they are likely to contain more 

stereotype-consistent information with each retelling (Kashima 2000; Kashima and 

Yeung 2010).  

This effect becomes more pronounced when the retelling task is presented as 

communication-based rather than memorization-based (Lyons and Kashima 2006). 

Individuals also retain more stereotype-consistent information in their reconstructed 

narratives when they believe their audience shares the stereotype under study (Lyons 

and Kashima 2003; Clark and Kashima 2007). These findings led to the conclusion that 

stereotype-consistency bias forms as individuals draw on information that they perceive 
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to be shared (schema-consistent, stereotypical information) in order to construct 

culturally consistent narratives for their audience.  

Although this work establishes that individuals are subject to a cultural-

consistency bias in communication, it has overwhelmingly focused on external 

mechanisms driving this bias to the exclusion of potential intra-individual mechanisms. 

This empirical gap likely has its roots in the definition of cultural stereotypes in these 

studies as external constructs available to be used by individuals. These studies have 

often used made-up “stereotypes” regarding a fictitious culture, precluding the 

possibility that the stereotypes are internalized by participants (Lyons and Kashima 

2003; Klein, Clark, and Lyons 2010; Yeung and Kashima 2012). Therefore, this work has 

been less well suited to examining potential internal mechanisms driving cultural-

consistency biases in information transmission. 

3.1.2 Insights from Recent Cultural Sociology 

Understanding the intra-individual forces generating cultural schema-consistency bias is 

particularly crucial given recent research in cultural sociology. Work on culture and 

cognition highlights the independent causal role of internalized cultural elements as 

motivation for individual action (Vaisey and Lizardo 2010). These internalized elements 

of culture—schemas—are defined as “deep, largely unconscious networks of neural 

associations that facilitate perception, interpretation, and action” (Vaisey 2009:1686).  
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According to this developing model of culture and cognition (Vaisey 2009; 

Lizardo and Strand 2010; Collett and Lizardo 2014; Shepherd 2014), although culture 

may at times facilitate individual action by providing external tools that enable action (as 

in Swidler’s [1986] “toolkit model” and recent cultural transmission studies), it more 

frequently provides an internal motivation for action. Internalized associative schemas 

guide routinized actions and perceptions, with a tendency toward self-affirming 

experiences and away from potentially challenging ones (Strauss and Quinn 1997; Bargh 

and Williams 2006; Vaisey 2009; Lizardo and Strand 2010).  

Conceptualizing cultural consistency in terms of schema-consistency carries 

certain methodological considerations (Vaisey 2009). In the context of information 

transmission studies, this requires the use of a measure of cultural consistency designed 

to engage the cognitive and affective associations that govern schema-based cognition. I 

propose that affect control theory’s concept of deflection provides such a theoretical tool. 

3.1.3 Affect Control Theory and the Motivation for Cultural 
Consistency 

Affect control theory models the process by which individuals construct lines of social 

action to maintain cultural meanings (Heise 1979, 2007). The theory states that 

individuals enact and interpret interpersonal events (consisting of Actors, Behaviors, and 

Objects) in ways that confirm cultural meanings for their own and others’ identities and 

behaviors. This is done to minimize deflection—a sense of strangeness or strain that 
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results when these meanings are violated.2 The confirmation of shared, cultural meaning 

in interaction through minimizing deflection is the motivation for action in the theory 

(MacKinnon 1994). 

Meaning is conceptualized in two ways in affect control theory. Fundamental 

sentiments are stable (generally shared) cultural meanings. Affect control theorists 

conceptualize these fundamental cultural meanings in three affective dimensions—

Evaluation (good versus bad), Potency (powerful versus powerless), and Activity (active 

versus passive)—which broadly capture connotative meanings across cultures and 

correspond to the basic dimensions along which much of behavior and perception is 

organized (Osgood et al. 1957; Osgood 1969; Scholl 2013). Affect control theory 

researchers estimate fundamental sentiments by conducting studies in which 

participants rate identities and behaviors along 9-point semantic differential scales for 

each of the three affective dimensions. For each term, individual scores are aggregated 

across each of the scales to derive the specific Evaluation, Potency, and Activity (EPA) 

scores that constitute its fundamental cultural meaning.3 Large dictionaries of 

                                                        

2 Because extensive treatment of affect control theory and its associated research methods is available in a 
number of published resources, I provide only an overview here. For a comprehensive treatment of affect 
control theory and its methods, see Heise (2007, 2010).  
3 Affect control theory uses a culture-as-consensus approach (Romney, Weller, and Batchelder 1986; Heise 
2010). Cultural responses to survey items (here, affective meaning ratings) are represented by the central 
response tendency among individuals sampled from a single culture. 
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fundamental sentiments measured in this way allow analysis of these shared cultural 

meanings. 

By contrast, transient impressions are the situation-specific meanings an identity or 

action takes on in the context of an Actor-Behavior-Object event. For example, actors 

may seem more or less good, powerful, or active (compared with the baseline 

fundamental cultural meaning of their identity) depending on what actions they take or 

with whom they are interacting. These transient impressions are estimated using the 

theory’s impression formation equations (for more details, see Smith-Lovin and Heise 

1988; Heise 2007). Deflection occurs when the transient impressions created by an event 

are different from the fundamental sentiment meanings associated with the identities 

and behaviors involved.  

Operationally, deflection is formalized as the sum of squared differences 

between fundamental sentiments and transient impressions for each of the core 

components of the event (Actor, Behavior, and Object) along each of the three 

dimensions of affective meaning (Evaluation, Potency, and Activity). For example, the 

event “the mother kicks the baby”—which involves a good, powerful actor (Mother: E = 

2.80, P = 2.47, A = 1.30),4 doing a bad, moderately powerful thing (Kick: E = –2.03, P = 

                                                        

4 Data on cultural sentiments regarding the identities and behaviors used in the examples here and in the 
study were drawn from the 2003 sentiment dictionary (unisex version) collected by Francis and Heise at 
Indiana University. The study involved a sample of 1,027 Indiana University students, all of whom had been 
U.S. residents since age 16 (to ensure familiarity with U.S. culture and cultural sentiments). 
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0.50, A = 1.42) to a very good and powerless object (Baby: E = 2.10, P = –1.16, A = 0.94)—

makes the mother seem much less good (transient E = –1.35) and produces a very high 

level of deflection (deflection = 21.2). By contrast, a more expected event, “the mother 

kisses the baby” involving a very good action (Kiss: E = 2.98, P = 2.31, A = 1.08), produces 

little deflection (deflection = 1.5). 

Conceptually, deflection is a measure of the extent to which a perceived event is 

consistent or inconsistent with internalized cultural sentiments. Thus, deflection 

represents a more truly cultural consistency, in contrast to other consistency-based 

theories (Festinger 1957; Heider 1958) in which individuals strive to avoid dissonance 

between within-individual inconsistent cognitions (MacKinnon 1994; Scholl 2013).5 

Deflection provides a generally implicit affective signal, alerting individuals to the 

rupture of the expected order and spurring action to bring their experience back into line 

with fundamental cultural sentiments. This action may involve (1) initiating new 

deflection-reducing interaction (e.g., someone who has committed a bad action may 

apologize to the object of the action); or (2) when action is not possible, cognitively 

redefining or reinterpreting one or more elements of the event to reduce deflection (e.g., 

an individual may redefine the mother who kicked the baby in the above example as a 

                                                        

5 Because the theory posits that all actors are driven to confirm shared fundamental sentiment meanings in 
interaction, low-deflection events should be more likely to occur (Schröder and Scholl 2009) and to be 
perceived as more likely than high-deflection events (Heise and MacKinnon 1987; MacKinnon 1994). This 
produces an inverse correlation between deflection and perceived likelihood, although this relationship is 
not perfect. 
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“monster” or reinterpret the kick as a “nudge” [Nelson 2006]). In sum, affect control 

theory suggests that individuals are motivated to construct social experiences to confirm 

their own preexisting expectations about reality, based on cultural meanings of 

identities and behaviors (Robinson and Smith-Lovin 1992). 

3.1.4 Cultural Sentiments, Schema-Consistency, and Motivation 

Like the cognitive schemas that form the core of recent cultural cognition models, affect 

control theory’s fundamental sentiments represent internalized elements of culture 

derived from repeated associations made over the course of experience in a shared 

cultural environment (Heise 2007). Further, both are theorized to motivate action (often 

subconsciously) by influencing the evaluation of and response to social experiences in 

order to affirm these associations. At this point the models ostensibly diverge, with one 

detailing the cognitive and the other the affective pathways to achieving a sense of 

cultural consistency. However, the strict segregation of these pathways is by and large a 

distinction of analytical expedience, rather than a natural one.  

Although it is not often empirically examined, cultural cognition scholars do note 

the likely influence of affective states and “hot” cognition in the automatic processes 

schema-based cognition (DiMaggio 2002:277–278; Ignatow 2007:126; Vaisey 2009:1686; 

Cerulo 2010:121; Lizardo and Strand 2010:219; Vaisey and Lizardo 2010:1599). Research 

in this tradition acknowledges that schemas encode conceptual and affective elements in 

their neural associations, often describing abstract, conceptual elements as grounded in 
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more basic affective and sensorimotor associations, which provide motivational thrust 

for action (Bachrach and Morgan 2013; D’Andrade 1981, 1995; Lakoff and Johnson 2003).  

Similarly, affect control theory proposes that “all cognitions evoke affective 

association and that affective reaction [deflection] and processing, in turn, engenders 

new cognitions” (MacKinnon 1994:48). In this model, observing or experiencing a social 

event begins with an initial definition of the situation. Individuals initially perceive and 

(generally implicitly) label actor, behavior, and object, using context as a guide.6 This 

definition of the situation establishes “the cognitive framework within which affective 

processes operate” (MacKinnon 1994:19). In turn, the affect control process guides 

selection from among the multiple conceptual event interpretations available in that 

cognitive-schematic framework toward the interpretation that is most affectively 

consistent (Heise 2007:37). 

Schröder and Thagard (Schröder and Thagard 2013; Schröder et al. 2014) 

explicitly model the interrelation of these cognitive and affective pathways using parallel 

constraint satisfaction models of cognition (Kunda and Thagard 1996). Parallel constraint 

satisfaction models are quite similar to the connectionist models often used in cultural 

cognition work on schemas. Both conceptualize cognition in terms of neural 

                                                        

6 A recently developed Bayesian model of affect control theory (BayesACT; see Schröder, Hoey, and Rogers 
forthcoming), relaxes this labeling assumption and instead models identities as probabilistic beliefs (rather 
than mean point estimates).  
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associations, modeled as networks of concept elements connected by weighted 

associations.7 These weights represent the likelihood of an element’s activation (that is, 

the likelihood that it will be expected or perceived) given the activation of another 

element with which it is associated.  

Parallel constraint satisfaction models are distinguished from the connectionist 

models typically used in sociology by their greater emphasis on the role of negative 

weights (indicating disassociation between elements) in inhibiting the spread of 

activation. Inhibition, in turn, is influential in the production of consistency bias, 

accounting for the exclusion of schema-inconsistent elements in the interpretation and 

generation of interaction events.8 Schröder and Thagard (2013:260) propose that these 

conceptual networks are organized hierarchically, with “shallow” symbolic associative 

meanings (e.g., mothers are “female” “family members”) grounded in “deep” affective 

and sensorimotor associative meanings (e.g., feelings of “warmth,” “happiness,” and 

“love” associated with one’s experiences with mothers). They demonstrate that the 

affective meaning distance between concept elements—operationalized in terms of affect 

control theory’s fundamental sentiments—can be used to model inhibition efficiently in 

                                                        

7 “Concept elements” are abstractions used for modeling purposes, given that biologically, any given 
concept is encoded in a pattern of activation across many neurons. 
8 For a detailed description of these models, see Kunda and Thagard (1996) or Thagard (2012). 
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neural association networks. These findings indicate that affective consistency does 

constrain available cognitive interpretations and formulations of action. 

In sum, there is strong reason to believe cognitive and affective processes are 

closely entwined in the production of cultural schema-consistency bias. When 

individuals experience or observe a social interaction event, their initial observations 

spur the activation of relevant conceptual schemas. In the affect control process, 

internalized cultural sentiments associated with conceptual elements in that schematic 

context constrain the availability of possible (re)interpretations and formulations of 

events through inhibition. In this model, deflection provides motivation (generally at the 

subconscious level) to reinterpret events or create new actions by signaling an event’s 

inconsistency with internalized cultural sentiments. For these reasons, I argue that 

deflection provides a measure of cultural consistency that is congruent with the schema-

based model of cultural cognition when affect control theory’s scope conditions hold—

that is, when (1) one or more Actor-Behavior-Object interaction events occur, and (2) one 

or more individuals (a) are actively attending to (labeling) the event(s) (b) and are 

members of the shared language culture under study (Robinson and Smith-Lovin 

2006:139).9 

                                                        

9 This theory, therefore, cannot speak to (a) (the production of) schema-consistency bias in information not 
containing an interaction event (e.g., an action without object, or general descriptive information about a 
person outside the context of an interaction event), (b) interactions an individual has noted in passing but 
has not taken time or effort to label, or (c) cross-language/cross-cultural interactions. 
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3.2 The Present Study 

Having established deflection’s potential to engage the mechanisms involved in cultural 

schema-based cognition, I set out to test the following proposition: 

 

Individuals communicate narratives in ways that minimize deflection and confirm 

previously internalized cultural sentiments. 

 

Previous research in the affect control theory and cultural cognition traditions 

demonstrates that individuals tend to act in ways that are consistent with previously 

internalized cultural meanings. In what follows, I demonstrate that individuals also 

communicate narratives in ways that confirm previously internalized cultural meanings. 

Because it is language-based, affect control theory is well suited to the study of 

communication and information transmission processes. Prior research (Alhothali and 

Hoey 2015; Dunphy and MacKinnon 2002) has used the theory to explore how 

individuals respond to information shared in news stories and folklore. However, this 

study represents the first test of the theory’s model of meaning maintenance in the 

context of communication and also of its relationship to the production of schema-

consistency bias. 

I test the core proposition using a serial transmission study in which participants 

are asked to read and retell narratives containing mixture of schema-consistent and 
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schema-inconsistent information along short transmission chains. In this context, 

deflection operates as an inverse indicator of cultural schema-consistency. Low-

deflection statements theoretically are those that would seem most culturally consistent, 

whereas statements producing higher levels of deflection would seem more inconsistent 

because of their distance from stable, cultural sentiment meanings. Implementing the 

concept of deflection in this way provides a formal, theory-based specification of 

cultural schema-consistency. 

I propose two general mechanisms by which participants may reduce deflection 

and increase cultural consistency in the transmission process: 

 

Hypothesis 1 (H1): Selection-based mechanisms. Individuals will tend to retain low-

deflection information and discard high-deflection information in their 

reproduced version of the narrative.  

 

Hypothesis 2 (H2): Modification-based mechanisms. Individuals will modify the 

content of the narrative they received in their own reproduced version of the 

narrative to reduce deflection. This may occur in two ways: 

Hypothesis 2a (H2a): Individuals may transform initially high-deflection 

information by redefining actors, behaviors, or objects in their 

reproduced version of the narrative. 



 

53 

Hypothesis 2b (H2b): Individuals may add low-deflection information to 

their reproduced version of the narrative. 

 

Two of the proposed strategies (H1 and H2b) parallel those that participants 

have used in previous cultural transmission studies. Past work in the cultural 

transmission literature also proposes the strategy outlined in H2a—that information is 

sometimes transformed be more schema-consistent in the transmission process (Lyons 

and Kashima 2006). However, in the past, this has been difficult to operationalize 

quantitatively and thus to test directly. Here, the use of the deflection concept allows me 

to assess transformed events for their cultural consistency in a systematic way. 

In what follows, I begin by providing a detailed description of the study design 

and the procedures used to collect data. I then present the analyses and results in three 

steps. First, I examine overall trends in deflection-reduction across the transmission 

chains. In the two subsequent sets of analyses, I provide a detailed description of two 

classes of mechanisms that lead to the observed reduction in overall deflection. 

3.3 Data and Methods 

This study used an online format, with data collected using Qualtrics survey software, 

and was conducted using Amazon Mechanical Turk (hereafter, MTurk). Although serial 

transmission studies have traditionally been conducted in a laboratory setting, at least 

one previous study used an online format effectively (Hunzaker 2014).  
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MTurk is a crowdsourcing website operated by Amazon that allows “requesters” 

(typically businesses or researchers) to post short tasks to be completed by site users 

(“workers”) in exchange for payment. In recent years, social science researchers have 

increasingly adopted the site as a platform for efficient participant recruitment (Paolacci 

and Chandler 2014; Shank 2016). This online method allows for recruitment from a more 

diverse participant pool than the typical undergraduate experimental participants but 

sacrifices some control. Recent research (Weinberg, Freese, and McElhatten 2014) shows 

that data from MTurk participants—particularly in response to vignette experiments—

are of comparable or higher quality than those obtained from traditional undergraduate 

lab-based participants.  

3.3.1 Narrative Construction 

To construct the study narrative, I began by selecting an identity for the focal character. I 

selected the “unemployed person” identity because of its relatively strong, negative 

fundamental cultural meaning across each sentiment dimension (E = –1.49, P = –2.37, A = 

–1.67), which is likely to generate high levels of deflection.10 

                                                        

10 Smith-Lovin and Robinson (2015) found a slight shift in affective meanings associated with the 
unemployed person identity after the 2007–2009 recession (E = –0.55, P = –2.12, A = –1.16). This shift 
represents just under a 1-point increase in its evaluation rating, but the identity remains negatively 
evaluated. Substituting this new unemployed person rating in the original study events resulted in small 
shifts in deflection scores (generally within 2 points); however, initially low-deflection events continued to 
have deflection scores in the lower quartile of initially simulated event deflections, and initially high-
deflection events maintained scores in the upper quartile. 
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In the second step, I selected a setting and premise for the story. To avoid 

implicit redefinition of the main character based on the narrative context or chosen 

alters, I set the narrative in an impersonal setting (a store) with impersonal alters (e.g., a 

mother, as opposed to his mother). Choosing potential alters, then, was the third step. I 

considered 12 potential alters—salesclerk, shoplifter, mother, grandmother, baby, 

businesswoman, pastor, nurse, doctor, police officer, and employee—in order to include 

a mixture of possible evaluation, potency, and activity values. 

For each of these potential alters, I then used affect control theory’s Interact 

software11 to simulate all possible Actor-Behavior-Object combinations of each alter and 

the main character with all 500 behaviors in the 2003 Indiana sentiment dictionary, 

resulting in 12,000 potential events. Deflection levels for these events ranged from 1.06 

(the salesclerk requests something from the unemployed person) to 21.38 (the mother 

murders the unemployed person). 

I narrowed the list of potential events to low- and high-deflection events. To 

maximize the distinction between levels of deflection, I selected events from the top and 

bottom 10% of deflections from the simulated events. Low-deflection statements were 

those with deflection less than 3.0, and high-deflection statements were those with 

                                                        

11 Interact, a computer program that David Heise created for simulating affect control theory events using 
the theory’s impression formation equations, may be downloaded at no cost here: 
http://www.indiana.edu/~socpsy/ACT/interact.htm 
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deflection greater than 11.0. Finally, with the initially selected premise in mind (an 

unemployed person interacting with the selected impersonal alters in a store setting), I 

arranged an initial draft narrative, selecting 10 high-deflection and 10 low-deflection 

statements from the narrowed pool of events to be pretested for perceived cultural 

consistency. 

After the statement pretesting (described below), I selected the eight low-

deflection events and eight high-deflection events that showed consistent patterns of 

response for inclusion in the final narrative. Deflections for these events ranged from 

1.51 to 2.96 for low-deflection events, and from 11.19 to 14.52 for high-deflection events. 

I arranged these Actor-Behavior-Object events (for instance, “police officer, question, 

unemployed person”) into the final narrative’s structure, including equal numbers of 

low- and high-deflection statements interspersed as evenly as possible throughout the 

narrative; I then elaborated the events into complete sentences (in the case of the 

previous example, “the police officer questioned the unemployed person about the 

missing items”). I also included 12 non–Actor-Behavior-Object statements as 

introductory and transitional information. The final study narrative centers on an 

unemployed man who attempts to stop a theft in progress in a convenience store and is 

later accused of shoplifting himself. See Appendix 3.A for full narrative content. 
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3.3.2 Statement Pretesting 

A crucial step prior to conducting the final study was to determine whether deflection in 

fact provides a measure of a statement’s cultural consistency. To this end, I pretested 

each of the 20 statements considered for use in the study narrative to determine whether 

low- and high-deflection statements were perceived to be culturally consistent and 

inconsistent (respectively) as proposed. In the pretest, 52 respondents recruited from 

MTurk rated each statement for its cultural consistency. The participant sample was 58% 

female and 75% white, with a mean age of 39. Nearly half were college educated. The 

sample leaned Democrat (46%) rather than Republican (14%). Although I used MTurk 

qualifications to limit participation to current U.S. residents, two participants reported 

being born outside of the United States, and two others declined to report their country 

of birth. I excluded these four participants from analyses.12  

To evaluate the perceived cultural consistency of each statement, the pretest 

asked respondents to rate each of the 20 statements (presented in random order) on a 

scale of 1 to 5, where 1 represented “Unexpected” or “Bizarre,” and 5 represented 

“Expected” or “Typical,” given their knowledge of the sorts of people involved in each 

                                                        

12 Analyses including versus excluding these four participants yielded the same substantive results; 
differences in estimates of (1) correlation between cultural-consistency rating and deflection and (2) mean 
cultural-consistency ratings for high- and low-deflection events including versus excluding the four non-
U.S.-born participants were all less than 0.1. Differences in mean cultural consistency ratings for each of the 
20 statements pretested including versus excluding these participants were all less than .12 (on 5-point 
scale). However, because t-tests showed that these participants differed significantly from U.S.-born 
participants on ratings of 3 of 20 statements, I excluded them here. 
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interaction.13 To test the relationship between deflection and perceived cultural 

consistency, I first examined whether low-deflection events were, on average, perceived 

as more consistent than high-deflection events. For this set of analyses, each event 

statement was treated as an observation (n = 20). 

Results show that deflection (measured continuously) has a strong, significant, 

and inverse correlation with perceived cultural consistency (r = –.720, n = 20, p < .001). A 

t-test further confirms that low-deflection events were, on average, perceived as more 

culturally consistent (M = 3.503, SD = .514) than high-deflection events (M = 2.578, SD = 

.498; t(18) = 4.087, p < .001).  

 

                                                        

13 This ratings method is modeled on that traditionally used to assess statement consistency in previous 
transmission studies (Kashima and Yeung 2010). In addition to these statements of interest, I included three 
active participation-check statements with specific instructions throughout this portion of the pretest. The 
final data include only those participants who passed the active participation checks, indicating that they 
were reading and following study instructions rather than rating statements randomly. This procedure 
eliminated data from eight participants. As an additional data quality check, I conducted a consensus 
analysis (Romney et al. 1986) of participants’ ratings to assess between-participant consistency in response 
patterns. Results indicate that there is sufficient agreement among raters to indicate that responses were 
drawn from a shared culture. 
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Figure 3.1: Mean Cultural Consistency Ratings for Pretest Statements 

Figure 3.1 graphically displays participants’ consistency ratings for each event 

statement examined, including the mean rating, with error bars representing +/– 1 SD. 

Again, as proposed, most low-deflection events were perceived as more culturally 

consistent than not (M > 3.0), and most high-deflection events were perceived as more 

inconsistent than not (M < 3.0). Two events (“the unemployed person followed the 
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shoplifter” and “the customer heaped abuse on [abused] the unemployed person”) 

showed a bimodal distribution of ratings. Two others (“the shoplifter left the 

unemployed person” and “the employee rescued the unemployed person”) showed no 

strong pattern in either direction.14 However, no event’s ratings were distributed in the 

opposite of the expected pattern. 

These analyses show that low-deflection events tend to be perceived as more 

culturally consistent, and higher-deflection events tend to be perceived as less 

consistent. The findings provide strong support for deflection’s proposed function as an 

inverse measure of cultural consistency in this study. They also represent a confirmation 

of affect control theory’s core proposition that deflection is inversely related to 

judgments of likelihood. 

3.3.3 Serial Transmission Procedure 

I recruited final study participants using MTurk. Participants were instructed that they 

would be given five minutes to read though a short story twice, and would then be 

expected to retell it later in the experiment to be read by the next participant in their 

chain. Participants were prompted to imagine how they might retell the story to a friend 

or acquaintance in conversation. They were prompted to “assume that the story’s 

                                                        

14 This variation may be due to subcultural variation in the meanings of one or more terms in these events, 
or may be due to denotative differences in interpretations of one or more terms. For example, “the 
unemployed person followed the shoplifter” could be interpreted as “the unemployed person tailed the 
shoplifter” or “the unemployed person went with the shoplifter.” 
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original teller is not lying, but keep in mind that the information as they present it may 

be mistaken, misinterpreted, or misleading” (prompt adapted from Nelson 2006).15 

After the five-minute reading task, participants were redirected to a distracter 

task, which was included to remove the narrative from the participants’ working 

memories and to encourage narrative reconstruction rather than simple memorization.16 

Following the distracter task, participants were asked to retell the story they read 

and were reminded that their version would be used for the next participant in the 

chain. They were again encouraged to consider how they might retell the story to a 

friend or acquaintance and were prompted to focus on retelling the story as they 

believed it happened. Ten minutes were allotted for this task. This procedure was 

repeated for each of the four participants in each chain. 

A number of steps were taken to ensure participants were engaged and actively 

participating. First, over the course of the study, participants were asked to respond to 

three active participation checks in which they were required to read instructions fully 

in order to be able to respond correctly. I excluded the data from five participants who 

failed these tests. Second, each element of the study was set to automatically advance 

                                                        

15 I included this instruction here (and in the retell step below) to discourage implicit redefinition of events 
in which participants perceive or reinterpret an event one way but feel constrained by the experimental task 
to provide an exact retelling. 
16 In this distracter task, participants were instructed to use a pool of 10 letters to create as many word 
combinations of four or more letters as possible in five minutes. Participants were not allowed to advance in 
the study until the five minutes had passed. 
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after the allotted time for that task. I excluded data from 24 participants who did not 

meet baseline thresholds for time spent reading and retelling the narrative or for 

narrative length (based on pretesting), did not fully complete their narrative retell 

(because of the aforementioned page auto-advance), did not enter any words in the 

distractor task, or showed evidence of copying and pasting their narrative. I recruited 

new participants to replace the excluded participants so that all transmissions chains 

were complete. 

3.3.4 Narrative Coding Procedure 

After the data were collected, two hypothesis-blind research assistants independently 

coded each respondent’s narrative. Statements were coded into one of four categories. If 

the narrative retained an exact Actor-Behavior-Object event from the original narrative, 

that statement was coded as maintained. If a statement from the narrative was 

recognizable as coming from a specific Actor-Behavior-Object event from the original 

narrative but differed on one or more of the Actor-Behavior-Object event elements, it 

was coded as transformed (for example, “the mother accused the unemployed person” à 

“the customer accused the unemployed person”). Any Actor-Behavior-Object events 

that were entirely novel or where coders could not agree on the original statement from 

which the participant’s statement was derived were coded as added. Actor-Behavior-

Object events from the original narrative that were not at all present or became non–

Actor-Behavior-Object statements—that is, statements that did not have an actor, 
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behavior, and object (e.g., “the mother accused the unemployed person” à “the 

unemployed person was accused of stealing”)—were coded as lost.17 In this stage of 

coding, coders achieved a high level of reliability, with 90% agreement prior to 

discussion (Cronbach’s alpha = .88; Cohen’s kappa = .81). After coding independently, 

the two research assistant coders met to discuss and resolve any discrepancies prior to 

the analysis. 

To calculate resulting deflections for participants’ transformed and added Actor-

Behavior-Object events, identities and behaviors that participants used in these 

statements were translated into terms with ratings available in the 2003 sentiment 

dictionary. The researcher and one hypothesis-blind research assistant translated each 

participant-used identity and behavior independently. For example, in this step “talked 

him out of shoplifting” became “dissuaded.” Identities and behaviors were translated 

out of context of their events in order to avoid potential coding bias.18 

                                                        

17 Additionally, I coded non–Actor-Behavior-Object introductory and transitional statements from the 
original narrative as maintained if the main idea or gist of the original statement was present in the 
respondent produced narrative. Otherwise, I coded them as lost. Any novel non–ABO statements and ABO 
statements that became non–ABO statements were coded as added. However, the analyses focus on ABO 
event statements only because of the study’s focus on the relationship between deflection and transmission. 
18 Twenty-seven statements initially coded as transformed were translated back into the original Actor-
Behavior-Object event statement as the original statement terms were closest match in the study sentiment 
dictionary for the terms used by participants. I do not include those statements here but instead treat them 
as maintained statements. 
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3.3.5 Descriptive Statistics 

The final data include 50 transmission chains, each containing four individuals (200 

participants). Participants in the final study are demographically similar to those of the 

pretest and of MTurk studies, generally.19 The study sample was 58% female and 74% 

white, with a mean age of 34. Half of participants are college educated (BA or higher), 

and 13% reported income below $20,000. As with the pretest, the sample tended to lean 

more Democrat (45%) than Republican (11%). All participants were current U.S. 

residents. Five participants reported being born outside the United States; however, 

these participants did not differ significantly from U.S.-born participants in terms of 

narrative length or deflection-based narrative content and were therefore included in the 

final analysis.  

Descriptive statistics of narrative content at each transmission chain link—

including the average number of low- and high-deflection statements used, the average 

narrative length (in words), and the percentage of participants who included 

(maintained or transformed) each original Actor-Behavior-Object event—are available in 

in Appendix 3.B. On average, changes to the narrative were largest in the first 

transmission step (from the original narrative to link 1), followed by gradual 

                                                        

19 Statement pretest participants were not permitted to participate in the final study. 
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information loss—as shown by decreasing average word count and statement counts—

over the course of links 2–4. 

3.4 Overall Trends in Narrative Content 

3.4.1 Analyses 

In this first set of analyses, I examine whether changes to participants’ narratives at each 

stage of the transmission chain increased the narratives’ cultural consistency by 

reducing deflection. I first compare within-participant differences in amount of low- 

versus high-deflection information used to test whether individuals on average 

demonstrate a cultural schema-consistency bias. Because the thresholds for high- and 

low-deflection used to generate the study narrative represent the very extremes of 

possible deflections (the top and bottom 10% only), these categories are expanded in 

these analyses to include the top and bottom quartiles of the distribution of possible 

deflections resulting from events involving identities used in the narrative (high-

deflection > 8.5; low-deflection < 4.0). Then, I compare average changes in overall 

deflection of participants’ narratives from link to link to determine whether the 

narratives’ overall cultural consistency increased over the course of the chains. 

3.4.2 Results 

Figure 3.2 displays the average number of low- versus high-deflection statements 

participants used at each stage of the transmission chain. As predicted, these descriptive 

results show that participants, on average, used greater total numbers of low- compared 
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with high-deflection events (including maintained, transformed, and added statements) 

in their reproduced narratives. Paired t-tests comparing participants’ average number of 

low- versus high-deflection statements find that the difference displayed in Figure 3.2 is 

statistically significant at each stage in the transmission chain (link 1, p < .05; links 2–4, p 

< .00; all significance tests are two-tailed). 
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Figure 3.2: Average Number of LD and HD Statements Used 

Next, I examine the cumulative impact of these within-individual differences 

over the course of the transmission chain. Table 3.1 displays results from paired t-tests 
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comparing average deflection20 of narratives that participants received (link n – 1) to 

their reproduced version (link n). Average deflection steadily declines over the course of 

the transmission chain. These results provide strong support for the study’s overarching 

proposition: individuals tend to construct narratives that increase cultural consistency, 

as represented by the reduction of deflection.  

Table 3.1: Paired t-Tests Comparing Average Defection in Link n to Link n – 1 

Link 

Average 
Narrative 
Deflection 

Average 
Difference 

from 
Narrative 
Received 

 
 
 
 
t 

 
 
 

 
df p (two-tailed tests) 

Original 9.331 -- -- -- -- 

1 6.563 –2.768 –19.08 49 0.000 

2 5.820 –0.743 –3.79 49 0.000 

3 5.391 –0.429 –1.97 49 0.054+ 

4 4.943 –0.448 –2.05 49 0.045 

+ p < .05 (one-tailed test). 

 

I conducted additional analyses (not shown) to ascertain whether the use of high- 

and low-deflection statements varied by various demographic characteristics of 

participants. Results showed no significant variation in the amount of low-deflection, 

                                                        

20 Calculated as the sum of deflections of all event statements the participant used divided by the number of 
event statements the participant used. 
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high-deflection, or total statements used by race, gender, political party, education, 

income, age, or recent experience with unemployment.21 This indicates that the 

deflection-reduction, cultural-consistency bias found here is likely a general social 

psychological tendency. 

3.4.3 Robustness Check Analyses 

I conducted further analyses to ensure the deflection-reduction tendencies observed here 

represent the meaning maintenance processes of interest and were not the result of 

random forgetting or variation in narrative quality. As noted in the theory, drawing on 

preexisting cultural schemas to fill in forgotten details is a primary mechanism through 

which schema-consistency bias is generated (Sperber 1996; Kashima 2000; Sperber and 

Hirschfeld 2004; Mesoudi and Whiten 2008). Thus, the goal of these analyses is not to 

rule out the impact of all recall errors on deflection-reduction. Rather, the goal is to rule 

out that undirected, meaning-independent errors in participants’ retellings could 

produce the observed levels of deflection-reduction.  

To test for this alternative (less theoretically interesting) possibility, I use the 

Levenshtein distance between participants’ narratives and the narratives received as 

                                                        

21 Analyses used multi-level Poisson models (with individuals nested within chains, and with random 
intercepts at the chain level) for counts of statements by deflection level. Participants who had a recent 
experience with unemployment (either directly or through a close friend/family member) included slightly 
more high-deflection transformed statements; however, these statements represented a very small number 
of transformed statements, and these participants did not differ significantly from other participants in the 
final total number of high- and low-deflection statements they used. 
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indicator of random, meaning-independent error in participants’ retellings (Brashears 

and Gladstone 2016). Levenshtein distance is a natural language processing measure of the 

character-edit distance between two strings, calculated as the fewest number of edits—

that is, character insertions (form à forum = 1), deletions (house à hose = 1), or 

substitutions (mug à pug = 1)—needed to transform one string into the other. Because 

the edit distance is measured character by character, it provides a context-free measure 

of the amount of error in a participant’s reproduction.22 

I use two-level multi-level linear regressions (with participants nested in chains) 

to test for the association of random error in a participant’s narrative with (1) the 

average deflection of that participant’s narrative and (2) the change in average deflection 

from the narrative received to the participant’s narrative. If any memory-based 

omissions or changes to narrative content would necessarily produce the observed 

narrative deflections and reductions in deflection—indicating that random memory 

error, rather than the schema-consistency-based processes of interest, could be driving 

these outcomes—then I would expect the Levenshtein distance (the measure of this sort 

of error) to be significantly, negatively associated with the narrative deflection and the 

deflection-reduction outcome measures. By contrast, a lack of significant association 

between Levenshtein distance and these outcomes would show that random errors do 

                                                        

22 I calculated this variable using Stata’s strdist command (author M. Barker) and standardized it for ease of 
interpretation. 
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not produce the observed decline in deflection, providing support for the hypothesized 

consistency bias. 

Table 3.2: Multi-Level Linear Regressions of Levenshtein Distance on Participants’ 
Average Narrative Deflection and Average Change in Deflection from Narrative 
Received 

  
Average 
Narrative 
Deflection 

Average 
Change in 
Deflection 
from 
Narrative 
Received 

Levenshtein Distance 
(standardized) –0.160 –0.028 

 (0.170) (0.167) 
Link 2 –0.950** 1.988*** 

  (0.328) (0.352) 
Link 3 –1.462*** 2.288*** 

  (0.394) (0.411) 
Link 4 –1.954*** 2.26*** 

  (0.431) (0.446) 
Constant 6.771*** –2.731*** 

  (0.313) (0.293) 
n 200 200 

Note: Standard errors are in parentheses. Link 1 = reference. Models are two-level models with participants 
nested within transmission chains; chain-level intercepts are not shown. 
*p < .05, **p < .01, ***p < .001. 

 

Table 3.2 shows that error in participants’ retellings (as measured by Levenshtein 

distance) is not significantly associated with the average deflection of participants’ 

narratives, nor is it a significant predictor of the change in participants’ average 

narrative deflections from the narrative versions received. These results indicate that 

random recall errors in participants’ retellings are not responsible for (and do not 
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inevitably produce) the changes in deflection observed here. Having established this 

general deflection-reduction tendency, in the following sections, I examine the two 

deflection-reduction mechanisms hypothesized to generate the overall decline in 

deflection. 

3.5 Selection-Based Mechanisms 

3.5.1 Analyses 

The first hypothesized deflection-reduction mechanism (H1) predicts that participants 

will tend to retain low-deflection statements and lose high-deflection statements in their 

narratives. In this portion of the analyses, I first look descriptively at the relative 

amounts of low- versus high-deflection content from the original narrative that 

participants included in their own narratives, in order to show what information from the 

original narrative was available to participants to transmit at each stage of the chain.  

Then, in the formal analyses, I use mixed-effects multi-level logistic regression 

models to examine the impact of a statement’s deflection on that statement’s propensity 

to be maintained, transformed, or included (that is, maintained or transformed, rather 

than lost) in that participant’s reproduced narrative. I use three-level models (with 

statements nested within participants nested within transmission chains) and include 

random intercepts at the participant and chain levels to account for baseline differences 

at these levels. Because participants often transformed statements, and a given statement 

therefore may have increased or decreased in deflection by the time it was actually 
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received, I use a statement’s deflection as received by a participant (deflection in link n – 

1, measured continuously) as my main predictor. I include a squared term for deflection 

in link n – 1 in each model to account for potential nonlinear effects of deflection on a 

statement’s propensity to be transmitted. I also control for link position. 

3.5.2 Results 
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Figure 3.3: Average Number of LD and HD Statements Maintained and Included 

 Figure 3.3 presents average counts of low- and high-deflection event statements 

that were maintained (solid lines) and included (maintained or transformed; dashed 

lines) by participants from the original narrative. (Recall that maintained statements use 

the same Actor, Behavior, and Object as the original event statement, whereas 

transformed statements differ from the original event on one or more of these elements). 
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Contrary to H1, Figure 3.3 demonstrates that participants maintained very nearly 

identical numbers of low- and high-deflection statements from the original narrative. 

Instead, participants were much more likely to include statements stemming from 

originally high-deflection statements in their own narratives. The difference in 

transmission rates only becomes apparent after transformed statements are added to the 

statement counts (included counts = maintained + transformed counts). This indicates 

that participants were more likely to receive information stemming from originally high-

deflection statements, albeit in altered form. 

Figure 3.4 graphically presents results from multi-level logistic regression 

models for statements’ likelihood of being maintained, transformed, or included (rather 

than lost) as predicted probabilities (see Appendix 3.C for a table of the full results). 

Variables for deflection and deflection squared are statistically significant in all models. 

Because these models are restricted to statements that were present in link n – 1 in order 

to generate the predictor variables, results should be interpreted as a statement’s 

probability of being maintained, transformed, or included, given that the participant 

received the statement. 

Figure 3.4 shows that participants were more likely to maintain lower- than 

higher-deflection statements received from the original narrative. However, given that it 

was generally uncommon for participants to exactly maintain statements from the 

original narrative (either low- or high-deflection statements), these maintained, low-
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deflection statements comprise a very small proportion of participants’ narrative 

content.  
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Figure 3.4: Statements’ Predicted Probability of being Maintained, Transformed, or 
Included in Link n  by Deflection in Link n – 1 

 Instead, participants were far more likely to include higher- than lower-

deflection statements from the previous participant’s narrative. That the predicted 

probabilities of statement transformation map neatly onto those for inclusion illustrates 

that although participants were more likely to include (rather than lose) information 

stemming from higher-deflection events in their own narratives, these statements are 

also more likely to be transformations.  
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3.6 Modification-Based Mechanisms 

3.6.1 Analyses 

The second hypothesized mechanism (H2) predicted that participants would modify 

narrative content to increase cultural consistency by transforming initially high-

deflection statements to reduce deflection (H2a) and by adding new low-deflection 

statements (H2b). In this final set of analyses, I begin by describing changes in deflection 

resulting from transformations of original statements in order to establish whether these 

transformations tended to result in a decrease in deflection, generally.  

I then examine the link-to-link changes in deflection for transformed statements. 

I use multi-level linear regression models to assess the relationship between a 

statement’s deflection in the narrative a participant received and the change in 

deflection in the participant’s reproduced narrative (deflection in link n minus the 

deflection in link n – 1). Again, these analyses use three-level models (with statements 

nested within participants nested within transmission chains) and include random 

intercepts at the participant and chain levels.23 Following these regression analyses, I 

describe the specific types of statement transformations participants used. Finally, using 

a series of paired t-tests, I compare the relative number of low- versus high-deflection 

statements added by participants. 

                                                        

23 To construct the predictor and outcome variables, I limit these analyses to statements included in two 
consecutive links of a transmission chain. 
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3.6.2 Results 

3.6.2.1 Changes in Deflection 

 

Figure 3.5: Comparison of Deflections Resulting from Observed vs. Randomly 
Transformed Events 
The black reference line denotes no change in deflection. Dots above the line represent an increase in 
deflection compared with the original statement, and those below the line represent a decrease in deflection. 
 

 Figure 3.5 shows changes in deflection resulting from transformations of 

originally low- versus high-deflection event statements, by link position. Each dot 

represents a statement deflection; those below the reference line represent a decrease in 

deflection compared with the original statement, and those above the line represent an 

increase.  
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Nearly all (97%) of the 442 transformed statements that were originally high-

deflection resulted in a decrease in deflection compared with the original statements 

from which they were derived. Most (73%) of the 238 transformed statements that were 

originally low-deflection resulted in a slight increase or decrease in deflection (by less 

than 2 points) compared with the original statements.  

 As a robustness check to rule out that any transformations would necessarily 

result in deflections as low as those observed, I compare the observed deflections and 

changes in deflection with those resulting from randomly transformed events. The 

bottom right panel displays deflections resulting from 1,000 simulated event 

transformations, which are intended to be representative of changes in deflection that 

might occur as the result of randomly filling in missing information (as opposed to the 

schema-consistency–based reinterpretation or filling-in mechanism proposed here). To 

generate these comparison events, I randomly replaced the Actor, Behavior, or Object—

or two of these—of an original event from the pool of identities and behaviors that 

participants ever used in the study, given that these are those that seemed feasible to 

participants in the given context.  

Comparing the observed transformations in panels for links 1–4 of Figure 3.5 

with the random transformations shown in the last panel of Figure 3.5 shows that 

participants’ transformations of originally high-deflection events reduced deflection 

more often than would be expected by random chance. Additionally, participants’ 
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transformations of originally low-deflection event statements were less likely to increase 

deflection than would be expected at random. As confirmed by t-tests comparing 

observed with random transformations, observed transformations resulted in 

significantly lower deflections (M = 5.725, SD = 2.981) than randomly transformed events 

(M = 6.202, SD = 4.085; t(1,678) = –2.608, p < .01). Observed transformations also resulted 

in significantly greater decreases in deflection from the original statement (M = –3.043, 

SD = 4.171) compared with random transformations (M = –1.362, SD = 5.253; t(1,678) = –

6.977, p < .001). (See Appendix 3.C for the full table of results.) 

Having established this general tendency, I now examine the link-to-link changes 

in deflection resulting from participants’ transformations. Figure 3.6 plots predicted 

values from models estimating the change in deflection of statements from the previous 

link, given the deflection of the statement as received by the participant. Models and 

predicted results shown in the figure are separated by link position. (See Appendix 3.C 

for the full table of results and descriptive plots of the deflection change dependent 

variable.) 

As expected, model results show that participants tended to transform initially 

higher-deflection statements they received in order to reduce deflection. This tendency 

is consistent in link 1 (β = –0.608, p < .001), link 2 (β = –0.447, p < .001), and link 3 (β = –

0.427, p < .001); however, it becomes weak and non-significant in link 4 (β = –0.116, p > 

.05), likely because of the decreasing availability of high-deflection statements across the 
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chains. Only 27 high-deflection statements (including maintained, transformed, and 

added statements) remained among all narratives read by link 4 participants. 

 

Figure 3.6: Transformed Statements’ Predicted Change in Deflection by Deflection in 
Link n – 1 

3.6.2.2 Description of Statement Transformations 

To give the reader a sense of what these statement transformations might look 

like in practice, Table 3.3 displays examples of commonly used deflection-reducing 

transformation strategies along with resulting change in deflection for the examples 

shown. Of the 680 transformed statements included in participants’ narratives, most 
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(53%) involved a change of only one event element—the Actor, Behavior, or Object—

although sometimes participants changed two (39%) or all three (4%) elements. 

Table 3.3: Examples of Commonly Used Deflection-Reducing Transformation 
Strategies 

Strategy Type Original Event Deflection 
Example 

Transformation Resulting 
(n = times useda) 

   
Deflection 

Altering a Behavior 
Unemployed person, 
counsel, shoplifter 11.75 

Unemployed person, 
dissuade, shoplifter 4.90 

n = 336 
Unemployed person, 
help, salesclerk 12.99 

Unemployed person, 
tell something to, 
salesclerk 4.72 

  

Unemployed person, 
educate, police 
officer 12.99 

Unemployed person, 
tell something to, police 
officer 4.54 

  
Shoplifter, listen to, 
unemployed person 11.70 

Shoplifter, agree with, 
unemployed person 8.70 

Replacing Specific 
Identity with a General 
One 

Mother, accused, 
unemployed person 11.90 

Woman, accused, 
unemployed person 5.97 

n = 125 

Grandmother, 
harassed, 
unemployed person 12.76 

Woman, harass, 
unemployed person 7.84 

Reassigning an Action 
Unemployed person, 
applaud, shoplifter 14.52 

Passerby, applaud, 
shoplifter 9.63 

n = 51 
Mother, accused, 
unemployed person 11.90 

Customer, accused, 
unemployed person 5.78 

Mood Modification 
Unemployed person, 
kissed, employee 12.27 

Happy unemployed 
person, kissed, 
employee 7.06 

n = 36 
Unemployed person, 
kissed, employee 12.27 

Thankful unemployed 
person, kissed, 
employee 7.19 

aCounts shown represent the number of events using this strategy, resulting in deflection-reduction. These 
categories are not mutually exclusive; for example, a participant might alter a behavior and use a 
generalized identity. 
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Participants most commonly transformed event statements by altering the 

behavior (75%). This finding is consistent with previous research on event redefinition 

(Nelson 2006), indicating the relative stability of identities compared with behaviors in 

individuals’ reinterpretations of culturally inconsistent events. Changes of actors or 

objects were much less common (34% and 28%, respectively). The comparative stability 

of identities may be expected given the repetition of many identities within the narrative 

in contrast to behaviors, which were mentioned only once. In day-to-day experiences 

and interactions, we are also repeatedly exposed to others with stable identities—and 

identities tend to be more stable characteristics of people—while new behaviors are 

enacted moment to moment (Heise 2007). For this reason, redefinition of behaviors 

likely provided the least cognitively taxing route to deflection-reduction  

When participants transformed an actor or object, outright reidentification was 

uncommon. A small number of participants transformed statements to lower deflection 

by reassigning a behavior to a different actor or object from the original narrative. More 

often, actor or object transformations involved changes from specific identities to more 

general ones (e.g., mother à woman, or unemployed person à guy). MacKinnon and 

Heise’s (2010) Durkheim-Mauss taxonomy axiom proposes that identities exist in nested 

taxonomies that run from specific to general (e.g., mother à woman à human). 

Perhaps, then, moving up a level in the taxonomy (from the specific to general) may 

provide a means for reducing deflection without engaging in outright redefinition. 
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I conduct additional robustness check analyses to rule out that this sort of 

generalization is the result of purely undirected or unmotivated recall limitations rather 

than the schema-consistency, deflection-reduction processes of interest. In these 

analyses, I use a multi-level logistic regression model to assess the impact of (1) 

deflection of the statement in the narrative received (measured as continuous) and (2) 

Levenshtein distance between participants’ received and reproduced narratives (used 

here, again, as an indicator random, meaning-independent error in participants’ 

retellings) on statements’ propensity to undergo transformation from a specific to a 

general identity (controlling for link position).  

 If these generalizations are driven by deflection-reduction tendencies, as 

hypothesized here, we should expect to find a significant, positive association between a 

statement’s deflection in link n – 1 and the likelihood of transforming a specific identity 

in that statement to general identity in link n.  Conversely, if observed generalizations 

are simply the result of random, undirected recall errors, then we should expect 

Levenshtein distance (as an indicator of this sort of error) to be significantly and 

positively associated with likelihood of transforming a specific to general identity, while 

deflection in link n – 1 should have no effect.  

Results from this model found no significant association between Levenshtein 

distance and transformation from specific to general identities (β = 0.374, p = .282). This 

indicates that generalization is not associated with random error in participants’ 
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retellings. A significant, positive association between deflection in link n – 1 and 

transformation to general identity (β = 0.081, p < .01), however, shows that higher-

deflection statements were more likely to undergo specific to general identity 

transformations.24 Taken together, these results indicate that deflection-reduction, and 

not undirected recall errors, is motivating transformations from specific to general 

identities.25 

Finally, in addition to Actor, Behavior, and Object changes to events, participants 

sometimes attached mood modifiers to initially high-deflection statements in order to 

reduce deflection (6%). Although not a part of the original study design, affect control 

theory proposes (and is able to model) that individuals may modify identities with 

moods to make sense of social events and reduce deflection, as an alternative to actor 

relabeling (Averett and Heise 1987; Robinson, Smith-Lovin, and Wisecup 2006). The 

most frequent instance of this is related to the most commonly included high-deflection 

statement: “the unemployed person kissed the employee” (deflection = 12.27; 58% of 

participants included this statement in some form). Participants frequently added the 

prefix “the unemployed person was so happy” to their version of this statement; for 

                                                        

24I conduct similar analyses for behavior transformations, the most common type of event transformation. 
Results of these analyses similarly show that deflection, but not level of random error (as measured by 
Levenshtein distance), is associated with transformation from the original behavior to a new one. (See 
Appendix 3.C for the table of results.) 
25 General identity substitution would not inevitably decrease deflection regardless of event context. General 
identities, although often less strongly valenced than the identities they replaced, were not inherently more 
neutral, which would be required to produce an overall trend of deflection-reduction in the case of 
unmotivated shifts toward general identities. For instance, “woman” and “lady” are fairly good (E = 1.89 
and E = 2.56, respectively), and “man” and “guy” are fairly powerful (P = 1.76 and P = 1.70, respectively). 
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example, one participant stated, “The unemployed person was so happy that he kissed 

the employee before he left.” This alteration (to the happy unemployed person kissed the 

employee) reduces deflection by nearly half (7.06 for “happy”).  

As noted earlier, not all transformations reduced deflection. The most common 

increases involved the statement, “The unemployed person begged the salesclerk to 

believe he was innocent.” Participants often reinterpreted “beg” (E = –1.42, P = –1.85, A = 

–0.58) as “explain the situation to” (translated to “explain something to” [E = 2.22, P = 

1.80, A = 0.15] in the study dictionary terms) or “tell his side of the story to” (translated 

to “tell something to” [E = 1.06, P = 0.83, A = 0.52])—both of which are more good, 

powerful, and active behaviors than “beg.” However, participants also frequently 

modified these behaviors with the qualifier “tried to”; for example, one participant 

stated, “The unemployed person tried to explain the situation [to the salesclerk].” 

Perhaps behavioral qualifiers modify a behavior’s meaning, as mood modifiers do for 

identities (as described earlier). However, this is not a part of the current affect control 

theory model. 

3.6.2.3 Results for Added Statements 

Finally, in addition to transforming statements, I hypothesized that participants would 

add low-deflection information to increase the narrative’s cultural consistency. Table 3.4 

shows results from a series of paired t-tests, comparing the average number of high-

deflection (>8.5) versus low-deflection (<4.0) statements participants added by link. 
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Participants were unlikely to add either low- or high-deflection events to their narratives 

(many added neither). When participants did add event statements, they were, as 

predicted, significantly more likely to add low-deflection statements. This tendency 

holds for all stages of the transmission chains except link 1, and it generally increased 

over the course of the transmission chain.  

Table 3.4: Paired t-Test Comparing Average Number of Low-Deflection (LD) versus 
High-Deflection (HD) Statements Participants Added, by Link Position 

 Mean LD Mean HD t df p (two-
tailed tests) 

Link 1 .52 .30 1.85 49 .070 
Link 2 .68 .28 2.80 49 .007 
Link 3 .70 .16 4.31 49 .000 
Link 4 .48 .08 3.50 49 .001 

 

3.7 General Discussion 

In this study, I examine how one form of internalized culture and motivation—

fundamental cultural sentiments and deflection-reduction—affects the content of 

information shared in communication. I proposed that, in addition to acting to confirm 

preexisting, culturally shared affective and schematic understandings, individuals also 

tend to communicate narratives in ways that confirm these understandings. This process 

generates a cultural-consistency bias in narrative transmission.  

I proposed two possible mechanisms that individuals may use to reduce 

deflection and construct culturally consistent narratives: (1) selection-based mechanisms 

involving the selective maintenance of low-deflection statements and loss of high-
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deflection statements (H1); and (2) modification-based mechanisms involving the alteration 

of original narrative content to reduce deflection (H2)—either through the 

transformation of originally high-deflection events to reduce deflection (H2a) or the 

addition of novel low-deflection content (H2b). 

The results show support for the latter of these hypotheses. Contrary to the 

selection hypothesis (H1), participants were equally (un)likely to maintain low- and 

high-deflection statements from the original narrative and tended to include (that is, to 

retain rather than lose) more information stemming from initially high-deflection events. 

Perhaps culturally inconsistent, high-deflection information stands out to participants in 

comparison with more mundane, low-deflection information, in the way that “man bites 

dog” is more inconsistent with our understanding of the relationship between men and 

dogs but is more memorable than the more commonplace “dog bites man.”  

However, results also show—consistent with the study’s second set of 

hypotheses—that participants tended to transform the initially high-deflection events 

they included to decrease resulting deflection (H2a). This indicates that although 

culturally inconsistent, high-deflection information may be more memorable initially, 

cultural schema-consistency biases ultimately overpower this initial advantage as 

individuals tend to alter this information to make it more culturally consistent, in line 

with expectations from affect control theory and models of cultural cognition. 

Participants also increased the consistency of their narratives by adding more low- than 
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high-deflection information, in line with hypothesis H2b. Over the course of the 

transmission chain, these deflection-reduction tendencies decreased overall narrative 

deflection, supporting the study’s overarching proposition that individuals 

communicate narratives in ways that increase cultural consistency and reinforce cultural 

meanings. 

3.7.1 Scope Limitations of Results 

This study and its theoretical predictions focus on one form of information 

transmission—the communication of narratives between individuals—placing some 

limitations on the scope of the theory and results described. First, the predictions and 

results of this study speak only to the transmission of narratives or story-like 

information. Prior research indicates that a different process likely governs the 

transmission of discrete, context-free statements, which instead tends to favor schema-

inconsistency (for an overview of this work, see Kashima 2000:595) and encourage 

message diversification (Brashears and Gladstone 2016). This tendency likely occurs 

because isolated statements are not subject to two of the primary forces encouraging 

schema-consistency bias in narrative transmission: filling in or making sense of gaps in 

story detail lost in previous transmission or in one’s own recollection because of 

memory limitations (Kashima 2000; Mesoudi and Whiten 2008). Similarly, this study’s 

predictions are limited to instances where information is transmitted more than one step 

from the original source. Prior work shows that schema-inconsistency bias is often 
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greater in first- or single-step transmission (Kashima 2000), whereas schema-consistency 

wins out over repeated transmissions. Still, because individuals often discuss stories 

obtained secondhand (or beyond secondhand)—for instance, rumors, stories of friends 

of friends, social media discussions of news stories they have not personally read—the 

deflection-reduction, schema-consistency processes described in this paper applies to 

many forms of day-to-day communication. 

3.8 Contributions, Future Directions, and Conclusions 

This study represents the first attempt to integrate two prominent theories of culture 

and action in sociology: cultural cognition (Vaisey 2009; Lizardo and Strand 2010) and 

affect control theory (Heise 2007). It is also the first to extend insights from these action-

based frameworks to the communication-based processes involved in the cultural 

transmission of information—a previously understudied process in the field of 

sociology. As such, the results and arguments presented here stand to contribute to each 

of these fields, as well as to the discipline of sociology generally, in many ways. 

First, previous cultural transmission studies have tended to rely on informal or 

ad hoc measures of cultural or schema-consistency (such as stereotypes). Cultural 

sociology has similarly struggled to develop formal measures of culture and cultural 

consistency (Mohr and Ghaziani 2014). In this paper, I argue that cultural schema-

consistency can be parsimoniously modeled as affective consistency and thus that affect 

control theory’s concept of deflection provides a useful formal operationalization of 
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cultural schema-consistency. In support of this argument, results from the statement 

pretest demonstrate that an event’s deflection has a strong, inverse relationship to 

perceptions of that event’s cultural consistency. Though this test was limited to the 

statements considered for use in the transmission study, future research should expand 

to test wider array of event statements. Because deflection has the dual benefit of being 

language-based as well as quantitative, this operationalization is likely to prove 

powerful for future research, given its natural synergy with the budding field of 

computational sociology and growing interest in “big data” and text-analysis methods 

(Bail 2014). Alhothali and Hoey (2015) recently made huge strides in this direction, 

implementing natural language processing-based solutions to two of the more time-

intensive human coding processes in the present study: (1) extracting Actor-Behavior-

Object events from text data (using grammar tree parsing), and (2) handling out-of-

dictionary terms (developing a method to estimate EPA values for out-of-dictionary 

terms from known values of related terms). Using these methods, future studies will be 

able to extend the insights of this study to examine more “organic” communication 

processes—for example, the relationship of the processes described here to the 

production of ideological echo chambers on social media. 

This implementation of deflection as a measure of cultural schema-consistency 

will further contribute to cultural transmission research by paving the way for future 

studies aimed at better understanding internal motivations generating cultural-
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consistency bias. Past research in this field has tended to focus on other-driven 

motivations for consistency, often using artificially generated stereotypes (precluding 

their internalization). Although inter- as well as intra-individual mechanisms likely 

underlie cultural-consistency bias, understanding internal mechanisms is crucial to 

avoid the conception of people as wholly externally determined, which is another form 

of oversocialization (Wrong 1961). Understanding both forms of motivation will also 

ultimately be required to combat the reproduction of cultural-consistency biases. Still, 

although deflection-reduction by its theoretical nature is an internal motivation, this 

study is unable to empirically adjudicate whether the initial benefits of higher levels of 

deflection for transmission is the result of greater memorability (an internal dynamic) or 

perceived interest value to others (an external motivation). Future experimental work 

manipulating participants’ knowledge of involvement in a transmission chain or 

knowledge about characteristics of the recipient of their narrative could more 

definitively test which is the case. 

Similarly, although cultural cognition scholars frequently acknowledge the likely 

important role of affective processes in schema-based cognition, this research has yet to 

formally incorporate affect in theory or measurement. Previous affect control theory 

research (Heise 2007; Heise and MacKinnon 1987) also suggests, but does not test, that 

there are likely cognitive as well as affective components to consistency. In this paper, I 

set out to bridge this cognitive-affective divide. I draw on Schröder and Thagard’s (2013) 
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work in the cognitive sciences to outline a model of the relationship between affect and 

cognition in schema-based processes, as well as their relationship to consistency bias, 

through the mechanism of deflection-reduction. While Schröder and Thagard’s own 

extensive cognitive simulation-based tests provide support for their cognitive-affective 

model, I do not test it here. To improve our understanding of the relations between these 

processes, future research is needed to develop conceptual-level measures of cognitive 

schemas in order to test the contribution of each to the production of schema-

consistency. 

This study also contributes to an understanding of the cognitive portion of the 

affect control model—particularly with regards to definition-of-the-situation processes. 

Consistent with previous research (Nelson 2006), I find evidence of the stability of 

identities. When faced with culturally inconsistent, high-deflection statements, 

participants tended to reduce deflection by redefining behaviors or adding mood 

modifiers. Changes to identities were much less common. This suggests that identities 

play a key role in individuals’ initial definition of the situation and may be resistant to 

change even in the face of deflecting information. This finding has important 

implications for our understanding of stratification processes, particularly with regard 

to understanding the difficulties individuals face in attempting to overcome stigmatized 

identities on the one hand (Link and Phelan 2001) and the potentially protective powers 

of high-status identities on the other (Wahrman 2010). Future research should test 
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whether this study’s findings hold for narratives centering on high-status individuals 

and narratives in other contexts with other stigmatized identities. 

Finally, taken altogether, results from this study show that predictions from 

cultural cognition and affect control theory regarding actions and meaning maintenance 

apply not just to personal action but also to narrative construction in communication. 

Despite the crucial role of information transmission in all human interactions (Sperber 

2011), the field of sociology has largely ignored cultural information transmission 

processes or (when it has addressed these processes) has often assumed that 

transmission is complete and error-free (Lizardo 2015). Results of this study show not 

only that information is prone to change as it is shared in communication but also that 

changes to information in transmission tend to be driven largely by cultural-consistency 

biases rather than purely random copying error. Although prior cultural transmission 

research (Sperber 1996; Kashima 2000; Sperber and Hirschfeld 2004; Mesoudi and 

Whiten 2008) indicates that copying error itself reflects schema-consistency bias, I am 

unable to test this claim here.  

With this research, I hope to encourage future sociological work aimed at 

understanding cognitive and schematic processes contributing to systematic biases in 

information transmission. In this paper, I examine the effect one sort of cultural-

consistency bias (affective consistency with shared cultural sentiments). One fruitful 

avenue for future research might be to examine the effects of subcultural variation in 
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sentiments (Heise 2007) on polarization processes (Baldassarri and Bearman 2007) or 

frame resonance (Benford and Snow 2000).  

Previous cultural transmission research finds that individuals are prone to 

schema-consistency bias in communication and that this bias often reinforces 

problematic cultural biases, such as stereotypes. This study provides an important first 

step toward understanding the impact of internalized cultural sentiments on 

information transmission. By helping sociologists understand the mechanisms involved 

in the cultural-consistency biases in information transmission, this and similar future 

research promises to improve our understanding of how cultural cognition and affect 

control principles may help construct culturally effective messaging aimed at 

overcoming such biases. 

 

 

 

 

 



 

94 

4. Mapping Cultural Schemas: From Metaphor to Method 
 

Cultural sociologists have long debated whether and how sociologists ought to go about 

measuring culture (Fine 1979; Schudson 1989; Jepperson and Swidler 1994; Ghaziani 

2009; Mohr and Ghaziani 2014). In his influential review article, DiMaggio (1997) 

pointed out the barriers these operationalization issues pose to cultural sociology as a 

cumulative theoretical enterprise. As a corrective, he proposed that operationalization 

(and theorization) in cultural sociology stood to benefit from incorporating insights from 

the cognitive sciences regarding cultural processes. Arguably the most influential export 

from this work has been the schema concept, which now holds a central place in current 

theory and research in cultural sociology (Lizardo 2004; Vaisey 2009; Lizardo and Strand 

2010; Martin and Desmond 2010; Goldberg 2011; Bail 2014).  

However, this increased prevalence of schema-related research has not been 

indicative of a coherent or cumulative line of research and theorization in cultural 

sociology (Patterson 2014). Drawing on connectionist models of schemas in cognitive 

psychology and anthropology (D’Andrade 1995), DiMaggio originally defined schemas 

as cognitive “representations of knowledge and information processing 

mechanisms…(that) entail images of objects and the relations among them” (1997: 269). 

Recent research tends to maintain some version this connectionist theoretical definition 

(for instance, more recently Vaisey defines schemas as “unconscious networks of neural 

associations that facilitate perception, interpretation, and action,” 2009: 1686); however, 
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schema-based studies in cultural sociology have continued to be plagued by the same 

operationalization difficulties as cultural sociology at large. While schemas have 

provided a useful conceptual tool to push forward sociological theorization of culture, in 

practice there remains significant disconnect between how researchers understand and 

theoretically describe schemas on the one hand, and how they are measured on the 

other.  

Instead, schema indicators used in empirical research vary widely from study to 

study, as researcher tend to use proxy measures of schemas gleaned from existing 

survey data (for example, general cultural beliefs as indicators of moral schemas in 

Vaisey 2009, measures of response latency as an indicator of schema-consistency in 

Martin and Desmond 2010, or patterns of correlations among beliefs measures as 

representations of shared schemas in Goldberg 2011). Little research has been devoted to 

explicitly collecting data on the underlying cognitive associations we theoretically 

expect should comprise schemas (although see Ignatow 2009 for a text-analysis based 

approach for indirectly estimating schemas from existing text corpora). This reliance on 

proxy measures and existing data has served to limit cultural sociologists’ ability to 

explicitly test existing hypotheses regarding the form and function of cultural schemas, 

which have instead tended to be assumed (Pugh 2013). By contrast, having the ability to 

collect data regarding cultural schemas directly from individuals, promises to increase 

the flexibility and variety of schema-related research. More importantly, however, it 
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promises to facilitate the empirical test of schema-related hypotheses, which is crucial 

for cumulative theory building. 

The primary goal of this study, then, is to develop and test a new concept-

association based method for collecting schema data from individuals, as well as a 

corresponding concept network measure of cultural schemas that is consonant with the 

connectionist models upon which current sociological schema theory is based (Clark and 

Millican 1996; Strauss and Quinn 1997; Kitayama and Uskul 2011). While the method I 

propose is content agnostic (and so could be used to study schemas in any domain of 

interest to the researcher), as an initial validation test case for this method, I examine 

U.S. liberal and conservative schemas of poverty. I chose this case for two reasons. First, 

extensive sociological research on this topic (DiMaggio et al 1996; Manza and Brooks 

1999; Gilens 2000; Baldassarri and Gelman 2008; Merolla, Hunt, and Serpe 2011) 

provides a useful baseline for comparing this study’s results, in order to gauge the 

method’s ability to capture expected patterns of associations and between-group 

differences. Further, the fact that this topic has been examined by recent sociological 

schema research (Martin and Desmond 2010; Goldberg and Baldassari 2014), will allow 

for evaluation of the added utility of this study’s schema measure compared to 

measures used in previous studies (to be examined in a future study).  

In what follows, to lay the groundwork for what a measure of schemas should 

look like, I begin with an overview of the schema concept and schema theory in the 
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cognitive sciences, as well as recent sociological work on measuring schemas. I then 

describe the concept-association task used to collect data on individuals’ schemas and 

method used to estimate shared cultural schemas from individual participants’ schema 

association data. Following this, I present the study analyses and results in three steps. 

In the first set of the analyses, I use cultural consensus analysis (Romney et al. 1986; 

Romney et al 2000; Oravecz et al. 2014) to estimate the shared, cultural schemas for the 

liberal and conservative groups from the individual level concept-association data I 

collected using the proposed method.  

In the second step, I then examine between-group differences the cultural 

schemas estimated in step 1, in order to determine whether the proposed method is able 

to capture expected differences based on prior research. Results from this portion of the 

study indicate that the method is able to capture expected patterns of associations for 

each group in terms of individual- versus structural-level factors associated with 

poverty by each group. In this set of between-group comparison-based analyses, I also 

demonstrate how the concept network schema representations resulting from this 

method can be used to operationalize two cultural concepts of interest to sociologists: 

relational meaning (Mohr 1998), measured in terms of structural equivalence, and 

cultural anchors (Ghaziani and Baldassari 2011), measured as network centrality. These 

analyses show that similarly central (anchoring) concepts in both schemas can be 
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characterized by different relational meanings, highlighting the importance of 

considering contextual meaning in studies of cultural schemas.   

Finally, as demonstration of how this method can be used to test schema related 

hypotheses, in the third set of analyses I test whether the partisan differences in schema 

structure (found in the previous set of analyses) are predictive of partisan differences in 

government policy preferences, when internalized at the individual level. Results of 

these analyses show that participants’ whose poverty schemas most closely resemble the 

conservative cultural schema are more likely to hold conservative government spending 

preferences (preferring decreased spending on programs related to poverty). This 

finding provides empirical support for previously untested hypotheses regarding the 

relationship between schemas and beliefs. I conclude by discussing how the ways of 

measuring cultural schemas proposed here may be extended and used in future 

research, to work towards a better understanding of schemas and their role in cultural 

processes.  

4.1 Background and Theory 

4.1.1 Schema Theory and Research 

Perhaps the most prominent touchstone in schema-related research in cultural sociology 

is Strauss and Quinn’s A Cognitive Theory of Cultural Meaning (1997). Like the DiMaggio 

review published in the same year, Strauss and Quinn argue that understanding 

schema-based cognitive processes is key to understanding cultural processes, especially 
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with regards to culture as shared knowledge, information, or meaning. In particular, 

they stress the importance of distinguishing between older, symbolic processing models 

of cultural schemas—which lack basis in (or even congruency with) cognitive 

processes—and newer connectionist models—which do attempt to provide an account of 

schemas and meaning consistent with insights from cognitive psychology, neuroscience, 

and computer science regarding human cognitive structures and processes (Strauss and 

Quinn 1997: 58; Churchland 1995; D’Andrade 1995; Smith and DeCoster 1999).  

Drawing on this connectionist model, they argue that rather than being 

comprised of discrete symbols or propositional statements (as in the alternative 

symbolic processing model of schemas), cultural knowledge and meaning is instead 

implicit in networks of links among many neurons (or more accurately, among many 

neural networks, since any single concept is comprised of a configuration of neural 

associations). In this model, meaning (and knowledge based upon meaning) is encoded 

in the associations between these neural units. These weighted associations are 

developed and adjusted as a result of repeated experience over time. Simultaneous 

activation of concepts caused by seeing or experiencing them in conjunction with each 

other leads to strengthened weights between the concepts. In turn, these increased 

weights also increase the likelihood that one will be activated, perceived, or expected, 

given that the other is—regardless of its actual presence. In this way, the cognitive 
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schemas we hold influence our memories of the past, interpretations of the present, and 

expectations about future situations.  

This connectionist model (which has continued to find support in more recent 

research in the cognitive sciences Kitayama and Uskul 2011; Schroder, Stewart, and 

Thagard 2014; ojalehto and Medin 2015) differs from the still commonly cited symbolic 

processing model if schemas (popularized in sociology by Sewell 1992)1, particularly 

with regards to its conceptualization of the nature of meaning. Rather than being a 1:1 

mapping between discrete, internalized, symbol-based statements and external objects 

or entities (as in the symbolic processing model), meaning in the connectionist model is 

fundamentally relational—bound up in the associations among the other concepts and 

conceptual networks to which a given concept is closely associated (Carley and 

Palmquist 1992; Emirbayer 1997; Mohr 1998). In this connectionist model, meaning does 

not exist in folk-psychological sense of complete, symbol-based statements, readily 

available to be called up in exact replica form by an individual at a given moment 

(Lizardo 2013). Rather, it is implicit in these many schema-based associations; ready to 

be constructed (and reconstructed) with each activation. 

As has been noted in prominent debate (Vaisey 2008; Swidler 2008; Pugh 2013; 

Vaisey 2014), this work on schema-based cognition has implications the study of other 

                                                        

1 And to some degree DiMaggio (1997), as he combines elements of both models (symbolic processing and 
connectionist) in his treatment of schemas. 
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cognitive elements of culture that are more traditionally of interest to sociologists; for 

instance, for the study of knowledge, attitudes, or beliefs, which are theorized as being 

predicated upon schema-based meanings in this model (Strauss and Quinn 1997). And 

while researchers have made great strides in promoting the use of proxy schema 

measures in line with this connectionist model of cognition (Vaisey 2009; Martin and 

Desmond 2010; Srivastava and Banaji 2011; Cerulo 2014), more work is needed to 

examine the underlying structures of schemas themselves. 

4.1.2 Recent Advances: Relational Class Methods 

Work on relational class methods of measuring shared cultural understanding has 

begun to take steps towards a more serious consideration of the relational nature of 

schema-based cognition (Goldberg 2011; Baldassari and Goldberg 2014; Boutyline and 

Vaisey forthcoming). Rather than examining discrete beliefs or attitudes in isolation as 

indicators of schemas, these measures examine patterns of relations—or relationality—

among beliefs or opinions reported by survey respondents. Goldberg, defines 

relationality in this sense as “the extent to which two individuals exhibit a similar 

pattern of association on measures of opinion on issues that constitute a particular social 

domain,” going on to state that: “it is interpreted as a shared understanding of the 

structure of that domain.” (2011: 1399, emphasis added). In this body of work, however, 

shared understanding need not be associated with shared belief—two people with 

opposing beliefs regarding particular issues are said to share a “schema”, so long as they 
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are in agreement regarding “the relative significance (of the issues) or dimensions along 

which this significance is scaled” (Goldberg 2011: 1398).  

Such assertions only hold, however, so long as the assumption is made that 

beliefs are the relevant level of measurement for the study of cognitive schemas. This 

assumption, however, ignores beliefs’ above-described second order status, as 

predicated upon more the more durable underlying associations among conceptual 

neural networks that comprise schema-based meaning (Strauss and Quinn 1997; Lizardo 

2013). Practically, taking beliefs as our relational units when measuring schemas risks 

masking the potential heterogeneity in cognitive, conceptual associations capable of 

producing the same relational logics among beliefs as captured by relational class 

methods. For example, in a relational class study of political attitudes, Baldassarri and 

Goldberg find that a third of respondent share an “Ideologue” schema, “organiz(ing) 

their political attitudes according to the conventional liberal-conservative ideological 

continuum”, (2014: 60). However, it’s easy to imagine how very different sets of 

underlying cognitive, conceptual associations might lead individuals to be positioned at 

the conservative or liberal pole of this relational logic of attitudes. It is these underlying 

conceptual associations—and their relationship to individuals’ beliefs—that I set out to 

examine with this research. I argue that measuring these associations is crucial in order 

to allow researchers to more directly test hypotheses about their relation to beliefs and 

actions. 
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4.1.3 A Final Hurdle: Estimating the Cultural from the Individual 

Finally, when considering how best to measure schemas, it is important to note that not 

all schemas are inherently cultural (Strauss and Quinn 1997). Because cognitive schemas 

are 1) internal to individuals and 2) built over the course of repeated experience, they 

may contain elements or associations that are unique to individuals (due to unique 

individual experiences). However, schematic associations are often largely shared by 

entire groups of culture, due to common past experiences in shared social structures.  

Because not all schemas are culturally shared, it is important that the schema 

measure proposed be able to distinguish the cultural from the idiosyncratic content of 

individuals’ schemas. To identify this shared, cultural content I take a “culture as 

consensus” approach, given the intuition that schemas (and cultural objects generally) 

are cultural to the extent that they are broadly shared among a defined group (Strauss 

and Quinn 1997; Zerubavel 1997; Martin 2000; Fine and Fields 2008; Patterson 2010). 

Sharedness—a by-product of within group in common social experiences and cultural 

transmission—is key, regardless of group size. In this culture as consensus approach, 

cultures may exist on varying levels from family cultures, to club/organization cultures, 

to professional cultures, to national cultures, where “a culture” is comprised of all 

cultural objects (beliefs, values, attitudes, meanings, knowledge, schemas, artifacts, 

practices, etc) largely shared by members of a defined group.  
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Operationally, rather than sampling whole populations and looking for variation 

in response patterns as in traditional survey-based cultural research that is aimed at 

population inference (and the newer relational class methods described above), culture 

as consensus research typically looks for agreement between respondents drawn from a 

targeted group regarding the cultural objects (e.g., beliefs, knowledge, attitudes, etc.) 

under study (Romney et al 1986; Heise 2010; Oravecz, Faust and Batchelder 2014).  

Agreement among respondents in the targeted group is seen as indicative of that 

group’s shared cultural understanding—where the responses with the highest levels of 

agreement are the shared, cultural responses for that group. Operationalizing culture as 

consensus in this way helps to overcome cultural sociology’s “amorphous mist” 

(Ghaziani 2009; Fine 1979) conundrum, allowing for increased formalization crucial for 

concerted hypothesis testing and thus cumulative theoretical development. 

4.1.4 The Test Case: Liberal and Conservative Schemas of Poverty 

With this study, I set out to develop a new concept association based method for 

collecting data about individuals’ cognitive schemas, and propose a corresponding 

approach for estimating and comparing shared cultural schemas using the concept 

association network data collected via this method. As a validation test case, I examine 

whether this method is able to capture expected differences (and overlaps) in liberal and 

conservative schemas of welfare and poverty in the United States. Extensive sociological 

research on liberal vs. conservative ideological differences in poverty beliefs and mental 
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models provides a useful baseline for comparing this study’s results, allowing me to 

gauge whether the method proposed here is able to capture known differences.  

Although social scientists have found little evidence for strong “Culture War”-

esqe (Hunter 1992) general mass political polarization hypotheses (DiMaggio et al 1996; 

Fiorina and Abrams 2008), differences in economic policy attitudes (particularly 

regarding government assistance) between self-identified political partisans are well 

documented (Manza and Brooks 1999; Evans 2003; Baldassarri and Gelman 2008).  

Additional research on partisan beliefs about poverty highlights that differences 

in support for government assistance are rooted in differences in beliefs about who is 

poor and why, particularly as this pertains to evaluations of “deservingness” of 

potential recipients (Goren 2003; Martin and Desmond 2010). This work finds that 

liberals are more likely to associate structural level factors with poverty (e.g., poor 

education systems, racism), while individual level factors (e.g., laziness, teen pregnancy) 

tend to be more salient for conservatives (; Robinson 2009; Weiner, Osborne, and 

Rudolph 2010). However, the distinction between groups should not be exaggerated. As 

Merolla, Hunt, and Serpe (2011) note, “individualism’s place as a stable and pervasive 

cultural belief that shapes the views of Americans at all social locations, alongside 

structuralist beliefs that are more variable and—depending on persons’ personal and 

group-based experiences—are “layered onto” an existing individualistic base,” (208). 

Based on this research, then, I expect to find overlap between the two groups’ schemas in terms of 
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associations to individual-level concepts, but that the liberals’ will be distinguished by greater 

associations to structural-level concepts, and conservatives’ by individual-level associations 

(although to a lesser degree). 

4.2 The Proposed Method: Design, Procedure, and 
Implementation in the Current Study 

4.2.1 Concept Association Task Design 

To collect data about individuals’ schematic associations, I use a simple concept 

association task, implemented online using Qualtrics survey software.2 I designed the 

task to combine elements of concept mapping methods used in cognitive psychology 

and education research to measure the impact of knowledge acquisition on cognitive 

structures (Clariana 2010) and rapid association, implicit attitude tests, designed to 

encourage participants’ automatic, schema-based responses (Srivastava and Banaji 2011; 

Shepherd 2011).  

In the task, participants are shown a series of concept pairs and asked to respond 

rapidly, according to their initial instinct, whether each pair was related or not. To 

facilitate this judgment (by casting a broad net by what is meant by “related”), they are 

further prompted that “concepts may be related 1) because one causes the others or 2) 

because they commonly go together in this context [of poverty in the US] for some other 

                                                        

2 Code to implement the method will be made available on request by the author after publication. 
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reason,” (e.g., that the relationship between the concepts need not be causal).3 See 

Appendix 4.A for an example screenshot from this task. 

To develop the list of concepts used in the association task for this study, I 

consulted the results of prior studies of Americans’ views of poverty and welfare (Gilens 

2000; Martin and Desmond 2010; Strauss 2012), with the goal of including those concepts 

this work has found to be most commonly associated with general cultural 

understandings of poverty and government assistance in the US. Because prior research 

indicates that concept level (i.e., individual vs. structural causes and correlates of 

poverty) is likely the important distinction between liberal and conservative groups of 

interest, when developing the list I worked to select equal number of concepts for each 

of three levels. In addition to 8 individual-level concepts (e.g., lazy, dropping out of 

school) and 8 structural-level concepts (e.g., job outsourcing, sexism), I also include 8 

“proximal” level concepts, which capture factors outside of the individual themselves 

but that are present in an individual’s immediate environment (e.g., attending bad 

schools, lacking role models).4 In addition to these, I also include 8 concepts related to 

demographic characteristics, in order to capture associations regarding who participants 

                                                        

3 When this instruction was not included in earlier implementations of the task in pretesting, many 
participants assumed the researcher was interested in casual associations, reporting in the survey debriefing 
that they struggled to determine whether the first concept in the pair caused the second. 
4 A recent study of American schemas of poverty (Homans, Valentino, and Weed forthcoming) also finds 
evidence for a proximal/neighborhood or “cultural” level set of perceived causes of poverty, distinct from 
individual and structural causes. 
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perceive as poor, resulting in a total of 32 concepts. See Appendix 4.B for full list of 

concepts by level. 

In the concept association task, participants were asked about all possible 

pairwise combinations of these concepts. In the present study, I exclude a handful of 

pairs of demographic concepts with other demographic concepts due to the non-logical 

nature of such pairings (e.g., ‘is being white related to being female?’). This resulted in a 

total of 490 concept pairs. Concept pairs were presented in random order and concept 

order within pairs was also randomized across participants, to prevent ordering effects. 

The Qualtrics survey instrument used to implement the concept association task also 

provides the researcher with ordering data and response time data (in milliseconds) for 

each concept pair. (However, these data are not analyzed in the present study). 

4.2.2 Study Sample and Recruitment 

This study was fielded online using Qualtrics Panels, an online respondent sampling 

service that recruits targeted samples for researchers interested in studying specific sub-

groups. Qualtrics’ recruitment efforts were targeted to core members of the partisan 

groups of interest—liberal Democrats and conservative Republicans. Because 

participants’ political partisanship was assessed at time of entry into Qualtrics’ sample 

pool (which may have been months or years ago), prior to entering the study, I also 

asked participants to respond to two screener questions in which they placed themselves 

on a standard 7 point political ideology scale and selected their political party 
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identification.5 Only individuals who self-identified as being a Republican and 

extremely conservative or conservative and participants who self-identified as being a 

Democrat and liberal or extremely liberal were allowed to participate on in the study. In 

this way, I recruited an initial sample of 504 participants, with roughly half the sample 

self-identifying as liberal Democrats (n=250) and half as conservative Republicans 

(n=254). 

To ensure data quality, in the analyses that follow I exclude data from 41 

participants who showed evidence of attempting to rush through the concept 

associations task too quickly (selecting the same response choice for nearly all items, 

completing the task in times well below expected thresholds based on pretests) or else 

not completing the task in one sitting (completing the task in times well above expected 

thresholds).6  

 

 

 

 

 

                                                        

5 Possible scale values were: Extremely Conservative, Conservative, Slightly Conservative, Moderate, 
Slightly Liberal, Liberal, Extremely Liberal. 
6These thresholds were under 12 minute or over 90 minute completion times for the association task, as well 
as reporting that fewer than 10 or greater than 440 concepts pairs were related. In addition to these, 
participants were required to pass 3 active participation check to be allowed to complete the survey. 
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Table 4.1: Sample Descriptive Statistics 

 
Democrats Republicans 

General Political Ideology 

Liberal 68.80% -- 

Strongly Liberal 31.20% -- 

Conservative -- 65.43% 

Strongly Conservative -- 34.57% 

Welfare/Poverty Views 

Liberal 66.49% -- 

Strongly Liberal 33.51% -- 

Conservative -- 74.61% 

Strongly Conservative -- 25.39% 

Demographic Characteristic 

Female 60.64% 68.39% 

White 80.85% 95.34% 

Black  9.00% 0.00% 

Hispanic 3.11% 4.26% 

BA Degree 46.28% 42.49% 

Income < 20K 17.02% 10.36% 

Income > 100K 7.98% 9.84% 

Average Age 46.97 52.25 

n 188 193 
 

Additionally, in the sets of analyses devoted to estimating and comparing the 

shared cultural schemas for the liberal and conservative groups, I exclude participants 

who later reported that their policy preferences regarding welfare and government 

assistance were inconsistent with their political group membership (for instance 
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individuals who generally identify as conservative Republicans, but self-identified as 

having liberal views regarding welfare and government assistance). This strategy 

intentionally excludes marginal members of liberal and conservative subcultures (e.g., 

Libertarians, “Blue Dog” Democrats), who are likely to deviate from the subcultures’ 

core schemas, when estimating the shared cultural schemas. I exclude 39 conservative 

participants and 43 liberal participants in this way.  (However, I reintroduce data from 

these participants in the final set of analyses that is focused on individual variation in 

schemas and its relationship to individuals’ beliefs). The final sample used for this 

portion of the analyses is comprised of 193 conservatives and 188 liberals. Table 4.1 

presents descriptive demographic statistics for the sample by political subculture. 

4.2.3 Study Procedure 

After selecting to participate in the study and completing the informed consent form, 

participants responded to a short open-ended prompt regarding their views about 1) 

why people become or remain poor in the U.S. and 2) how individuals who are poor 

differ from those who are not. These initial questions were included as a prime to 

activate participants’ relevant cognitive associations with poverty. Participants then 

completed the main concept association task described above. Following the association 

task, respondents completed a questionnaire regarding their support for poverty related 

government programs and spending, as well as a standard demographic questionnaire.  
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In the policy spending questionnaire, participants were asked whether they 

believed the government should spend more, less, or about the same amount a) 

generally on efforts to alleviate poverty and b) with regards to 15 additional types of aid 

or government programs—welfare, food stamps, unemployment insurance, social 

security, social security disability, TANF, Medicare, subsidized childcare, crime, 

Affordable Care Act/Obamacare, public schools, college aid, subsidized housing, 

assistance to blacks. These programs were chosen to include a mixture of universal aid 

as well as aid which specifically targets the poor, which have been included in recent 

studies of political polarization (Gilens 2000; Baldassarri and Goldberg 2014). Question 

wording is patterned after government spending questions used in the GSS, although 

not all the aid types above are included in the GSS measures. These measures are used 

in the final set of analyses, to assess the relationship between individuals’ schemas and 

their beliefs (here policy beliefs)—a relationship that is theoretically expected 

(D’Andrade 1995; Strauss and Quinn 1997) frequently asserted (Vaisey 2009; Lizardo 

and Strand 2010; Goldberg 2011; Goldberg and Baladassari 2014; Boutyline and Vaisey 

forthcoming) but which has not yet been empirically tested. 
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4.3 Analyses and Results Part I: Estimating Cultural Schemas 
using Consensus Analysis 

4.3.1 Analytic Strategy 

To estimate each group’s shared, cultural schema from the individual concept 

association data collected, I use cultural consensus analysis (Romney et al. 1986; Romney 

et al 2000; Stone-Jovicich 2011; Oravecz et al. 2014). This method was developed by 

researchers in cognitive anthropology (Romney et al. 1986) to estimate cultural 

consensus answers from individual responses in ethnographic research, using—as the 

name implies—a culture as consensus approach. In line with the consensus approach, 

the model’s basic assumption is that if researchers ask members of some group a series 

of questions regarding a particular domain, the amount of agreement in their responses 

can be seen as the product of group members’ of shared cultural understanding. Given 

this intuition, the model uses patterns of agreement on response items among 

participants to recover the “culturally correct” (or consensus) responses to the items 

under study.  

To estimate agreement between respondents, a respondent-by-respondent 

agreement matrix is first generated, where matrix entries are the correlations between 

each pair of participants’ response vectors. Next, the agreement matrix is submitted to a 

factor-analysis, where the first factor, which accounts for the largest portion of variance 

in participants’ responses, is interpreted as the “culture” factor. In order to determine 

whether cultural consensus exists within the group, the magnitude of the eigenvalues 
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from the first and second factors are compared. If the first is substantially larger than the 

second (3x larger being the rule of thumb) there is said to be cultural coherence; 

conversely, a small ratio indicates either the presence of multiple cultures in the sampled 

group or otherwise a lack of cultural agreement.7  

Respondents’ loadings on the culture factor are interpreted as measures of 

enculturation or as “competence” scores—that is, as a measure of how well a person’s 

responses correspond to the cultural ideal type. Finally, a cultural “answer key” is 

estimated for the response items used in the analysis, by weighting participants’ item 

responses by their enculturation scores (such that individuals who more often agree 

with other respondents—those who have higher enculturation scores—contribute more 

to the consensus answer key). 8  (For an in-depth description of the underlying statistical 

model of consensus analysis, see Romney et al [1986] and more recently Oravecz et al 

[2014].) 

In the case of the present study, the individual responses used in the consensus 

analysis are participants’ “related”(1) or “not related” (0) judgments for each of the 490 

                                                        

7 The traditionally used 3.0 eigen-ratio threshold, along with absence of negative competence scores, 
represent informal rules of thumb rather than a formal fit tests. Therefore, before beginning data collection 
for this project, I conducted a series of tests with simulated data (See Appendix 4.C for code and results) to 
determine the sample size I would need for each subcultural group in order to be able to derive the ‘correct’ 
cultural consensus answer keys, even where participants have low or imperfect enculturation. Results show 
that with 200 participants (even of relatively low enculturation), the model would be able to recover the 
correct answer key for a network of this size and density. 
8 Corrections are also made for guessing biases. In the traditional consensus analysis (Romney et al 1986, as 
implemented in UCINET), this bias is assumed to be uniform across respondents, although newer 
maximum-likelihood (Aßfalg and Erdfelder 2011) and Bayesian (Oravecz, Vandekerckhove, and Batchelder 
2014) methods allow for variation. 
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concept pairs from the association task.  I conduct two separate analyses—one liberals 

and one for conservatives—to estimate each group’s consensus answer key for the 

concept pair items. Finally, I use the answer keys resulting from consensus analysis to 

construct the concept association networks representing each group’s shared, cultural 

schema (where concept pairs with a consensus answer of 1 [“related”] are connected by 

a tie (association) in the concept network). 

4.3.2 Results 

Table 4.2: Consensus Analysis Results 

Enculturation 
Mean 

Enculturation 
Std. Dev. For 
Enculturation 

Min 
Enculturation 

Max 
Enculturation 

Eigen-ratio 

Conservative 0.436 0.164 -0.049 0.712 9.739 
Liberal 0.495 0.197 -0.602 0.782 11.009 

 

Consensus analysis results for each the conservative and liberal sub-groups 

(summarized in Table 4.2), show evidence of shared cultural understanding for 

members of each group. Each group’s eigen-ratio is well above the 3.0 threshold, and 

each group only contains one member with a negative enculturation score (another 

indicator of fit used in prior research).9 The liberal sub-sample has a slightly higher 

eigen-ratio, as well as slightly higher enculturation scores generally, indicating greater 

cultural coherence for liberals compared to conservatives. This finding corresponds to 

                                                        

9 Although ideally there should be no negative enculturation scores for model fit, model tests described in 
footnote 8 and Appendix 4.C show that it is possible for consensus analysis to recover the correct cultural 
answer key, even with poorly enculturated (low enculturation score) participants in the sample. 
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recent research, which suggests that contemporary conservatism in the US may be better 

characterized as a coalition of overlapping subgroups with shared interests, rather than 

a single monolithic ideology (Perrin, Roos, and Gauchat 2014). In this study, however, I 

focus on the overlapping (consensus) portion of conservatives’ schemas of poverty and 

welfare. Therefore, I use the consensus answer key results for each group from this 

analysis to construct the prototypical liberal and conservative cultural schema concept 

networks I use for the remaining analyses (Figures 4.1 and 4.2 in the following section’s 

results).  

4.4 Analyses and Results Part II: Locating Key Differences in 
Cultural Schemas 

4.4.1 Analytic Strategy 

After estimating each group’s cultural schema network, the second step in this study’s 

analysis then involved locating key differences and overlaps between these schematic 

networks, in order to determine whether this method is able to capture expected 

patterns based on existing research. Three types of differences are considered: 

differences in content, cultural anchors, and relational meaning.  

Content-based differences are the most straightforward of the three, and may 

occur when some concepts are present in either the liberal or conservative schema but 

absent in the other. For example, it may be the case that liberal schemas tend to contain 

more structural-level concepts while conservative schemas contain more individual-

level ones. Such concepts may be thought of as most distinctive between groups (Carley 
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1986). For a concept to be considered present in a subculture’s schematic network, it 

should have ties (associations) to one or more concepts in the poverty schema network. 

Still, concepts that are present in both groups schemas may not be equally 

influential to each groups’ understanding of poverty. Instead, highly central, well-

connected concepts, because in terms of schema-based cognition they are likely to lead 

to more activations and to be activated more often, are likely to be more important for 

individuals’ understandings of poverty than barely connected, peripheral concepts. For 

instance, although prior research indicates that both liberals and conservatives are likely 

to schematically associate individual-level causes with poverty to some extent, 

individual-level concepts may hold more central positions in conservative networks and 

thus exert more influence as cultural anchors for that group.  

Ghaziani and Baldassari (2011: 180) define cultural anchors as a core of central 

concepts, which “organize differences by providing a ’conceptual handle or 

peg‘(Benford and Snow 2000:623),” and can be used to “connect ideas and respond to 

external circumstances.”  Following previous research, to identify such anchor concepts 

I examine concepts’ network centrality (Carley 1986; Rackin 2013). I focus specifically 

here on eigenvector centrality (Bonacich 2007)—a measure of centrality on which well-

connected concepts that are connected to other well-connected concepts score the 

highest—as a measure of each concepts' role as connector among core, central concepts 



 

118 

(Ghaziani and Baldassari 2011; Bearman and Stovel 2000 use a similar measure—

Bonacich centrality).  

Finally, it is possible that a concept may be present and connected in both 

groups’ schemas, but be colored by a different relational meaning (and therefore be 

understood in very different ways) by members of each group. Therefore, I compare 

concepts’ relational meaning between partisan subcultures using structural equivalence 

measures (Lorrain and White 1971). In network terms, two concepts are structurally 

equivalent if they have identical associations to all other concepts in the network. In 

terms of relational meaning, we might think of the most structurally equivalent concepts 

for any given concept (that is, those that have the most similar relationships to other 

concepts in the network as that concept) as those most similar to that concept in 

associative or relational meaning (Mohr 1994; Mohr 1998). In these analyses, I measure 

degree of structural equivalence simply as the proportion of matched ties—both present 

and absent—between a pair of concepts in a schema network; it is a concept-by-concept 

pairwise measure. 

4.4.2 Results 

4.4.2.1 Content-Based Differences 

Figures 4.1 and 4.2 below show the conservative and liberal schemas of poverty 

resulting from consensus analysis. A tie between two concepts represents an answer of 

“Related” for that concept pair in the cultural answer key, while tie thickness represents 



 

119 

the proportion of respondents in that group who reported the relationship in their own 

association data. 10 Concept nodes are colored and shaped by level-type (individual, 

proximal, structural, and demographic characteristic), and layout is by 

multidimensional scaling (practically, this means that concepts with similar sets of 

associations should appear closer to each other in the graph). 

Beginning with the conservative poverty schema, I find that the network is 

characterized by a tightly connected core, which is nearly entirely comprised of 

individual- and proximal-level concepts (notably, having a bad upbringing, having parents 

on welfare, abusing drugs and alcohol, and committing crime). By contrast, structural-level 

concepts (like racism, sexism, and exploitation by employers) form a barely connected fringe 

in this network. Only three nodes are not connected to the main component in the 

conservative schema network—being male, being white, and lacking government safety nets. 

                                                        

10 Increased tie thickness in the liberal schema concept network compared to the conservative network 
indicates higher levels of agreement in general on concept associations among liberals, consistent with the 
findings of the results of the consensus analysis. 
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Figure 4.1: Conservative Cultural Schema of Poverty Resulting from Consensus Analysis 
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Figure 4.2: Liberal Cultural Schema of Poverty Resulting from Consensus Analysis 
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Contrasting the liberal schema network, I find that whereas the core of the 

conservative schema is comprised primarily of individual- and proximal-level concepts, 

the liberal schema network’s core is comprised primarily of structural- and proximal-

level concepts (e.g., starting from an unlevel playing field, working for low wages, and lacking 

job opportunities). However, many individual-level concepts are also strongly connected 

to the main component for this group. This is in line with expectations based on prior 

research that structural-level associations with poverty would exist alongside 

individual-level associations for liberals, rather than providing pure alternatives to 

these. Only two concepts are not connected to the main component of the liberal 

schema—being male and being white.  

Comparing the content of the two networks descriptively, there are large 

overlaps (Table 4.3 summarizes this descriptive information). Only one concept is 

included in the liberal but not the conservative schema—unsurprisingly, lacking 

government safety nets—and the correlation between the two networks is also relatively 

high (.59). Further, at the tie (i.e., concept association) level, the liberal schema shares 

67% of its ties with the conservative schema network, while the conservative network 

shares 86% of its ties in common with the liberal one. The asymmetry in this relationship 

is due to the fact that the liberal schema network contains more associations in it in 

general compared to the conservative network, as shown by its the higher average 

degree (average number of ties to each concept; 14.44 vs. 11.31 for conservatives) and 
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corresponding higher network density of the liberal schema network (proportion of 

possible associations that are present in the network; .47 vs. .37 for conservatives). 

Table 4.3: Descriptive Comparison of Cultural Schema Network Content 

 
Liberals Conservatives 

# of Ties 231 181 

Network Density 0.47 0.37 

Avg. Degree 14.44 11.31 
Proportion of Ties Shared by Other 
Group 0.67 0.86 

Concepts Not Included Male, White 
Male, White,  
Lack Government Safety Net 

 

Figures 4.3 and 4.4 contrast associations found in one schema but not the other. 

(The networks as displayed in these figures share a layout to facilitate comparison). 

Comparing the sets of ties that are unique to each group (those emphasized in black), we 

see that the liberal schema’s greater density is accounted for almost entirely by 

additional links to structural-level concepts, which are found at the top of the network 

graph (particularly lacking government safety nets, but also discrimination, racism, sexism, 

and exploitation by employers).  
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Figure 4.3: Liberal Schema with Liberal-Only Associations Highlighted 
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  Figure 3.4: Conservative Schema with Conservative-Only Ties Highlighted 
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Ties found only in the conservative network, on the other hand, are many fewer 

in number and tend to be to individual- and proximal-level concepts related to moral or 

characterological issues, found at the bottom of the network graph (such as being lazy, 

being dishonest, lacking role models, and having a bad upbringing). Taken together, these results 

are in line with expectations based on prior research that structural-level associations should be 

more salient for liberals than conservatives, while individual-level concepts should be important 

for both groups (given general American beliefs about individualism). 

Still, while the two groups schemas are similar in terms of content—that is, just 

comparing the presence and absence individual concepts in isolation—it is important to 

consider how the differences in associations shown here may impact the structure of 

each network. Although nearly all concepts tested are present and connected (to some 

degree) in both schema networks (lacking government safety nets being the sole 

distinguishing factor in this respect), not all concepts will be equally influential for both 

groups’ members’ understanding of poverty. For instance, even both liberals and 

conservatives associate individual-level concepts with poverty to some extent—

individual concepts may hold more central positions in conservative schemas and thus 

exert more influence as cultural anchors for that group (in line with expectations based 

on prior research). 
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4.4.2.2 Cultural Anchors and Centrality 

Following Ghaziani and Baldassarri (2011), I examine concepts’ eigenvector centrality to 

identify such anchor concepts. To this end, Figure 4.5 compares concepts’ relative 

centrality (standardized) in the liberal vs. conservative schema. Eigenvector centrality—

a measure of centrality based on a concept node’s connections to other highly central 

nodes—is interpreted here as concepts’ ability to act as a cultural anchor, influencing 

understanding of other concepts in the schema.    

 

Figure 4.5: Comparison of Concepts’ Eigenvector Centrality (Standardized) in Liberal 
vs. Conservative Schema 

Comparing centralities across groups by concept level, I find that, as expected, 

individual-level concepts tend to be more central for conservatives relative to liberals 

(above the reference line), while structural-level concepts tend to be more central for 
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liberals relative to conservatives (below the reference line). However, focusing on the 

very most central concepts—that is, those that might most feasibly be considered to be 

cultural anchors—there is still some overlap.  

Of the five most central concepts for each group, three—lacking job opportunities, 

working for low wages, and being poor—are among the most central concepts for both 

groups (as shown by their positioning in the top right of the figure, on top of the 

reference line). Of the remaining most central concepts, the concepts starting from an 

unlevel playing field and being chronically unemployed hold slightly more central positions 

in the liberal schema. Living in a bad neighborhood and abusing drugs and alcohol are 

stronger connectors in the conservative schema. While the conservative differences are 

in line with expectations (concepts about bad influences and individuals’ bad decisions), 

that being chronically unemployed (defined by the researcher as an individual-level 

concept) plays such a strong connecting role for liberals seems, at first, puzzling.  

Still, it may be the case that while some concepts are highly central in the schema 

networks of both groups, these concepts may carry different significance for each group. 

This is because it is possible that a concept may hold a similarly influential (central) 

position in both networks, but be connected to a very different set of terms for each 

group, and therefore be understood by group members in very different ways. For this 

reason, it is also important to consider between-group differences in concepts’ relational 

meaning. 
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4.4.2.3 Relational Meaning and Structural Equivalence 

Following prior work by Mohr (1994, 1998), I examine concepts’ relational meaning in 

terms of structural equivalence (where structural equivalence is measured as the extent 

to which two concepts share identical associations to all other concepts in the network). 

To demonstrate the potential of measures of structural equivalence to reveal between-

group differences in relational meaning, Figure 4.6 contrasts the most structurally 

equivalent concepts—that is, those with the most similar relational meanings—for 

conservatives (left) versus liberals (right) for each of four focal concepts.  

In the figure, numeric labels on concept bubbles represent the proportion of 

associations shared between that concept and the focal concept (which has no numeric 

label). The focal concepts examined include being poor and being a welfare recipient (as 

identities associated potential targets of government aid spending), as well as being 

chronically unemployed (which seemed oddly central in the liberal network) and starting 

from an unlevel playing field (which seemed oddly present at all in the conservative 

network).
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Figure 4.6: Comparison of Conservative vs. Liberal Relational Meaning for 4 Key Terms 
Figure displays concepts that share > 90% associations with the focal concept for that group (or the two concepts with highest similarity, if fewer than two 
concepts have similarity >90% to the focal concept)
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Results shown in Figure 4.6 highlight the peril of over-focusing on concept node 

centrality, by demonstrating some key differences that might be missed without 

examining measures of contextual or relational meaning. Starting with being chronically 

unemployed (which seemed to be oddly central in the liberal schema), the figure shows 

the partisan relational meanings for this term present a stark contrast. For liberals this 

concept is most similar in terms of relational meaning to concepts related to inequalities 

in one’s local environment (attending bad schools, lacking job opportunities), while for 

conservatives this concept’s meaning more strongly resembles that of concepts related to 

‘bad’ lifestyle choices (abusing drugs and alcohol, committing crimes). 

Comparing liberal versus conservative relational meanings for the concept 

starting from an unlevel playing field presents another contrast, which could perhaps be 

considered as presenting two different views of a ‘cycle of poverty.’11 For conservatives, 

relational meaning for this concept seems to mirror popular culture of poverty 

arguments, as it is most similarly connected to dropping out of school, living in a bad 

neighborhood, and having parents on welfare (also worth noting for interpretation, is that 

for conservatives having parents on welfare is most similar in terms of relational meaning 

to having a bad upbringing). By contrast, for liberals, starting from an unlevel playing field is 

                                                        

11 I also find evidence of this difference in preliminary analyses of participants’ responses to open-ended 
prompts at the start of the survey (regarding why people become or remain poor in the US). I plan to 
explore this issue in more detail in future analyses. 
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understood in terms of barriers to mobility in one’s environment (lacking job 

opportunities, working for low wages). I find similar, though less pronounced, contrasts for 

concepts related to identities of potential aid recipients (shown in Figure 6). 

Taken together, the results of these structural equivalence analyses indicate that 

there are some between-group differences in concept understandings that could be 

missed without consideration of contextual meaning, highlighting the importance of 

considering measures of structural equivalence and relational meaning in future 

semantic network studies.  

4.5 Analyses and Results Part III: Hypothesis Testing with the 
Proposed Schema Measure 

4.5.1 Analytic Strategy and Key Variables 

In the first two sets of analyses, I focused on estimating and comparing liberal and 

conservative cultural schemas of poverty. In the final set of analyses I test whether the 

partisan differences in poverty schemas found at the cultural level in the first set of 

analyses, are predictive of partisan differences in government spending policy 

preferences, when internalized at the individual level. If internalized schemas underpin 

individuals’ beliefs and preferences, as predicted by schema theory and asserted 

previous research, then I expect to find that individuals whose own poverty schemas are more 

similar to the conservative cultural schema will be more likely to have typical conservative 

government aid spending preferences, preferring spending decreases (and those with more liberal 

schemas, more liberal preferences, preferring spending increases).  
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4.5.1.1 Key Independent Variable 

I measure respondents’ schemas’ similarity to estimated cultural liberal and 

conservative cultural schemas in terms of proportion of matched associations to each. 

For example, a participant’s similarity to the liberal schema would be the proportion of 

concept associations on which their self-reported schema from the concept association 

task matched the liberal cultural answer key resulting from the consensus analysis.  

However, given the large degree of overlap between the liberal and conservative 

cultural schemas (as described in Part II of the analyses and results), to construct the 

final schema similarity variable that I use in the analyses, I subtract each participant’s 

similarly score for the conservative schema from their similarity score to the liberal 

schema. This results in a single measure that captures participants’ similarity to the 

uniquely liberal vs. uniquely conservative aspects of the schemas (as it is this difference, 

rather than the set of overlap between the two, that would be expected to influence 

partisan differences in spending preferences). Possible scores ranged from -.20 (for 

reporting all the unique conservative ties and none of the unique liberal ties) to .20 (for 

reporting all the unique liberal ties and none of the unique conservative ties). 

4.5.1.2 Dependent Variables 

I measure my main dependent variables, policy preferences, using participant’s 

responses to the government-spending questionnaire described in the study procedure, 

dichotomized to represent preference to increase (vs. keep the same or decrease) and 
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decrease (vs. keep the same or increase) spending (I include separate models for each 

outcome). In theses analyses I focus on participants preferences regarding the 5 most 

polarized spending types (those where liberal respondents tended to prefer increased 

spending while conservatives preferred decreased spending); these include spending on: 

welfare, SNAP (foodstamps), subsidized housing, assistance to blacks, and 

Obamacare/ACA.12 In addition to these policy preference variables, I also examine the 

association between participants’ schema similarity scores and their self-reported 

ideological position on issues of welfare and poverty (measuring using a 7-point scale, 

where “Extremely Conservative” = 1 and “Extremely Liberal” =7). 

4.5.1.3 Control Variables 

In these analyses, I control for political party (as a dichotomous variable for self-reported 

republican party affiliation), in order to ensure any relationship found between schemas 

and beliefs are above and beyond simple party-identification-based differences. I also 

control for standard demographic characteristics including: gender (using a 

dichotomous indicator for female), race (using a dichotomous indicator for white), age 

(measured in bins of 10 years from 19-100, treated as continuous for modeling 

purposes), household income (measured in bins of $10,000 from $0-100,000+, treated as 

                                                        

12 Participants were asked separately about spending preferences for “Temporary Assistance for Needy 
Families” (or TANF, the federal program that makes up the bulk of what is commonly referred to as 
“Welfare”) and welfare. However, preferences for TANF spending were not polarized. Instead, conservative 
respondents on average preferred to keep spending the same when the program was described using the 
TANF program name. Other programs that were less polarized tended to be less targeted in nature—for 
example, public school spending, Social Security, and Medicare). 
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continuous for modeling), and education (measured as a dichotomous indicator for 

having attained a bachelors degree or higher in education). Finally, I include a control 

measure to account for participants’ previous experience with poverty, measured as 

dichotomous indicator of whether the participant reported that they or a close family 

member or friend have had experience with poverty or government assistance. 

4.5.1.4 Modeling Strategy 

In this set of analyses I use logistic regression to predict participants’ likelihood of 

preferring increases and decreases in each of the five most polarized spending types. In 

these models I reintroduce data from the 39 conservative and 43 liberal participants 

excluded in the first two sets of analyses, due to self-reporting views about welfare and 

poverty inconsistent with their general ideological stance (e.g. liberal democrats who 

reporting having moderate or conservative views on welfare and poverty in response to 

a 7-point ideological scale item). I include these more moderate individuals in this set of 

analyses to ensure that the results are generalizable beyond strong partisan ideologues.13 

Sample descriptive statistics for sample including these participants are shown in 

Appendix 4.D. 

 

                                                        

13 Models including and excluding these individuals find substantively the same results in terms of relative 
effect size, significance, and direction. 
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4.5.2 Descriptive Results 
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Figure 4.7: Plot of Welfare Ideology by Conservative vs. Liberal Schema Similarity 

Points in the scatterplot are horizontally jittered to avoid overlap in plotting. Fewer participants are 
represented for the more moderate ideological positions (3-5), due to this study’s sampling strategy, which 
targeted strong partisans.  

 

Figure 4.7 descriptively plots participants’ partisan schema similarity scores by 

their self-reported conservative (-) versus liberal (+) ideological stance on issues of 

welfare and poverty. Each point in the scatter plot represents a single participant, and 

point color represents political party. Even within party there is variability in 

participant’s relative similarity to the conservative versus liberal schema. Republican 

participants’ similarity scores ranged from -0.176 to 0.137 (M= -0.046, SD=0.063), and 

Democrat’s scores ranged from -0.148 to 0.176 (M=0.031, SD=0.72). The figure also shows 

that the schema similarity measure is strongly associated with participant’s self reported 

conservative vs. liberal stance on issues of welfare and poverty, as expected. The 
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correlation between these two variables, while imperfect, is relatively strong 

(correlation=0.550, p=0.000).14 

Figure 4.8 plots the relationship between the conservative vs. liberal schema 

similarity measure and spending preferences for each of the 5 the most polarized types 

of government programs from the policy preference questionnaire.  The graphs show 

that, as expected, there is evidence of a positive association between the similarity 

measure and spending preferences. Spending preferences for each of the five policies 

increases along with individuals’ schemas’ similarity to the liberal cultural schema. 

Correlations between the similarity measure and spending preferences are also 

relatively strong, ranging from 0.464 for Obamacare to 0.540 for subsidized housing (p 

<0.000 for all). However, unlike the other four spending types, Obamacare spending 

preferences (perhaps unsurprisingly) seem to be driven primarily by party differences, 

with nearly all Republican participants on the “decrease” preference and nearly all 

Democrats on the “increase” preference, and fewer people of either party preferring 

spending be kept about the same. To account for such purely party-identity-based 

differences, I control for political party in the formal models that follow. 

 
                                                        

14 Additional linear regression analyses show that participants’ schema similarity scores (standardized in 
these models) are associated with demographic predictors that previous studies have shown to be 
associated with liberal vs. conservative ideological stances. Being a republican (β=-1.122, p<0.000) and 
having higher levels of income (β=-0.045, p<0.001) are associated with schema similarity to the conservative 
cultural schema, while having a bachelor’s degree or higher (β=-0.170, p<0.05) and having experience with 
poverty or government assistance (β=0.245, p<0.000) is associated with schema similarity to the liberal 
cultural schema. 
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Figure 4.8: Plots of Spending Preference by Conservative vs. Liberal Schema 
Similarity 

For each type of spending, 1= “Decrease Spending”, 2= “Keep Spending about the Same”, 3= “Increase 
Spending.” Points are colored by political party and horizontally jittered to avoid overlap in plotting. 

 

4.5.3 Model Results 

Figure 4.9 displays results from logistic regression models predicting participants’ 

likelihood for preferring increases and decreases in spending for the programs of 

interest (See Appendix 4.E for full regression tables). Each panel in the figure show 

participant’s predicted probability of holding the preference labeled at the top of the 
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graph at varying degrees of similarity to the liberal vs conservative cultural schema. I 

standardized the similarity measure in the formal models to ease interpretation.  

Increase Welfare Increase SNAP Increase Subsidized Housing Increase Aid to Blacks Increase Obamacare
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Figure 4.9: Results from Logistic Regression Models Predicting Spending Preferences 

As expected, I find that individuals whose internalized, individual schemas are 

more similar to the liberal cultural schema (those with higher values on the similarity 

measure) are more likely to prefer increased spending for each of the five spending 

types. Individuals with schemas more similar to the conservative schema, conversely, 

are more likely to prefer decreased spending. The exception to this is preference to 

decrease Obamacare spending, which is (again, perhaps unsurprisingly) not 

significantly associated with the schema measure after controlling for Republican Party 
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affiliation. With this exception, the schema similarity measure is a significant predictor 

of spending preference at the 0.000 level in all models.  

These results indicate that the partisan schema differences found in the first sets 

of analysis, when internalized at the individual level, are predictive of individual 

differences in policy preferences. That this relationship holds even when controlling for 

political party identification further supports that the relationship between schemas and 

preferences represents something above and beyond simple party-identity-based 

differences.  Taken together with the descriptive results, these results support this 

study’s hypothesis regarding the association between individuals’ associative schemas 

and government spending preferences, as well as schema theory’s general hypothesis 

about the schema-belief link. 

4.6 General Discussion 

In this study, I set out to develop and test a new method for collecting data about and 

measuring cultural schemas—a frequently invoked but not currently well 

operationalized construct in the sociology of culture. To do this, I combine insights from 

the connectionist model of schemas commonly cited by cultural sociologists (Strauss and 

Quinn 1997), with a culture as consensus approach to estimating shared culture 

(Romney et al 1986; Heise 2010), and insights from rapid association implicit attitude 

tests for measuring automatic cognition (Shepherd 2011) to create new method for 

collecting data about cultural schemas from individuals in a way that is consonant our 
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current theoretical models of schemas. Whereas prior sociological schema research has 

primarily relied on existing survey or text data (Ignatow 2009; Vaisey 2009; Goldberg 

2011; Goldberg and Baladassari 2014; Boutyline and Vaisey forthcoming), I argue that 

having a method for collecting data about schematic associations directly from 

individuals is crucial to allow sociologists to test—rather than assume as true—our 

current models of the form and function of schemas. 

In this spirit, the method I propose is content agnostic; the measurement 

instrument can easily be adapted to measure associations between any set of concepts in 

any domain of interest. However, as a test case for this initial study I examine 

differences in liberal and conservative schemas of welfare and poverty, as extensive 

previous research on the topic allows me to gauge whether the method is able to capture 

expected differences based on this work. In line with expectations based on this research 

(Gilens 2000; Robinson 2009; Weiner, Osborne, and Rudolph 2010; Merolla, Hunt, and 

Serpe 2011), I find overlap between liberal and conservative schemas in terms of 

associations with individual-level causes and correlates of poverty, along with greater 

number of structural-level associations for liberals and (to a lesser degree) more 

individual-level (and particularly morality-related) associations for conservatives.   

In a subsequent set of analyses, I demonstrate how the concept network 

representations of schemas produced using this method can be used to operationalize 

two additional cultural concepts of interest to sociologists: relational meaning, measured 
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in terms of structural equivalence (Mohr 1998) and cultural anchors, measured as 

network centrality (Ghaziani and Baldassari 2011). Cultural anchor analyses find 

expected patterns in terms of which sorts of concepts are generally more central for each 

group (individual-level concepts for conservatives, and structural-level concepts for 

liberals), but also overlap in terms of the very most central (or anchoring) concepts for 

each group. Structural equivalence analyses, however, show that although a concept 

may be similarly influential for the two groups’ schemas, it need not be influential for 

each in the same way. Instead, it may be associated with a very different set of concepts 

for each group, and therefore be understood by members of each group in very different 

ways. 

In the final set of analyses, I test whether the partisan differences in poverty 

schemas found in the preceding analyses are predictive of partisan differences in beliefs, 

when internalized at the individual level. Although this final set of analyses represents a 

shift in focus from the previous two, I include it as demonstration of how the method 

described here can be used to enable researchers to test current hypotheses about the 

form and function of schemas—focusing specifically here on the hypothesized (but 

currently untested) relationship between schemas and beliefs (Vaisey 2009; Lizardo and 

Strand 2010). Results of these analyses support this hypothesized relationship, showing 

that individuals whose schemas are more similar to the conservative cultural schema are 

more likely to espouse conservative government aid spending preferences and are also 
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more likely to self identify as having more conservative views on issues of poverty and 

welfare, generally. 

4.7 Future Directions and Conclusions 

Cultural schemas have become an increasingly important conceptual tool in sociology 

since the publication of Culture and Cognition (DiMaggio 1997). From cognitive 

psychology, by way of cognitive anthropology (D’Andrade 1995; Strauss and Quinn 

1997), cultural sociologists borrow the theoretical assumption that schemas are sets of 

cognitive associations that facilitate perception, motivate action, and shape beliefs, and 

use this as justification for using one method or theoretical explanation over another. 

However, in previous work it has been rare for sociologists to collect data on these 

underlying conceptual associations that we expect should comprise cognitive schemas—

or to test our assumptions about the relationship of these schematic associations to the 

things we argue they should matter for, like perceptions, actions, and beliefs (Pugh 

2013).   

My primary goal in conducting this research was to take an initial step in this 

direction, towards testing (and eventually extending) our current models of cultural 

schema-based cognition. The results of this study demonstrate the promise of the 

proposed method for this purpose. Still, as the first test of this method it is inherently 

limited in scope. To overcome these limitations future research could build upon and 

extend the findings of the present study in a number of ways. 
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First, in this study I intentionally set out to examine one set of cultural schemas 

(liberal and conservative schemas of poverty) where extensive research already 

provided strong expectations about what the resulting patterns of schematic associations 

should look like, so that I could determine whether the proposed method is able to 

recover those expected patterns.  While future research should continue to test this 

method’s ability to capture known content in schemas in other well-researched domains 

(for instance, gender schemas or class-based differences in parenting schemas), future 

work should also expand beyond the current study and use the method as a tool to 

explore new schemas in domains about which less is known. For example, future 

research using this method could be used to gain insights about partisan differences in 

newer policy arenas, such as net neutrality, where views may still be taking shape.15 

Conversely, if implemented in the context of a large, representative random sample, 

schema data collected using this method could be used to infer relevant constituent 

groups for such a policy (or any other domain of interest). This could be accomplished 

by inductively partitioning participants into groups based upon shared response 

patterns, in a manner similar to that currently used by Relational Class Analysis 

(Goldberg 2011).    

                                                        

15 For such studies of less-well-studied or newly emerging issues, researchers would not be able to rely on 
previous research to generate the list of concepts to use in the association task. In these cases, an additional 
step would need to be added to the research process to generate the lists, for instance by conducting an 
initial free-association or concept-elicitation task (e.g., Sharifian 2004) to discover salient concepts for 
inclusion in the final concept association task. 
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Similarly, this method could also be used to study schema differences between 

known but less well-studied or newly emerging groups. Examining between cohort 

differences in understandings religion, marriage and family, or politics, for instance, is 

likely to become increasingly important as millennials overtake boomers as the largest 

generation in the US (Fry 2016). Future research examining such differences using this 

method may be able to provide insight into overcoming barriers to communication 

between these or other groups, by identifying seemingly common cultural anchors that 

differ in their relational meaning.   

Future research should also move beyond the limitations of this initial study to 

continue testing current models of the relationship between culture and schema-based 

cognition. While the results of this study provide support for one such hypothesis—

regarding the relationship between schemas and beliefs—because my data are 

crossectional, I am unable to determine whether the association found represents a 

causal influence of schemas on beliefs (as the model would predict). Future longitudinal 

research focusing on schema change would be needed to more definitively establish the 

direction of this relationship, and to better understand how differences in cultural 

schemas and associated beliefs arise in the first place.  

For instance, by taking repeated schemas measures from individuals entering 

into new organizations or social groups, such research could determine how schemas 

become culturally shared—whether it is by a homophily-based process where 
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individuals are prone to select intro groups with others with whom they already share 

relevant schemas (McPherson, Smith-Lovin, and Cook 2001), or through a contagion or 

socialization process with group members’ schemas gradually changing to become more 

similar through repeated interaction overtime (Shalizi and Thomas 2011). Using the 

concept network-based measure I propose here, schema change could be directly 

operationalized as simply the addition or deletion of associations in the schema network 

and the corresponding changes in cultural anchors and relational meaning produced. 

Research in cultural sociology has long been plagued by a theory to 

measurement imbalance (Mohr and Ghaziani 2014). In turn, these difficulties with 

operationalization have prevented the cumulative theory building needed to demystify 

the notorious “amorphous mist” of culture (Fine 1979; Ghaziani 2009). With this study, I 

have set out to propose one potential method for measuring cultural schemas, one 

recently influential concept in cultural theory (DiMaggio 1997; Patterson 2014; Lizardo 

2017). By proposing this measure, I hope to lay the groundwork for future research 

aimed at testing (and eventually extending) our current models of schema-based 

cognition and its relationship to cultural phenomena. By no means do I mean to argue 

that this is the best or only path forward in this direction. However, such testing—using 

this or other similar measures—will ultimately be necessary to overcome the persistent 

theory to method imbalance in cultural sociology, and to facilitate the cumulative theory 

building currently lacking in the field. 
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5. Conclusions 
 

Each of the three preceding studies investigates different aspects of schema-consistency 

bias and its influence on information transmission processes. Prior to this research, 

Sociology as a field has paid limited attention to cultural information transmission as 

social phenomena. Instead, sociologists have tended to assume a more or less error-free 

transmission process in their theoretical models, where information is passed between 

actors (or from institutions or social structures to actors) with complete fidelity (Lizardo 

2015).  

This assumption stands in contrast to the findings of empirical research on 

transmission (including those of Chapters 2 and 3 of this dissertation), which 

consistently demonstrate that transmission tends to be error prone. Information becomes 

altered during transmission as details are lost due to individuals’ cognitive limitations in 

perception and memory, and as these missing details are filled in using schema-

consistent information (Sperber 1996; Mesoudi and Whiten 2008; Kashima and Yeung 

2010).  

In this dissertation, I investigate how schemas about poverty and unemployment 

are reproduced through such systematic biases in information transmission (Chapters 2 

and 3). I also propose and test new measures of cultural schemas (Chapter 4) and 

schema-consistency (Chapter 3) to facilitate future research in this vein.  
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In Chapter 2, I use a serial transmission experiment to examine how social 

psychological legitimation processes exacerbate schema-consistency biases in 

transmission, and how this in turn serves to perpetuate negative stereotypes (one type of 

cultural schemas) about the poor. Results of this study show that negative stereotype-

consistent material is amplified in transmission as participants rely on this information 

to justify adversities experienced by disadvantaged others.  

Chapter 3 builds on the insights from Chapter 2 in a second serial transmission 

study. In this study, I demonstrate that affect control theory’s measure of deflection 

provides a formal measure of information’s cultural schema-consistency, and that this 

measure is predictive of the changes that occur to information as it is transmitted. Study 

results show that while culturally inconsistent, high-deflection information experiences 

an initial boost in memorability, this information ultimately tends to be transformed to 

increase cultural consistency (reduce deflection).  

In Chapter 4, I develop a new concept-association-based method for collecting 

schema data from individuals. As a test case for the method, I examine differences in 

U.S. liberal and conservative poverty schemas. Study results show that the method is 

able to capture expected patterns of schematic associations for each group (overlap 

between liberal and conservative schemas in terms of individual-level associations, 

along with greater number of structural-level associations for liberals). They also show 

that differences in schema structure are predictive of individuals' policy preferences, 
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providing empirical support for previously untested hypotheses regarding the 

relationship between schemas and beliefs.  

Taken together, the studies presented in Chapters 2-4 advance current debates 

about measuring culture (Mohr and Ghaziani 2014) and about the cognitive and social 

psychological mechanisms underpinning cultural processes (Collett and Lizardo 2014). 

Future research should expand beyond that presented in this dissertation to continue to 

examine how schema-consistency biases and information transmission processes 

interact to reproduce cultural biases. Understanding the conditions under which 

schema-consistency biases are mitigated or exacerbated in transmission, will ultimately 

be crucial to understanding how to effectively combat such biases. 
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Appendix 2.A: Chapter 2 Study Narrative  
For statements that differ by condition: Positive outcome condition statements are 

[bracketed and italicized] below Negative outcome condition statements. Stereotype-

consistent statements are denoted by (SC) and stereotype-inconsistent statements by (SI). 

 
1. Introduction 
Eric is a Manufacturing Technician 
Who works at a small town textile mill. 
He is 28 years old, 
And has worked for the mill since he was in high school.  
 
2. Initiating Event 
While taking his afternoon cigarette break, (SC)  
Eric heard rumors from other workers about company layoffs. 
He had heard similar rumors before, however 
And returned to reading his business magazine for the rest of the break (SI)  
Later that day Eric was called into his supervisor’s office 
The supervisor told him he was being laid off, 
Because the mill could no longer afford his wages. 
On his way out, the supervisor handed him information about local job retraining 
programs. 
[However, the supervisor told him he would receive funds for job training as a part of his 
severance] 
Eric had considered going to college to become an engineer in the past (SI)  
But since he had not done very well in high school, the mill seemed to be his only option 
(SC)  
 
3. Internal Response 
Faced with losing his job of over 10 years, 
Eric began to worry about how his family would make ends meet. 
He was already behind on his rent (SC)  
And his daughter’s private preschool was expensive (SI) 
He thought about applying to another mill in the neighboring county (SC) 
But decided a new career would provide better opportunities for himself and his family. 
(SI) 
 
4. Attempt 
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The next day he went to the county Social Services office to ask about job training 
opportunities (SI) 
And also to apply for government assistance while he was between jobs (SC) 
He waited in the long line to sign up for a meeting with a social worker, 
And then sat down to fill out the eligibility forms while he waited. 
He tried to be as accurate as possible in his income and assets estimates (SI) 
 
After an hour, the receptionist called his name. 
The social worker looked over his forms and told him about a program for people in his 
situation 
Which would allow him to be certified in a trade in six months through the local 
community college 
The application form was long and intimidating 
Eric was tempted to forego his plan  
and draw unemployment until he could find a job that didn’t require training. (SC) 
However shortly before the deadline he decided to mail in his application. 
 
5. Consequence 
One month later he heard back from the training program at the community college. 
He learned that he had been accepted 
But that he had received no financial assistance, since all available funds has been 
distributed. 
He needed $2,000 to pay for the tuition before classes began 
And his credit score was too poor to request a loan (SC) 
He was sad because he had begun to look forward to going back to school (SI) 
But knew that he could not raise the money in time. 
He decided that he would try to apply again for the next cycle (SI) 
[He was already beginning to consider trying to apply again for the next cycle (SI)] 
But continue to draw his unemployment benefits while he looked for another job (SC). 
[And just continuing to draw his unemployment benefits while he looked for another job (SC)] 
His family was disappointed when they found out. 
[But remembered the retraining funds offered by his former employer at the mill.] 
 
6. Conclusion 
Eric searched for the next few months without much luck. 
[The retraining fund from the mill covered the full cost of tuition.] 
Although working made little sense when it seemed that he could earn as much on 
unemployment (SC) 
[Although the hard work made little sense at first when it seemed that he could earn as much on 
unemployment (SC)] 
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He continued to fill out applications each day. (SI) 
[Eric soon came to love his new classes on Information Technology and excelled in most, (SI)]  
He hopes to have the chance to go back to school soon (SI) 
[He even had a job offer in the field even before he completed his certification (SI)] 
But the longer he waits, the less appealing this seems (SC). 
[Still, he sometimes misses his old job at the mill from time to time (SC).] 
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Appendix 3.A: Chapter 3 Study Narrative  
What follows is the study narrative. ABO events statements are followed by the resulting 

deflection for that event (deflection information was not included in the narratives participants 

read).  

 

A 27-year-old unemployed person, who has been chronically unemployed for the past 

few years, was recently apprehended in a local convenience store.  

 

The unemployed person entered the store to borrow money from a customer (2.26) but 

then noticed a man attempting to shoplift some items. When he caught up to the 

shoplifter, the unemployed person counseled him to stop what he was doing (11.75). 

The shoplifter listened to the unemployed person (11.70) and then turned to leave and 

walked out of the store. The unemployed person applauded the shoplifter as he left 

(14.52), and then he finished his own shopping and went home. 

 

When the he returned the next day for some items he’d forgotten, the salesclerk 

immediately began to interrogate the unemployed person (2.87) about items he’d 

discovered were missing during inventory that morning. A mother accused the 

unemployed person of being the shoplifter she saw the day before (11.19). The 

unemployed person begged the salesclerk to believe he was innocent (1.51) and offered 

to help the salesclerk in the investigation (14.16). A passing grandmother harassed the 

unemployed person (12.76). 

 

Just then a police officer arrived. The police officer questioned the unemployed person 

about the missing items (1.73). The unemployed person stammered at the police officer 

(2.26), as he educated the police officer about what had happened (12.99). The police 

officer silenced the unemployed person (1.98) and then proceeded to frisk the 
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unemployed person (1.67). But then an employee intervened by verifying his account of 

the events.  

  

The unemployed person then kissed the employee (12.27), and the employee said 

farewell to the unemployed person as he left the store (2.38). No other suspects have 

been apprehended in this investigation. 
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Appendix 3.B: Chapter 3 Study Descriptive Statistics 

  
Link 0 
(Original) Link 1 Link 2 Link 3 Link 4 

n -- 50 50 50 50 

Avg. No. LD Used (Def < 4.0) 8 2.90 1.86 1.44 1.12 

Avg. No. MD Used 0 3.98 3.40 2.74 2.16 

Avg. No. HD Used (Def > 8.5) 8 2.76 1.20 0.68 0.44 
Avg. Word Count 265 184 146 121 99 
Avg. Levenshtein Distance from 
Narrative in Link n-1 NA 1082.24 659.16 487.04 398.54 

Event from Original 
Orig. HD v 
LD % Included % Included % Included % Included 

Unemployed person, borrow 
money from, customer  LD 48% 32% 22% 12% 
Unemployed person, counsel, 
shoplifter  HD 92% 94% 84% 78% 
Shoplifter, listen to, unemployed 
person  HD 42% 12% 12% 10% 
Unemployed person, applaud, 
shoplifter HD 40% 20% 14% 8% 
Salesclerk, interrogate, 
unemployed person  LD 86% 74% 62% 48% 
Mother, accuse, unemployed 
person  HD 58% 38% 28% 24% 
Unemployed person, beg, 
salesclerk  LD 58% 24% 22% 16% 
Unemployed person, help, 
salesclerk  HD 30% 8% 4% 2% 
Grandmother, harass, 
unemployed person  HD 56% 34% 14% 8% 
Police officer, question, 
unemployed person  LD 46% 24% 14% 8% 
Unemployed person, stammer at, 
police officer  LD 26% 8% 4% 2% 
Unemployed person, educate, 
police officer  HD 56% 34% 14% 10% 
Police officer, silence, 
unemployed person  LD 14% 4% 0% 0% 
Police officer, frisk, unemployed 
person  LD 52% 28% 12% 10% 
Unemployed person, kiss, 
employee  HD 82% 58% 54% 40% 
Employee, say farewell to, 
unemployed person  LD 12% 0% 0% 0% 
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Appendix 3.C: Chapter 3 Supplementary Results 
Multi-Level Logistic Regression Models Predicting Statement 
Maintenance/Transformation/Inclusion in Link n by Deflection in Link n – 1  
(Models results shown in Figure 4 of the main document) 

    
 

Included Transformed Maintained 
Deflection in Link n – 1 0.465*** 0.813*** –0.487*** 
  (0.072) (0.078) (0.092) 
Deflection in Link n – 1, squared –0.0283*** –0.0521*** 0.0326*** 

 
(0.005) (0.005) (0.006) 

Link 2 0.131 0.191 –0.335 
  (0.183) (0.149) (0.208) 

Link 3 0.406 0.540** –0.560* 
  (0.209) (0.176) (0.261) 

Link 4 0.604* 0.745*** -0.755* 
  (0.235) (0.200) (0.319) 
Constant –1.077*** –2.656*** –0.552* 
  (0.191) (0.195) (0.239) 
n 1,625 1,625 1,625 

Notes: Standard errors are in parentheses. Link 1 = reference. Observations are restricted to statements that were 
included in link n – 1. Models are three-level models with statements nested within participants nested within 
transmission chains. Chain-level and participant-level intercepts are not shown. 
*p < .05, **p < .01, ***p < .001
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Results of t-Tests Comparing Average New Deflection and Average Change in Deflection 
from Original Statement Resulting from Observed versus Random Statement 
Transformations 
New 
Deflection 

Comparison Group Observed Random  t df 
p (two-tailed 
tests) 

  All 5.725 6.202 –2.608 1,678 .009 
  Originally LD 3.847 4.501 –3.35 715 .001 
  Originally HD 6.737 7.766 –4.109 961 .000 

Change from 
Original 

Comparison Group Observed Random  t df 
p (two-tailed 
tests) 

  All –3.04 –1.363 –6.977 1,678 .000 
  Originally LD 1.475 2.419 –4.737 715 .000 
  Originally HD –5.475 –4.839 –2.554 961 .011 
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Low Deflection (< 4) Med. Deflection (4 − 8.5) High Deflection (>8.5)

Link 1
Link 2

Link 3
Link 4

−10 −5 0 5 10 −10 −5 0 5 10 −10 −5 0 5 10
Deflection Change

Change in Deflection from Link n−1 to Link n 
 by Link and Deflection Level in Link n−1
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Multi-Level Linear Regression Models Predicting Change in Deflection Resulting 
from Statement Transformations, by Link Position 
(Models results shown in Figure 6 of the main manuscript) 

  Link 1 Link 2 Link 3 Link 4  
Deflection in Link n – 1 –0.608*** –0.447*** –0.427*** –0.116 

  (0.038) (0.050) (0.064) (0.091) 
Constant 2.814*** 2.204*** 2.198*** 0.635 

  (0.379) (0.332) (0.382) (0.518) 
n 226 133 118 103 

Notes: Standard errors are in parentheses. Observations are restricted to transformed statements that were 
included in link n – 1. Models are three-level models with statements nested within participants nested 
within transmission chains; chain-level and participant-level intercepts are not shown. 
*p < .05, **p < .01, ***p < .001. 
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Multi-Level Logistic Regression Model Predicting Likelihood of Statement 
Transformation from Specific to General Identity and from Original to New Behavior 
by Levenshtein Distance and Deflection in Link n – 1 

 

  

Transformations 
from Specific to 
General Identity 

Transformations 
from Specific to 
General Identity 

Transformations 
from Original to 
New Behavior 

Transformations 
from Original to 
New Behavior 

Levenshtein 
Distance 0.374 0.374 –0.080 –0.074 
(standardized) (0.282) (0.282) (0.191) (0.193) 
Deflection in 
Link n – 1 0.081** –– 0.044** –– 
(continuous) (0.028)   (0.0151)   
High Deflection 
in Link n  1 –– 0.757** –– 0.540** 
(binary)   (0.268)   (0.161) 
Link 2 1.602** 1.646** –1.378*** –1.363*** 
  (0.556) (0.557) (0.357) (0.358) 
Link 3 1.803** 1.884** –1.466** –1.415** 
  (0.676) (0.681) (0.513) (0.514) 
Link 4 2.094** 2.215** –1.683* –1.613* 
  (0.766) (0.774) (0.655) (0.659) 
Constant –5.314*** –5.075*** –1.530*** –1.489*** 
  (0.618) (0.584) (0.300) (0.291) 
n 1,513 1,513 1,203 1,203 

 Notes: Standard errors are in parentheses. Link 1 = reference. Observations are restricted to statements that 
were included in link n – 1 and version used in n – 1 did not already use the transformation strategy being 
predicted. Models are three-level models with statements nested within participants nested within 
transmission chains; chain-level and participant-level intercepts are not shown. 
*p < .05, **p < .01, ***p < .001. 
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Appendix 4.A: Concept Association Task Screenshot 
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Appendix 4.B: List of Concepts used in the Association 
Task by Level 
Concept Level 
Abuse Drugs/Alcohol Individual 
Become a Teen Parent Individual 
Chronically Unemployed Individual 
Commit Crime Individual 
Dishonest Individual 
Drop out of School Individual 
Lazy Individual 
Waste Money Individual 
Attend Bad Schools Proximal/Environmental 
Bad Upbringing Proximal/Environmental 
Lack Job Opportunities Proximal/Environmental 
Lack Role Models Proximal/Environmental 
Lack Social Connections Proximal/Environmental 
Live in Bad Neighborhood Proximal/Environmental 
Parents on Welfare Proximal/Environmental 
Work for Low Wages Proximal/Environmental 
Declining Wages Structural 
Discrimination Structural 
Exploitations by Employers Structural 
Job Outsourcing Structural 
Lack Government Safety Nets Structural 
Racism Structural 
Sexism Structural 
Start from Unlevel Playing Field Structural 
Disabled Characteristic 
Female Characteristic 
Immigrant Characteristic 
Male Characteristic 
Poor Characteristic 
Racial Minority Characteristic 
Welfare Recipient Characteristic 
White Characteristic 
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Appendix 4.C: Consensus Analysis Model Test Results 
and Example Code 
Model Test Description 

Below I present examples of code used to generate simulated test data used for the 

method tests (described in text) which I used to determine whether Consensus Analysis 

would be able to recover a known cultural answer key under varying conditions 

(structure/size of answer key network, number of respondents, variations in levels of 

enculturation for respondents, variation in respondents’ probability of leaning towards 

yes vs. no when the didn’t know an answer and guessed). To conserve space, I do not 

include code for all tests conducted—only for the final tests. 

In these tests I begin with a known example concept association network as the 

hypothetical cultural answer key network. I then simulate participants’ responses to the 

association task based on: 1) their assigned probabilities of knowing/giving the 

culturally correct associated/not associated answer for a concept pair (enculturation 

level—analogous to Consensus Analysis’s enculturation scores), 2) their assigned 

probability of leaning towards “associated” versus “not associated” when guessing (to 

simulate differences in individual thresholds for considering two things to be 

associated), and 3) a degradation parameter for their probability of knowing/giving the 

correct response versus guessing (to simulate survey fatigue). After generating the 

simulated data, I then submit these simulated responses to Consensus Analysis to 
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determine whether the model is able to recover the cultural answer key from the 

simulated data. 

Results of these tests showed that with approximately 200 respondents 

Consensus Analysis was able to recover the correct answer key, even with simulated 

degrading accuracy and in simulated samples where participants were permitted to 

have relatively low enculturation levels. However, smaller simulated samples (e.g., 

where n=100 & n=150) resulted in a small number of false positive associations being 

recovered in the Consensus Analysis. 
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Example Code 
# #Schema Map Method Test Example Code 
 
# ##Getting set up, generating functions 
 
from collections import Counter 
from itertools import combinations 
from numpy import random 
import csv 
from os import path 
import scipy.stats as statz 
from ggplot import * 
import pandas as pd 
 
get_ipython().magic(u'matplotlib inline') 
 
 
# Function to generate node list from tie list 
 
def generate_nodelist(tielist): 
    nodes = set() 
    for tie in tielist: 
        for node in tie: 
            nodes.add(node) 
    return list(nodes) 
 
 
# Function to generate an edgelist of all possible edges to ask participants 
about from a node list and tie list 
 
def generate_edgelist(nodelist, tielist): 
    full_edgelist = [] 
    sorted_ties  = [] 
    for tie in tielist: 
        sorted_ties.append(sorted(tie)) 
    possible_edges = list(combinations(nodelist, 2)) 
    for edge in possible_edges: 
        edge = sorted(edge) 
        if edge in sorted_ties: 
            full_edgelist.append([edge[0], edge[1], 1 ]) 
        elif edge not in sorted_ties: 
            full_edgelist.append([edge[0], edge[1], 0 ]) 
        else: 
            full_edgelist.append([edge[0], edge[1], "huh" ]) 
    return full_edgelist 
 
 
# ##Generate Probability Distributions 
# - Code for generating truncated normal distributions from here: 
# http://stackoverflow.com/questions/18441779/how-to-specify-upper-and-lower-
limits-when-using-numpy-random-normal 
# 
# - In this step, I generate a pool of potential probabilites of being correct 
that are later sampled from when generating test "participants" 
 
 
#Initial Probability knows/gives correct answer (this will degrade over time to 
simulate survey weariness ) 
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#is a truncated/upwardly biased dist, since participants are recruited based on 
strength of affiliation w subgroup ideology 
lower, upper = .3, .95 #generate lower and upper bounds 
mu, sigma = .75, 0.1 #generate mean and sd 
X = statz.truncnorm( 
    (lower - mu) / sigma, (upper - mu) / sigma, loc=mu, scale=sigma) 
N = statz.norm(loc=mu, scale=sigma) 
 
some_nums = list(X.rvs(3000)) #randomly sample 3000 potential probabilites from 
this distribution 
 
 
#Generate second set of probabilities- Probability guesses true if answer is 
unknown 
#wider distribution here, given no theoretical expectations about guessing 
probabilties 
 
lower, upper = .05, .95 
mu, sigma = .5, 0.2 
X = statz.truncnorm( 
    (lower - mu) / sigma, (upper - mu) / sigma, loc=mu, scale=sigma) 
N = statz.norm(loc=mu, scale=sigma) 
 
some_nums2 = list(X.rvs(3000)) 
 
 
# #Generate test tie list 
# Test tie list used is a concept network resulting from a previous pretest of 
this study 
 
 
f = open("testnetfile.csv", 'rU') 
csv_f = csv.reader(f) 
edges=[{'node1':row[0],'node2':row[1], 'value':row[2]} for row in csv_f] 
f.close() 
 
 
#convert named nodes to id numbers for the purpose of tests 
edge_conversion_dict = {} 
counter = 1 
for edge in edges: 
    if edge["node1"] not in edge_conversion_dict: 
        edge_conversion_dict[edge["node1"]] = counter 
        counter += 1 
    if edge["node2"] not in edge_conversion_dict: 
        edge_conversion_dict[edge["node2"]] = counter 
        counter += 1 
 
for edge in edges: 
    edge["node1_num"] = edge_conversion_dict[edge["node1"]] 
    edge["node2_num"] = edge_conversion_dict[edge["node2"]] 
 
 
 
#generate a list of ties in example network from the edge list 
new_tie_list = [] 
for edge in edges: 
    if edge["value"] == '1': 
        new_tie_list.append((edge["node1_num"], edge["node2_num"])) 
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# Below I generate a function to create simulated participants/their data for 
the model test_responses 
# I use the edgelists created above for as the "cultural answerkey" edgelists 
# I use the probability distirbuitons created above to assign probablity 
correct and probability guess associated with guessing 
# In this test, all participants have 0.1% lower probability of knowing the 
answer after ever response, to simulate fatigue 
 
def gen_testresps_1step_degrad_larger(tieslist, num_response, know_problist, 
guess_problist): 
    nodelist = generate_nodelist(tieslist) 
    extra_nodes = [60,61] #add nodes to have same number as final study 
    all_nodes = nodelist + extra_nodes 
    my_answerkey = generate_edgelist(all_nodes, tieslist) 
    my_ties = [] 
    for answer in my_answerkey: 
        if answer[2] ==1: 
            my_ties.append(sorted([answer[0], answer[1]])) 
    test_responses = [] 
    id_no = 1 
    while id_no <= num_response: 
        test_responses.append({"ID": id_no, 
                               "Prob_Knows": (random.choice(know_problist, 
1)[0]*100), 
                               "Prob_Guess_T": (random.choice(guess_problist, 
1)[0]*100)}) 
        id_no += 1 
    for response in test_responses: 
        answers = {} #dictionary to hold simulated participant's responses 
        prob_knows = float(response["Prob_Knows"]) 
        prob_guess_t = float(response["Prob_Guess_T"]) 
        possible_pairs = list(combinations(all_nodes, 2)) #generate a list of 
all possible pairs to "ask" participants about 
        random.shuffle(possible_pairs) #randomize pair order 
        for dyad in possible_pairs: 
            if prob_knows < 0: 
                prob_knows = 0 #this prevents participants from degrading to 
negative pr correct 
            knows_answer = random.choice([1,0], 1, p=[(prob_knows/100.0),((100-
prob_knows)/100.0)]) #use participants pr knows to determine if they know 
answer to this pair 
            if sorted(dyad) in my_ties: 
                #if pair is in tielist, and participant knows answer, they 
respond correctly 
                if knows_answer == 1: 
                    response[dyad] = 1 
                    prob_knows = prob_knows - 0.1 #degrade pr knows to 
simmulate fatigue 
                elif knows_answer == 0: 
                    guess = random.choice([1,0], 1, p=[(prob_guess_t/100.0), 
((100-prob_guess_t)/100.0)]) 
                    response[dyad] = guess[0] 
                    prob_knows = prob_knows - 0.1 
                else: 
                    response[dyad] = 9 
                    prob_knows = prob_knows - 0.1 
            else: 
                if knows_answer == 1: 
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                    response[dyad] = 0 
                    prob_knows = prob_knows - 0.1 
                elif knows_answer == 0: 
                    guess = random.choice([1,0], 1, p=[(prob_guess_t/100.0), 
((100-prob_guess_t)/100.0)]) 
                    response[dyad] = guess[0] 
                    prob_knows = prob_knows - 0.1 
                else: 
                    response[dyad] = 9 
                    prob_correct = prob_correct - 0.1 
        response["final_prob_knows"] = prob_knows 
    return test_responses 
 
 
#generate a set of 200 test respondents with ties from pretest, pr correct and 
pr guess generated above 
test_1step_larger_wguessparam = gen_testresps_1step_degrad_larger(new_tie_list, 
200, some_nums, some_nums2) 
 
# HOWEVER: uniform decline in pr correct not likely realistic, may overestimate 
consensus estimate 
 
 
# In the test verison below, then, to deal with problems in previous model, I 
use a relative prob knows degrading rate. 
# This is similar to previous tests (not shown here) where probability correct 
degraded to 50%, 
# howevever pariticipants now degrade to pr 0 knows (as a conservative 
estimate, to account for the fact that may still be correct via guess). 
 
 
def gen_testresps_1step_degradto0_larger(tieslist, num_response, know_problist, 
guess_problist): 
    nodelist = generate_nodelist(tieslist) 
    extra_nodes = [60,61] #add nodes to have same number as final study 
    all_nodes = nodelist + extra_nodes 
    my_answerkey = generate_edgelist(all_nodes, tieslist) 
    my_ties = [] 
    for answer in my_answerkey: 
        if answer[2] ==1: 
            my_ties.append(sorted([answer[0], answer[1]])) 
    test_responses = [] 
    id_no = 1 
    while id_no <= num_response: 
        test_responses.append({"ID": id_no, 
                               "Prob_Knows": (random.choice(know_problist, 
1)[0]*100), 
                               "Prob_Guess_T": (random.choice(guess_problist, 
1)[0]*100)}) 
        id_no += 1 
    for response in test_responses: 
        answers = {} 
        prob_knows = float(response["Prob_Knows"]) 
        prob_guess_t = float(response["Prob_Guess_T"]) 
        possible_pairs = list(combinations(all_nodes, 2)) 
        random.shuffle(possible_pairs) 
        num_pairs=len(possible_pairs) 
        decline_rate = prob_knows/num_pairs #generate decline rate, such that 
participants degrade to guessing over course of survey 
        for dyad in possible_pairs: 
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            if prob_knows < 0: 
                prob_knows = 0 
            knows_answer = random.choice([1,0], 1, p=[(prob_knows/100.0),((100-
prob_knows)/100.0)]) 
            if sorted(dyad) in my_ties: 
                if knows_answer == 1: 
                    response[dyad] = 1 
                    prob_knows = prob_knows - decline_rate #after each answer, 
pr know declines by decline rate set above 
                elif knows_answer == 0: 
                    guess = random.choice([1,0], 1, p=[(prob_guess_t/100.0), 
((100-prob_guess_t)/100.0)]) 
                    response[dyad] = guess[0] 
                    prob_knows = prob_knows - decline_rate 
                else: 
                    response[dyad] = 9 
                    prob_knows = prob_knows - decline_rate 
            else: 
                if knows_answer == 1: 
                    response[dyad] = 0 
                    prob_knows = prob_knows - decline_rate 
                elif knows_answer == 0: 
                    guess = random.choice([1,0], 1, p=[(prob_guess_t/100.0), 
((100-prob_guess_t)/100.0)]) 
                    response[dyad] = guess[0] 
                    prob_knows = prob_knows - decline_rate 
                else: 
                    response[dyad] = 9 
                    prob_correct = prob_correct - decline_rate 
        response["final_prob_knows"] = prob_knows 
    return test_responses 
 
#generates set of 200 simulated respondents 
test_1step_degradto0_larger_wguessparam = 
gen_testresps_1step_degradto0_larger(new_tie_list, 200, some_nums, some_nums2) 
 
 
# Finally to ensure the model is able to recover the correct "cultural 
answerkey" associations even if participants have lower than expected 
enculturation, 
# In this last test I simulate participants with even lower pr knows than 
previous test 
# That is, pr know is drawn from a distribution with lower max, mean, and min 
 
 
#Below I generate above described dist for pr know 
#is a truncated/upwardly biased dist, since participants are recruited based on 
strength of affiliation w subgroup ideology 
lower, upper = .05, .85 
mu, sigma = .6, 0.1 
X = statz.truncnorm( 
    (lower - mu) / sigma, (upper - mu) / sigma, loc=mu, scale=sigma) 
N = statz.norm(loc=mu, scale=sigma) 
 
some_nums3 = list(X.rvs(3000)) 
 
#generate set of 200 simulated respondents, with pr knows from new lower pr 
knows distribution (some_nums3) 
test_1step_degradto0_larger_wguessparam = 
gen_testresps_1step_degradto0_larger(new_tie_list, 200, some_nums3, some_nums2)
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Appendix 4.D: Chapter 4 Study Sample Descriptive 
Statistics, including Participants with Moderate or Mixed 
Welfare Views 

 

 
Democrats Republicans 

General Political Ideology 

Strongly Liberal 28.70% -- 
Liberal 71.30% -- 
Conservative -- 26.75% 
Strongly Conservative -- 73.25% 
Welfare/Poverty Views 

Strongly Liberal 27.39% 0.44% 
Liberal 54.35% 0.00% 
Slightly Liberal 11.30% 2.19% 
Moderate 4.78% 6.14% 
Slightly Conservative 1.30% 6.58% 
Conservative 0.43% 63.16% 
Strongly Conservative 0.43% 21.49% 
Demographic Characteristics 
Female 63.48% 63.00% 
White 80.87% 95.18% 
Black  8.70% 0.44% 
Hispanic 3.91% 3.07% 
BA Degree 48.26% 40.79% 
Income < 20K 16.82% 11.55% 
Income > 100K 7.96% 9.33% 
Poverty/Welfare Experience 
(Self, Friend, or Family) 

58.70% 52.19% 

Average Age 48.06 52.18 
n 230 228 
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Appendix 4.E: Chapter 4 Study Regression Tables 
 

  

Increase 
Welfare 
Spending 

Decrease 
Welfare 
Spending 

Increase 
SNAP 
Spending 

Decrease 
Snap 
Spending 

Increase 
Section 8 
Spending 

Decrease 
Section 8 
Spending 

Increase 
Aid to 
Blacks 

Decrease 
Aid to 
Black 

Increase 
ACA 
Spending 

Decrease 
ACA 
Spending 

Schema Similarity 
(Standardized)  

0.766*** -0.775*** 0.669*** -0.910*** 1.037*** -0.748*** 0.996*** -0.710*** 0.578*** -0.341+ 
(0.149) (0.161) (0.138) (0.175) (0.153) (0.164) (0.175) (0.152) (0.143) (0.178) 

Republican -1.545*** 2.304*** -1.543*** 1.922*** -1.146*** 1.955*** -1.972*** 1.429*** -2.320*** 4.238*** 
  (0.301) (0.306) (0.270) (0.341) (0.274) (0.332) (0.394) (0.289) (0.302) (0.410) 

Female -0.272 0.567* -0.220 0.406 0.264 -0.598* -0.0750 -0.0150 -0.225 -0.289 
  (0.266) (0.275) (0.252) (0.280) (0.266) (0.268) (0.302) (0.253) (0.263) (0.316) 

White 0.493 -0.112 -0.206 -0.284 -0.273 0.318 -1.180** 0.329 0.0102 -1.288* 
  (0.360) (0.463) (0.336) (0.485) (0.351) (0.504) (0.365) (0.452) (0.342) (0.526) 

Age 0.00247 0.0202 0.0462 0.0164 -0.0130 -0.106 0.0262 -0.0833 -0.0169 0.0589+ 
  (0.022) (0.023) (0.054) (0.027) (0.030) (0.080) (0.026) (0.074) (0.024) (0.032) 

Income -0.00160 0.157** -0.0837+ 0.0758 -0.116* 0.0757 -0.112+ 0.0219 0.0150 -0.0435 
  (0.049) (0.050) (0.047) (0.049) (0.051) (0.048) (0.059) (0.045) (0.048) (0.056) 

BA Degree -0.280 -0.245 -0.0108 0.0245 -0.0494 0.0520 -0.314 0.0445 -0.0868 0.160 
  (0.262) (0.267) (0.247) (0.273) (0.258) (0.267) (0.297) (0.250) (0.259) (0.308) 

Poverty Experience 0.382 -0.353 0.365 -0.502+ 0.192 -0.0928 -0.113 -0.161 0.306 0.149 
  (0.272) (0.263) (0.253) (0.266) (0.263) (0.260) (0.311) (0.245) (0.268) (0.304) 

constant -0.979* -3.148*** 0.200 -2.886*** 0.192 -2.289*** 0.676 -1.887** 0.0749 -1.798** 
  (0.478) (0.594) (0.494) (0.608) (0.475) (0.674) (0.517) (0.615) (0.459) (0.576) 

n 451 451 451 451 451 451 451 451 451 451 
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